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Abstract
Background: Moderate	 to	 severe	 fatigue	occurs	 in	up	 to	94%	of	patients	with	
cancer.	Recent	evidence	suggests	that	morning	and	evening	fatigue	are	distinct	
dimensions	of	physical	fatigue.	The	purposes	of	this	study	were	to	evaluate	the	
transcriptome	for	common	and	distinct	perturbed	inflammatory	pathways	in	pa-
tients	receiving	chemotherapy	who	reported	low	versus	high	levels	of	morning	or	
low	versus	high	levels	of	evening	cancer-	related	fatigue.
Methods: Patients	 completed	 questionnaires	 during	 the	 week	 prior	 to	 their	
chemotherapy	treatment.	Severity	of	morning	and	evening	fatigue	was	evaluated	
using	the	Lee	Fatigue	Scale.	Gene	expression	and	pathway	impact	analyses	(PIA)	
were	performed	in	two	independent	samples	using	RNA-	sequencing	(n = 357)	
and	microarray	(n = 360).	Patterns	of	interactions	between	and	among	these	per-
turbed	pathways	were	evaluated	using	a	knowledge	network	(KN).
Results: Across	the	PIA,	nine	perturbed	pathways	(FDR	<	0.025)	were	common	
to	both	morning	and	evening	fatigue,	six	were	distinct	for	morning	fatigue,	and	
four	 were	 distinct	 for	 evening	 fatigue.	 KN	 (19	 nodes,	 39	 edges)	 identified	 the	
phosphatidylinositol	 3-	kinase	 (PI3K)-	Akt	 pathway	 node	 (perturbed	 in	 evening	
fatigue)	 with	 the	 highest	 betweenness	 (0.255)	 and	 closeness	 (0.255)	 centrality	
indices.	The	next	highest	betweenness	centrality	indices	were	seen	in	pathways	
perturbed	 in	 evening	 fatigue	 (i.e.,	 nuclear	 factor	 kappa	 B:	 0.200,	 natural	 killer	
cell-	mediated	cytotoxicity:	0.178,	mitogen-	activated	protein	kinase:	0.175).
Conclusions: This	study	describes	perturbations	in	common	and	distinct	inflam-
matory	pathways	associated	with	morning	and/or	evening	fatigue.	PI3K-	Akt	was	
identified	as	a	bottleneck	pathway.	The	analysis	 identified	potential	 targets	 for	
therapeutic	interventions	for	this	common	and	devastating	clinical	problem.
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1 	 | 	 INTRODUCTION

Cancer-	related	 fatigue	 (CRF)	 exhibits	 a	 large	 amount	
of	 interindividual	 variability1	 and	 has	 a	 negative	 im-
pact	 on	 patients'	 ability	 to	 tolerate	 chemotherapy.2	
Recent	 evidence	 suggests	 that	 morning	 and	 evening	
fatigue	 are	 distinct	 dimensions	 of	 physical	 fatigue.3	
A	 major	 impediment	 to	 the	 development	 of	 effective	
treatments	is	the	lack	of	knowledge	of	their	underlying	
mechanism(s).1

While	 the	 mechanisms	 that	 underlie	 CRF	 are	 hy-
pothesized	to	be	multi-	factorial,1	the	majority	of	the	ev-
idence	 supports	 inflammatory	 mechanisms.	 Although	
most	 of	 the	 studies	 focused	 on	 serum	 cytokines,	 an	
equally	 valid	 approach	 is	 to	 examine	 associations	 be-
tween	low	versus	high	levels	of	CRF	and	differences	in	
gene	 RNA	 expression	 and	 perturbations	 in	 inflamma-
tory	pathways.	Other	than	our	work,4–	6	only	six	studies,	
in	 four	 independent	 patient	 samples,	 have	 evaluated	
for	associations	between	CRF	and	changes	 in	gene	ex-
pression.7–	12	 In	one	 study,8	 the	analysis	was	 limited	 to	
pathways	 	involved	 in	 mitochondrial	 function.	 In	 an-
other	 study,7	 only	 adrenergic,	 monoamine,	 and	 pep-
tidergic	 pathways	 were	 evaluated.	 In	 the	 five	 studies	
that	 generated	 whole	 transcriptome	 data,	 three	 spe-
cifically	 targeted	 genes	 and	 pathways	 related	 to	 mito-
chondrial	function12	and/or	inflammation	and	immune	
function.9,10,12	 Only	 two	 studies	 performed	 discovery	
analyses	and	reported		findings	on	the	whole	transcrip-
tome.4,11	 In	 our	 studies,4–	6	 perturbations	 in	 pathways	
involved	in	inflammation,	neurotransmitter	regulation,	
circadian	 rhythms,	 renal	 function,	 and	 energy	 metab-
olism	 were	 associated	 with	 evening	 fatigue	 severity	 in	
patients	 	undergoing	 chemotherapy.	 Because	 mean	 fa-
tigue	scores	were	used	in	previous	studies,7–	12	potential	
differences	 in	 the	 mechanisms	 that	 underlie	 diurnal	
variations	 in	 CRF	 were	 not	 evaluated.	 Therefore,	 the	
purposes	 of	 this	 study	 were	 to	 evaluate	 the	 transcrip-
tome	for	perturbed	inflammatory	pathways	in	patients	
receiving	chemotherapy	who	reported	 low	versus	high	
levels	of	morning	or	 low	versus	high	levels	of	evening	
CRF,	 evaluate	 for	 common	 and	 distinct	 perturbed	 in-
flammatory	 pathways	 between	 morning	 and	 evening	
CRF,	and	evaluate	for	patterns	of	interactions	between	
and	 among	 these	 perturbed	 pathways	 using	 a	 knowl-
edge	network.13

2 	 | 	 MATERIALS AND METHODS

2.1	 |	 Patients and settings

This	analysis	is	part	of	a	larger	study	of	oncology	patients'	
symptom	 experiences.14	 Eligible	 patients	 were	≥18	years	
of	age;	had	a	diagnosis	of	breast,	gastrointestinal,	gyneco-
logical,	or	lung	cancer;	had	received	chemotherapy	within	
the	preceding	4	weeks;	were	scheduled	to	receive	at	least	
two	additional	cycles	of	chemotherapy;	were	able	to	read,	
write,	and	understand	English;	and	gave	written	informed	
consent.	Patients	were	recruited	from	two	Comprehensive	
Cancer	Centers,	one	Veteran's	Affairs	hospital,	and	 four	
community-	based	oncology	programs.

2.2	 |	 Study procedures

The	study	was	approved	by	the	Institutional	Review	Board	at	
each	of	the	study	sites.	Of	the	2234	patients	approached,	1343	
consented	to	participate.	A	major	reason	for	refusal	was	being	
overwhelmed	with	their	cancer	treatment.	Eligible	patients	
were	approached	in	the	infusion	unit	during	their	first	or	sec-
ond	cycle	of	chemotherapy	by	a	member	of	the	research	team	
to	discuss	participation	and	obtain	written	informed	consent.	
Blood	was	collected	at	the	enrollment	assessment.

2.3	 |	 Instruments

2.3.1	 |	 Phenotypic	characteristics

Patients	 completed	 a	 demographic	 questionnaire,	
Karnofsky	 Performance	 Status	 (KPS)	 scale,15	 Self-	
Administered	 Comorbidity	 Questionnaire	 (SCQ),16	 and	
Alcohol	 Use	 Disorders	 Identification	 Test	 (AUDIT).17	
Toxicity	and	emetogenicity	of	the	chemotherapy	regimen	
were	rated	using	the	MAX2	index18	and	published	guide-
lines,19	 respectively.	 Medical	 records	 were	 reviewed	 for	
disease	and	treatment	information.

2.3.2	 |	 Lee	Fatigue	Scale	(LFS)

The	18-	item	LFS	was	used	to	assess	physical	fatigue	and	
energy.20	Each	item	was	rated	on	a	0	to	10	numeric	rating	
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scale.	 Mean	 scores	 were	 calculated	 for	 the	 13	 fatigue	
items.	 Higher	 scores	 indicate	 greater	 fatigue	 severity.	
Using	 separate	 LFS	 questionnaires,	 patients	 rated	 each	
item	based	on	how	they	felt	within	30	minutes	of	awaken-
ing	(i.e.,	morning	fatigue)	and	prior	to	going	to	bed	(i.e.,	
evening	fatigue).

2.4	 |	 Data analyses

2.4.1	 |	 Patient	samples

Of	 the	 717	 patients	 who	 provided	 a	 blood	 sample,	 357	
were	 processed	 using	 RNA-	sequencing	 (i.e.,	 RNA-	seq	
sample)	and	360	were	processed	using	microarrays	 (i.e.,	
microarray	sample).

