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Abstract
Elevated “neural noise” has been advanced as an explanation of autism and autistic sensory experiences. However, functional 
neuroimaging measures of neural noise may be vulnerable to contamination by recording noise. This study explored vari-
ability of electrophysiological responses to tones of different intensities in 127 autistic and 79 typically-developing children 
aged 2–5 years old. A rigorous data processing pipeline, including advanced visualizations of different signal sources that 
were maximally independent across different time lags, was used to identify and eliminate putative recording noise. Inter-trial 
variability was measured using median absolute deviations (MADs) of EEG amplitudes across trials and inter-trial phase 
coherence (ITPC). ITPC was elevated in autism in the 50 and 60 dB intensity conditions, suggesting diminished (rather 
than elevated) neural noise in autism, although reduced ITPC to soft 50 dB sounds was associated with increased loudness 
discomfort. Autistic and non-autistic participants did not differ in MADs, and indeed, the vast majority of the statistical 
tests examined in this study yielded no significant effects. These results appear inconsistent with the neural noise account.

Keywords Autism · Inter-trial variability · Electroencephalography · Inter-trial phase coherence (ITPC) · Sensory 
processing · Loudness discomfort · Neural noise

Introduction

Many autistic people’s1 accounts (e.g., Grandin, 1992; Wil-
ley, 1999; Williams, 1992) have long emphasized the impor-
tance of sensory experiences in Autism Spectrum Develop-
ment (ASD; see also O’Neill & Jones, 1997). These attempts 
to emphasize the importance of sensory processing were 
initially neglected (Grandin & Panek, 2014); for some time, 
limited autism sensory research was conducted (O’Neill & 
Jones, 1997), and in this period, neurocognitive accounts 
of autism focused on social-communication characteristics 
(Rogers & Ozonoff, 2005). Fortunately, this has changed: a 

Clifford D. Saron and Susan M. Rivera are co-senior authors.

 * Patrick Dwyer 
 patricksrdwyer@gmail.com

1 Department of Psychology, UC Davis, Davis, CA, USA
2 Center for Mind and Brain, UC Davis, Davis, CA, USA
3 MIND Institute, UC Davis Health, Sacramento, CA, USA
4 Medical Scientist Training Program, Vanderbilt University 

School of Medicine, Nashville, TN, USA
5 Department of Hearing and Speech Sciences, Vanderbilt 

University Medical Center, Nashville, TN, USA
6 Vanderbilt Brain Institute, Vanderbilt University, Nashville, 

TN, USA
7 Frist Center for Autism and Innovation, Vanderbilt 

University, Nashville, TN, USA
8 Vanderbilt Kennedy Center, Vanderbilt University Medical 

Center, Nashville, TN, USA
9 College of Behavioral and Social Sciences, University 

of Maryland, College Park, MD, USA

1 Autism identifying language remains a controversial area, including 
among individuals on the autism spectrum themselves (Bury et  al., 
2020). In deference to the preferences of many individuals on the 
autism spectrum (Bury et al., 2020; Kenny et al., 2016), and in light 
of concern that person-first language may be conducive towards (or at 
least reflective of) stigma (Gernsbacher, 2017), we have chosen to use 
identity-first language (e.g., “autistic person”). We have also chosen 
to use neutral descriptive terms such as “autism spectrum develop-
ment” in preference to value-laden terms like “disorder” or “condi-
tion,” again partly in deference to autistic opinion, but also out of a 
desire to avoid subjective value judgements in academic terminology 
(Dwyer et al., 2022).
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glance at a graph depicting the annual number of research 
articles addressing autistic sensory processing suggests that 
the output of research on the topic has been accelerating 
since approximately 2005 (Ben-Sasson et al., 2019). These 
new studies have provided ample evidence to highlight 
the importance of sensory processing to autistic people’s 
lived experiences and well-being. For example, studies sug-
gest that sensory sensitivities in ASD are associated with, 
or even an aspect of, quality of life (Lin & Huang, 2019; 
McConachie et al., 2019). Autistic sensory experiences and 
behaviours are related to participation in everyday activi-
ties (Ismael et al., 2018; Little et al., 2015). Selective eating 
in autism is associated with sensory discomfort as well as 
behavioural “rigidity” (Zickgraf et al., 2020), and dietary 
patterns in autism are in turn related to microbiota compo-
sition and gastrointestinal symptoms (Berding & Donovan, 
2018; Yap et al., 2021). Sensory processing in autism is also 
related to sleep quality (Tzischinsky et al., 2018) and longi-
tudinal research shows that differences in sensory behaviour 
predict later anxiety outcomes in autism (Green et al., 2012; 
see also Williams et al., 2021a).

Furthermore, beyond the importance of sensory pro-
cessing in autistic people’s experiences, participation in 
the world, and well-being, there is reason to believe that 
early differences in how autistic people attend to and process 
sensory stimuli in their environments could have important 
influences on non-sensory autism characteristics. Altered 
autistic sensory processing can be observed behaviourally 
and neurophysiologically as early as infancy (Baranek, 1999; 
Kolesnik et al., 2019) and repetition suppression to sensory 
stimuli in infants at elevated likelihood of ASD has been 
found to be associated with later autistic traits (Piccardi 
et al., 2021). Early differences in sensory processing patterns 
predict later social and language outcomes in ASD (Baranek 
et al., 2018; Damiano-Goodwin et al., 2018; Grzadzinski 
et al., 2020; Kolesnik et al., 2019). Indeed, even in autistic 
older individuals, distracting tactile sensory inputs can cause 
autistic participants to demonstrate atypical patterns of brain 
activity in social tasks (Green et al., 2018).

Intra‑Individual Noise Variability

One neurobiological-level explanation that has been offered 
for altered sensory experiences in autism is the theory 
autism is characterized by high levels of endogenous, intra-
individual variability or “neural noise” (Haigh, 2018; Ward, 
2018). According to this account, brain responses to sensory 
stimulation in ASD are unstable and unreliable, such that 
autistic individuals cannot easily extract information from 
their environments. Such intra-individual neural noise might 
not only make it more difficult for autistic people to under-
stand complex social situations but could also contribute 
towards experiences of sensory distress and overload.

If autistic people do have more unstable sensory 
responses than typically-developing individuals, this differ-
ence might reflect an atypical balance of excitation and inhi-
bition, which has been advanced as an organizing framework 
for understanding autism at the neural level (Rubenstein & 
Merzenich, 2003; Sohal & Rubenstein, 2019). If the ratio 
of inhibition to excitation is reduced in ASD, even in spe-
cific circuits along dynamic timescales, inhibitory processes 
might fail to regulate neural sensory processing well enough 
to contribute to a stable experience of the world. Such differ-
ences in excitation:inhibition ratios could reflect concentra-
tions of neurotransmitters such as GABA and glutamate, and 
some recent magnetic resonance spectroscopy studies exam-
ining levels of these neurotransmitters have found ASD-
Typical Development (TD) differences consistent with the 
excitation-inhibition imbalance account (Puts et al., 2017; 
Sapey-Triomphe et al., 2019); studies of non-human animal 
models of a number of different genetic variants associated 
with autism have often yielded similar results (reviewed by 
Bozzi et al., 2018; Castro & Monteiro, 2022; Sierra-Arregui 
et al., 2020). GABAergic neurotransmission appears particu-
larly atypical in some animal models of monogenetic vari-
ants associated with autism, as well as in animals exposed 
to valproate (Bozzi et al., 2018; Castro & Monteiro, 2022; 
Sierra-Arregui et al., 2020), although it is unclear whether 
these findings might generalize to polygenetic and idiopathic 
autism. Indeed, some human studies have failed to observe 
ASD-TD group differences in GABA or glutamate (Kolodny 
et al., 2020; Umesawa et al., 2020). Some studies even report 
results that are seemingly contrary to the predictions of the 
excitation-inhibition account of autism, such as reduced glu-
tamate and glutamine (Edmondson et al., 2020) or increased 
GABA (Fung et al., 2020; Maier et al., 2022) in autistic 
participants (see also Dickinson et al., 2016 for a critical 
review of studies in this area). One study suggests apparent 
reductions in GABAergic neurons in some mouse models 
may actually have reflected altered protein function, poten-
tially resulting in enhanced inhibition to excitation, instead 
of vice versa (Filice et al., 2016).

Functional neuroscience research in humans does not 
clarify the true level of intra-individual variability at the 
neural level in ASD. Various neuroscience studies offer evi-
dence both for (e.g., Dinstein et al., 2012; Latinus et al., 
2019; Milne, 2011) and against (e.g., Butler et al., 2017; 
Randeniya et al., 2022) the idea of increased intra-indi-
vidual variability of sensory responses in autism. Some 
authors even argue that intra-individual noise is reduced, 
not elevated, in autism (Davis & Plaisted-Grant, 2015). 
One fundamental challenge dogging empirical research on 
intra-individual neural variability may be the danger of non-
neural, artefactual sources of noise. While data processing 
techniques can be used to remove putatively non-neural arte-
facts, there appears to be no way of absolutely guaranteeing 
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that remaining, putatively neural data are definitely neural 
in origin. This appears potentially problematic, given that 
neuroscience data quality in ASD samples can be poorer 
than in TD samples (DiStefano et al., 2019; Yerys et al., 
2009), and it emphasizes the importance of rigorous data 
collection and processing procedures.

The intra-individual noise theory must also explain phe-
nomena with which it appears somewhat inconsistent. Autis-
tic individuals often exhibit enhanced or at least unimpaired 
sensory performance on locally-oriented behavioural tasks 
(see, e.g., Mottron et al., 2006; Van der Hallen et al., 2015), 
and if not superior then at least unimpaired sensory acu-
ity (e.g., Albrecht et al., 2014; Bölte et al., 2012; Tavassoli 
et al., 2011), whereas neural noise would seem to predict 
poor performance. It has been suggested that this might 
reflect stochastic resonance, such that an increase in noise 
to an optimal level might counterintuitively enhance autis-
tic performance (Simmons et al., 2009). However, in ASD, 
recent research indicates that better visual search perfor-
mance is related to increased rather than diminished lev-
els of GABA (Edmondson et al., 2020), which appears to 
conflict with a stochastic resonance-based argument.2 Fur-
thermore, it is noteworthy that autistic people’s qualitative 
accounts of their sensory experiences often mention how 
experiences are affected by contextual factors such as one’s 
prior internal emotional states or one’s degree of control 
over stimuli (McLennan et al., 2021; Robertson & Simmons, 
2015; Smith & Sharp, 2013), or over development (Kirby 
et al., 2015); these would be examples of regular, somewhat 
predictable variations, not random ones.

Of course, these subjective experiences need not accu-
rately reflect underlying neural mechanisms. However, 
important questions exist regarding the neural consequences 
of atypical balances of excitation and inhibition. Although 
proponents of the excitation-inhibition account focus on 
how increases in noise (i.e., background activity as well 
as neural responses to inputs that are not “behaviourally 
meaningful”) would lead to an overall diminution of signal-
to-ratio (Rubenstein & Merzenich, 2003; Sohal & Ruben-
stein, 2019), the account does suggest that neural responses 
to sensory signals are also increased in autism (Sohal & 
Rubenstein, 2019). The account’s proponents believe this 
increase in signal would be outweighed by the increase in 
noise, but one could theoretically argue otherwise. Indeed, 
it may be important to interrogate the meaning of the term 

“noise.” For example, some background sensory stimuli 
might be regarded as “noise” if they are considered to be 
behaviourally-irrelevant by most typically-developing peo-
ple, but they would still be external stimuli, and in some 
sense, would appear to represent a “signal.” Some positive 
aspects of autistic sensory interests and hyper-focus could 
potentially be seen in this light and might be regarded as 
behaviourally-meaningful by many autistic people (see, e.g., 
Jones et al., 2003; Smith & Sharp, 2013).

Thus, there may be reason to believe that balances of 
signal and noise in autism could be complex and context-
dependent. This conclusion might also follow if one were 
to (at least for the sake of argument) accept the premise 
that stochastic resonance can explain enhanced local percep-
tion in autism. If inter-trial variability of sensory responses 
might be elevated in autism in some contexts but not oth-
ers, this could potentially help account for inconsistencies in 
prior literature. As noted by Butler et al. (2017), increased 
inter-trial latency jitter of event-related responses should 
lead to changes in the morphology of ERPs, such as attenu-
ation or broadening (see also Luck, 2014a, pp. 267–271). 
While amplitudes of many auditory ERPs appear simi-
lar in ASD and TD, others do not (reviewed by Williams 
et al., 2021b). The canonical auditory ERPs evident in chil-
dren from the age range of the present study include the 
P1 response, a large positive voltage deflection occurring 
approximately ~ 100–150 ms after stimulus onset, and the 
frontocentral N2, a negative voltage deflection occurring 
approximately ~ 250 ms after stimulus onset (Čeponiene 
et al., 2003; Ponton et al., 2002; Shafer et al., 2015). These 
ERP responses were previously described in the present 
study’s sample by Dwyer and colleagues (2021a): at the 
average level, the N2 response amplitude was attenuated in 
ASD, which is consistent with prior research (reviewed by 
Williams et al., 2021b). Insofar as this pattern of attenuated 
N2 responses in ASD could be consistent with increased 
autistic inter-trial variability, the present study may offer a 
particularly compelling opportunity to test the predictions 
of the neural noise account. In contrast, P1 response ampli-
tudes do not appear to differ between ASD and TD (Wil-
liams et al., 2021b). Although the P1 can be enhanced by 
selective attention (Coch et al., 2005; Karns et al., 2015), it 
is considered a largely bottom-up as well as “obligatory” 
response (Donkers et al., 2015), and a clear P1 is more often 
observed in young children than an N2 (Dwyer et al., 2021b; 
Shafer et al., 2015). Thus, there seems to be relatively little 
reason to expect variability of the P1 to be elevated in ASD, 
perhaps unless heightened variability is often associated 
with autistic neural processing.

