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ePortfolios: Foundational Measurement Issues
by Norbert Elliot, Alex Rudniy, Perry Deess, Andrew Klobucar, Regina Collins, Sharla Sava

Using performance information obtained for program assessment purposes, this quantitative study reports the relationship of
ePortfolio trait and holistic scores to specific academic achievement measures for first-year undergraduate students. Attention is
given to three evidential categories: consensus and consistency evidence related to reliability/precision; convergent evidence
related to validity; and score difference and predictive evidence related to fairness. Interpretative challenges of ePortfolio-based
assessments are identified in terms of consistency, convergent, and predictive evidence. Benefits of these assessments include the
absence of statistically significant differences in ePortfolio scores for race/ethnicity sub-groups. Discussion emphasizes the need for
principled design and contextual information as prerequisite to score interpretation and use. Instrumental value of the study suggests
that next-generation ePortfolio-based research must be alert to sample size, design standards, replication issues, measurement of
fairness, and reporting transparency. Keywords: ePortfolios, fairness, program assessment, reliability, validity

1.0 Introduction

In academic settings, ePortfolios are best defined as digital documentary efforts designed by students to demonstrate proficiencies
and record reflections on curricular experiences. Because their design is planned according to institutional outcomes, ePortfolios
may then be used by instructors and administrators as locally-developed assessments used to gather evidence of student
knowledge and thereby advance learning. In their analysis of 118 peer-reviewed journal articles on ePortfolio research, Bryant and
Chittum (2013) found only 18 studies focused on quantitative, outcomes-based research in which student performance was
reported. Given the dearth of statistically-informed study findings on ePortfolio outcomes, they concluded that a transition toward
empirical assessment is needed. Rhodes, Chen, Watson, & Garrison (2014) agreed, calling for methodological studies yielding
evidence of student success and achievement of learning outcomes. In the field of writing assessment, especially needed are three
kinds of quantitative studies: reliability studies providing evidence of inter-rater consensus and consistency; studies yielding
information about relationships of ePortfolio scores to operationally independent criterion measures; and studies of fairness
providing information about sub-group performance. While qualitative studies of ePortfolio-based scores of writing are invaluable for
providing contextually rich information, quantitative studies are needed to situate the place of complex assessment genres such as
ePortfolios within the ecology of student learning when writing must be scored. Quantitative evidence is especially needed, and
often absent, in cases where performance information must be interpreted according to foundational measurement issues involving
evidence based on reliability, validity, and fairness.

The primary objective of the present study is therefore to present a principled quantitative study of ePortfolio-based research
involving undergraduate post-secondary student writing. We are especially interested in three evidential categories: consensus and
consistency evidence related to reliability/precision; convergent evidence related to validity; and score difference and predictive
evidence related to fairness. To address questions associated with these categories, we explore relationships between and among
ePortfolio holistic scores, ePortfolio trait scores, specific academic performance markers, and demographic factors. These
relationships are intended to provide information on the relationship of ePortfolio scores to pre-college measures, enrolled college
measures, and predictive college measures. The sample is drawn from an undergraduate student population enrolled in a STEM-
oriented technological university located in the northeastern United States. Obtained for program assessment purposes in which
writing must be scored, data from this three-year study was analyzed to obtain statistically significant patterns and relationships
among defined ePortfolio scores and academic measures. Additionally, post hoc analyses on sub-groups were conducted to
evaluate possible differential impact among student sub-groups. Reported are consensus and consistency measures of inter-rater
agreement and inter-rater reliability, criterion measures of writing ability external to ePortfolio scores, and description of a model to
predict academic performance. Findings from this study add to first generation quantitative research related to score interpretation
and use from ePortfolio-based assessments. In terms of lessons learned, the study suggests that next-generation ePortfolio-based
research must be alert to sample size, design standards, replication issues, measurement of fairness, and reporting transparency.