2.4.2	 |	 Imputation	process

Missing	data	for	demographic	and	clinical	characteris-
tics	were	 imputed	by	the	k-	nearest-	neighbors	method,	
with	 k  =  9.	 For	 continuous	 variables,	 the	 Euclidean	
distance	 was	 used	 to	 find	 the	 nearest	 neighbors.	 The	
imputed	value	was	the	weighted	average	of	the	nearest	
neighbors,	with	each	weight	originally	exp(−dist[x,j]),	
after	 which	 the	 weights	 were	 scaled	 to	 one.	 For	 cat-
egorical	 variables,	 the	 distance	 was	 0	 if	 the	 predictor	
and	the	neighbor	had	the	same	value	and	1	if	they	did	
not	and	the	imputed	value	was	the	mode	of	the	nearest	
neighbors.

2.4.3	 |	 Phenotypic	data

Data	 from	 the	 two	 samples	 were	 analyzed	 separately	
using	 R	 (version	 4.1,	 https://www.R-	proje	ct.org/).	
Patients	were	classified	into	low	(<3.2)	and	high	(≥3.2)	
morning	fatigue	and	low	(<5.6)	and	high	(≥5.6)	even-
ing	 fatigue	 groups	 using	 clinically	 meaningful	 cutoff	
scores.21	For	each	sample,	differences	in	demographic	
and	clinical	characteristics	between	the	fatigue	groups	
were	 evaluated	 using	 parametric	 and	 nonparametric	
tests.	 Significant	 characteristics	 (p-	value	 of	 <0.05)	
were	entered	 into	a	 logistic	 regression	analysis	 to	ad-
just	for	covariates	in	the	gene	expression	analyses.	For	
the	final	model,	variables	were	selected	using	a	back-
ward	 stepwise	 logistic	 regression	 approach	 based	 on	
the	 likelihood	 ratio	 test.	 The	 area	 under	 the	 curve	 of	
the	 receiver	 operating	 characteristic	 curve	 was	 used	
to	 evaluate	 the	 overall	 adequacy	 of	 the	 regression	
models.22

2.4.4	 |	 Acquisition	and	processing	of	gene	
expression	data

Gene	 expression	 analyses	 are	 described	 in	 detail	 else-
where.14	In	brief,	total	RNA	isolated	from	peripheral	blood	
was	quantified	for	357	patients	using	RNA-	seq	and	360	pa-
tients	using	the	HumanHT-	12	v4.0	Expression	BeadChip	
(Illumina,	San	Diego,	CA)	microarray.

2.4.5	 |	 Differential	expression,	pathway	
impact	analyses	(PIA),	and	knowledge	network	
construction

For	 morning	 and	 evening	 fatigue,	 differential	 expres-
sion	was	quantified	using	empirical	Bayes	models	using	
edgeR43	 for	 the	 RNA-	seq	 sample	 and	 limma44	 for	 the	
microarray	 sample.14	 These	 analyses	 were	 adjusted	 for	
phenotypic	 characteristics	 retained	 in	 the	 final	 logistic	
models.	The	models	included	surrogate	variables	not	as-
sociated	 with	 morning	 or	 evening	 fatigue	 to	 adjust	 for	
variation	due	to	unmeasured	sources.23	Only	genes	with	
a	common	direction	of	expression	across	the	two	samples	
were	retained	for	subsequent	analyses.

PIA	was	used	to	 interpret	the	gene	expression	results	
in	the	context	of	CRF-	related	mechanisms.14	PIA	included	
the	 results	 of	 the	 differential	 expression	 analyses	 for	 all	
genes	 (i.e.,	 cutoff	 free)	 to	 determine	 the	 probability	 of	
pathway	 perturbations	 using	 Pathway	 Express.24	 A	 total	
of	225	signaling	pathways	were	identified	using	the	Kyoto	
Encyclopedia	of	Genes	and	Genomes	(KEGG)	database.25	
For	each	sample,	a	separate	test	was	performed	for	each	
pathway.	 Then,	 Fisher's	 Combined	 Probability	 method	
was	used	to	combine	these	test	results	to	obtain	a	single	
test	 (global)	of	 the	null	hypothesis.26	Significance	of	 the	
combined	 transcriptome-	wide	 PIA	 was	 assessed	 using	 a	
strict	 false	 discovery	 rate	 (FDR)	 of	 2.5	×	10−3	 under	 the	
Benjamini-	Hochberg	 procedure.27	 Then,	 these	 results	
were	 evaluated	 for	 common	 and	 distinct	 inflammatory	
pathways	associated	with	morning	and	evening	fatigue.

Finally,	 an	 unweighted	 knowledge	 network	 was	 cre-
ated	based	on	interconnections	among	these	inflammatory	
pathways	using	KEGG	pathway	maps.	A	knowledge	net-
work	is	a	multi-	edge	graph	that	combines	heterogeneous	
information	 from	 several	 sources,	 provides	 information	
about	 the	 nature	 and	 degree	 of	 interactions	 between/
among	nodes,	and	allows	 for	 the	 identification	of	nodes	
that	 have	 structural	 importance.13	 Nodes	 were	 defined	
as	 perturbed	 inflammatory	 KEGG	 signaling	 pathways	
identified	 in	 our	 analyses.	 Edges	 were	 defined	 from	 the	
KEGG	 pathway	 map	 images.	 Edges	 were	 categorized	 as	
being:	identified	in	KEGG	as	an	indirect	link	or	unknown	

https://www.r-project.org/
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reaction,	identified	in	KEGG	shared	members	(i.e.,	genes	
or	 their	 products),	 or	 identified	 by	 authors	 as	 shared	
members.	To	gain	insights	into	the	structural	importance	
of	 each	 node,	 two	 centrality	 indices	 (i.e.,	 closeness	 and	
betweenness)	were	estimated.	The	number	of	connected	
nodes	 (NCN)	 was	 calculated	 as	 the	 number	 of	 unique	
node-	to-	node	connections.	The	proportion	of	NCNs	was	
calculated	as	the	NCN	divided	by	the	average	NCN	across	
all	nodes.	Summary	statistics	were	calculated	for	the	final	
network	using	Cytoscape.28

3 	 | 	 RESULTS

3.1	 |	 RNA- seq performance

Of	 the	 357	 patients	 in	 the	 RNA-	seq	 sample,	 350	 had	
morning	 fatigue	 data	 (Figures  S1	 and	 S2).	 Of	 these	 pa-
tients,	 one	 was	 excluded	 for	 poor	 RNA	 quantification.	
The	 median	 library	 threshold	 size	 was	 8,995,065	 reads.	
Following	 quality	 control	 filters,	 10,574	 genes	 were	 in-
cluded	 in	 the	 differential	 expression	 analysis.	 Of	 these	
357	 patients	 in	 the	 RNA-	seq	 sample,	 349	 patients	 had	
evening	fatigue	data.	Of	these	patients,	one	was	excluded	
for	 poor	 RNA	 quantification.	 The	 median	 library	 size	
was	 9,013,020	 reads.	 Following	 quality	 control	 filters,	
10,612	genes	were	included	in	the	differential	expression	
analysis.

3.2	 |	 Microarray performance

Of	the	360	patients	in	the	microarray	sample,	353	had	
morning	 fatigue	 data	 (Figures  S1	 and	 S2).	 Of	 these	
patients,	 four	 were	 excluded	 due	 to	 poor	 RNA	 quan-
tification.	Following	quality	control	filters,	44,555	loci	
were	 included	 in	 the	 differential	 expression	 analysis.	
Of	these	360	patients,	352	had	evening	fatigue	data.	Of	
these	 patients,	 four	 were	 excluded	 due	 to	 poor	 RNA	
quantification.	Following	quality	control	filters,	44,551	
probes	 were	 included	 in	 the	 differential	 expression	
analysis.

3.3	 |	 Logistic regression analyses of 
phenotypic characteristics

Details	 on	 differences	 in	 phenotypic	 characteristics	 be-
tween	morning	and	evening	fatigue	groups	for	each	sam-
ple	 are	 provided	 in	 Tables  S1–	S4.	 In	 terms	 of	 morning	
fatigue,	 for	 the	 RNA-	seq	 sample,	 11	 characteristics	 and	
for	 the	 microarray	 sample,	 seven	 characteristics	 were	
retained	in	the	final	 logistic	regression	models	and	were	

used	as	covariates	in	the	gene	expression	analyses,	respec-
tively	(Table 1).	In	terms	of	evening	fatigue,	for	the	RNA-	
seq	 sample,	 five	 characteristics	 and	 for	 the	 microarray	
sample,	three	variables	were	retained	in	the	final	logistic	
regression	models	and	were	used	as	covariates	in	the	gene	
expression	analyses	(Table 2).