Furthermore, the present study includes stimuli of mul-
tiple intensities. Presentation of stimuli of multiple intensi-
ties may be advantageous in studies of “neural noise.” The 
phase consistency of EEG responses appears to increase 

2 Puts et al. (2017) did find that high levels of GABA, generally an 
inhibitory neurotransmitter, are related to poorer tactile acuity in 
ASD. However, in this study, the effect of GABA appears to have 
reflected inhibition specifically related to prior subthreshold tactile 
stimulation, not general stochastic resonance; no association was 
observed between GABA and tactile acuity in the absence of prior 
subthreshold tactile stimulation.
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with stimulus intensity (Schadow et al., 2007), suggesting 
that inter-trial variability is modulated by stimulus intensity. 
It is remains unclear whether ASD-TD group differences in 
“neural noise” would be intensity-dependent, e.g., due to any 
potential group differences in effectiveness of adaptation of 
“neural noise” levels to take advantage of the phenomenon 
of stochastic resonance, and therefore more easily observ-
able at some intensities than others.

Present Study

In the present study, inter-trial variability was examined 
using electrophysiology in a large sample of young autistic 
and typically-developing children from the Autism Phenome 
Project (APP) at the UC Davis MIND Institute. Complex 
tone stimuli of four different intensities were presented in 
a pseudo-randomly interspersed manner. While partici-
pants listened to these stimuli, they also watched a quiet 
video chosen specifically to be of interest to them person-
ally. After data were collected, an intensive data process-
ing pipeline that included second-order blind source iden-
tification (SOBI) independent components analysis (ICA; 
Belouchrani et al., 1997) was used to eliminate putatively 
artefactual noise sources, to minimize confounding inter-
trial variability in neural responses with recording artefacts. 
In contrast to the theory of elevated “neural noise” in ASD, 
we believed it is possible that some prior findings of elevated 
“neural noise” in ASD might be at least partly influenced by 
recording artefacts, and that atypical balances of excitation-
inhibition might enhance sensory “signal” as much or more 
than noise in some contexts or individuals. We therefore 
predicted that:

(1) there would be no ASD-TD group differences in inter-
trial variability of EEG responses to auditory stimuli; 
and

(2) in autistic individuals, there would also be no asso-
ciations between parent-reported loudness discomfort 
and inter-trial variability of EEG responses to auditory 
stimuli.

Materials and Methods

Participants

As part of the APP, attempts were made to collect ERP data 
from 216 autistic and 104 typically-developing children, 
aged between 2 and 5. These participants’ medical histories 
were screened for suspicion of hearing loss prior to their 
participation in the ERP portion of the APP. Autistic par-
ticipants were required to meet criteria for a pervasive devel-
opmental disorder (based on DSM-IV and Collaborative 

Programs of Excellence in Autism Network criteria) and 
exceed ADOS-G (Lord et al., 2000) cut-off scores as well as 
cut-offs for either the social or communication subscales of 
the ADI-R (Lord et al., 1994) Further information about the 
APP and participant recruitment can be found in previous 
publications (e.g., Libero et al., 2016; Nordahl et al., 2011).

Technical problems with recordings, stimuli, etc., pre-
vented collection of usable data from 8 participants (4 ASD, 
4 TD). In 47 cases (40 ASD, 7 TD), recordings were not 
started or were terminated early due to participants resisting 
capping or moving excessively. 47 participants (37 ASD, 10 
TD) provided data with an excessive number of bad channels 
(> 6–7), bridged channels, or artefacts. Five participants (3 
ASD, 2 TD) either fell asleep or appeared sufficiently sleepy 
that their EEG data were considered likely to be seriously 
affected. 2 ASD participants were excluded due to neuro-
anatomical abnormalities revealed by magnetic resonance 
imaging collected in the APP. 5 participants (3 ASD, 2 TD) 
were excluded due to abrupt changes in global field power 
at the single trial level over the course of the experiment, 
plotted using ERPimage (Delorme et al., 2015), that were 
assumed to be recording-related rather than neural in origin 
and thus probable confounds in analyses at the single-trial 
level. Thus, a total of 89 autistic and 25 typically-developing 
participants were excluded after attempts were made to col-
lect EEG data. Autistic participants were significantly less 
likely to provide usable data, χ2 = 8.29, p = 0.004, OR = 0.45 
 (CI95% [0.27, 0.76]).

A further 11 participants were excluded, after attempts at 
EEG data collection, as ineligible for the study (10 excluded 
due to not meeting criteria for the autistic or typically-devel-
oping groups at the time-point reported here, 1 entered study 
in typically-developing group but diagnosed as autistic at a 
later time-point).

The final sample of children with usable data included in 
the present study compromised 79 typically-developing par-
ticipants (27 female, 52 male) and 127 autistic participants 
(20 female, 107 male) (Table 1). Autistic participants were 
significantly less likely to be female, χ2 = 8.38, p = 0.004, 
OR = 0.36  (CI95% [0.18, 0.70]). Families received a gift card 
in return for their participation in the study.

To examine whether participants excluded from the study 
based on bad EEG data differed from those participants who 
were included in the final sample, we compared their scores 
on a number of variables. These analyses are reported in the 
supplementary materials (Online Appendix A; Supplemen-
tary Figs. 1–6).

Sensory Profile Hyperacusis Index (SPHI)

Loudness discomfort was measured with the Sensory Pro-
file Hyperacusis Index (SPHI; Williams et al., 2020). This 
measure is derived from the Short Sensory Profile (SSP; 
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McIntosh et al. 1999), a caregiver-report questionnaire com-
monly used in investigations of sensory processing in autis-
tic children (Williams et al., 2018). Five SSP items reflect-
ing auditory sensitivities and auditory filtering challenges 
(items 22, 24, 25, 34, and 35) are included in the SPHI. 
A bifactor item response theory model is used to estimate 
loudness discomfort scores based on the expected a poste-
riori (Bock & Mislevy, 1982) estimate of standing on the 
“general factor” underlying all five items. SPHI scores (on a 
Z-score scale) range from − 1.45 to 2.16, with higher scores 
reflecting greater loudness discomfort. Usable SPHI data 
were available from 106 autistic and 64 typically-developing 
participants.

EEG Task

Participants were seated on a caregiver’s lap in a dimly-
lit, audiometrically-quiet, shielded chamber and allowed 
to watch a quiet video of their choice or a video that their 
caregiver believed would be of interest to them. While they 
watched this video, Sony MDR-222KD binaural head-
phones calibrated with a B&K artificial ear (model 4153) 
and sound meter (model 2229) were used to passively pre-
sent 50 ms (including 5 ms rise and decay time) complex 
tones (sine waves of equal amplitude overlaid at the fol-
lowing 7 frequencies (musical notes): 249 Hz (B3); 616 Hz 
(D5), 788 Hz (G5), 1042 Hz (C6), 1410 Hz (F6), 1952 Hz 
(B6), and 2749 Hz (F7)) presented at a randomly variable 
ISI of 1-2 s. Tones randomly varied in intensity (50 dB, 
60 dB, 70 dB, and 80 dB SPL), and the presentation order 

was pseudorandomized such that multiple tones of the 
same intensity were never presented in succession. Pres-
entation of tones was temporarily paused as required (i.e., 
when participants appeared to become restless). Approxi-
mately ~ 1100–1200 trials (~ 275–300 trials/condition) were 
collected from each participant (Table 1).

For comparison to the present study’s stimuli, background 
noise levels indoors in urban homes (i.e., with adjacent traf-
fic) have been estimated at 48 dB A (Pearsons et al., 1977), 
while people two metres apart conversing in a moderately 
noisy environment such as a department store might speak 
at 61 dB A (Pearsons et al., 1977). 80 dB A corresponds 
to a freight train passing around thirty metres away (Occu-
pational Safety and Health Administration, 2022) or a gar-
burator (i.e., garbage disposal) operating one metre away 
(Canadian Centre for Occupational Health & Safety, 2019).

Further details regarding the EEG task are available in De 
Meo-Monteil et al. (2019).

EEG Data Acquisition and Processing

EEG was collected with a 61-channel cap (www. easyc ap. 
de) and a Compumedics Neuroscan Synamp II amplifier 
sampling at a rate of 1000 Hz with Cz as a reference. EEG 
data were then filtered offline in BESA 5.2 (www. besa. de) 
with a low cut-off of 0.4 Hz (12 dB/octave roll-off). After 
low-cut filtering, the data were separated into epochs (span-
ning − 200 ms to 900 ms, including 300 ms necessary for 
subsequent independent components analysis), average-ref-
erenced, baseline-corrected (using the period from − 100 

Table 1  Characteristics of typically-developing and autistic participants with usable electrophysiological data

Statistical comparisons employ Wilcoxon rank-sum tests. Cliff’s δ (Cliff, 1993) is reported as an effect size. Measures include the Mullen Scales 
of Early Learning (MSEL; Mullen, 1995) assessment, the Vineland Adaptive Behavior Scales (VABS)-II (Sparrow et  al., 2005) which was 
administered as a parent-report questionnaire, the parent-report preschool-age form of the Childhood Behavior Checklist (CBCL; Achenbach & 
Rescorla, 2000), the Sensory Profile Hyperacusis Index (SPHI, described below), and raw scores from the parent-report SSP’s Tactile Sensitivity 
factor, from the factor solution described by Williams et al. (2018)
Note that SSP tactile sensitivity scores are reversed for consistency with SPHI, such that higher scores on both SPHI and the SSP tactile sensitiv-
ity factor reflect greater sensory sensitivity or discomfort

TD ASD p Cliff’s δ [95% CI]

Mean (SD) Range Mean (SD) Range

Chronological age (months) 37.06 (6.48) 25.80–56.33 38.49 (5.97) 25.50–54.87 .031  − .18 [− .33, − .02]
MSEL developmental quotient (DQ) 106.02 (11.50) 79.89–128.62 65.41 (20.54) 30.39–132.45  < .0001 .89 [.82, .94]
VABS-II adaptive behavior composite 110.63 (11.66) 82–135 75.44 (11.07) 53–104  < .0001 .96 [.27, > .99]
CBCL internalizing T-score 44.64 (9.92) 29–65 61.43 (9.40) 41–82  < .0001  − .77 [− .85, − .66]
CBCL externalizing T-score 47.41 (10.55) 28–71 58.88 (10.21) 28–85  < .0001  − .56 [− .68, − .41]
SPHI  − 0.45 (0.68)  − 1.45–1.11 0.04 (0.83)  − 1.45–2.16 .0002  − .34[− .49, − .16]
SSP tactile sensitivity (reverse-scored 

for consistency with SPHI)
5.27 (1.80) 4–14 8.31 (3.25) 4–18  < .0001  − .60 [− .72, − .45]

Total Trials 1166.75 (197.59) 711–1530 1142.14 (205.19) 639–1643 .55 .05 [− .11, .21]
Usable trials 935.95 (214.63) 448–1410 873.72 (193.33) 509–1375 .055 .16 [− .01, .32]
Rejected TRIALS 230.80 (103.29) 59–495 268.43 (101.93) 80–667 .014  − .20 [− .36, − .04]

http://www.easycap.de
http://www.easycap.de
http://www.besa.de
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to 0 ms), and manually inspected for noisy channels, which 
were removed in preparation for later interpolation. The arti-
fact scan tool of BESA 5.2 was then used to screen for and 
remove epochs with extreme amplitudes; amplitude thresh-
olds were manually set for each participant to optimally 
balance removal of noise with retention of usable trials 
through creating a Raster plot of epochs sorted by extreme 
amplitude, then selecting specific epochs for examination of 
channel-by-channel time courses in order to find a subjective 
point from the Raster plot at which one could often select 
three epochs on one side and find them good, and three on 
the other and find them bad. All epochs were then manually 
inspected for abrupt voltage changes suggestive of tempo-
rary disconnection of electrode channels; epochs with such 
artefacts were removed. In the context of intra-individual 
variability, it is important to note, as shown in Table 1, that 
significantly more trials were rejected in the ASD group 
than the TD group, suggesting that recording quality was 
poorer in ASD.

Our calibration of artefact rejection thresholds to each 
participant’s data differs from some prior autism “neural 
noise” EEG studies, which may report simply using a single 
artefact rejection threshold for all participants (e.g., Butler 
et al., 2017; Randeniya et al., 2022).

Furthermore, to better address the potential confound of 
non-neural recording-related noise, we sought to remove 
putatively non-neural signal sources from the data, while 
taking care to preserve putatively neural signals. Therefore, 
the remaining epochs were submitted to a Second-Order 
Blind source Identification (SOBI; Belouchrani et al., 1997; 
Tang et al., 2005) independent components analysis (ICA). 
SOBI employs joint diagonalization of covariance matrices 
across different time delays, thereby taking into account tem-
poral information from the EEG data, in order to separate 
the data into maximally uncorrelated “sources” with differ-
ent spatial topographies and time courses. A semi-automatic 
artifact removal tool (SMART, Saggar et al., 2012, https:// 
stanf ord. edu/ ~saggar/ Softw are. html) was used to character-
ize the spatial topography, power spectra, autocorrelation, 
and time series of each SOBI source. These outputs were 
used to manually judge sources to be either putatively non-
neural in origin (e.g., EMG, EOG, and blinks) or putatively 
neural. SOBI and SMART were applied separately to the 
first and second half of the data, consistent with recommen-
dations for exploration of the effects of ICA on the data 
(Luck, 2014b).