2.0 Literature Review

The literature review focuses on three areas: present US and international trends in ePortfolio research; advantages of ePortfolios
in writing program assessment; and use of foundational measurement concepts to structure principled analysis. The literature review
addresses only concepts related to the present study in terms of trends, program assessment, and foundational measurement
categories as these concepts are related to digitally-based assessments; no attempt is made to provide a comprehensive review of
the vast literature on portfolio-based assessments. For a comprehensive literature review related to the origin, definitions, rationale,
applications, characteristics, and uses of portfolio assessment, see Lam (in press). For a detailed study of the use of portfolios in
relationship to faculty development and student learning, see Condon, Iverson, Manduca, Rutz, & Willett (2015).

2.1. ePortfolio Research Trends

Following the United States performance assessment movement of the 1990s, substantial literature has emerged on scoring writing
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samples taken under naturalistic conditions (Pullen & Haertel, 2008). Such samples are often classified as performance
assessments: tasks requiring students to construct responses over lengthy periods of time, explore alone and with others novel
solutions and new task types, and reflect on those responses and solutions. Because of their ability to capture a defined construct,
these tasks are best evaluated by disciplinary experts capable of judging advanced knowledge and creative solutions (Lane &
Stone, 2006).

In the family of writing performance assessments, Camp (1983) coordinated what is perhaps the earliest United States effort on
behalf of the Educational Testing Service. Within a decade, post-secondary programs using portfolios had proliferated to such an
extent that Hamp-Lyons and Condon (1993) were able to identify reliability/precision challenges related to multiple text submission,
broad use of varied writing tasks, and interpretation of writing process information. Identified also was the need for assessment
criteria associated with construct validity, as well as the need to articulate pedagogical impact and build community consensus, two
consequential issues related to fairness. In another decade, White (2005) advanced a new vision for portfolio scoring with an
emphasis on reflective statements that could be used to examine metacognitive ability.

A milestone in the transition to research on electronic portfolios was the 2003 founding of the National Coalition for Electronic
Portfolio Research. In 2006 the organization changed its name to the Inter/National Coalition for Electronic Portfolio Research to
reflect new membership from the United Kingdom and Canada (Cambridge, Cambridge, & Yancey, 2009). Internationally, students,
teachers, and governing bodies have become the chief stakeholders who stand to benefit, respectively, by pedagogical flexibility,
course customized assessment, and adaptability of the ePortfolios in response to diverse curricular demands, as Dysthe, Engelsen,
and Lima (2007) have shown in their survey of 69 Norwegian campus leaders. At the present time, research in ePortfolio use may
be approached under the categories used by the International Journal of ePortfolio, a peer-reviewed journal founded in 2011 with
support of the University of Georgia and Virginia Tech: instruction, assessment, and interprofessional/ workplace applications. While
theory is absent from these categories, Yancey, McElroy, and Powers (2013) have proposed a new vision for ePortfolio assessment
based on personalization, coherence, reflection, judgment, and design.

There is little doubt that a body of knowledge has emerged in ePortfolio-based assessments. Within the United States, the
Conference on College Composition and Communication (2015) has developed a position statement, “Principles and Practices in
Electronic Portfolios,” that proposes principles, best practices, and learning outcomes to inform ePortfolio use in writing programs.
Under the principle of learning outcomes, advice is given to “collaborate with faculty in designing rubrics that consistently facilitate a
valid and reliable process of measuring programmatic learning outcomes” (CCCC, 2015). Absent in the extensive bibliography
accompanying the position statement is quantitative analysis that could be used to support the premise and practices of the position
statement. The present study is therefore intended to address the need for empirical information and to support this expanding body
of knowledge.