3.4	 |	 Perturbed signaling pathways

Of	 the	 225	 KEGG	 pathways	 identified,	 221	 had	 suf-
ficient	 data	 for	 evaluation	 across	 all	 four	 analyses.	 In	
terms	 of	 morning	 fatigue,	 69	 pathways	 were	 signifi-
cantly	perturbed	and	15	were	related	 to	 inflammatory	
mechanisms.	In	terms	of	evening	fatigue,	54	pathways	
were	 significantly	 perturbed	 and	 13	 were	 related	 to	
inflammatory	 mechanisms.	 Across	 the	 PIA,	 nine	 per-
turbed	 pathways	 were	 common	 to	 both	 morning	 and	
evening	 fatigue,	 six	were	distinct	 for	morning	 fatigue,	
and	 four	 were	 distinct	 for	 evening	 fatigue	 (Table  3,	
Figure 1).

3.5	 |	 Knowledge network

The	 knowledge	 network	 consists	 of	 19	 nodes	 with	 39	
edges	(average	number	of	neighbors = 3.32,	Figure 1).	The	
phosphatidylinositol	 3-	kinase	 (PI3K)-	Akt	 pathway	 node	
was	the	most	interconnected	(2.11	times	the	average)	and	
had	the	highest	betweenness	(0.255)	and	closeness	(0.255)	
centrality	indices	(Table 4).	The	three	pathways	with	the	
second	 highest	 number	 of	 interconnections	 (1.51	 times	
the	 average)	 had	 the	 next	 highest	 betweenness	 central-
ity	 indices	 (i.e.,	 nuclear	 factor	 kappa	 B	 (NF-	κB)	 signal-
ing:	0.200,	natural	killer	(NK)	cell-	mediated	cytotoxicity:	
0.178,	 mitogen-	activated	 protein	 kinase	 (MAPK)	 signal-
ing:	0.175).

4 	 | 	 DISCUSSION

This	study	is	the	first	to	identify	common	and	distinct	per-
turbed	inflammatory	pathways	associated	with	clinically	
meaningful	levels	of	morning	and	evening	fatigue	sever-
ity	 in	 oncology	 patients	 receiving	 chemotherapy.	 These	
findings	are	congruent	with	our	hypothesis	that	morning	
and	 evening	 fatigue	 are	 distinct	 but	 related	 symptoms.3	
As	shown	in	Figure 1,	the	distinct	pathways	for	the	morn-
ing	(blue	nodes)	and	evening	(red	nodes)	fatigue	group	to-
gether	within	the	knowledge	network.	Only	the	PI3K-	Akt	
signaling	 pathway	 that	 is	 distinct	 from	 evening	 fatigue	
provides	 a	 direct	 connection	 to	 the	 perturbed	 pathways	
for	 morning	 fatigue.	 All	 of	 the	 other	 interconnections	
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between	 the	 two	 symptoms	 are	 common	 perturbed	
pathways	(green	nodes).	Most	of	the	common	pathways	
(e.g.,	 antigen	 processing	 and	 presentation,	 chemokine	
signaling	 pathway,	 cytokine-	cytokine	 receptor	 interac-
tion)	 were	 identified	 in	 our	 previous	 studies	 of	 evening	
fatigue4–	6	and	in	studies	of	average	fatigue8,10,11	and	will	
not	be	discussed	in	detail.	The	remainder	of	this	discus-
sion	focuses	on	the	more	novel	common	and	distinct	in-
flammatory	pathways.

4.1	 |	 Common pathways for morning and 
evening fatigue

The	 new	 common	 pathway	 identified	 in	 this	 analysis	 is	
neutrophil	extracellular	trap	(NET)	formation.	This	path-
way	is	involved	in	the	creation	and	release	of	extracellular	
lattices	 of	 decondensed	 chromatin	 and	 granule	 proteins	
that	 contain	 circulating	 cell-	free	 DNA	 from	 neutrophils	
(i.e.,	NETosis).29	The	NET	formation	pathway	models	the	

T A B L E  1 	 Multiple	logistic	regression	analyses	predicting	high	morning	fatigue	group	membership

RNA- sequencing sample (n = 349; 46.1% Low and 53.9% High Morning Fatigue)

Predictors Odds ratio 95% CI p- value

Age 0.94 0.91,	0.96 <0.001

Body	mass	index	(kg/m2) 1.05 1.00,	1.11 0.067

Karnofsky	Performance	Status	score 0.96 0.94,	0.98 <0.001

Number	of	comorbidities 0.66 0.38,	1.12 0.128

Self-	Administered	Comorbidity	Questionnaire	score 1.36 1.08,	1.75 0.012

Time	since	diagnosis	(years) 1.12 1.01,	1.26 0.045

Gender	(female) 2.41 1.10,	5.40 0.030

Lives	alone	(yes) 3.06 1.60,	6.03 <0.001

Self-	reported	diagnosis	of	depression	(yes) 1.85 0.86,	4.06 0.119

Cancer	diagnosis

Breast 1.00

Gastrointestinal 0.82 0.40,	1.68 0.590

Gynecological 0.61 0.27,	1.36 0.228

Lung 3.06 1.04,	9.59 0.005

Type	of	prior	cancer	treatment

No	prior	treatment 1.00

Only	surgery,	CTX,	or	RT 1.98 1.05,	3.78 0.036

Surgery	and	CTX,	or	surgery	and	RT,	or	CTX	and	RT 1.20 0.52,	2.78 0.672

Surgery	and	CTX	and	RT 2.53 0.82,	8.05 0.109

Overall	model	fit:	AUC	of	the	ROC = 0.825

Microarray	sample	(n = 349;	53.3%	Low	and	46.7%	High	Morning	Fatigue)

Predictors Odds	Ratio 95%	CI p-	value

Age	(years) 0.97 0.95,	0.99 0.005

Karnofsky	Performance	Status	score 0.97 0.95,	0.99 0.007

Self-	Administered	Comorbidity	Questionnaire	score 1.07 0.98,	1.17 0.150

Married/partnered	(yes) 0.67 0.41,	1.10 0.113

Exercise	on	a	regular	basis	(yes) 0.54 0.33,	0.91 0.196

Self-	reported	diagnosis	of	depression	(yes) 1.70 0.91,	3.17 0.094

Antiemetic	regimen

None 1.00

Steroid	alone	or	serotonin	receptor	antagonist	alone 1.12 0.48,	2.65 0.796

Serotonin	receptor	antagonists	and	steroid 0.77 0.35,	1.71 0.516

NK-	1	receptor	antagonist	and	two	other	antiemetics 1.77 0.73,	4.33 0.209

Overall	model	fit:	AUC	of	the	ROC = 0.724

Abbreviations:	AUC,	area	under	curve;	CI,	confidence	interval;	CTX,	chemotherapy;	ROC,	receiver	operating	characteristic;	RT,	radiation	therapy.
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numerous	processes	that	trigger	NETosis	by	microorgan-
isms,	endogenous	damage-	associated	molecular	patterns,	
and	 antibodies	 through	 signaling	 cascades	 and	 effector	
proteins.30	 Dysregulation	 of	 NETs	 occurs	 in	 response	 to	
inflammation.31	Preclinical	findings	suggest	that	dysregu-
lation	of	NETs	is	associated	with	muscle	pain32	and	joint	
pain.33	While	no	studies	have	reported	on	associations	be-
tween	CRF	and	 the	NET	 formation	pathway,	 in	a	 study	
of	cancer	survivors,	those	with	chronic	fatigue	had	higher	
neutrophil	counts.11	Given	That	nets	are	hypothesized	to	
influence	sleep	quality	and	physical	activity,34,35	and	that	
an	increase	in	the	number	of	a	subpopulation	of	neutro-
phils	 (i.e.,	 low-	density	 granulocytes)	 is	 hypothesized	 to	
act	as	NET	inducers,36	an	examination	of	associations	be-
tween	CRF	severity	and	changes	in	the	composition	and	
levels	of	subtypes	of	neutrophils	is	warranted.