The present study’s use of SOBI ICA presents a contrast 
with some prior EEG studies of “neural noise” in autism. 
Although use of ICA in autism “neural noise” studies is rec-
ommended in order to separate neural and non-neural signals 
(Butler et al., 2017), not all prior studies report using this 
technique (e.g., Butler et al., 2017; Randeniya et al., 2022). 
Moreover, studies using ICA may use techniques that do 

not consider temporal lags as SOBI does (e.g., Milne, 2011) 
or that are not fully described (e.g., Kovarski et al., 2019; 
Latinus et al., 2019). For example, it is unclear whether 
some prior studies may have relied on automatic detection 
of artefacts rather than on manual inspection of component 
timeseries, autocorrelation, power spectra, and topographies 
as in the present study. Notably, some studies may primarily 
use ICA to reject ocular artefacts (e.g., Kovarski et al., 2019; 
Latinus et al., 2019), whereas in the present study, SOBI was 
used to remove both ocular and muscular artefacts.

Data were subsequently reconstructed with putatively 
non-neural sources removed, and the artefact scan tool of 
BESA 5.2 was used once again to remove any remaining 
extreme amplitudes. Averages from each participant were 
computed and Cartool (Brunet et al., 2011) was used to 
screen the data for any channels that appeared to be system-
atically deviant from adjacent channels in the averaged data. 
Returning to the trial-by-trial data, these channels, as well 
as previously removed noisy channels, were interpolated 
using a spherical spline approach (Perrin et al., 1989) as 
implemented by Fieldtrip (Oostenveld et al., 2011) and base-
line correction (using the 100 ms prior to stimulus onset) 
was repeated. Finally, separate trial epochs (now spanning 
200 ms pre-stimulus onset to 599 ms post-stimulus onset) 
from each participant were filtered using ERPLAB (Lopez-
Calderon & Luck, 2014). For median absolute deviation 
analyses, high-cut filters were second-order Butterworth 
with 40 Hz cutoff and 12 dB/octave roll/off. For inter-trial 
coherence analyses, Butterworth filters with 55 Hz cutoff 
were used. A Park-McClellan notch filter was applied at 
60 Hz.

Median Absolute Deviation (MAD) Analysis

For the first intra-individual variability analysis, the median 
absolute deviations3 of participants’ voltage amplitudes 
across all trials were extracted separately for each time-point 
between − 100 ms and 350 ms relative to stimulus onset, 
electrode, and intensity condition. That is, for a given par-
ticipant, separately at each channel and in each condition, 
the median absolute deviation of single-trial EEG ampli-
tudes 100 ms before stimulus onset was obtained, then 
the median absolute deviation (MAD) of single-trial EEG 

3 The median absolute deviation was selected as an index of vari-
ability in preference to the standard deviation, which is vulnerable to 
outliers, as well as in preference to coefficients of variation that are 
normalized by medians or means. EEG voltages can be either posi-
tive to negative, and often approach zero, complicating any attempt 
to calculate a coherent mean or median; while one could still add a 
constant to bring all voltage values above zero, varying the magnitude 
of the constant would then change the coefficient of variation. See Al-
Jawahiri et al. (2019) for another example of the MAD being used as 
an index of variability in EEG amplitudes.

https://stanford.edu/~saggar/Software.html
https://stanford.edu/~saggar/Software.html
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amplitudes 99 ms before stimulus onset, then the median 
absolute deviation of single-trial EEG amplitudes 98 ms 
before stimulus onset, and so on. 61 channels and 451 time-
points were examined, yielding a total of 27,511 median 
absolute deviation values for each participant in each condi-
tion, representing the variability of that participant’s EEG 
responses across trials. Separately in each condition, median 
absolute deviations over a broad time window of 1–350 ms 
were then statistically compared across groups.

To correct for multiple comparisons involved in com-
paring these median absolute deviations across diagnostic 
groups, cluster-based permutation t-tests (Maris & Oost-
enveld, 2007) with 10,000 permutations were used. In this 
procedure, data points at which group differences exceed an 
initial significance threshold (corresponding in our study to a 
non-permuted two-tailed alpha of .05) are grouped together 
based on spatiotemporal adjacency, and the t-statistics for 
these spatiotemporally adjacent data points are summed to 
produce a cluster statistic. This cluster statistic can then be 
compared to a distribution of the largest cluster statistics 
obtained from permutations of the data; this permutation 
distribution essentially represents the largest cluster statistics 
that can be expected based on chance alone.

Correlation Analysis

Furthermore, in the autistic group, we explored ordinal 
Spearman’s ρ (rho) correlations between median absolute 
deviations and SPHI loudness discomfort scores using clus-
ter-based permutation tests (Maris & Oostenveld, 2007) 
spanning every single channel and time point between 
1 and 350 ms, separately in each intensity condition. If a 
spatiotemporally contiguous set of correlation t-statistics 
exceeded a parametric statistical significance threshold, the 
sum of their t-statistics was compared against a distribution 
of summed statistics obtained from randomly permuting the 
data 10,000 times.

Supplementary Analyses

We carried out a supplementary analysis comparing MADs 
of male and female participants in each diagnostic group 
using cluster-based permutation t-tests (Online Supplemen-
tary Materials; Appendix B).

We also carried out a cluster-based permutation analysis 
of correlations between MADs and SPHI loudness discom-
fort scores in the typically-developing group (Online Sup-
plementary Materials; Appendix C).

Inter‑Trial Phase Coherence (ITPC) Analysis

Inter-trial phase coherence (ITPC), the degree to which 
instantaneous oscillatory phase in different frequencies and 

at different time points was consistent across trials, was 
examined separately in each intensity condition. ITPC val-
ues approaching 0 suggest a high degree of unreliability and 
inter-trial variability in responses to stimulus presentation, 
while ITPC values approaching 1 suggest low inter-trial vari-
ability. In this study, ITPC was examined in frequencies fall-
ing between 6 and 40 Hz, with 2 Hz steps between each fre-
quency; Morlet wavelets with linearly increasing cycles from 
1 cycle at 6 Hz to 3 cycles at 40 Hz (Delorme & Makeig, 
2004) were used to extract ITPC values between − 107 and 
506 ms. Separately in each condition, ITPC values between 
1 and 350 ms were then entered into cluster-based permuta-
tion t-tests (Maris & Oostenveld, 2007) and compared across 
diagnostic groups. Data points at which group differences 
exceeded an initial significance threshold (corresponding in 
our study to a non-permuted two-tailed alpha of .05) were 
grouped based on spatial (electrode), temporal (time-point), 
and frequency contiguity. T-statistics from each contiguous 
group were then summed to produce cluster t-statistics, 
which were compared to a distribution of summed t-statistics 
generated from randomly permuting the data 10,000 times to 
determine whether the observed summed cluster t-statistics 
are larger than can be expected if the null hypothesis were 
true.

Correlation Analysis

Finally, in the autistic group, we explored ordinal Spear-
man’s ρ (rho) correlations between ITPC and SPHI loud-
ness discomfort scores using cluster-based permutation tests 
(Maris & Oostenveld, 2007) spanning every single channel, 
all frequencies between 6 and 40 Hz, and all time points 
between 1 and 350 ms, separately in each intensity condi-
tion. If a set of contiguous correlation t-statistics exceeded a 
parametric statistical significance threshold, the sum of their 
t-statistics was compared against a distribution of summed 
statistics obtained from randomly permuting the data 10,000 
times.

Supplementary Analyses

We carried out a supplementary analysis comparing ITPC 
of male and female participants in each diagnostic group 
using cluster-based permutation t-tests (Online Supplemen-
tary Materials; Appendix B).

We also carried out a cluster-based permutation analysis 
of correlations between ITPC and SPHI loudness discomfort 
scores in the typically-developing group (Online Supple-
mentary Materials; Appendix C).
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Results

The mean of individual-level estimated SPHI reliability val-
ues was .85 in the ASD group and .83 in the TD group.

Participants

Sample characteristics are presented in Table 1. Notably, 
given our analyses of correlations of EEG variability met-
rics with loudness discomfort as indexed by the SPHI, 
we observed significantly greater loudness discomfort in 
autistic than typically-developing participants.

However, as reported in Supplementary Materi-
als (Online Appendix A), we observed few differences 
between participants who did or did not provide usable 
data. Autistic participants with lower cognitive ability 
scores were less likely to provide usable data, though 
this effect should be interpreted with caution as it might 

reflect general disinterest in complying with experimenter 
requests in both EEG and cognitive assessment contexts. 
Surprisingly, typically-developing participants with 
greater internalizing and externalizing symptoms nonsig-
nificantly trended towards being more likely to provide 
usable EEG data.

Median Absolute Deviations (MADs)

Median absolute deviations (MADs), indexing amplitude 
variability across trials, appeared smallest in the middle of 
the baseline period and they appeared to increase thereafter 
in each group (Fig. 1); this pattern is expected insofar as 
subtractive baseline correction of epochs should maximally 
reduce variability of trial amplitudes closest to the centre of 
the window used for baselining.

Fig. 1  An example of a single participant’s trial-by-trial EEG wave-
forms observed at electrode Fz in the 80  dB condition (blue lines, 
superimposed above one another), as well as the averaged event-
related potential derivable from the single trials (red line, scale exag-
gerated 10 × for ease of visual inspection). This participant exhibits 
clear P1 and N2 ERP peaks. Furthermore, the median absolute devia-
tion (MAD) of the single trials at each time point is plotted (orange/

gold line). The MAD diminishes during the baseline period, when 
variability of single trials is low due to baseline subtraction (which 
used the—100 ms to 0 ms interval), and it increases gradually there-
after. Unlike ITPC, which highlights event-related changes in phase 
synchrony (see Fig. 3), the MAD appears to more closely reflect the 
overall level of variability/“noise” present in the data



650 Journal of Autism and Developmental Disorders (2024) 54:642–661

1 3

Group Comparisons

There was no evidence that autistic and typically-developing 
participants differed in median absolute deviation values in 
any of the four intensity conditions (50 dB: lowest p = .46; 
60 dB: lowest p = .46; 70 dB: lowest p = .26; 80 dB: lowest 
p = .30; Fig. 2).

As a failure to observe significant effects is not evidence 
of absence, we conducted a Bayesian analysis comparing 
MADs between groups (Online Supplementary Materials, 
Appendix D). Rather than using a mass multivariate cluster-
based permutation approach, this supplementary analysis 
examined averaged MADs over regions of interest corre-
sponding to the P1 and N2 ERPs, although given a lack 
of clear evidence of modulation of MADs by event-related 

responses such as ERPs (for example, see Fig. 1), this is 
better seen as a post-hoc, exploratory means of constrain-
ing multiple comparisons (channels*time-points) rather than 
as a means of exploring variability in the P1 and N2 ERPs 
themselves. The analysis found substantial evidence against 
the existence of meaningful group differences (defined by 
absolute values of Cohen’s d of at least 0.2) in MADs over 
these spatiotemporal regions.

Correlations

Moreover, in autistic participants, there was no evidence 
of significant correlations between loudness discomfort 
(i.e., SPHI) scores and median absolute deviations of EEG 

Fig. 2  Waveforms at each electrode depicting, separately in each 
intensity condition and diagnostic group, the evolution of median 
absolute deviations of EEG amplitudes across trials, or the degree 
of inter-trial, intra-individual variability of EEG responses, 
between − 100  ms (left of each channel subplot) and 350  ms (right 
of each channel subplot). The Y-axis, representing median absolute 
deviation values, ranges from 2.5 (bottom of each channel subplot) to 
25.0 (top of each channel subplot). Median absolute deviations aver-
aged across autistic participants are blue; those averaged across typ-
ically-developing participants are red. Frontal channels are shown at 

the top and posterior channels at the bottom of each intensity condi-
tion panel. Although baseline correction caused variability to increase 
in each group farther away from the baseline, there were no signifi-
cant differences between groups in any intensity condition. A (top 
left). Waveforms depicting median absolute deviations of EEG ampli-
tudes to 50  dB tones. B (top right). Waveforms depicting median 
absolute deviations of EEG amplitudes to 60  dB tones. C (bottom 
left). Waveforms depicting median absolute deviations of EEG ampli-
tudes to 70 dB tones. D (bottom right). Waveforms depicting median 
absolute deviations of EEG amplitudes to 80 dB tones
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amplitudes across trials in the 50 dB condition (lowest 
p = .33), the 60 dB condition (lowest p = .40), the 70 dB 
condition (lowest p = .34), or the 80 dB condition (lowest 
p = .22). Figures depicting correlation coefficients at each 
time-point and channel are provided in Online Supplemen-
tary Materials, Appendix E (Supplementary Figs. 22–25).

Other Supplementary MAD Analyses

As reported in Online Appendix B, we observed a nonsig-
nificant trend towards lower MADs in autistic female partici-
pants than autistic male participants in the 50 dB condition, 
driven by a set of posterior channels (Supplementary Fig. 7); 
however, no other sex comparisons closely approached sta-
tistical significance. The Bayesian analysis in Online Appen-
dix D found significant evidence against meaningful effects 
of sex, or interactions of diagnostic group and sex, on MADs 
over frontocentral channels.

As reported in Online Appendix C, we observed no sig-
nificant correlations between MADs and loudness discom-
fort in the TD group.