2.2. ePortfolio-based Program Assessment

Hamp-Lyons (2016) has identified two broad purposes for language assessment: achievement (to measure specific content covered
in a course or program) and proficiency (to measure general language command). In US academic settings, assessment of
undergraduate student written communication often occurs for the following related purposes: course alignment (e.g., placement of
admitted students in the most appropriate course); certification of ability for academic progression and graduation (e.g., exit
assessment for a course or matriculation to advanced curricular offerings); review of individual student ability to enhance student
learning (e.g., formative classroom assessment); evaluation of curricular effectiveness (e.g., program review); and research (e.g.,
experimental investigation of student performance) (White, Elliot, & Peckham, 2015). Because the present study is restricted to
evaluation of curricular effectiveness through program review, some historical background will be helpful to describe this uniquely
US form of assessment.

Program review in the US originated in the early 1990s. As federal debate over educational governance intensified, it became clear
that regional agencies would have to demonstrate increasing levels of accountability to ensure that taxpayer dollars were being
wisely spent (Parsons, 1997). Assessment of student writing ability (and programs devoted to instruction ensuring that students had
basic skills) expanded rapidly when required by the six regional accreditation agencies: the Middle States, the New England
Association of Colleges and Schools, the Commission on Institutions of Higher Education, the North Central Association of Colleges
and Schools Higher Learning Commission, the Northwest Commission on Colleges and Universities, the Southern Association of
Colleges and Schools Commission on Colleges, and the Western Association of Colleges and Schools Accrediting Commission of
Senior Colleges and Universities. Prominent programs involving writing placement and progression were instituted in California
(White, 2001) and New Jersey (Lutkus, 1985). Today, US program assessment has added advancement of student learning to
accountability agendas. Although testing emerged in the twentieth-century as an industry devoted to satisfying accountability
demands, advancement of opportunity to learn in the twenty-first century calls for articulated connections between large-scale
testing and the instructional environments (Moss, Pullin, Gee, Haertel, & Young, 2008). While there are multiple qualitative and
quantitative methods associated with program assessment (Chen, 2015), the present study concentrates only on ePortfolio scores
as a form of performance assessment.
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Evaluating curricular effectiveness through writing program assessment—the purpose for which the ePortfolio scores were collected
in the present study—is best defined as the act validating that those responsible for the program have fulfilled its mission in ways
leading to advancement of student learning (While, Elliot, Peckham, 2015; Witte & Faigley, 1983). The New Jersey study site
reflects the US history of program assessment. In 1996, first-year writing assessment efforts at the study site shifted from a system
of evaluating student best papers with holistic scores (an accountability effort) to a print portfolio system using trait-based methods
(an opportunity to learn effort). Portfolios were featured in the 2002 accreditation process as a print-based evaluation. In 2010, the
present ePortfolio system began in an effort to include digital forms of writing along with print-based forms (Collins, Elliot, Klobucar,
& Deek, 2013). As part of United States program assessment, the study institution employed portfolio assessment to support
congruency between the institution and the accreditation requirements established by the Middle States Commission on Higher
Education (MSCHE) (Suskie, 2014). Conducted each year, the ePortfolio assessment is congruent with the proposed MSCHE
annual updates focusing on assessment of student learning (MSCHE, 2015). ePortfolio assessment is also designed to serve the
institution’s professional programs that are accredited by discipline-specific accreditation organizations.

2.3. Foundational Measurement Concepts

In terms of measurement foundations, the authors of the Standards for Educational and Psychological Testing (American
Educational Research Association [AERA], American Psychological Association [APA], and National Council on Measurement in
Education [NCME], 2014) provided a common venue for categories of evidence that can be used to design research, interpret
results, and plan score use. Combined with the interpretation/use arguments (or IUA) proposed by Kane (2013, 2015) in which
validation can be conceptualized as an evaluation of coherence and completeness of the IUA, as well as plausibility of its inferences
and assumptions, the Standards yields a common referential frame for the present study. While foundational issues of validity,
reliability, and fairness will continue to be debated philosophically in both educational measurement and writing studies, categories
of evidence established in the Standards provide clarity while encouraging meaningful debate (Baird, Hopfenbeck, Newton, Stobart,
& Steen-Utheim, 2014; Elliot, 2015; Markus & Borsboom, 2013).