4.2	 |	 Distinct pathways for 
morning fatigue

Of	 the	 six	 distinct	 pathways	 for	 morning	 fatigue,	 nei-
ther	C-	type	lectin	receptor	signaling	nor	necroptosis	was	
identified	 in	 previous	 gene	 expression	 studies	 of	 CRF.	
Interestingly,	both	pathways	are	implicated	in	the	activa-
tion	of	the	NF-	κb	signaling	pathway	and	associated	inflam-
matory	responses.37,38	C-	type	lectin	receptors	(clrs)	are	a	
type	of	pattern	recognition	receptor	that	 induces	diverse	

innate	 immune	 responses	 expressed	 in	 dendritic	 cells.38	
Dendritic	 cells	 act	 as	 messengers	 between	 the	 adaptive	
and	innate	immune	systems	through	interactions	with	T	
and	B	cells	that	are	located	in	the	intestine,	stomach,	and	
lung.39	clrs	can	activate	NF-	κb	signaling	(morning	fatigue)	
and	pathways	for	T-	cell	differentiation	(both	morning	and	
evening	 fatigue).	While	not	evaluated	 in	patients	under-
going	chemotherapy,	 in	a	study	of	patients	with	chronic	
fatigue	 syndrome/myalgic	 encephalomyelitis	 (CFS/
ME),40	 the	C-	type	 lectin	receptor	signaling	pathway	was	
a	member	of	a	cluster	of	pathways	enriched	for	differen-
tially	methylated	genes	associated	with	CFS	severity.	CRF	
and	CFS/ME	share	gene	expression	patterns	at	a	subset	of	
genes7	and	may	share	underlying	mechanisms.41

The	necroptosis	pathway	models	a	programmed	form	
of	 cell	 death	 induced	 by	 the	 binding	 of	 a	 specific	 set	 of	
death	receptors	(e.g.,	tumor	necrosis	factor	[TNF]	receptor	
1	[TNFR1]	and	TNF-	related	apoptosis-	inducing	ligand	re-
ceptor	[TRAILR]).42	Necroptosis	promotes	the	activation	
of	the	NF-	κb	signaling	pathway	and	induction	of	cytokine	
expression.37	While	not	evaluated	in	patients	undergoing	
chemotherapy,	 in	a	study	of	men	with	prostate	cancer,43	
compared	 to	 nonfatigued	 controls,	 TRAIL	 cytokine	 ex-
pression	 and	 mrna	 expression	 of	TRAILR	 were	 upregu-
lated	in	fatigued	patients.

The	 four	 remaining	 pathways	 that	 are	 distinct	
for	 morning	 fatigue	 (i.e.,	 MAPK	 signaling,4	 NK	
cell-	mediated	 cytotoxicity,4,5	 apoptosis,4	 and	 NF-	κb	

RNA- sequencing Sample (n = 348; 45.1% Low and 54.9% High Evening Fatigue)

Predictors Odds Ratio 95% CI p- value

Age	(years) 0.97 0.96,	0.99 0.006

Karnofsky	Performance	Status	score 0.97 0.95,	0.99 0.001

Gender	(female) 2.85 1.63,	5.08 <0.001

Born	prematurely	(yes) 2.83 0.86,	12.8 0.117

Type	of	prior	cancer	treatment

No	prior	treatment 1.00

Only	surgery,	CTX,	or	RT 2.07 1.19,	3.66 0.011

Surgery	and	CTX,	or	surgery	and	RT,	or	
CTX	and	RT

1.82 0.91,	3.67 0.091

Surgery	and	CTX	and	RT 2.60 1.17,	5.97 0.021

Overall	model	fit:	AUC	of	the	ROC = 0.722

Microarray	sample	(n = 348;	47.7%	Low	and	52.3%	High	Evening	Fatigue

Predictors Odds	ratio 95%	CI p-	value

Body	mass	index	(kg/m2) 1.04 1.01,	1.08 0.022

Karnofsky	Performance	Status	score 0.97 0.95,	0.99 0.002

Childcare	responsibilities	(yes) 1.83 1.10,	3.09 0.022

Overall	model	fit:	AUC	of	the	ROC = 0.644

Abbreviations:	AUC,	area	under	curve;	CI,	confidence	interval;	CTX,	chemotherapy;	ROC,	receiver	
operating	characteristic;	RT,	radiation	therapy.

T A B L E  2 	 Multiple	logistic	regression	
analyses	predicting	high	evening	fatigue	
group	membership
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signaling5,10)	 were	 reported	 previously.	 The	 shared	 in-
terconnections	 among	 these	 pathways	 represent	 com-
mon	 inflammatory	 mechanisms.	 Interestingly,	 in	 our	
knowledge	 network,	 the	 PI3K-	Akt	 pathway	 (discussed	
in	the	next	section)	is	the	only	pathway	that	provides	di-
rect	interconnections	between	the	distinct	pathways	for	
morning	 fatigue	 (i.e.,	 MAPK	 signaling,	 apoptosis,	 and	
NF-	κb	signaling).

4.3	 |	 Distinct pathways for 
evening fatigue

Of	the	four	distinct	pathways	for	evening	fatigue,	PI3K-	Akt	
signaling	and	platelet	activation	were	not	identified	in	pre-
vious	gene	expression	studies.	The	PI3K-	Akt	pathway	has	
the	highest	betweenness	centrality	index	and	shares	edges	
with	 the	 three	pathways	with	 the	next	highest	between-
ness	 centrality	 indices	 (i.e.,	 MAPK	 signaling,	 apoptosis,	
and	 NF-	κb	 signaling).	 The	 betweenness	 centrality	 index	
identifies	 “bottleneck”	 nodes	 that	 form	 bridges	 so	 that	
two	 communities	 (i.e.,	 morning	 and	 evening	 pathways)	

can	communicate	with	each	other	and	can	play	a	key	role	
in	 the	modularization	of	a	network.13	As	a	“bottleneck”	
node,	the	PI3K-	Akt	pathway	may	influence	the	inflamma-
tory	mechanisms	 for	both	morning	and	evening	 fatigue.	
The	PI3K-	Akt	pathway	integrates	receptor-	mediated	sign-
aling	with	cell	metabolism	and	can	suppress	coagulation	
and	inflammation.44	In	addition,	it	responds	to	cytokines,	
growth	factors,	and	hormones45	and	can	activate	the	NF-	
kb	signaling46	and	apoptosis45	pathways.

Given	that	the	PI3K/AKT	pathway	plays	a	significant	
role	in	oncogenesis,47	and	that	a	common	side	effect	asso-
ciated	with	the	administration	of	PI3K	pathway	inhibitors	
is	fatigue,48	our	findings	suggest	that	this	dysregulation	of	
this	pathway,	either	by	cancer	or	its	treatment,	may	be	in-
tegral	to	the	development	and/or	maintenance	of	CRF.	In	
addition,	in	a	preclinical	study	of	postoperative	fatigue,49	
the	 administration	 of	 Ginsenoside	 Rb1	 (a	 compound	
isolated	from	ginseng)	had	a	positive	effect.	The	authors	
suggested	 that	 this	 antifatigue	 effect	 occurred	 through	
the	 activation	 of	 the	 PI3K/Akt	 pathway.	 This	 pathway	
requires	 additional	 investigation	 to	 elucidate	 how	 pat-
terns	of	dysregulation	associated	with	cancer	 itself	and/

T A B L E  3 	 Common	and	distinct	perturbed	inflammatory	KEGG	pathways	for	morning	and	evening	fatigue

Pathway ID Pathway name Statistics morning fatigue Statistics evening fatigue

Both	morning	and	evening	fatigue

hsa04612 Antigen	processing	and	presentation X2 = 30.41,	p = 2.85	×	10−4 X2 = 24.52,	p = 6.05	×	10−4

hsa04144 Endocytosis X2 = 28.21,	p = 3.57	×	10−4 X2 = 30.41,	p = 2.98	×	10−4

hsa04145 Phagosome X2 = 26.51,	p = 4.59	×	10−4 X2 = 27.19,	p = 3.67	×	10−4

hsa04060 Cytokine-	cytokine	receptor	interaction X2 = 26.01,	p = 4.77	×	10−4 X2 = 26.01,	p = 4.09	×	10−4

hsa04613 Neutrophil	extracellular	trap	formation X2 = 25.13,	p = 4.77	×	10−4 X2 = 20.88,	p = 2.08	×	10−3

hsa04062 Chemokine	signaling	pathway X2 = 24.41,	p = 4.77	×	10−4 X2 = 21.30,	p = 1.56	×	10−3

hsa04659 Th17	cell	differentiation X2 = 23.41,	p = 6.61	×	10−4 X2 = 22.47,	p = 1.10	×	10−3

hsa04621 NOD-	like	receptor	signaling	pathway X2 = 23.03,	p = 7.05	×	10−4 X2 = 27.63,	p = 3.63	×	10−4

hsa04672 Intestinal	immune	network	for	IgA	production X2 = 22.93,	p = 7.05	×	10−4 X2 = 26.01,	p = 4.09	×	10−4