Inter‑Trial Phase Coherence (ITPC)

Clear increases in consistency of instantaneous phase were 
observable following stimulus onset (e.g., Fig. 3; see also 
Online Supplementary Materials, Appendix F, Supplemen-
tary Figs. 26–32).

Group Comparisons

In the 50 dB condition, ITPC was significantly greater in 
ASD relative to TD, p = .048, as reflected by negative (blue) 
difference values over widely-distributed channels in Fig. 4 
(see also Supplementary Figs. 26–27). While the boundaries 
of the significant effect should not be interpreted literally 
due to the thresholding inherent in the “cluster”-forming 
algorithm (see Sassenhagen & Draschkow, 2019), as well as 
due to limitations of time–frequency resolution, the 50 dB 
group difference was observed across all frequencies in a 
“cluster” between 101 and 163 ms, or approximately around 
the time period of the voltage P1 response.

Fig. 3  Average inter-trial phase coherence (ITPC) in the autistic 
group in the 80 dB intensity condition in each frequency (low at bot-
tom, high at top) and each channel (subplots; front of head above) at 
time points between 1 and 350 ms (from left to right within each sub-
plot). Channel Fz is highlighted in inset (bottom left). Larger values 
reflect greater consistency of instantaneous phase across trials. Sub-
stantial event-related increases in ITPC are observable, and in this 

sense, ITPC may capture variability—particularly latency jitter—of 
event-related responses. This complements MADs, which as depicted 
in Fig. 1 appear to reflect the overall level of variability of single-trial 
EEG amplitudes. Similar plots showed averaged ITPC in other group 
and intensity conditions are available in supplementary materials 
(Supplementary Figs. 5–11)
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Furthermore, elevated ITPC was also observed in ASD 
relative to TD in the 60 dB condition, p = .028, specifically 
in a cluster spanning 114–160 ms, again around the time of 
the P1 (Fig. 5; see also Supplementary Figs. 28–29).

No differences between groups approached significance 
in the 70 dB condition (lowest p = .37, Fig. 6A; see also 
Supplementary Figs. 30–31) or the 80 dB condition, p = .099 
(Fig. 6B; see also Fig. 3, Supplementary Fig. 32).

Fig. 4  In the 50  dB intensity condition, between mean ITPC in TD 
group and ASD group (TD–ASD) in each frequency (low at bottom, 
high at top) and each channel at time points between 1 and 350 ms 
(from left to right). Positive values reflect greater ITPC in the typ-
ically-developing group and negative values reflect greater ITPC in 
the autistic group. Per the cluster-based permutation t-test comparing 

diagnostic groups, a significant cluster with greater ITPC in the ASD 
group was observed, p = .05. Left. Differences between mean ITPC 
in TD and ASD across all electrodes, time-points, and frequencies. 
Right. The boundaries of the statistically significant cluster wherein 
ITPC was elevated in ASD relative to TD

Fig. 5  In the 60  dB intensity condition, between mean ITPC in TD 
group and ASD group (TD–ASD) in each frequency (low at bottom, 
high at top) and each channel at time points between 1 and 350 ms 
(from left to right). Positive values reflect greater ITPC in the typ-
ically-developing group and negative values reflect greater ITPC in 
the autistic group. Per the cluster-based permutation t-test comparing 

diagnostic groups, a significant cluster with greater ITPC in the ASD 
group was observed, p = .03. Left. Differences between mean ITPC 
in TD and ASD across all electrodes, time-points, and frequencies. 
Right. The boundaries of the statistically significant cluster wherein 
ITPC was elevated in ASD relative to TD
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Correlations

In the 50 dB condition, in the autistic group, there was 
a negative ordinal correlation between ITPC and SPHI 
scores (Fig. 7A), reflecting greater loudness discomfort 
in participants with reduced consistency of phase across 
trials, p = .027. While the boundaries of the effect should 
not be interpreted literally, the cluster spanned 38–149 ms 
(Fig. 7B). To aid in interpretation, supplementary, post hoc 
item-level analyses are presented in Online Appendix G.

In the ASD group, correlations between ITPC and SPHI 
loudness discomfort scores did not approach significance 
in the 60 dB condition (lowest p = .78, Fig. 7C), the 70 dB 
condition (lowest p = .87, Fig. 7D), or the 80 dB condition 
(lowest p ≥ .99, Fig. 7E).

Other Supplementary ITPC Analyses

As reported in Online Appendix B, we observed no signifi-
cant sex differences in ITPC in either diagnostic group.

As reported in Online Appendix C, we observed no 
significant correlations between ITPC and loudness dis-
comfort in the TD group.

Discussion

Overall, the present study results provide no evidence to 
support the theory that inter-trial variability in sensory 
responses is elevated in autism. “Neural noise,” whether 
indexed via ITPC or MADs of EEG amplitudes across tri-
als, was not elevated in the autistic group in any condition. 
Indeed, we observed enhanced ITPC—reflecting reduced 
neural noise—in autistic participants in the 50 and 60 dB 
intensity conditions. However, in autistic participants, we 
also observed a significant negative correlation between 
ITPC in the 50 dB condition and loudness discomfort: that 
is, loudness discomfort was greater in autistic participants 
with high inter-trial variability of EEG responses to 50 dB 
tones. Insofar as these ASD-TD group differences were 
observed in no more than two of eight comparisons (with 
p-values close to the significance threshold), and insofar as 
a correlation between neural noise and loudness discomfort 
was observed in only one of eight comparisons, the present 
study might be parsimoniously interpreted to suggest that 
there are neither clear, consistent ASD-TD group differences 
in neural noise, nor clear, consistent associations between 
the magnitude of neural noise and parent-reported loudness 
discomfort.

Group Comparisons

In the present study, we found that ITPC was not signifi-
cantly reduced in autism, suggesting that latency jitter of 

Fig. 6  Differences between mean ITPC in TD group and ASD group 
(TD–ASD) in each frequency (low at bottom, high at top) and each 
channel at time points between 1 and 350  ms (from left to right). 
Positive values reflect greater ITPC in the typically-developing 
group and negative values reflect greater ITPC in the autistic group. 
A (left). Group differences in ITPC from the 70 dB intensity condi-
tion. No group differences approached statistical significance in the 

cluster-based permutation test. B (right). Group differences in ITPC 
from the 80  dB intensity condition. There was a trend for ITPC to 
be elevated in typically-developing relative to autistic participants, 
but this did not attain significance after the cluster-based permutation 
test, p = .10. Moreover, the cluster began surprisingly quickly after 
stimulus onset (9–101 ms)



654 Journal of Autism and Developmental Disorders (2024) 54:642–661

1 3

event-related responses was not increased in autism. Simi-
larly, MADs of EEG amplitudes were not larger in autism, 
suggesting that variability of ongoing EEG activity is not 
elevated in autistic participants. Indeed, supplementary 
Bayesian analyses of MADs over specific frontocentral spa-
tiotemporal windows found significant evidence against the 
existence of meaningful group differences. These findings 
would initially appear to be broadly consistent with those of 
Butler et al. (2017) and Randeniya et al. (2022), even though 
the present study was conducted in a far younger popula-
tion and despite the presence of group differences in the 
amplitude of the N2 event-related response (see Dwyer et al., 
2021a) that could theoretically have reflected inter-trial vari-
ability. In contrast, these results are clearly inconsistent with 
a number of prior EEG and MEG studies (e.g., Edgar et al., 
2015; Kovarski et al., 2019; Milne, 2011). Further research 

may be necessary to determine whether these discrepancies 
reflect heterogeneity within autism or methodological dif-
ferences between studies, such as the effectiveness of the 
data processing procedures used to remove recording noise.

Moreover, the present study observed apparent elevations 
of ITPC in autism in responses to 50 and 60 dB sounds, 
suggesting that neural noise was reduced in autism, not 
increased. This quite clearly contradicts the predictions 
of the elevated inter-trial variability account. However, in 
contradistinction to Davis and Plaisted-Grant (2015), we do 
not interpret this finding as necessarily suggestive of altered 
neural noise in ASD. The majority of the analyses we con-
ducted—six of eight—showed that there were no signifi-
cant group differences in metrics of inter-trial variability, 
and the remaining two effects only barely exceeded thresh-
olds for statistical significance. Had a multiple comparison 

Fig. 7  In the autistic group, spectral plots at each electrode depict-
ing, separately in each intensity condition, Spearman’s ρ ordinal cor-
relation coefficients between loudness discomfort and ITPC of EEG 
responses in each frequency (40  Hz at top; 6  Hz at bottom of each 
subplot) between 1  ms (left of each channel subplot) and 350  ms 
(right of each channel subplot). A (top left). Spectral plots depict-
ing correlations between ITPC of EEG responses to 50  dB tones 
and loudness discomfort scores. In the cluster-based permutation 
test, there was a significant negative cluster (reflecting greater loud-
ness discomfort in autistic participants with lower phase coherence) 

in the 50 dB condition. B (top right). The boundaries of the statisti-
cally significant cluster wherein greater phase coherence across 50 dB 
trials was associated with reduced loudness discomfort in autistic 
participants. C (bottom left). Spectral plots depicting correlations 
between ITPC of EEG responses to 60  dB tones and loudness dis-
comfort scores. D (bottom centre). Spectral plots depicting correla-
tions between ITPC of EEG responses to 70 dB tones and loudness 
discomfort scores. E (bottom right). Spectral plots depicting correla-
tions between ITPC of EEG responses to 80 dB tones and loudness 
discomfort scores
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correction for these eight analyses been applied, the eleva-
tions of ITPC in the ASD group would no longer be consid-
ered statistically significant.

Furthermore, there exists a potential for ITPC results to 
be affected by differences in oscillatory power as well as 
by ERP amplitudes and latencies (see van Diepen & Maza-
heri, 2018). The ITPC differences were observed in the 
approximate time window of the P1 response, and Dwyer 
et al. (2021a) do report—albeit in responses to louder 80 dB 
tones—significant group differences in P1 latencies between 
ASD and TD in the present study sample.

Finally, it is important to note that the reduced neural 
noise account of autism proposed by Davis and Plaisted-
Grant (2015) focuses on “local” noise at the intra-trial level, 
not the inter-trial level examined in the present study. It is 
thus not clear that these results have direct bearing on the 
precise predictions advanced by Davis and Plaisted-Grant.

Importantly, the present study results apply only to neural 
noise in the form of random variability between responses 
to passive presentations of external stimuli. One form of 
neural noise that may be readily apparent in the subjective 
experiences of many autistic individuals is tinnitus, which 
appears to be highly prevalent in autism (Danesh et al., 
2015; Williams, 2022). However, if tinnitus can be consid-
ered “neural noise,” it would seem very different in nature 
from inter-trial variability. As it is not linked to an external 
stimulus, tinnitus might be considered a form of relatively 
spontaneous, internal neural noise. In contrast, inter-trial 
variability in responses to external stimuli might seem to 
reflect noise/variation in the degree to which a signal is 
amplified/excited or inhibited at a given moment. Thus, if 
there is elevated neural noise in autism, inter-trial variabil-
ity of sensory responses might not be the right domain in 
which to search for it. Furthermore, given present study’s 
passive paradigm, the auditory responses examined here can 
be assumed to reflect primarily bottom-up influences, con-
sistently with how the P1 and N2 responses are commonly 
viewed (Donkers et al., 2015). It remains unclear whether 
autistic people might show “neural noise” in top-down, task-
related processing, as might for example be indexed by the 
P3a (see Polich, 2011).

Correlations

Unexpectedly, in autistic participants, we observed a sig-
nificant negative correlation between ITPC of responses to 
50 dB tones and caregiver-reported loudness discomfort, 
meaning that autistic participants with less consistency of 
instantaneous phase across trials were reported to experience 
greater sensory distress. As 50 dB was the softest intensity at 
which tones were presented in this study, available sensory 
signal would presumably be relatively low compared to other 
conditions, allowing neural noise to exert a greater relative 

influence on the consistency of the timing of the event-
related response across trials. This more variable sensory 
brain response could lead to subjective instability of the sen-
sory experience, producing discomfort. However, it seems 
counterintuitive that noisy, inconsistent brain responses to 
soft sounds would result in a phenotype of sensory distress 
and discomfort more so than for responses to loud sounds. 
If the association observed in the present study is genuine, 
it might instead reflect difficulties filtering out soft sounds, 
perhaps related to misophonia (Williams et al., 2021c).

It also appears somewhat counterintuitive that autistic 
people—who experience greater sensory sensitivities than 
non-autistic people—would have greater ITPC of responses 
to 50 dB tones than non-autistic people, as we observed in 
our group comparisons, if reduced ITPC of such responses 
is indeed linked to heightened sensory sensitivity. In this 
light, it is important to note that there were no significant 
associations between loudness discomfort and ITPC in the 
60, 70, or 80 dB conditions, nor were there significant asso-
ciations between MADs of EEG responses and loudness 
discomfort in any intensity condition. Thus, a significant 
negative correlation between ITPC and loudness discom-
fort was observed in only one of the eight associations we 
examined, and this effect would not have survived a correc-
tion for multiple comparisons. We therefore find it difficult 
to be confident that either the ASD-TD group differences 
or the association between ITPC and loudness discomfort 
are real effects. Autistic experiences of sensory discomfort 
and overload might well reflect other mechanisms, such as 
heightened attentional vigilance, heightened susceptibility 
towards attentional capture, heightened emotional or auto-
nomic responses, or reduced habituation to repeated stimuli 
(Williams et al., 2021c).