2.3.1. Reliability/Precision: Rater-to-rater evidence. Reliability/precision is defined as score consistency across testing
instances of the testing procedure (AERA, APA, NCME, 2014, p. 33). In writing assessment, much of what is known about rater-to-
rater evidence (or inter-rater reliability) has been determined under standardized testing conditions seeking to eliminate sources of
error rather than situated perspectives in which context reveals the significant activity (Greeno & Gresalfi, 2008). As a result, 0.7 is
commonly understood as the lowest acceptable correlation for consistency estimates (Stemler, 2004; Williamson, Xi, and Bryer,
2012), and scores falling below this level are judged as failing to provide evidence of inter-rater reliability. While the relationship
between reliability and validity has been debated (Mislevy, 2004; Moss, 2004) and established correlation levels have been
challenged (Elliot, Rupp, & Williamson, 2015), additional information is needed to guide score interpretation and use—the
interpretation/use argument that includes the “network of inferences and assumptions inherent in the proposed interpretation and
use” (Kane, 2015, p. 2)—in complex situated perspectives involving ePortfolio-based assessments.

2.3.2. Validity: Convergent evidence. Validity is defined as the degree to which evidence and theory support interpretation of
scores for their proposed uses (AERA, APA, NCME, 2014, p. 11). As a category of evidence, construct representation has received
special attention in writing assessment, with locally-developed assessments perceived as yielding robust presence of the writing
construct (Condon, 2013). Other evidential categories such as convergent evidence—relationships between ePortfolio scores and
other measures intended to assess the same or similar constructs—are less common. Additional information is therefore needed in
terms of scores resulting from ePortfolio-based assessments to related measures of academic performances such as admission
tests, concurrent course grades, grades in subsequent writing courses, and next semester grade point average.

2.3.3. Fairness: Group difference and differential validity evidence. Fairness is defined as the validity of score interpretation
and use for individuals and sub-groups (AERA, APA, NCME, 2014, p. 49). The authors of the Standards established that sub-group
differences do not, in themselves, indicate lack of fairness but should “trigger follow-up studies” (AERA, APA, NCME, 2014, p. 65).
Among such studies, Camilli (2006) noted the importance of general linear modeling techniques in identifying external evidence of
bias. Extending the conceptual analysis, Berry (2015) made an important distinction between differential validity and differential
prediction in the use of regression modeling. If the correlation with the criterion measures, such as those shown in Table 8, is the
same for different subgroups, then they have equal predictive validity even though predictions may be higher for one group. A
synonym for predictive bias, differential prediction, conversely suggests a difference in regression lines between subgroups. As
addressed in other studies under a program of research dedicated to quantitative study of complex writing samples, this study will
address differential validity (Elliot, Deess, Rudniy, & Joshi, 2012; Poe & Cogan, 2016). Because they employ regression techniques
and equal risk models, such analyses of differential score function are termed test fair by Hartigan & Wigdor (1989). Generally
accepted in the psychometric literature, this form of regression modeling is understood as a “minimum requirement” as defined by
Hartigan & Wigdor (1989, p. 255).

However, when turning to classroom assessment—the assessment form most closely related to that of the present study—Camilli
(2006) noted that, aside from reliability studies, differential measurement would be “impractical” (p. 246). As the present study
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demonstrates, this assumption has not proven accurate. Important information is to be gained from regression analysis (with special

attention to the R2 coefficient of determination) involving ePortfolio assessment. The present study therefore attends to both sub-
group differences (statistically significant differences in scores for individuals belonging to sub-groups) and differential validity
(under-prediction or over-prediction for individuals within sub-groups).

3.0 Research Questions

The following three research questions were examined in this study. In order to disaggregate information, each question includes
analysis of overall and sub-group performance:

1. Regarding rater-to-rater evidence related to reliability/precision, what levels of consensus and consistency are demonstrated
for ePortfolio ratings? As Table 3 demonstrates, reliability evidence is here provided for the overall student group with
ePortfolio scores (N = 210) examined from 2010 to 2012, as well as for male students (n = 179), female students (n = 31),
White students (n = 89), Asian students (n = 59), and Hispanic students (n = 36).