Only morning fatigue

hsa04217 Necroptosis X2 = 24.32,	p = 4.77	×	10−4 X2 = 18.44,	p = 3.66	×	10−3

hsa04625 C-	type	lectin	receptor	signaling	pathway X2 = 23.35,	p = 6.61	×	10−4 X2 = 14.70,	p = 1.12	×	10−2

hsa04010 MAPK	signaling	pathway X2 = 22.66,	p = 7.60	×	10−4 X2 = 19.21,	p = 2.77	×	10−3

hsa04650 Natural	killer	cell-	mediated	cytotoxicity X2 = 20.67,	p = 1.48	×	10−3 X2 = 18.03,	p = 3.97	×	10−3

hsa04064 NF-	κB	signaling	pathway X2 = 20.06,	p = 1.85	×	10−3 X2 = 18.01,	p = 3.97	×	10−3

hsa04210 Apoptosis X2 = 19.07,	p = 2.44	×	10−3 X2 = 16.59,	p = 6.18	×	10−3

Only evening fatigue

hsa04610 Complement	and	coagulation	cascades X2 = 17.27,	p = 4.21	×	10−3 X2 = 20.58,	p = 1.80	×	10−3

hsa04611 Platelet	activation X2 = 13.63,	p = 1.39	×	10−2 X2 = 24.05,	p = 7.19	×	10−4

hsa04151 PI3K-	Akt	signaling	pathway X2 = 13.25,	p = 1.58	×	10−2 X2 = 19.66,	p = 2.39	×	10−3

hsa04662 B-	cell	receptor	signaling	pathway X2 = 12.30,	p = 2.22	×	10−2 X2 = 20.02,	p = 2.10	×	10−3

Abbreviations:	AKT,	Protein	kinase	B;	KEGG,	Kyoto	Encyclopedia	of	Genes	and	Genomes;	MAPK,	mitogen-	activated	protein	kinase;	NF-	κB,	nuclear	
factor	kappa-	light-	chain-	enhancer	of	activated	B	cells;	NOD,	nucleotide-	binding	and	oligomerization	domain;	PI3K,	Phosphoinositide	3-	kinases;	p,	global	
perturbation	p-	value	adjusted	using	the	Benjamini-	Hochberg	procedure	(pPert	<2.50	×	10−3	was	considered	significantly	perturbed);	Th17,	T-	helper	17.
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or	various	 treatments	 influence	 the	development	and/or	
maintenance	of	CRF.

Platelet	activation	is	involved	in	hemostasis,	thrombo-
sis,	and	intercellular	communication	that	mediate	inflam-
matory	and	immunomodulatory	mechanisms.50	While	no	
studies	 have	 identified	 an	 association	 between	 CRF	 and	
this	pathway,	CFS	is	hypothesized	to	be	associated	with	a	
hypercoagulable	state.51

4.4	 |	 Strengths and limitations

While	 this	study	had	a	relatively	 large	sample	size,	had	
well-	phenotyped	patients,	included	rigorous	quality	con-
trols,	 set	 strict	 criteria	 for	 differential	 expression	 and	
pathway	 perturbation	 selection,	 and	 provided	 results	

from	independent	tests	across	two	samples,	some	limita-
tions	warrant	consideration.	First,	given	that	this	evalua-
tion	is	the	first	to	report	on	associations	between	morning	
fatigue	and	gene	expression	changes,	these	findings	war-
rant	 confirmation.	 Second,	 because	 morning	 and	 even-
ing	 fatigue	 were	 assessed	 during	 chemotherapy,	 future	
studies	need	to	examine	associations	between	CRF	from	
other	types	of	cancers	and	cancer	treatments	and	various	
pathway	perturbations.	Longitudinal	studies	are	needed	
that	assess	for	associations	between	changes	in	CRF	and	
changes	 in	gene	expression	and	pathway	perturbations.	
Given	the	heterogeneity	of	CRF	instruments,52,53	and	that	
no	gold	standard	exists	for	the	assessment	of	CRF,54	fu-
ture	studies	need	to	evaluate	whether	the	same	perturbed	
pathways	 are	 identified	 using	 a	 variety	 of	 instruments.	
The	strict	FDR	cutoff	excluded	some	pathways	on	either	

F I G U R E  1  A	knowledge	network	generated	from	connections	among	the	common	and	distinct	perturbed	inflammation-	related	KEGG	
signaling	pathways	associated	with	morning	and	evening	cancer-	related	fatigue.	Nodes	represent	each	of	the	KEGG	signaling	pathways.	
Edges	represent	connections	between	the	pathways.	Edge	labels	identify	a	shared	member	of	the	network.	Edges	between	pathways	unique	
to	morning	and	evening	fatigue	are	colored	purple.
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side	 of	 the	 cutoff.	 Therefore,	 findings	 need	 to	 be	 inter-
preted	as	highlighting	relative	versus	absolute	differences	
in	pathway	perturbations	between	morning	and	evening	
fatigue.

5 	 | 	 CONCLUSIONS

This	study	is	the	first	to	describe	perturbations	in	com-
mon	 and	 distinct	 inflammatory	 pathways	 associated	
with	morning	and/or	evening	fatigue	and	to	use	a	knowl-
edge	network	approach	to	identify	pathway-	to-	pathway	
interactions.	Our	findings	suggest	the	PI3K-	Akt	signal-
ing	pathway	is	a	“bottleneck”	pathway.	Given	that	some	
of	 the	 signaling	 pathways	 are	 cell-	type	 specific,	 future	
research	should	evaluate	within	and	across	specific	im-
mune	cells	for	differences	in	expression	and	epigenetic	
regulatory	processes.	Finally,	given	the	strengths	of	our	
findings	and	the	evidence	that	suggests	that	synergistic	
interactions	occur	between	inflammatory	and	neuroen-
docrine	processes,1,55	future	research	needs	to	examine	
these	pathways.
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Pathway ID
Perturbed 
Symptom Pathway Name BC* CC NCN

NCN 
Ratio

hsa04151 PM PI3K-	Akt	signaling 0.255 0.563 7 2.11

hsa04064 AM NF-	KB	signaling	pathway 0.200 0.529 5 1.51

hsa04650 AM Natural	killer	cell-	mediated	cytotoxicity 0.178 0.514 5 1.51

hsa04010 AM MAPK	signaling	pathway 0.175 0.545 5 1.51

hsa04060 Both Cytokine-	cytokine	receptor	interaction 0.100 0.462 2 0.60

hsa04662 PM B-	cell	receptor	signaling 0.092 0.450 3 0.90

hsa04612 Both Antigen	processing	and	presentation 0.088 0.429 3 0.90

hsa04210 AM Apoptosis 0.080 0.514 4 1.21

hsa04145 Both Phagosome 0.063 0.383 3 0.90

hsa0610 PM Complement	and	coagulation	cascades 0.060 0.391 3 0.90

hsa04611 PM Platelet	activation 0.056 0.439 3 0.90

hsa04613 Both Neutrophil	extracellular	trap	formation 0.032 0.450 4 1.21

hsa04144 Both Endocytosis 0.032 0.375 2 0.60

hsa04659 Both Th17	cell	differentiation 0.018 0.409 3 0.90

hsa04672 Both Intestinal	immune	network	for	IgA	
production

0.011 0.367 2 0.60

hsa04621 Both NOD-	like	receptor	signaling	pathway 0.011 0.429 3 0.90

hsa04062 Both Chemokine	signaling	pathway 0.000 0.409 2 0.60

hsa04625 AM C-	type	lectin	receptor	signaling	pathway 0.000 0.367 2 0.60

hsa04217 AM Necroptosis 0.000 0.391 2 0.60

Abbreviations:	AKT,	Protein	kinase	B;	KEGG,	Kyoto	Encyclopedia	of	Genes	and	Genomes;	BC,	Betweenness	Centrality;	CC,	Closeness	Centrality;	MAPK,	
mitogen-	activated	protein	kinase;	NF-	κB,	nuclear	factor	kappa-	light-	chain	enhancer	of	activated	B	cells;	NCN,	Number	of	connected	nodes;	NCN	ratio,	
pathway	NCN/average	NCN;	NOD,	nucleotide-	binding	and	oligomerization	domain;	PI3K,	phosphoinositide	3-	kinases;	Th17,	T-	helper	17.
aTable	organized	in	descending	order	of	BC.



7378 |   KOBER et al.

(equal).	 Anatol Sucher:	 Investigation	 (supporting);	
methodology	(supporting);	writing	–		review	and		editing	
(equal).	 Fay Wright:	 Conceptualization	 (supporting);	
writing	 –		 review	 and	 editing	 (equal).	 Brian Yuen:	
Investigation	(supporting);	writing	–		review	and		editing	
(equal).	 Adam Olshen:	 Conceptualization	 (support-
ing);	 formal	 analysis	 (supporting);	 methodology	 (equal);		
writing	 –		 review	 and	 editing	 (equal).	 Christine 
Miaskowski:	 Conceptualization	 (equal);	 funding	
acquisition	 (equal);	 methodology	 (equal);	 resources	
(equal);	writing	–		original	draft	(equal);	writing	–		review	
and	editing	(equal).

FUNDING INFORMATION
This	study	was	funded	by	grants	from	the	American	Cancer	
Society	 and	 the	 National	 Institutes	 of	 Health/National	
Cancer	Institute	(CA134900,	CA233774,	and	CA082103).	
Dr.	 Miaskowski	 is	 an	 American	 Cancer	 Society	 Clinical	
Research	Professor.

CONFLICT OF INTEREST
The	authors	declare	that	they	have	no	conflict	of	interest.