Limitations

We believe that the present study has a number of strengths, 
particularly its large sample, the large number of trials 
obtained from each participant, and the rigorous data clean-
ing pipeline used to remove putatively non-neural, record-
ing-related noise that might confound inter-trial variability 
analyses. However, we do wish to draw readers’ attention to 
some limitations of our study.

First, the present study’s epochs (− 200 ms to 599 ms) 
are, while similar to or better than those of some prior stud-
ies of intra-individual neural noise in ASD, relatively short 
for time–frequency analyses on ITPC. Unfortunately, there is 
little temporal room to expand epochs, as the shortest inter-
stimulus intervals were only 1000 ms and as our independent 
components analysis requires a further lagged period (in this 
study, 300 ms, or through to 899 ms post-stimulus) for exam-
ining the covariance of signals. This reflects the fact that 
the present paradigm was designed with the requirements of 
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ERP analyses, not time–frequency analyses, in mind. How-
ever, the main effects of this reduced range are to limit our 
time–frequency resolution and to prevent us from examining 
frequencies below ~ 6 Hz. We do not believe these restric-
tions compromise our ability to achieve our aim, which is 
simply to search for overall group differences in inter-trial 
variability and “neural noise” rather than to isolate them to 
particular frequencies.

Second, the present study data were collected in a rela-
tively uncontrolled environment. Participants passively lis-
tened to auditory tones while watching a quiet video. The 
quiet video was not identical across participants, and in the 
absence of any clear task, different participants may have 
varied considerably in which aspects of their environments 
they attended to at any given moment, as well as any other 
thoughts or cognitive processes they may have been engag-
ing in. All of these factors could have contributed to and 
influenced the variability of the EEG signal across trials. 
However, the present study’s less controlled environment 
could also be seen as an advantage, insofar as real-world set-
tings outside the laboratory are often similarly uncontrolled.

Third, a large number of participants—particularly autis-
tic participants—were excluded from the present study due 
to poor-quality EEG data. Analyses in supplementary mate-
rials indicate that autistic participants who provided incom-
plete or otherwise poor-quality EEG data exhibited lower 
cognitive abilities, on average, than autistic participants 
who provided usable EEG data. While the present study’s 
diverse range of cognitive abilities ensures that participants 
with lower cognitive ability scores are nevertheless well-
represented, in contrast to much prior autism research that 
excludes participants with intellectual disabilities (Russell 
et al., 2019), it remains possible that autistic participants 
excluded from the study may have systematically differed 
from retained participants in other, unmeasured variables.

Fourth, our analyses did not control for sex, which dif-
fered across our diagnostic groups, although exploratory 
analyses of sex differences are presented in supplementary 
materials (Online Appendix B).

Finally, due to the young age of our participants, and 
their diverse cognitive and language abilities, we relied on 
a parent-report measure of sensory behaviour. Prior autism 
research indicates that parent reports are only moderately 
correlated with self-report sensory measures, and unlike 
self-reports, they fail to converge with changes in heart rate 
during noise exposure (Keith et al., 2019). This may reflect 
parents’ lack of direct access to their children’s internal, con-
scious experiences. In future research with young children, 
measures of physiological reactivity to sensory stimuli might 
provide an important complement to parent-report measures. 
Such measures could perhaps be collected in concert with 
structured observations of behavioural reactivity to stimuli.

Summary

The present study finds no statistically significant evidence 
to support the theory that autism is characterized by or asso-
ciated with elevated “neural noise” in the form of inter-trial 
variability of brain responses. On the contrary, the present 
study finds significantly greater ITPC in autistic partici-
pants in responses to softer 50 dB and 60 dB sounds, which 
could be interpreted as a sign of reduced neural noise in 
ASD. However, we believe it would be premature to sug-
gest that the theory that neural noise is reduced in ASD has 
any robust empirical support from the present study, insofar 
as there were no significant between-group differences in 
the majority of the inter-trial variability analyses included 
in this report. Furthermore, although we did observe a sig-
nificant association between heightened loudness discomfort 
and reduced phase coherence of responses to 50 dB tones 
in autistic participants, no significant correlations were 
detected in any other test we examined. Thus, we similarly 
believe it would be premature to suggest that subjective 
sensory sensitivity in autism is driven by elevated neural 
noise. We believe the most parsimonious interpretation of 
the present study results is that inter-trial variability of brain 
responses in ASD and TD is broadly comparable, and that 
such inter-trial variability has no consistent relationship with 
subjective sensory distress. Future research aiming to find 
evidence of elevated “neural noise” in autism might find 
it useful to consider examining ongoing, internal noise as 
manifested in experiences such as tinnitus and visual snow, 
as well as variability in the neural correlates of top-down, 
task-related processes, rather than inter-trial variability in 
responses to passively-presented external stimuli.

Supplementary Information The online version contains supplemen-
tary material available at https:// doi. org/ 10. 1007/ s10803- 022- 05797-4.

Acknowledgements We wish to gratefully acknowledge all of the chil-
dren and families who generously devoted considerable time and effort 
to participating in this large study, which included many other compo-
nents besides ERP data collection. We warmly acknowledge the MIND 
Institute APP implementation and assessment team for their neuropsy-
chological screening work and for coordinating the logistics of ERP 
appointments with participants’ families. We thank all of the research 
assistants and junior specialists for their help with EEG data collec-
tion and processing (including Sarah Abedi, Margarita Beransky, Cos-
tanza Columbi, Sam Cheyette, Sharon Corina, Tucker Fisher, Sevan K. 
Harootonian, David Horton, Ryan Hubbard, Anne Kalomiris, Sarabeth 
Maciey, Lindsey Marcelino, Joshua Martin, Saloni Mathur, Thomas 
McLennan, Tracy Riggins, and Ashley Stark). We also thank Manish 
Saggar and Iman Mohammadrezazadeh for software development, and 
Yukari Takarae and Rosanna De Meo-Monteil for scientific support. 
We thank Dr. Tal Kenet, of the Harvard Medical School Department 
of Pediatric Neurology, who provided the stimuli used in this study.

Author contributions CDS and SMR were responsible for designing 
the electrophysiological experiment that forms the basis of the present 
analysis. PD conducted the statistical analysis, except the Bayesian 
analysis, which was conducted by ZJW. SV contributed to EEG data 

https://doi.org/10.1007/s10803-022-05797-4


657Journal of Autism and Developmental Disorders (2024) 54:642–661 

1 3

processing. ZJW derived the SPHI and calculated SPHI scores. PD 
drafted the manuscript of the present study, which was read, edited, 
and approved by all authors.

Funding Funding was received from the MIND Institute, the UC Davis 
Deans’ Distinguished Graduate Fellowship, the NIH (Grant No. 1RO1 
MH089626), Robert Shoes Fund, Scott & Jennifer Fearon, NIDCD 
(Grant No. F30 DC019510), NIGMS (Grant No. T32 GM007347), 
Swiss National Science Foundation (Grant No. P2LAP3_164911), an 
Autism Center of Excellence grant awarded by the NICHD (Grant No. 
P50 HD093079), a Royal Arch Masons CAPD Fellowship awarded by 
Autism Speaks.

Declarations 

Conflict of interest ZJW has received consulting fees from Roche. He 
is also a Family Partner of the Autism Speaks Autism Care Network 
site at Vanderbilt University. ZJW and PD are members of the Autistic 
Researcher Review Board of the Autism Intervention Research Net-
work on Physical Health (AIR-P). The other authors have no relevant 
conflicts of interest to declare.

Ethical Approval This study was approved by the UC Davis Institu-
tional Review Board and all procedures were in accordance with the 
Declaration of Helsinki.

Informed Consent Parents or legal guardians of participants freely 
provided informed consent.

Open Access This article is licensed under a Creative Commons Attri-
bution 4.0 International License, which permits use, sharing, adapta-
tion, distribution and reproduction in any medium or format, as long 
as you give appropriate credit to the original author(s) and the source, 
provide a link to the Creative Commons licence, and indicate if changes 
were made. The images or other third party material in this article are 
included in the article's Creative Commons licence, unless indicated 
otherwise in a credit line to the material. If material is not included in 
the article's Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will 
need to obtain permission directly from the copyright holder. To view a 
copy of this licence, visit http:// creat iveco mmons. org/ licen ses/ by/4. 0/.

References

Achenbach, T. M., & Rescorla, L. A. (2000). Manual for the ASEBA 
preschool forms and profiles. University of Vermont.

Albrecht, M. A., Stuart, G. W., Falkmer, M., Ordqvist, A., Leung, D., 
Foster, J. K., & Falkmer, T. (2014). Brief report: Visual acuity 
in children with autism spectrum disorders. Journal of Autism 
and Developmental Disorders, 44, 2369–2374. https:// doi. org/ 
10. 1007/ s10803- 014- 2086-x

Al-Jawahiri, R., Jones, M., & Milne, E. (2019). Atypical neural vari-
ability in carriers of 16p11.2 copy number variants. Autism 
Research, 12(9), 1322–1333. https:// doi. org/ 10. 1002/ aur. 2166

Baranek, G. T. (1999). Autism during infancy: A retrospective video 
analysis of sensory-motor and social behaviors at 9–12 months 
of age. Journal of Autism and Developmental Disorders, 29(3), 
213–224. https:// doi. org/ 10. 1023/A: 10230 80005 650

Baranek, G. T., Woynaroski, T. G., Nowell, S., Turner-Brown, L., 
DuBay, M., Crais, E. R., & Watson, L. R. (2018). Cascading 
effects of attention disengagement and sensory seeking on social 
symptoms in a community sample of infants at-risk for a future 
diagnosis of autism spectrum disorder. Developmental Cognitive 

Neuroscience, 29, 30–40. https:// doi. org/ 10. 1016/j. dcn. 2017. 08. 
006

Belouchrani, A., Abed-Meraim, K., Cardoso, J.-F., & Moulines, E. 
(1997). A blind source separation technique using second-order 
statistics. IEEE Transactions on Signal Processing, 45(2), 434–
444. https:// doi. org/ 10. 1109/ 78. 554307

Ben-Sasson, A., Gal, E., Fluss, R., Katz-Zetler, N., & Cermak, S. 
A. (2019). Update of a meta-analysis of sensory symptoms in 
ASD: A new decade of research. Journal of Autism and Devel-
opmental Disorders, 49(12), 4974–4996. https:// doi. org/ 10. 1007/ 
s10803- 019- 04180-0

Berding, K., & Donovan, S. M. (2018). Diet can impact microbiota 
composition in children with autism spectrum disorder. Fron-
tiers in Neuroscience, 12, 515. https:// doi. org/ 10. 3389/ fnins. 
2018. 00515

Bock, R. D., & Mislevy, R. J. (1982). Adaptive EAP estimation of 
ability in a microcomputer environment. Applied Psychologi-
cal Measurement, 6(4), 431–444. https:// doi. org/ 10. 1177/ 01466 
21682 00600 405

Bölte, S., Schlitt, S., Gapp, V., Hainz, D., Schirman, S., Poustka, F., 
Weber, B., Freitag, C., Ciaramidaro, A., & Walter, H. (2012). A 
close eye on the eagle-eyed visual acuity hypothesis of autism. 
Journal of Autism & Developmental Disorders, 42, 726–733. 
https:// doi. org/ 10. 1007/ s10803- 011- 1300-3

Bozzi, Y., Provenzano, G., & Casarosa, S. (2018). Neurobiological 
bases of autism–epilepsy comorbidity: A focus on excitation/
inhibition imbalance. European Journal of Neuroscience, 47(6), 
534–548. https:// doi. org/ 10. 1111/ ejn. 13595

Brunet, D., Murray, M. M., & Michel, C. M. (2011). Spatiotemporal 
analysis of multichannel EEG: CARTOOL. Computational Intel-
ligence and Neuroscience, 2011, 813870. https:// doi. org/ 10. 1155/ 
2011/ 813870

Bury, S. M., Jellett, R., Spoor, J. R., & Hedley, D. (2020). “It defines 
who I am” or “it’s something I have”: What language do [autistic] 
Australian adults [on the autism spectrum] prefer? Journal of 
Autism and Developmental Disorders. https:// doi. org/ 10. 1007/ 
s10803- 020- 04425-3

Butler, J. S., Molholm, S., Andrade, G. N., & Foxe, J. J. (2017). An 
examination of the neural unreliability thesis of autism. Cerebral 
Cortex, 27, 185–200. https:// doi. org/ 10. 1093/ cercor/ bhw375

Canadian Centre for Occupational Health and Safety. (2019). Noise—
Basic information. Retrieved November 26, 2019, from https:// 
www. ccohs. ca/ oshan swers/ phys_ agents/ noise_ basic. html

Castro, A. C., & Monteiro, P. (2022). Auditory dysfunction in ani-
mal models of autism spectrum disorder. Frontiers in Molecular 
Neuroscience, 15, 845155. https:// doi. org/ 10. 3389/ fnmol. 2022. 
845155

Čeponiene, R., Lepistö, T., Alku, P., Aro, H., & Näätänen, R. (2003). 
Event-related potential indices of auditory vowel processing in 
3-year-old children. Clinical Neurophysiology, 114(4), 652–661. 
https:// doi. org/ 10. 1016/ S1388- 2457(02) 00436-4