2. Regarding convergent evidence related to validity, what is the relationship of ePortfolio scores to other indicators of
academic performance? As Table 4 illustrates, ePortfolio scores from the overall group and student sub-groups are compared
with the overall sample of students to establish validity evidence. For the overall group and for sub-groups, the sampling plan
increases when pre-college measures, writing course grades, and predictive college measures are examined in terms of the
entire student population. Depending on measure, the overall sampling plan varies: high school rank, n = 1420; SAT Ciritical
Reading, n = 2636; SAT Writing, n = 2636; writing course grade, n = 2171; next writing course grade, n = 2147; next semester
GPA, n = 2560). As Tables 5, 6, and 7 illustrate, sub-groups for each of these measures increase accordingly.

3. Regarding group difference and differential validity evidence related to faimess, what does post-hoc analysis reveal
regarding statistically significant differences and coefficients of determination among ePortfolio scores and other indicators of
academic performance? As Tables 1 and 2 demonstrate, evidence regarding group difference varies according to measure.
Table 8 includes models of pre-college, enrolled, and predictive measure as they predict ePortfolio holistic score, writing
course grade, next writing course grade, and next semester GPA.

4.0 Study Limits

Research identified in 2.1 may be classified as the study of response processes. Such research gathers evidence by questioning
instructors about their pedagogical strategies and students about their performance strategies, thus adding to our knowledge about
differences in meaning or interpretation of ePortfolio-based assessment. As the Standards (AERA, APA, NCME, 2014) noted,
theoretical and empirical analyses of response process “can provide evidence concerning the fit between the construct and the
detailed nature of the performance or response actually engaged in by the test takers” (p. 15). Substantial knowledge has resulted
from studies identified in the literature review that may be classified as validity evidence related to response processes. From
questioning students and their instructors to monitoring processes related to task response, evidence related to response processes
provides critical information related to interpretation and use. It is important to note that this category of evidence is often absent
from information provided about standardized tests.

As to analysis of response processes leading to identification of challenges and benefits to ePortfolio-based scoring, the present
study is silent. Post-hoc qualitative empirical analysis regarding the contents of the ePortfolios is not part of this highly restricted
study. Employing basic general linear modeling techniques, the present quantitative study is designed exclusively to gather and
present information according to categories of evidence identified in the research questions.

5.0 Research Methodology

To understand the study results, some detail is needed to define the situated perspectives of the study site and the methodology
used. Such information allows important generalization inferences from the observed sample of performances (as reflected in the
ePortfolio scores) to claims about expected performance in the construct sample (as reflected in the criterion measures). While
locally developed assessments are often seen as lacking this kind of inference, detailed reporting provides an important bridge from
a singular performance to observed performances on multiple measures (Kane, 2013; White, Peckham, & Elliot, 2015). A detailed
explication of research methodology also becomes especially important in understanding issues of replication discussed in 8.3.

5.1. Identification of Measures
Twelve measures of student academic ability related to the writing construct are identified in Table 1.

Table 1: Measures: Means, Standard Deviations, Range, Statistically Significant Differences, and Effect Sizes
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Admitted First-Time, Full-Time Students