DATA AVAILABILITY STATEMENT
The	data	that	support	the	findings	of	this	study	are	avail-
able	 from	 the	 corresponding	 author	 upon	 reasonable	
request.

ORCID
Kord M. Kober  	https://orcid.org/0000-0001-9732-3321	
Carolyn Harris  	https://orcid.org/0000-0002-7080-4990	
Yvette P. Conley  	https://orcid.org/0000-0002-1784-6067	
Anand Dhruva  	https://orcid.org/0000-0001-5552-7131	
Marilyn J. Hammer  	https://orcid.
org/0000-0002-9561-6144	
Jon D. Levine  	https://orcid.org/0000-0003-0681-5545	
Kate Oppegaard  	https://orcid.
org/0000-0002-6358-6315	
Joosun Shin  	https://orcid.org/0000-0001-6883-4448	
Fay Wright  	https://orcid.org/0000-0001-9636-0411	
Adam B. Olshen  	https://orcid.
org/0000-0002-8998-4514	
Christine Miaskowski  	https://orcid.
org/0000-0001-5170-2027	

REFERENCES
	 1.	 O'Higgins	CM,	Brady	B,	O'Connor	B,	Walsh	D,	Reilly	RB.	The	

pathophysiology	 of	 cancer-	related	 fatigue:	 current	 controver-
sies.	Support Care Cancer.	2018;26(10):3353-	3364.	doi:10.1007/
s00520-	018-	4318-	7

	 2.	 Bower	 JE,	 Ganz	 PA.	 Symptoms:	 fatigue	 and	 cogni-
tive	 dysfunction.	 Adv Exp Med Biol.	 2015;862:53-	75.	
doi:10.1007/978-	3-	319-	16366-	6_5

	 3.	 Kober	KM,	Cooper	BA,	Paul	SM,	et	al.	Subgroups	of	chemother-
apy	patients	with	distinct	morning	and	evening	fatigue	trajec-
tories.	Support Care Cancer.	2016;24(4):1473-	1485.	doi:10.1007/
s00520-	015-	2895-	2

	 4.	 Kober	 KM,	 Dunn	 L,	 Mastick	 J,	 et	 al.	 Gene	 expression	 profil-
ing	 of	 evening	 fatigue	 in	 women	 undergoing	 chemother-
apy	 for	 breast	 cancer.	 Biol Res Nurs.	 2016;18(4):370-	385.	
doi:10.1177/1099800416629209

	 5.	 Flowers	E,	Miaskowski	C,	Conley	Y,	et	al.	Differential	expres-
sion	of	genes	and	differentially	perturbed	pathways	associated	
with	very	high	evening	fatigue	 in	oncology	patients	receiving	
chemotherapy.	Support Care Cancer.	2018;26(3):739-	750.

	 6.	 Flowers	E,	Flentje	A,	Levine	J,	et	al.	A	pilot	study	using	a	multi-	
staged	integrated	analysis	of	gene	expression	and	methylation	
to	 evaluate	 mechanisms	 for	 evening	 fatigue.	 Biol Res Nurs.	
2019;21(2):142-	156.	doi:10.1177/1099800418823286

	 7.	 Light	 KC,	 Agarwal	 N,	 Iacob	 E,	 et	 al.	 Differing	 leukocyte	
gene	 expression	 profiles	 associated	 with	 fatigue	 in	 patients	
with	 prostate	 cancer	 versus	 chronic	 fatigue	 syndrome.	
Psychoneuroendocrinology.	2013;38(12):2983-	2995.	doi:10.1016/j.
psyneuen.2013.08.008

	 8.	 Hsiao	CP,	Wang	D,	Kaushal	A,	Saligan	L.	Mitochondria-	related	
gene	expression	changes	are	associated	with	fatigue	in	patients	
with	nonmetastatic	prostate	cancer	receiving	external	beam	ra-
diation	therapy.	Cancer Nurs.	2013;36(3):189-	197.	doi:10.1097/
NCC.0b013e318263f514

	 9.	 Saligan	 LN,	 Hsiao	 CP,	Wang	 D,	 et	 al.	 Upregulation	 of	 alpha-	
synuclein	 during	 localized	 radiation	 therapy	 signals	 the	 as-
sociation	 of	 cancer-	related	 fatigue	 with	 the	 activation	 of	
inflammatory	 and	 neuroprotective	 pathways.	 Brain Behav 
Immun.	2013;27(1):63-	70.	doi:10.1016/j.bbi.2012.09.009

	10.	 Bower	JE,	Ganz	PA,	Irwin	MR,	Arevalo	JM,	Cole	SW.	Fatigue	
and	 gene	 expression	 in	 human	 leukocytes:	 increased	 NF-	
kappaB	and	decreased	glucocorticoid	signaling	in	breast	cancer	
survivors	with	persistent	fatigue.	Research	support,	N.I.H.,	ex-
tramural	research	support,	non-	U.S.	Gov't.	Brain Behav Immun.	
2011;25(1):147-	150.	doi:10.1016/j.bbi.2010.09.010

	11.	 Landmark-	Hoyvik	 H,	 Reinertsen	 KV,	 Loge	 JH,	 Fossa	 SD,	
Borresen-	Dale	AL,	Dumeaux	V.	Alterations	of	gene	expression	
in	blood	cells	associated	with	chronic	fatigue	in	breast	cancer	
survivors.	Research	support,	non-	U.S.	Gov't.	Pharmacogenomics 
J.	2009;9(5):333-	340.	doi:10.1038/tpj.2009.27

	12.	 Hsiao	CP,	Araneta	M,	Wang	XM,	Saligan	LN.	The	association	of	
IFI27	expression	and	fatigue	intensification	during	localized	ra-
diation	therapy:	implication	of	a	Para-	inflammatory	bystander	
response.	 Int J Mol Sci.	 2013;14(8):16943-	16957.	 doi:10.3390/
ijms140816943

	13.	 Koutrouli	 M,	 Karatzas	 E,	 Paez-	Espino	 D,	 Pavlopoulos	 GA.	 A	
guide	to	conquer	the	biological	network	era	using	graph	theory.	
Review Frontiers in Bioengineering and Biotechnology.	2020;8:34.	
doi:10.3389/fbioe.2020.00034

	14.	 Singh	KP,	Dhruva	A,	Flowers	E,	et	al.	Alterations	 in	patterns	
of	 gene	 expression	 and	 perturbed	 pathways	 in	 the	 gut-	brain	
Axis	 are	 associated	 with	 chemotherapy-	induced	 nausea.	 J 
Pain Symptom Manage.	 2020;59(6):1248-	1259.	 doi:10.1016/j.
jpainsymman.2019.12.352

	15.	 Karnofsky	DA,	Performance	scale.	In:	Kennealey	GT,	Mitchell	
MS,	eds.	Factors that influence the therapeutic response in can-
cer: a comprehensive treatise.	Plenum	Press;	1977.

https://orcid.org/0000-0001-9732-3321
https://orcid.org/0000-0001-9732-3321
https://orcid.org/0000-0002-7080-4990
https://orcid.org/0000-0002-7080-4990
https://orcid.org/0000-0002-1784-6067
https://orcid.org/0000-0002-1784-6067
https://orcid.org/0000-0001-5552-7131
https://orcid.org/0000-0001-5552-7131
https://orcid.org/0000-0002-9561-6144
https://orcid.org/0000-0002-9561-6144
https://orcid.org/0000-0002-9561-6144
https://orcid.org/0000-0003-0681-5545
https://orcid.org/0000-0003-0681-5545
https://orcid.org/0000-0002-6358-6315
https://orcid.org/0000-0002-6358-6315
https://orcid.org/0000-0002-6358-6315
https://orcid.org/0000-0001-6883-4448
https://orcid.org/0000-0001-6883-4448
https://orcid.org/0000-0001-9636-0411
https://orcid.org/0000-0001-9636-0411
https://orcid.org/0000-0002-8998-4514
https://orcid.org/0000-0002-8998-4514
https://orcid.org/0000-0002-8998-4514
https://orcid.org/0000-0001-5170-2027
https://orcid.org/0000-0001-5170-2027
https://orcid.org/0000-0001-5170-2027
https://doi.org//10.1007/s00520-018-4318-7
https://doi.org//10.1007/s00520-018-4318-7
https://doi.org//10.1007/978-3-319-16366-6_5
https://doi.org//10.1007/s00520-015-2895-2
https://doi.org//10.1007/s00520-015-2895-2
https://doi.org//10.1177/1099800416629209
https://doi.org//10.1177/1099800418823286
https://doi.org//10.1016/j.psyneuen.2013.08.008
https://doi.org//10.1016/j.psyneuen.2013.08.008
https://doi.org//10.1097/NCC.0b013e318263f514
https://doi.org//10.1097/NCC.0b013e318263f514
https://doi.org//10.1016/j.bbi.2012.09.009
https://doi.org//10.1016/j.bbi.2010.09.010
https://doi.org//10.1038/tpj.2009.27
https://doi.org//10.3390/ijms140816943
https://doi.org//10.3390/ijms140816943
https://doi.org//10.3389/fbioe.2020.00034
https://doi.org//10.1016/j.jpainsymman.2019.12.352
https://doi.org//10.1016/j.jpainsymman.2019.12.352


   | 7379KOBER et al.