ChristopherEdgar, J., Khan, S. Y., Blaskey, L., Chow, V. Y., Rey, M., 
Gaetz, W., Cannon, K. M., Monroe, J. F., Cornew, L., Qasmieh, 
S., Liu, S., Welsh, J. P., Levy, S. E., & Roberts, T. P. L. (2015). 
Neuromagnetic oscillations predict evoked-response latency 
delays and core language deficits in autism spectrum disorders. 
Journal of Autism and Developmental Disorders, 45(2), 395–
405. https:// doi. org/ 10. 1007/ s10803- 013- 1904-x

Cliff, N. (1993). Dominance statistics: Ordinal analyses to answer 
ordinal questions. Quantitative Methods in Psychology, 114(3), 
494–509. https:// doi. org/ 10. 1037/ 0033- 2909. 114.3. 494

Coch, D., Sanders, L. D., & Neville, H. J. (2005). An event-related 
potential study of selective auditory attention in children and 
adults. Journal of Cognitive Neuroscience, 17(4), 605–622. 
https:// doi. org/ 10. 1162/ 08989 29053 467631

http://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1007/s10803-014-2086-x
https://doi.org/10.1007/s10803-014-2086-x
https://doi.org/10.1002/aur.2166
https://doi.org/10.1023/A:1023080005650
https://doi.org/10.1016/j.dcn.2017.08.006
https://doi.org/10.1016/j.dcn.2017.08.006
https://doi.org/10.1109/78.554307
https://doi.org/10.1007/s10803-019-04180-0
https://doi.org/10.1007/s10803-019-04180-0
https://doi.org/10.3389/fnins.2018.00515
https://doi.org/10.3389/fnins.2018.00515
https://doi.org/10.1177/014662168200600405
https://doi.org/10.1177/014662168200600405
https://doi.org/10.1007/s10803-011-1300-3
https://doi.org/10.1111/ejn.13595
https://doi.org/10.1155/2011/813870
https://doi.org/10.1155/2011/813870
https://doi.org/10.1007/s10803-020-04425-3
https://doi.org/10.1007/s10803-020-04425-3
https://doi.org/10.1093/cercor/bhw375
https://www.ccohs.ca/oshanswers/phys_agents/noise_basic.html
https://www.ccohs.ca/oshanswers/phys_agents/noise_basic.html
https://doi.org/10.3389/fnmol.2022.845155
https://doi.org/10.3389/fnmol.2022.845155
https://doi.org/10.1016/S1388-2457(02)00436-4
https://doi.org/10.1007/s10803-013-1904-x
https://doi.org/10.1037/0033-2909.114.3.494
https://doi.org/10.1162/0898929053467631


658 Journal of Autism and Developmental Disorders (2024) 54:642–661

1 3

Damiano-Goodwin, C. R., Woynaroski, T. G., Simon, D. M., Ibañez, 
L. V., Murias, M., Kirby, A., Newsom, C. R., Wallace, M. T., 
Stone, W. L., & Cascio, C. J. (2018). Developmental sequelae 
and neurophysiologic substrates of sensory seeking in infant sib-
lings of children with autism spectrum disorder. Developmental 
Cognitive Neuroscience, 29, 41–53. https:// doi. org/ 10. 1016/j. 
dcn. 2017. 08. 005

Danesh, A. A., Lang, D., Kaf, W., Andreassen, W. D., Scott, J., & 
Eshraghi, A. A. (2015). Tinnitus and hyperacusis in autism spec-
trum disorders with emphasis on high functioning individuals 
diagnosed with Asperger’s Syndrome. International Journal of 
Pediatric Otorhinolaryngology, 79(10), 1683–1688. https:// doi. 
org/ 10. 1016/j. ijporl. 2015. 07. 024

Davis, G., & Plaisted-Grant, K. (2015). Low endogenous neural noise 
in autism. Autism, 19(3), 351–362. https:// doi. org/ 10. 1177/ 13623 
61314 552198

De Meo-Monteil, R., Nordahl, C. W., Amaral, D. G., Rogers, S. J., 
Harootonian, S. K., Martin, J., Rivera, S. M., & Saron, C. D. 
(2019). Differential altered auditory event-related potential 
responses in young boys on the autism spectrum with and with-
out disproportionate megalencephaly. Autism Research, 12(8), 
1236–1250. https:// doi. org/ 10. 1002/ aur. 2137

Delorme, A., & Makeig, S. (2004). EEGLAB: An open source toolbox 
for analysis of single-trial EEG dynamics including independent 
component analysis. Journal of Neuroscience Methods, 134(1), 
9–21. https:// doi. org/ 10. 1016/j. jneum eth. 2003. 10. 009

Delorme, A., Miyakoshi, M., Jung, T.-P., & Makeig, S. (2015). Grand 
average ERP-image plotting and statistics: A method for compar-
ing variability in event-related single-trial EEG activities across 
subjects and conditions. Journal of Neuroscience Methods, 250, 
3–6. https:// doi. org/ 10. 1016/j. jneum eth. 2014. 10. 003

Dickinson, A., Jones, M., & Milne, E. (2016). Measuring neural exci-
tation and inhibition in autism: Different approaches, different 
findings and different interpretations. Brain Research, 1648, 
277–289. https:// doi. org/ 10. 1016/j. brain res. 2016. 07. 011

Dinstein, I., Heeger, D. J., Lorenzi, L., Minshew, N. J., Malach, R., & 
Behrmann, M. (2012). Unreliable evoked responses in autism. 
Neuron, 75(6), 981–991. https:// doi. org/ 10. 1016/j. neuron. 2012. 
07. 026

DiStefano, C., Dickinson, A., Baker, E., & Jeste, S. S. (2019). EEG data 
collection in children with ASD: The role of state in data quality 
and spectral power. Research in Autism Spectrum Disorders, 57, 
132–144. https:// doi. org/ 10. 1016/j. rasd. 2018. 10. 001

Donkers, F. C. L., Schipul, S. E., Baranek, G. T., Cleary, K. M., Wil-
loughby, M. T., Evans, A. M., Bulluck, J. C., Lovmo, J. E., & Bel-
ger, A. (2015). Attenuated auditory event-related potentials and 
associations with atypical sensory response patterns in children 
with autism. Journal of Autism and Developmental Disorders, 
45(2), 506–523. https:// doi. org/ 10. 1007/ s10803- 013- 1948-y

Dwyer, P., De Meo-Monteil, R., Saron, C. D., & Rivera, S. M. (2021a). 
Effects of age on loudness-dependent auditory ERPs in young 
autistic and typically-developing children. Neuropsychologia, 
156, 107837. https:// doi. org/ 10. 1016/j. neuro psych ologia. 2021a. 
107837

Dwyer, P., Ryan, J. G., Williams, Z. J., & Gassner, D. L. (2022). First 
do no harm: Suggestions regarding respectful autism language. 
Pediatrics, 149(s4), e2020049437N. https:// doi. org/ 10. 1542/ 
peds. 2020- 04943 7N

Dwyer, P., Wang, X., De Meo-Monteil, R., Hsieh, F., Saron, C. D., & 
Rivera, S. M. (2021b). Using clustering to examine inter-indi-
vidual variability in topography of auditory event-related poten-
tials in autism and typical development. Brain Topography, 34, 
681–697. https:// doi. org/ 10. 1007/ s10548- 021- 00863-z

Edmondson, D. A., Xia, P., McNally Keehn, R., Dydak, U., & Keehn, 
B. (2020). A magnetic resonance spectroscopy study of superior 

visual search abilities in children with autism spectrum disorder. 
Advance online publication. https:// doi. org/ 10. 1002/ aur. 2258

Filice, F., Vörckel, K. J., Sungur, A. Ö., Wöhr, M., & Schwaller, B. 
(2016). Reduction in parvalbumin expression not loss of the 
parvalbumin-expressing GABA interneuron subpopulation in 
genetic parvalbumin and shank mouse models of autism. Molecu-
lar Brain, 9, 10. https:// doi. org/ 10. 1186/ s13041- 016- 0192-8

Fung, L. K., Flores, R. E., Gu, M., Sun, K. L., James, D., Schuck, 
R. K., Jo, B., Park, J. H., Lee, B. C., Jung, J. H., Kim, S. E., 
Saggar, M., Sacchet, M. D., Warnock, G., Khalighi, M. M., 
Spielman, D., Chin, F. T., & Hardan, A. Y. (2020). Thalamic 
and prefrontal GABA concentrations but not GABA A recep-
tor densities are altered in high-functioning adults with autism 
spectrum disorder. Molecular Psychiatry. https:// doi. org/ 10. 
1038/ s41380- 020- 0756-y

Gernsbacher, M. A. (2017). Editorial perspective: The use of person-
first language in scholarly writing may accentuate stigma. Jour-
nal of Child Psychology and Psychiatry and Allied Disciplines, 
58(7), 859–861. https:// doi. org/ 10. 1111/ jcpp. 12706

Grandin, T. (1992). An inside view of autism. In E. Schopler & G. B. 
Mesibov (Eds.), High-functioning individuals with autism (pp. 
105–126). Plenum Press.

Grandin, T., & Panek, M. (2014). The autistic brain: Helping different 
kinds of minds succeed. Mariner Books.

Green, S. A., Ben-Sasson, A., Soto, T. W., & Carter, A. S. (2012). 
Anxiety and sensory over-responsivity in toddlers with autism 
spectrum disorders: Bidirectional effects across time. Journal of 
Autism & Developmental Disorders, 42(6), 1112–1119. https:// 
doi. org/ 10. 1007/ s10803- 011- 1361-3

Green, S. A., Hernandez, L. M., Bowman, H. C., Bookheimer, S. Y., & 
Dapretto, M. (2018). Sensory over-responsivity and social cogni-
tion in ASD: Effects of aversive sensory stimuli and attentional 
modulation on neural responses to social cues. Developmental 
Cognitive Neuroscience, 29, 127–139. https:// doi. org/ 10. 1016/j. 
dcn. 2017. 02. 005

Grzadzinski, R., Donovan, K., Truong, K., Nowell, S., Lee, H., Sideris, 
J., Turner-Brown, L., Baranek, G. T., & Watson, L. R. (2020). 
Sensory reactivity at 1 and 2 years old is associated with ASD 
severity during the preschool years. Journal of Autism and Devel-
opmental Disorders, 50, 3895–3904. https:// doi. org/ 10. 1007/ 
s10803- 020- 04432-4

Haigh, S. M. (2018). Variable sensory perception in autism. European 
Journal of Neuroscience, 47, 602–609. https:// doi. org/ 10. 1111/ 
ejn. 13601

Ismael, N., Lawson, L. M., & Hartwell, J. (2018). Relationship between 
sensory processing and participation in daily occupations for 
children with autism spectrum disorder: A systematic review of 
studies that used Dunn’s sensory processing framework. Ameri-
can Journal of Occupational Therapy, 72(3), 7203205030. 
https:// doi. org/ 10. 5014/ ajot. 2018. 024075

Jones, R. S. P., Quigney, C., & Huws, J. C. (2003). First-hand accounts 
of sensory perceptual experiences in autism: A qualitative analy-
sis. Journal of Intellectual and Developmental Disability, 28(2), 
112–121. https:// doi. org/ 10. 1080/ 13668 25031 00014 7058

Karns, C. M., Isbell, E., Giuliano, R. J., & Neville, H. J. (2015). Audi-
tory attention in childhood and adolescence: An event-related 
potential study of spatial selective attention to one of two simul-
taneous stories. Developmental Cognitive Neuroscience, 13, 
53–67. https:// doi. org/ 10. 1016/j. dcn. 2015. 03. 001

Keith, J. M., Jamieson, J. P., & Bennetto, L. (2019). The importance of 
adolescent self-report in autism spectrum disorder: Integration 
of questionnaire and autonomic measures. Journal of Abnor-
mal Child Psychology, 47, 741–754. https:// doi. org/ 10. 1007/ 
s10802- 018- 0455-1

Kenny, L., Hattersley, C., Molins, B., Buckley, C., Povey, C., & Pelli-
cano, E. (2016). Which terms should be used to describe autism? 

https://doi.org/10.1016/j.dcn.2017.08.005
https://doi.org/10.1016/j.dcn.2017.08.005
https://doi.org/10.1016/j.ijporl.2015.07.024
https://doi.org/10.1016/j.ijporl.2015.07.024
https://doi.org/10.1177/1362361314552198
https://doi.org/10.1177/1362361314552198
https://doi.org/10.1002/aur.2137
https://doi.org/10.1016/j.jneumeth.2003.10.009
https://doi.org/10.1016/j.jneumeth.2014.10.003
https://doi.org/10.1016/j.brainres.2016.07.011
https://doi.org/10.1016/j.neuron.2012.07.026
https://doi.org/10.1016/j.neuron.2012.07.026
https://doi.org/10.1016/j.rasd.2018.10.001
https://doi.org/10.1007/s10803-013-1948-y
https://doi.org/10.1016/j.neuropsychologia.2021a.107837
https://doi.org/10.1016/j.neuropsychologia.2021a.107837
https://doi.org/10.1542/peds.2020-049437N
https://doi.org/10.1542/peds.2020-049437N
https://doi.org/10.1007/s10548-021-00863-z
https://doi.org/10.1002/aur.2258
https://doi.org/10.1186/s13041-016-0192-8
https://doi.org/10.1038/s41380-020-0756-y
https://doi.org/10.1038/s41380-020-0756-y
https://doi.org/10.1111/jcpp.12706
https://doi.org/10.1007/s10803-011-1361-3
https://doi.org/10.1007/s10803-011-1361-3
https://doi.org/10.1016/j.dcn.2017.02.005
https://doi.org/10.1016/j.dcn.2017.02.005
https://doi.org/10.1007/s10803-020-04432-4
https://doi.org/10.1007/s10803-020-04432-4
https://doi.org/10.1111/ejn.13601
https://doi.org/10.1111/ejn.13601
https://doi.org/10.5014/ajot.2018.024075
https://doi.org/10.1080/1366825031000147058
https://doi.org/10.1016/j.dcn.2015.03.001
https://doi.org/10.1007/s10802-018-0455-1
https://doi.org/10.1007/s10802-018-0455-1