Years Enrollment Percent Increase
Fall 2010 Fall 2011 Fall 2012 2010-2011 2011-2012
N =48 N=1016 N = 1045 T1T% 285%
Measures Owverall Score Difference
Pre-College
Measures
1. HS Rank n= 483 n =453 n=4§2 nsy nsg
M=T3 M=T5 M=T4 £{963)=-1.4 £{933)=1.19
s0=21 S0 =20 SD =320 2011<2012
Range = 13, 87 Range =12, 100 Range = §, 100
2. SAT Critical =857 n=897 n =900 nss 2011<2012
Reading A= 538 M= 536 M= 549 £(1734) = 627 £(1TTT) = 3394
S0=83 s0=78 S50=84 A=016
Range = 320, 800 Range = 300, 800 Range = 320, 80O
us NI Us NI Us M 2010 2011 2002
N=1.547990  n=84,847 N=1647123  a=86515 N=1664479 N=84857 NIIT =US NIIT =US NAT =US
M=501 M= 455 =497 M=495 A = 496 M=495  RESE)= 16.21%%%  RO9) = 14.G6%**  f901)= IR0
s0=112 s0=113 SD=114 s0=113 SD=114 S0=114 =039 =040 d=053
NIIT =NJ NITT =NJ NIIT =NIT
HEES) = 15.03%%%  035) = 155744 qGO1) = [927ees
=043 =042 d=0.54
3. SAT WriLiﬂg n =857 n=g879 n =900 HEE i1
M=529 M=3533 M =540 {1734} =-1.05 {1777} =-1.74
s0=87 s0=78 SD =85
Range = 280, §00 Range = 220, S0 Range = 290, B00
Us NI US NI US NI 2010 2011 012
N=1547990 n=84 847 N=1647123 n=86515 N=1664479 N=H4857 NIIT =15 NIIT =US NIIT =U%
M=492 M=457 M= 489 M=407 M= 488 M=493  fR71)=1239%%%  RO0) = 1AEGEE*  [O01) = [E34%ee
sp=111 SD=115 s0=113 SD=115 SD=114 SD=116 d=037 d=045 d=0.52
NIIT =NJ NIIT =N] NIIT =]
HEEE) = I0GT*4*  ([036) = 1367***  [934)= 14320+
4= 031 4=037 d4=0.40
Enrolled College
Measures
4. ePortfolio: n=41 n=50 n=11% nss nss
Rhetorical M=741 M= 506 M=51% £{B9)=-145 {167} =-.66
Knowledge FD=2.49 FD=173 S0=2.13
Range=2, 11 Range=2, 11 Range =2, 11
5. ePortfolio: nsx
Critical n=41 n=50 n=11% 20102011 t(167)=.19
Thinking M=T05 M=E12 M=5.06 F(E9)=-2.55%
5D =145 §p=1353 S0 =2.04 d=0.52
Range=2, 12 Range=2,11 Range=12,11
6. ePortfolio: n=41 n=50 n=11% s 20112012
Writing M=717 M=15 M=64 rBE)=-79 t{16T) = 3.65%==
Processes 50=1236 50 =161 S =185 o =0.63
Range =2, 12 Range =2, 10 Range =2, 11
7. ePortfolio: n=41 n=>50 n=11% nsw nsw
Knowledge of M=805 M=T48 M=T79 (89} =57 ({167 =-.18
Conventions SD=12.16 sD=1128 s0=213
Range=2,11 Range =4, 10 Range =212
8. ePortfolio: n=4l n=50 n=119 20102011 20112012
Composing in M=505 M=Th2 M=634 {89} =336 t{16T) = 3.AT===
Electronic 50 =280 50 =181 SD=218 d=0.60 d=0.64
Environments Range=2, 11 Range =4, 12 Range =12, 12
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9. gPortfolio: n=41 n=>50 n=11% RES HES

Holistic Score M=727 M=ED08 M=751 r{89p=-1.71 ({167} = 1.69
SD=2.79 5D =166 So=1211
Range=12, 12 Range =12, 10 Range =12, 12
10. Writing n=680 n=725 n="T6T 2010<2011 185
Course Grade M=251 M=3.08 M=301 1(1403) = -1.03%%+ (14091 = 1.27
sD=1.14 S0=10 s0=1.1 d=_16
Range: 0, 4 Range: 0, 4 Range: 0, 4
Predictive
College
Measures
n =696 n=675 n=T76 20010=2011 HES
11. Next M=298 M=315 M=317 F(136%) = -1 2094 1(1449) =425
Writing Course sD=102 5D =89 5D =95 d=.18
Girade Range: 0, 4 Range: 0, 4 Range: 00, 4
12, Next n=823 n=837 n =501 s 2011<2012
Semester GPA M=276 M=277 M=28E t(1658) = -0.4 1{1736) = -2 6E=*
50=39 SD0= B D= 86 d=0.13
Range =10, 4 Range =10, 4 Range =10, 4