	16.	 Sangha	O,	Stucki	G,	Liang	MH,	Fossel	AH,	Katz	JN.	The	self-	
administered	 comorbidity	 questionnaire:	 a	 new	 method	 to	
assess	 comorbidity	 for	 clinical	 and	 health	 services	 research.	
Arthritis Rheum.	2003;49(2):156-	163.	doi:10.1002/art.10993

	17.	 Bohn	 MJ,	 Babor	 TF,	 Kranzler	 HR.	 The	 alcohol	 use	 disorders	
identification	 test	 (AUDIT):	 validation	 of	 a	 screening	 instru-
ment	for	use	in	medical	settings.	J Stud Alcohol.	1995;56(4):423-	
432.	doi:10.15288/jsa.1995.56.423

	18.	 Extermann	M,	Bonetti	M,	Sledge	GW,	O'Dwyer	PJ,	Bonomi	P,	
Benson	AB,	3rd.	MAX2-	-	a	convenient	index	to	estimate	the	av-
erage	per	patient	risk	for	chemotherapy	toxicity;	validation	in	
ECOG	trials.	Eur J Cancer.	2004;40():1193-	1198.	doi:10.1016/j.
ejca.2004.01.028

	19.	 Roila	F,	Molassiotis	A,	Herrstedt	J,	et	al.	2016	MASCC	and	ESMO	
guideline	 update	 for	 the	 prevention	 of	 chemotherapy-		 and	
radiotherapy-	induced	nausea	and	vomiting	and	of	nausea	and	
vomiting	in	advanced	cancer	patients.	Ann Oncol.	2016;27(suppl	
5):v119-	v133.	doi:10.1093/annonc/mdw270

	20.	 Lee	KA,	Hicks	G,	Nino-	Murcia	G.	Validity	and	reliability	of	a	
scale	to	assess	fatigue.	Psychiatry Res.	1991;36(3):291-	298.

	21.	 Fletcher	BS,	Paul	SM,	Dodd	MJ,	et	al.	Prevalence,	severity,	and	
impact	of	symptoms	on	female	family	caregivers	of	patients	at	
the	 initiation	 of	 radiation	 therapy	 for	 prostate	 cancer.	 J Clin 
Oncol.	2008;26(4):599-	605.	doi:10.1200/JCO.2007.12.2838

	22.	 Hosmer	DW,	Lemeshow	S,	Suturdivant	RX.	Applied logistic re-
gression.	John	Wiley	Sons;	2013.

	23.	 Leek	 JT.	 Svaseq:	 removing	 batch	 effects	 and	 other	 unwanted	
noise	from	sequencing	data.	Nucleic Acids Res.	2014;42(21):e161.	
doi:10.1093/nar/gku864

	24.	 Draghici	S,	Khatri	P,	Tarca	AL,	et	al.	A	systems	biology	approach	
for	pathway	level	analysis.	Genome Res.	2007;17(10):1537-	1545.	
doi:10.1101/gr.6202607

	25.	 Aoki-	Kinoshita	KF,	Kanehisa	M.	Gene	annotation	and	pathway	
mapping	in	KEGG.	Methods Mol Biol.	2007;396:71-	91.

	26.	 Fisher	 RA.	 Questions	 and	 answers	 #14.	 The American 
Statistician.	1948;2(5):30-	31.

	27.	 Benjamini	Y,	Hochberg	Y.	Controlling	the	false	discovery	rate:	
a	practical	and	powerful	approach	to	multiple	testing.	J R Stat 
Soc B Methodol.	1995;57(1):289-	300.

	28.	 Shannon	P,	Markiel	A,	Ozier	O,	et	al.	Cytoscape:	a	software	en-
vironment	 for	 integrated	 models	 of	 biomolecular	 interaction	
networks.	 Genome Res.	 2003;13(11):2498-	2504.	 doi:10.1101/
gr.1239303

	29.	 Breitbach	S,	Tug	S,	Simon	P.	Circulating	cell-	free	DNA:	an	up-	
coming	molecular	marker	 in	exercise	physiology.	Sports Med.	
2012;42(7):565-	586.	doi:10.2165/11631380-	000000000-	00000

	30.	 Van	 Avondt	 K,	 Hartl	 D.	 Mechanisms	 and	 disease	 relevance	
of	 neutrophil	 extracellular	 trap	 formation.	 Eur J Clin Invest.	
2018;48(Suppl	2):e12919.	doi:10.1111/eci.12919

	31.	 Brinkmann	 V,	 Zychlinsky	 A.	 Neutrophil	 extracellular	 traps:	
is	 immunity	 the	 second	 function	 of	 chromatin?	 J Cell Biol.	
2012;198(5):773-	783.	doi:10.1083/jcb.201203170

	32.	 Suzuki	K,	Tsuchiya	M,	Yoshida	S,	et	al.	Tissue	accumulation	of	
neutrophil	extracellular	traps	mediates	muscle	hyperalgesia	in	
a	mouse	model.	Scientific Reports.	2022;12(1):4136.	doi:10.1038/
s41598-	022-	07916-	8

	33.	 Schneider	AH,	Machado	CC,	Veras	FP,	et	al.	Neutrophil	extra-
cellular	 traps	 mediate	 joint	 hyperalgesia	 induced	 by	 immune	
inflammation.	 Rheumatology (Oxford).	 2021;60(7):3461-	3473.	
doi:10.1093/rheumatology/keaa794

	34.	 Perez-	Olivares	L,	Soehnlein	O.	Contemporary	lifestyle	and	neu-
trophil	extracellular	traps:	an	emerging	link	in	atherosclerosis	
disease.	Cell.	2021;10(8):1985.	doi:10.3390/cells10081985

	35.	 Beiter	T,	Fragasso	A,	Hartl	D,	Niess	AM.	Neutrophil	extracellu-
lar	traps:	a	walk	on	the	wild	side	of	exercise	immunology.	Sports 
Med.	2015;45(5):625-	640.	doi:10.1007/s40279-	014-	0296-	1

	36.	 Frangou	E,	Vassilopoulos	D,	Boletis	J,	Boumpas	DT.	An	emerg-
ing	 role	of	neutrophils	and	NETosis	 in	chronic	 inflammation	
and	fibrosis	in	systemic	lupus	erythematosus	(SLE)	and	ANCA-	
associated	 vasculitides	 (AAV):	 implications	 for	 the	 patho-
genesis	 and	 treatment.	 Autoimmun Rev.	 2019;18(8):751-	760.	
doi:10.1016/j.autrev.2019.06.011

	37.	 Zhu	 K,	 Liang	 W,	 Ma	 Z,	 et	 al.	 Necroptosis	 promotes	 cell-	
autonomous	 activation	 of	 proinflammatory	 cytokine	 gene	
expression.	 Cell Death Dis.	 2018;9(5):500.	 doi:10.1038/
s41419-	018-	0524-	y

	38.	 Geijtenbeek	 TB,	 Gringhuis	 SI.	 Signalling	 through	 C-	type	 lec-
tin	 receptors:	 shaping	 immune	 responses.	 Nat Rev Immunol.	
2009;9(7):465-	479.	doi:10.1038/nri2569

	39.	 Steinman	RM,	Banchereau	J.	Taking	dendritic	cells	into	medi-
cine.	Nature.	2007;449(7161):419-	426.	doi:10.1038/nature06175

	40.	 Wilberforce	 A,	 Riva	 GVD.	 A	 cartography	 of	 differential	 gene	
methylation	in	Myalgic	encephalomyelitis/chronic	fatigue	syn-
drome:	different	network	roles	 in	 the	protein-	protein	 interac-
tions	network	play	different,	biologically	relevant	roles,	bioRxiv	
2022:2021.12.20.473375.	doi:10.1101/2021.12.20.473375

	41.	 Rusin	A,	Seymour	C,	Cocchetto	A,	Mothersill	C.	Commonalities	
in	the	features	of	cancer	and	chronic	fatigue	syndrome	(CFS):	
evidence	for	stress-	induced	phenotype	instability?	Int J Mol Sci.	
2022;23(2):619.	doi:10.3390/ijms23020691

	42.	 Galluzzi	L,	Vitale	I,	Abrams	JM,	et	al.	Molecular	definitions	of	
cell	death	subroutines:	recommendations	of	the	nomenclature	
committee	on	cell	death	2012.	Cell Death Differ.	2012;19(1):107-	
120.	doi:10.1038/cdd.2011.96