659Journal of Autism and Developmental Disorders (2024) 54:642–661 

1 3

Perspectives from the UK autism community. Autism, 20(4), 
442–462. https:// doi. org/ 10. 1177/ 13623 61315 588200

Kirby, A. V., Dickie, V. A., & Baranek, G. T. (2015). Sensory experi-
ences of children with autism spectrum disorder: In their own 
words. Autism, 19(3), 316–326. https:// doi. org/ 10. 1177/ 13623 
61314 520756

Kolesnik, A., Ali, J. B., Gliga, T., Guiraud, J., Charman, T., & Jones, 
E. J. H. (2019). Increased cortical reactivity to repeated tones at 
8 months in infants with later ASD. Translational Psychiatry, 9, 
46. https:// doi. org/ 10. 1038/ s41398- 019- 0393-x

Kolodny, T., Schallmo, M.-P., Gerdts, J., Edden, R. A. E., Bernier, R. 
A., & Murray, S. O. (2020). Concentrations of cortical GABA 
and glutamate in young adults with autism spectrum disorder. 
Autism Research, 13(7), 1111–1129. https:// doi. org/ 10. 1002/ 
aur. 2300

Kovarski, K., Malvy, J., Khanna, R. K., Arsène, S., Batty, M., & Lati-
nus, M. (2019). Reduced visual evoked potential amplitude in 
autism spectrum disorder, a variability effect? Translational 
Psychiatry, 9, 341. https:// doi. org/ 10. 1038/ s41398- 019- 0672-6

Latinus, M., Mofid, Y., Kovarski, K., Charpentier, J., Batty, M., & 
Bonnet-Brilhault, F. (2019). Atypical sound perception in ASD 
explained by inter-trial (in)consistency in EEG. Frontiers in 
Psychology, 10, 1177. https:// doi. org/ 10. 3389/ fpsyg. 2019. 01177

Libero, L. E., Nordahl, C. W., Li, D. D., Ferrer, E., Rogers, S. J., & 
Amaral, D. G. (2016). Persistence of megalencephaly in a sub-
group of young boys with autism spectrum disorder. Autism 
Research, 9(11), 1169–1182. https:// doi. org/ 10. 1002/ aur. 1643

Lin, L.-Y., & Huang, P.-C. (2019). Quality of life and its related fac-
tors for adults with autism spectrum disorder. Disability and 
Rehabilitation, 41(8), 896–903. https:// doi. org/ 10. 1080/ 09638 
288. 2017. 14148 87

Little, L. M., Ausderau, K., Sideris, J., & Baranek, G. T. (2015). 
Activity participation and sensory features among children with 
autism spectrum disorders. Journal of Autism and Develop-
mental Disorders, 45(9), 2981–2990. https:// doi. org/ 10. 1007/ 
s10803- 015- 2460-3

Lopez-Calderon, J., & Luck, S. J. (2014). ERPLAB: An open-source 
toolbox for the analysis of event-related potentials. Frontiers in 
Human Neuroscience, 8, 213. https:// doi. org/ 10. 3389/ fnhum. 
2014. 00213

Lord, C., Risi, S., Lambrecht, L., Cook, E. H., Jr., Leventhal, B. L., 
DiLavore, P. C., Pickles, A., & Rutter, M. (2000). The autism 
diagnostic observation schedule—Generic: A standard measure 
of social and communication deficits associated with the spec-
trum of autism. Journal of Autism and Developmental Disorders, 
30(3), 205–223. https:// doi. org/ 10. 1023/A: 10055 92401 947

Lord, C., Rutter, M., & Le Couteur, A. (1994). Autism diagnostic inter-
view-revised: A revised version of a diagnostic interview for 
caregivers of individuals with possible pervasive developmen-
tal disorders. Journal of Autism and Developmental Disorders, 
24(5), 659–685. https:// doi. org/ 10. 1007/ BF021 72145

Luck, S. J. (2014a). An introduction to the event-related potential tech-
nique (2nd ed.). MIT Press.

Luck, S. J. (2014b). Chapter 6 supplement: A closer look at ICA-based 
artifact correction. In S. J. Luck (Ed.), An introduction to the 
event-related potential technique (2nd ed.). MIT Press.

MacLennan, K., Brien, S. O., & Tavassoli, T. (2021). In our own words: 
The complex sensory experiences of autistic adults. Journal of 
Autism and Developmental Disorders. https:// doi. org/ 10. 1007/ 
s10803- 021- 05186-3

Maier, S., Düppers, A. L., Runge, K., Dacko, M., Lange, T., Fangmeier, 
T., Riedel, A., Ebert, D., Endres, D., Domschke, K., Perlov, E., 
Nickel, K., & Tebartz van Elst, L. (2022). Increased prefrontal 
GABA concentrations in adults with autism spectrum disorders. 
Advance online publication. https:// doi. org/ 10. 1002/ aur. 2740

Maris, E., & Oostenveld, R. (2007). Nonparametric statistical testing of 
EEG- and MEG-data. Journal of Neuroscience Methods, 164(1), 
177–190. https:// doi. org/ 10. 1016/j. jneum eth. 2007. 03. 024

McConachie, H., Wilson, C., Mason, D., Garland, D., Parr, J. R., Rat-
tazzi, A., Rodgers, J., Skevington, S., Uljarevic, M., & Magiati, 
I. (2019). What is important in measuring quality of life? Reflec-
tions by autistic adults in four countries. Autism in Adulthood. 
https:// doi. org/ 10. 1089/ aut. 2019. 0008

McIntosh, D. N., Miller, L. J., & Shyu, V. (1999). Development and 
validation of the Short Sensory Profile. In W. Dunn (Ed.), 
Sensory profile: User’s manual (pp. 59–73). Psychological 
Corporation.

Milne, E. (2011). Increased intra-participant variability in children with 
autistic spectrum disorders: Evidence from single-trial analysis 
of evoked EEG. Frontiers in Psychology, 2, 51. https:// doi. org/ 
10. 3389/ fpsyg. 2011. 00051

Mottron, L., Dawson, M., Soulières, I., Hubert, B., & Burack, J. (2006). 
Enhanced perceptual functioning in autism: An update, and 
eight principles of autistic perception. Journal of Autism and 
Developmental Disorders, 36(1), 27–43. https:// doi. org/ 10. 1007/ 
s10803- 005- 0040-7

Mullen, E. M. (1995). Mullen scales of early learning (AGS). Ameri-
can Guidance Service.

Nordahl, C. W., Lange, N., Li, D. D., Barnett, L. A., Lee, A., Buono-
core, M. H., Simon, T. J., Rogers, S., Ozonoff, S., & Amaral, D. 
G. (2011). Brain enlargement is associated with regression in 
preschool-age boys with autism spectrum disorders. Proceedings 
of the National Academy of Sciences, 108(50), 20195–20200. 
https:// doi. org/ 10. 1073/ pnas. 11075 60108

O’Neill, M., & Jones, R. S. P. (1997). Sensory-perceptual abnormali-
ties in autism: A case for more research? Journal of Autism 
and Developmental Disorders, 27, 283–293. https:// doi. org/ 10. 
1023/A: 10258 50431 170

Occupational Health and Safety Administration. (2022). Section III, 
Chapter 5. In OSHA Technical Manual (OTM). Washington, DC: 
United States Department of Labor. Retrieved July 6, 2022, from 
https:// www. osha. gov/ otm/ secti on-3- health- hazar ds/ chapt er-5# 
basic

Oostenveld, R., Fries, P., Maris, E., & Schoffelen, J. M. (2011). 
FieldTrip: Open source software for advanced analysis of MEG, 
EEG, and invasive electrophysiological data. Computational 
Intelligence and Neuroscience, 2011, 156869. https:// doi. org/ 
10. 1155/ 2011/ 156869

Pearsons, K. S., Bennett, R. L., Fidell, S. (1977). Speech levels in vari-
ous noise environments (EPA-600/1-77-025). Washington: Office 
of Health and Ecological Effects, Office of Research and Devel-
opment, US Environmental Protection Agency

Perrin, F., Pernier, J., Bertrand, O., & Echallier, J. F. (1989). Spherical 
splines for scalp potential and current density mapping. Electro-
encephalography and Clinical Neurophysiology, 72(2), 184–187. 
https:// doi. org/ 10. 1016/ 0013- 4694(89) 90180-6

Piccardi, E. S., Begum Ali, J., Jones, E. J. H., Mason, L., Charman, 
T., Johnson, M. H., & Gliga, T. (2021). Behavioural and neu-
ral markers of tactile sensory processing in infants at elevated 
likelihood of autism spectrum disorder and/or attention deficit 
hyperactivity disorder. Journal of Neurodevelopmental Disor-
ders, 13(1), 1. https:// doi. org/ 10. 1186/ s11689- 020- 09334-1

Polich, J. (2011). Neuropsychology of P300. In E. S. Kappenman & S. 
J. Luck (Eds.), The Oxford handbook of event-related potential 
components. Oxford University Press. https:// doi. org/ 10. 1093/ 
oxfor dhb/ 97801 95374 148. 013. 0089

Ponton, C., Eggermont, J., Khosla, D., Kwong, B., & Don, M. 
(2002). Maturation of human central auditory system activ-
ity: Separating auditory evoked potentials by dipole source 
modeling. Clinical Neurophysiology, 113, 407–420. https:// 
doi. org/ 10. 1016/ S1388- 2457(01) 00733-7

https://doi.org/10.1177/1362361315588200
https://doi.org/10.1177/1362361314520756
https://doi.org/10.1177/1362361314520756
https://doi.org/10.1038/s41398-019-0393-x
https://doi.org/10.1002/aur.2300
https://doi.org/10.1002/aur.2300
https://doi.org/10.1038/s41398-019-0672-6
https://doi.org/10.3389/fpsyg.2019.01177
https://doi.org/10.1002/aur.1643
https://doi.org/10.1080/09638288.2017.1414887
https://doi.org/10.1080/09638288.2017.1414887
https://doi.org/10.1007/s10803-015-2460-3
https://doi.org/10.1007/s10803-015-2460-3
https://doi.org/10.3389/fnhum.2014.00213
https://doi.org/10.3389/fnhum.2014.00213
https://doi.org/10.1023/A:1005592401947
https://doi.org/10.1007/BF02172145
https://doi.org/10.1007/s10803-021-05186-3
https://doi.org/10.1007/s10803-021-05186-3
https://doi.org/10.1002/aur.2740
https://doi.org/10.1016/j.jneumeth.2007.03.024
https://doi.org/10.1089/aut.2019.0008
https://doi.org/10.3389/fpsyg.2011.00051
https://doi.org/10.3389/fpsyg.2011.00051
https://doi.org/10.1007/s10803-005-0040-7
https://doi.org/10.1007/s10803-005-0040-7
https://doi.org/10.1073/pnas.1107560108
https://doi.org/10.1023/A:1025850431170
https://doi.org/10.1023/A:1025850431170
https://www.osha.gov/otm/section-3-health-hazards/chapter-5#basic
https://www.osha.gov/otm/section-3-health-hazards/chapter-5#basic
https://doi.org/10.1155/2011/156869
https://doi.org/10.1155/2011/156869
https://doi.org/10.1016/0013-4694(89)90180-6
https://doi.org/10.1186/s11689-020-09334-1
https://doi.org/10.1093/oxfordhb/9780195374148.013.0089
https://doi.org/10.1093/oxfordhb/9780195374148.013.0089
https://doi.org/10.1016/S1388-2457(01)00733-7
https://doi.org/10.1016/S1388-2457(01)00733-7


660 Journal of Autism and Developmental Disorders (2024) 54:642–661

1 3

Puts, N. A. J., Wodka, E. L., Harris, A. D., Crocetti, D., Tommerdahl, 
M., Mostofsky, S. H., & Edden, R. A. E. (2017). Reduced 
GABA and altered somatosensory function in children with 
autism spectrum disorder. Autism Research, 10(4), 608–619. 
https:// doi. org/ 10. 1002/ aur. 1691

Randeniya, R., Mattingley, J. B., & Garrido, M. I. (2022). Increased 
context adjustment is associated with auditory sensitivities 
but not with autistic traits. Autism Research. https:// doi. org/ 
10. 1002/ aur. 2759

Robertson, A. E., & Simmons, D. R. (2015). The sensory experi-
ences of adults with autism spectrum disorder: A qualitative 
analysis. Perception, 44(5), 569–586. https:// doi. org/ 10. 1068/ 
p7833

Rogers, S. J., & Ozonoff, S. (2005). What do we know about sen-
sory dysfunction in autism? A critical review of the empirical 
evidence. Journal of Child Psychology and Psychiatry, 46(12), 
1255–1268. https:// doi. org/ 10. 1111/j. 1469- 7610. 2005. 01431.x

Rubenstein, J. L. R., & Merzenich, M. M. (2003). Model of autism: 
Increased ratio of excitation/inhibition in key neural systems. 
Brain, 2(5), 255–267. https:// doi. org/ 10. 1046/j. 1601- 183X. 2003. 
00037.x