Note. p-values not statistically significant at the 0.03 level are designated as nss,
*p<.03

**p<.01

*EEp <001

Classifications of pre-college measures include high school rank, the SAT Critical Reading Section, and the SAT Writing Section.
Enrolled college measures include ePortfolio trait and holistic scores (discussed in 5.5) and grades in the writing class from which
the ePortfolio was drawn. Predictive academic measures include grades in the subsequent writing course and next semester Grade
Point Average (GPA). Hence, this study reports on relationships among 12 measures identified in Table 1.

In interpreting convergent evidence related to ePortfolio scores, it is understood that the writing construct is most fully represented
on a continuum from course grade (robust), ePortfolio scores (targeted), and standardized test scores (narrow). It is also understood
that both the SAT Ciritical Reading and the SAT Writing—admission tests developed by the College Board (Milewski, Johnsen,
Glazer, & Kubota, 2005)—are used to reflect a language arts construct combining both reading and writing that is, in turn, reflected
in the curriculum of the institution.

As the authors of the Standards (AERA, APA, NCME, 2014) noted, identification of measures is of great importance in examining
test-criterion relationships. With the exception of the relationship of ePortfolio trait and holistic scores, each of the other pre-college,
enrolled, and predictive measures is “operationally distinct” from the ePortfolio “test” (p. 17). Whether the ePortfolio scores are
associated with a given measure is therefore a testable hypothesis, one that can lead to further discussion about the relationship of
construct representation (a category of validity evidence) to group difference and differential validity (categories of fairness
evidence).

5.2. Research Setting

Employing an exploratory, descriptive research design, this study examined an ePortfolio-based assessment used as part of
program assessment. The reporting period covers Fall 2010 through Fall 2012, with an update describing present research. The
location was a United States public university in New Jersey classified as a Science, Technology, Engineering, and Mathematics
dominant research institution by the Carnegie Commission on Higher Education. This institution selectively admits undergraduate
and graduate students. A description of admitted students is presented in Table 1.

In pre-college measures, students are in the top quarter of their high schools with statistically significant higher scores on
standardized tests than both United States and New Jersey scores. Useful in interpreting statistically significant differences are
effect size (d) thresholds established by Cohen (1988): small <.20; medium <.50; and large < .80. Interpretatively, the effect sizes
between the SAT Ciritical Reading and SAT Writing scores of the host institution students, the national sample, and the NJ sample
may be generally described as medium—an indication of high performing admitted students. On the other hand, score changes in
the SAT Critical Reading between 2011 and 2012 may be characterized as small—an indication of entering student skill stability.

In academic measures, ePortfolio trait and holistic scores (rows 4 through 9 of Table 1) are generally above 7—a score reflecting

just-qualified competence—on a 12-point scale in which a score of 12 is the highest and a score of 2 is the lowest. On a 4-point

scale, grades (row 10) in the writing course from which ePortfolios are drawn are at the level of B. In predictive measures (rows 11
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to 12), subsequent writing course grades are also at that level, and grade point average (GPA) for the overall group is above 2.5.

A university of diverse students, full-time undergraduate enrollment during the period of the study was predominantly male (79%)
with a racial/ethnicity profile as follows: White 36%, Asian 22%, Hispanic 21%, Black nine percent, and other sub-groups 12%.
Table 2 provides performance measures based on gender assignment and race/ethnicity that reflect equally high levels of
performance.