	43.	 Feng	LR,	Suy	S,	Collins	SP,	Saligan	LN.	The	role	of	TRAIL	in	fa-
tigue	induced	by	repeated	stress	from	radiotherapy.	J Psychiatr 
Res.	2017;91:130-	138.	doi:10.1016/j.jpsychires.2017.03.012

	44.	 Schabbauer	 G,	 Tencati	 M,	 Pedersen	 B,	 Pawlinski	 R,	 Mackman	
N.	 PI3K-	Akt	 pathway	 suppresses	 coagulation	 and	 inflam-
mation	 in	 endotoxemic	 mice.	 Arterioscler Thromb Vasc Biol.	
2004;24(10):1963-	1969.	doi:10.1161/01.ATV.0000143096.15099.ce

	45.	 Duronio	V.	The	life	of	a	cell:	apoptosis	regulation	by	the	PI3K/
PKB	 pathway.	 The Biochemical Journal.	 2008;415(3):333-	344.	
doi:10.1042/BJ20081056

	46.	 Kane	 LP,	 Shapiro	 VS,	 Stokoe	 D,	 Weiss	 A.	 Induction	 of	 NF-	
kappaB	by	the	Akt/PKB	kinase.	Curr Biol.	1999;9(11):601-	604.	
doi:10.1016/s0960-	9822(99)80265-	6

	47.	 Peng	Y,	Wang	Y,	Zhou	C,	Mei	W,	Zeng	C.	PI3K/Akt/mTOR	path-
way	and	its	role	in	cancer	therapeutics:	are	we	making	headway?	
Front Oncol.	2022;12:819128.	doi:10.3389/fonc.2022.819128

	48.	 Nunnery	 SE,	 Mayer	 IA.	 Management	 of	 toxicity	 to	 isoform	
alpha-	specific	 PI3K	 inhibitors.	 Ann Oncol.	 2019;30(Suppl_10)
:x21-	x26.	doi:10.1093/annonc/mdz440

	49.	 Zhuang	 CL,	 Mao	XY,	 Liu	 S,	 et	 al.	 Ginsenoside	 Rb1	 improves	
postoperative	fatigue	syndrome	by	reducing	skeletal	muscle	ox-
idative	stress	through	activation	of	the	PI3K/Akt/Nrf2	pathway	
in	aged	rats.	Eur J Pharmacol.	2014;740:480-	487.	doi:10.1016/j.
ejphar.2014.06.040

https://doi.org//10.1002/art.10993
https://doi.org//10.15288/jsa.1995.56.423
https://doi.org//10.1016/j.ejca.2004.01.028
https://doi.org//10.1016/j.ejca.2004.01.028
https://doi.org//10.1093/annonc/mdw270
https://doi.org//10.1200/JCO.2007.12.2838
https://doi.org//10.1093/nar/gku864
https://doi.org//10.1101/gr.6202607
https://doi.org//10.1101/gr.1239303
https://doi.org//10.1101/gr.1239303
https://doi.org//10.2165/11631380-000000000-00000
https://doi.org//10.1111/eci.12919
https://doi.org//10.1083/jcb.201203170
https://doi.org//10.1038/s41598-022-07916-8
https://doi.org//10.1038/s41598-022-07916-8
https://doi.org//10.1093/rheumatology/keaa794
https://doi.org//10.3390/cells10081985
https://doi.org//10.1007/s40279-014-0296-1
https://doi.org//10.1016/j.autrev.2019.06.011
https://doi.org//10.1038/s41419-018-0524-y
https://doi.org//10.1038/s41419-018-0524-y
https://doi.org//10.1038/nri2569
https://doi.org//10.1038/nature06175
https://doi.org//10.1101/2021.12.20.473375
https://doi.org//10.3390/ijms23020691
https://doi.org//10.1038/cdd.2011.96
https://doi.org//10.1016/j.jpsychires.2017.03.012
https://doi.org//10.1161/01.ATV.0000143096.15099.ce
https://doi.org//10.1042/BJ20081056
https://doi.org//10.1016/s0960-9822(99)80265-6
https://doi.org//10.3389/fonc.2022.819128
https://doi.org//10.1093/annonc/mdz440
https://doi.org//10.1016/j.ejphar.2014.06.040
https://doi.org//10.1016/j.ejphar.2014.06.040


7380 |   KOBER et al.

	50.	 Yun	SH,	Sim	EH,	Goh	RY,	Park	JI,	Han	JY.	Platelet	activation:	
the	 mechanisms	 and	 potential	 biomarkers.	 Biomed Res Int.	
2016;2016:9060143.	doi:10.1155/2016/9060143

	51.	 Kennedy	 G,	 Norris	 G,	 Spence	 V,	 McLaren	 M,	 Belch	 JJ.	 Is	
chronic	 fatigue	 syndrome	 associated	 with	 platelet	 activation?	
Blood Coagul Fibrinolysis.	 2006;17(2):89-	92.	 doi:10.1097/01.
mbc.0000214705.80997.73

	52.	 Al	 Maqbali	 M,	 Hughes	 C,	 Gracey	 J,	 Rankin	 J,	 Dunwoody	 L,	
Hacker	E.	Quality	assessment	criteria:	psychometric	properties	
of	 measurement	 tools	 for	 cancer	 related	 fatigue.	 Acta Oncol.	
2019;58(9):1286-	1297.	doi:10.1080/0284186X.2019.1622773

	53.	 Montagut-	Martinez	 P,	 Perez-	Cruzado	 D,	 Gutierrez-	Sanchez	
D.	 Cancer-	related	 fatigue	 measures	 in	 palliative	 care:	 a	 psy-
chometric	 systematic	 review.	 Eur J Cancer Care (Engl).	
2022;31(5):e13642.	doi:10.1111/ecc.13642

	54.	 Campbell	R,	Bultijnck	R,	Ingham	G,	et	al.	A	review	of	the	con-
tent	 and	 psychometric	 properties	 of	 cancer-	related	 fatigue	
(CRF)	 measures	 used	 to	 assess	 fatigue	 in	 intervention	 stud-
ies.	 Support Care Cancer.	 2022;30:8871-	8883.	 doi:10.1007/
s00520-	022-	07305-	x

	55.	 Bower	 JE.	The	 role	 of	 neuro-	immune	 interactions	 in	 cancer-	
related	 fatigue:	 biobehavioral	 risk	 factors	 and	 mechanisms.	
Cancer.	2019;125(3):353-	364.	doi:10.1002/cncr.31790

SUPPORTING INFORMATION
Additional	 supporting	 information	 can	 be	 found	 online	
in	 the	Supporting	Information	section	at	 the	end	of	 this	
article.

How to cite this article: Kober	KM,	Harris	C,	
Conley	YP,	et	al.	Perturbations	in	common	and	
distinct	inflammatory	pathways	associated	with	
morning	and	evening	fatigue	in	outpatients	
receiving	chemotherapy.	Cancer Med.	
2023;12:7369-7380.	doi:	10.1002/cam4.5435

https://doi.org//10.1155/2016/9060143
https://doi.org//10.1097/01.mbc.0000214705.80997.73
https://doi.org//10.1097/01.mbc.0000214705.80997.73
https://doi.org//10.1080/0284186X.2019.1622773
https://doi.org//10.1111/ecc.13642
https://doi.org//10.1007/s00520-022-07305-x
https://doi.org//10.1007/s00520-022-07305-x
https://doi.org//10.1002/cncr.31790
https://doi.org/10.1002/cam4.5435

	Perturbations in common and distinct inflammatory pathways associated with morning and evening fatigue in outpatients receiving chemotherapy
	Abstract
	1|INTRODUCTION
	2|MATERIALS AND METHODS
	2.1|Patients and settings
	2.2|Study procedures
	2.3|Instruments
	2.3.1|Phenotypic characteristics
	2.3.2|Lee Fatigue Scale (LFS)

	2.4|Data analyses
	2.4.1|Patient samples
	2.4.2|Imputation process
	2.4.3|Phenotypic data
	2.4.4|Acquisition and processing of gene expression data
	2.4.5|Differential expression, pathway impact analyses (PIA), and knowledge network construction


	3|RESULTS
	3.1|RNA-seq performance
	3.2|Microarray performance
	3.3|Logistic regression analyses of phenotypic characteristics
	3.4|Perturbed signaling pathways
	3.5|Knowledge network

	4|DISCUSSION
	4.1|Common pathways for morning and evening fatigue
	4.2|Distinct pathways for morning fatigue
	4.3|Distinct pathways for evening fatigue
	4.4|Strengths and limitations

	5|CONCLUSIONS
	AUTHOR CONTRIBUTIONS
	FUNDING INFORMATION
	CONFLICT OF INTEREST
	DATA AVAILABILITY STATEMENT

	REFERENCES