Russell, G., Mandy, W., Elliott, D., White, R., Pittwood, T., & Ford, T. 
(2019). Selection bias on intellectual ability in autism research: 
A cross-sectional review and meta-analysis. Molecular Autism, 
10, 9. https:// doi. org/ 10. 1186/ s13229- 019- 0260-x

Saggar, M., King, B. G., Zanesco, A. P., Maclean, K. A., Aichele, S. 
R., Jacobs, T. L., Bridwell, D. A., Shaver, P. R., Rosenberg, E. 
L., Sahdra, B. K., Ferrer, E., Tang, A. C., Mangun, G. R., Wal-
lace, B. A., Miikkulainen, R., & Saron, C. D. (2012). Intensive 
training induces longitudinal changes in meditation state-related 
EEG oscillatory activity. Frontiers in Human Neuroscience, 6, 
256. https:// doi. org/ 10. 3389/ fnhum. 2012. 00256

Sapey-Triomphe, L.-A., Lamberton, F., Sonié, S., Mattout, J., & 
Schmitz, C. (2019). Tactile hypersensitivity and GABA concen-
tration in the sensorimotor cortex of adults with autism. Autism 
Research, 12(4), 562–575. https:// doi. org/ 10. 1002/ aur. 2073

Sassenhagen, J., & Draschkow, D. (2019). Cluster-based permutation 
tests of MEG/EEG data do not establish significance of effect 
latency or location. Psychophysiology, 56(6), e13335. https:// 
doi. org/ 10. 1111/ psyp. 13335

Schadow, J., Lenz, D., Thaerig, S., Busch, N., Fründ, I., & Herrmann, 
C. (2007). Stimulus intensity affects early sensory processing: 
Sound intensity modulates auditory evoked gamma-band activ-
ity in human EEG. International Journal of Psychophysiology, 
65(2), 152–161. https:// doi. org/ 10. 1016/j. ijpsy cho. 2007. 04. 006

Shafer, V. L., Yu, Y. H., & Wagner, M. (2015). Maturation of corti-
cal auditory evoked potentials (CAEPs) to speech recorded from 
frontocentral and temporal sites: Three months to eight years of 
age. International Journal of Psychophysiology, 95(2), 77–93. 
https:// doi. org/ 10. 1016/j. ijpsy cho. 2014. 08. 1390

Sierra-Arregui, T., Llorente, J., Giménez Minguez, P., Tønnesen, J., & 
Peñagarikano, O. (2020). Neurobiological mechanisms of autism 
spectrum disorder and epilepsy, insights from animal models. 
Neuroscience, 445, 69–82. https:// doi. org/ 10. 1016/j. neuro scien 
ce. 2020. 02. 043

Simmons, D. R., Robertson, A. E., McKay, L. S., Toal, E., McAleer, 
P., & Pollick, F. E. (2009). Vision in autism spectrum disorders. 
Vision Research, 49(22), 2705–2739. https:// doi. org/ 10. 1016/j. 
visres. 2009. 08. 005

Smith, R. S., & Sharp, J. (2013). Fascination and isolation: A 
grounded theory exploration of unusual sensory experiences in 
adults with Asperger syndrome. Journal of Autism and Devel-
opmental Disorders, 43(4), 891–910. https:// doi. org/ 10. 1007/ 
s10803- 012- 1633-6

Sohal, V. S., & Rubenstein, J. L. R. (2019). Excitation-inhibition 
balance as a framework for investigating mechanisms in 

neuropsychiatric disorders. Molecular Psychiatry, 24, 1248–
1257. https:// doi. org/ 10. 1038/ s41380- 019- 0426-0

Sparrow, S. S., Cichetti, D. V., & Balla, D. A. (2005). Vineland adap-
tive behavior scales (2nd ed.). NCS Pearson.

Tang, A. C., Sutherland, M. T., & McKinney, C. J. (2005). Valida-
tion of SOBI components from high-density EEG. NeuroImage, 
25(2), 539–553. https:// doi. org/ 10. 1016/j. neuro image. 2004. 11. 
027

Tavassoli, T., Latham, K., Bach, M., Dakin, S. C., & Baron-Cohen, S. 
(2011). Psychophysical measures of visual acuity in autism spec-
trum conditions. Vision Research, 51(15), 1778–1780. https:// 
doi. org/ 10. 1016/j. visres. 2011. 06. 004

Tzischinsky, O., Meiri, G., Manelis, L., Bar-Sinai, A., Flusser, H., 
Michaelovski, A., Zivan, O., Ilan, M., Faroy, M., Menashe, I., 
& Dinstein, I. (2018). Sleep disturbances are associated with 
specific sensory sensitivities in children with autism. Molecular 
Autism, 9(1), 22. https:// doi. org/ 10. 1186/ s13229- 018- 0206-8

Umesawa, Y., Matsushima, K., Atsumi, T., Kato, T., Fukatsu, R., Wada, 
M., & Ide, M. (2020). Altered GABA concentration in brain 
motor area is associated with the severity of motor disabilities 
in individuals with autism spectrum disorder. Journal of Autism 
and Developmental Disorders, 50, 2710–2722. https:// doi. org/ 
10. 1007/ s10803- 020- 04382-x

Van der Hallen, R., Evers, K., Brewaeys, K., Van den Noortgate, W., 
& Wagemans, J. (2015). Global processing takes time: A meta-
analysis on local-global visual processing in ASD. Psychological 
Bulletin, 141(3), 549–573. https:// doi. org/ 10. 1037/ bul00 00004

Van Diepen, R. M., & Mazaheri, A. (2018). The caveats of observing 
inter-trial phase-coherence in cognitive neuroscience. Scientific 
Reports, 8, 2990. https:// doi. org/ 10. 1038/ s41598- 018- 20423-z

Ward, J. (2018). Individual differences in sensory sensitivity: A synthe-
sising framework and evidence from normal variation and devel-
opmental conditions. Cognitive Neuroscience, 10(3), 139–157. 
https:// doi. org/ 10. 1080/ 17588 928. 2018. 15571 31

Willey, L. H. (1999). Pretending to be normal: Living with Asperger’s 
syndrome. Jessica Kingsley.

Williams, Z. J., Feldman, J. I., Dunham, K., Suzman, E., Liu, Y., Davis, 
S. L., Mash, L. E., Heflin, B., Schauder, K. B., Foss-Feig, J., 
Cascio, C. J., & Woynaroski, T. G. (2020). The measurement and 
clinical correlates of decreased sound tolerance (hyperacusis) 
in autism spectrum disorder. Poster presentation accepted by the 
Gatlinburg Conference; cancelled due to COVID-19.

Williams, Z. J. (2022). Clinical features and correlates of hyperacusis 
in verbally fluent autistic adults from the SPARK cohort. Pres-
entation at the 29th Annual Management of the Tinnitus and 
Hyperacusis Patient Conference, Iowa City, IA, USA. https:// 
doi. org/ 10. 13140/ RG.2. 2. 18733. 97765

Williams, D. (1992). Nobody nowhere: The extraordinary biography 
of an autistic. Times Books.

Williams, K. L., Campi, E., & Baranek, G. T. (2021a). Associations 
among sensory hyperresponsiveness, restricted and repetitive 
behaviors, and anxiety in autism: An integrated systematic 
review. Research in Autism Spectrum Disorders, 83, 101763. 
https:// doi. org/ 10. 1016/j. rasd. 2021. 101763

Williams, Z. J., Abdelmessih, P. G., Key, A. P., & Woynaroski, T. G. 
(2021b). Cortical auditory processing of simple stimuli is altered 
in autism: A meta-analysis of auditory evoked responses. Bio-
logical Psychiatry: Cognitive Neuroscience and Neuroimaging, 
6(8), 767–781. https:// doi. org/ 10. 1016/j. bpsc. 2020. 09. 011

Williams, Z. J., Failla, M. D., Gotham, K. O., Woynaroski, T. G., & 
Cascio, C. (2018). Psychometric evaluation of the short sensory 
profile in youth with autism spectrum disorder. Journal of Autism 
and Developmental Disorders, 48(12), 4231–4249. https:// doi. 
org/ 10. 1007/ s10803- 018- 3678-7

Williams, Z. J., He, J. L., Cascio, C. J., & Woynaroski, T. G. (2021c). 
A review of decreased sound tolerance in autism: Definitions, 

https://doi.org/10.1002/aur.1691
https://doi.org/10.1002/aur.2759
https://doi.org/10.1002/aur.2759
https://doi.org/10.1068/p7833
https://doi.org/10.1068/p7833
https://doi.org/10.1111/j.1469-7610.2005.01431.x
https://doi.org/10.1046/j.1601-183X.2003.00037.x
https://doi.org/10.1046/j.1601-183X.2003.00037.x
https://doi.org/10.1186/s13229-019-0260-x
https://doi.org/10.3389/fnhum.2012.00256
https://doi.org/10.1002/aur.2073
https://doi.org/10.1111/psyp.13335
https://doi.org/10.1111/psyp.13335
https://doi.org/10.1016/j.ijpsycho.2007.04.006
https://doi.org/10.1016/j.ijpsycho.2014.08.1390
https://doi.org/10.1016/j.neuroscience.2020.02.043
https://doi.org/10.1016/j.neuroscience.2020.02.043
https://doi.org/10.1016/j.visres.2009.08.005
https://doi.org/10.1016/j.visres.2009.08.005
https://doi.org/10.1007/s10803-012-1633-6
https://doi.org/10.1007/s10803-012-1633-6
https://doi.org/10.1038/s41380-019-0426-0
https://doi.org/10.1016/j.neuroimage.2004.11.027
https://doi.org/10.1016/j.neuroimage.2004.11.027
https://doi.org/10.1016/j.visres.2011.06.004
https://doi.org/10.1016/j.visres.2011.06.004
https://doi.org/10.1186/s13229-018-0206-8
https://doi.org/10.1007/s10803-020-04382-x
https://doi.org/10.1007/s10803-020-04382-x
https://doi.org/10.1037/bul0000004
https://doi.org/10.1038/s41598-018-20423-z
https://doi.org/10.1080/17588928.2018.1557131
https://doi.org/10.13140/RG.2.2.18733.97765
https://doi.org/10.13140/RG.2.2.18733.97765
https://doi.org/10.1016/j.rasd.2021.101763
https://doi.org/10.1016/j.bpsc.2020.09.011
https://doi.org/10.1007/s10803-018-3678-7
https://doi.org/10.1007/s10803-018-3678-7


661Journal of Autism and Developmental Disorders (2024) 54:642–661 

1 3

phenomenology, and potential mechanisms. Neuroscience and 
Biobehavioral Reviews, 121, 1–17. https:// doi. org/ 10. 1016/j. 
neubi orev. 2020. 11. 030

Yap, C. X., Henders, A. K., Alvares, G. A., Wood, D. L. A., Krause, L., 
Tyson, G. W., Restuadi, R., Wallace, L., McLaren, T., Hansell, N. 
K., Cleary, D., Grove, R., Hafekost, C., Harun, A., Holdsworth, 
H., Jellett, R., Khan, F., Lawson, L. P., Leslie, J., … Gratten, J. 
(2021). Autism-related dietary preferences mediate autism- gut 
microbiome associations. Cell. https:// doi. org/ 10. 1016/j. cell. 
2021. 10. 015

Yerys, B. E., Jankowski, K. F., Shook, D., Rosenberger, L. R., Barnes, 
K. A., Berl, M. M., Ritzl, E. K., VanMeter, J., Vaidya, C. J., & 
Gaillard, W. D. (2009). The fMRI success rate of children and 
adolescents: Typical development, epilepsy, attention deficit/

hyperactivity disorder, and autism spectrum disorders. Human 
Brain Mapping, 30, 3426–3435. https:// doi. org/ 10. 1002/ hbm. 
20767

Zickgraf, H. F., Richard, E., Zucker, N. L., & Wallace, G. L. (2020). 
Rigidity and sensory sensitivity: Independent contributions to 
selective eating in children, adolescents, and young adults. Jour-
nal of Clinical Child & Adolescent Psychology. https:// doi. org/ 
10. 1080/ 15374 416. 2020. 17382 36

Publisher's Note Springer Nature remains neutral with regard to 
jurisdictional claims in published maps and institutional affiliations.

https://doi.org/10.1016/j.neubiorev.2020.11.030
https://doi.org/10.1016/j.neubiorev.2020.11.030
https://doi.org/10.1016/j.cell.2021.10.015
https://doi.org/10.1016/j.cell.2021.10.015
https://doi.org/10.1002/hbm.20767
https://doi.org/10.1002/hbm.20767
https://doi.org/10.1080/15374416.2020.1738236
https://doi.org/10.1080/15374416.2020.1738236

	“Neural Noise” in Auditory Responses in Young Autistic and Neurotypical Children
	Abstract
	Introduction
	Intra-Individual Noise Variability
	Present Study

	Materials and Methods
	Participants
	Sensory Profile Hyperacusis Index (SPHI)
	EEG Task
	EEG Data Acquisition and Processing
	Median Absolute Deviation (MAD) Analysis
	Correlation Analysis
	Supplementary Analyses

	Inter-Trial Phase Coherence (ITPC) Analysis
	Correlation Analysis
	Supplementary Analyses


	Results
	Participants
	Median Absolute Deviations (MADs)
	Group Comparisons
	Correlations
	Other Supplementary MAD Analyses

	Inter-Trial Phase Coherence (ITPC)
	Group Comparisons
	Correlations
	Other Supplementary ITPC Analyses


	Discussion
	Group Comparisons
	Correlations
	Limitations
	Summary

	Acknowledgements 
	References