Table 2: Total and Disaggregated Measures: Means, Standard Deviations, Range, Statistically Significant Differences, and
Effect Sizes

Total Male Female Gender White Asian Hispanic Black Race!
Difference Ethmicity
Difference
Pre-College
Measures
1. HS Rank N = 1420 n =115 - 265 B e n= 502 n =300 n=344 n=154 nEs
M=T3 M=T1, A =D, £{1414) =-6.24 M=T2 M=T5 M=T6 M=72 F3, 1296) =
=21 5D =21 =14 J =045 ED=1] ED =11 ED=19 S0 =19 272
Range = &, 100 Harge = &, 100 Harge = 14, 100 Harge = 8, 104 Range =9, 100 Range = 12, 100 Harge =9, 9%
2 8AT N = 2616 n = 20H6 = 350 [ e n =474 n=6l4 n=510 n=243 AYees
Y M= 540 M= 53T, M= 55T, [(2634) =-5.15 M =554 A = 5dd A = 520, M=514, d=0.14
Critical . s a a a a
. S=§2 80 =T4H EO =490 d=033 E0=77 ED =103 50 =73 SD=T Heyees
Reading Hange = 300, 800 Hange = 300, K00 Range - 350, 500 Range = 320, 800 Range = 300, 800 Range = 340760 Kange = 360, B0 do 0.5
HeA*s
d=02
B s
d=0.54
Bedses
o= 0.3
F[3, 2339} =
13148
1 5AT N = 2616 n = 20H6 = 350 [ e n=UT74 n==6l& n=510 n=243 H<Wee*
Frits M= 534 M= 525, M= EBE, # [2634) =-10.58 M =550, A = 550, Af = S0H, M= 503, d=.0.55
Writing
D= §5 5D =51 5D =94 o =028 5D = Th ED =17 ED=T7 5D =T5 Hep*es
Harge =230, 80 Hange = 220, B00 Range = 310, 200 Range = 340, ¥00  Range = 280, B00  Range = 300, 770  Kange = 350, 750 g 048
B ss
d=0.62
Bedses
d= 054
F[3, 2339} =
48.39
Enrolled Callege
Measures
4. ePartfolio: N=210 n= 17 r= 31 M F* = §Y n=59 n= 36 = Gny HES
. M= H6 M= 754 M=ET7, r{208) =-2.03 M=511 M=E05 M=EAZ (3, 1921 =
Rhetarical . : ! 3,
K led SD=214 Sy =222 §D=119 d=0.49 ED =197 5D =12103 5D =201 &1
TOW.COEC Range =2, 11 Range =12, 11 Range = 6, 11 Range =2, 11 Harge =2, 11 Harge =3, 11
5. cPartfolio: N =210 n—17% M r- 59 n-59 n-3 &= g nsw
Critical M~ TH8 M=173, ¢ {208) =-2.57 M= 75D M= E03 M=E31 F3, 193 =
Thinki 50~ 2.06 SD-209 ; 4= 055 ED- 184 50~ 190 50~ 193 130
nxing Range =2, 12 Range = 2,12 Range = §, 12 Range = 2,11 Harge = 2, 12 Harge = 3, 12
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6. ePortfolia: N=Z10 n=174 n=31 L = EY n= 59 n=36 &= gns HES

Writin M= 641 M= tb, M=T71, £ (208) =280 M= 662 M=T15 M=706 F(3, 192) =
P‘mlg 50~ 1.96 50-1201 50137 4064 50— 143 50~ 193 5D - 144 2.69
ceRacs Range =2, 12 Ramge - 2,12 Range = 6, 11 Range =2, 11 Harge =2, 12 Harge = 4, 10
7. ePortfolia: N=Z10 n= 174 n=31 MoF® =5 n=59 n=136 &= gns HES
I - M=791 M=7.79, M= 565, £ (208) =219 M-T96 M= B.05 M=-§22 Fi(3,192) =
énm»la?gc ot S0 =202 S0 =205 &0 d=045 S0 = 1.B= S0 =198 50 =159 1.78
CHIVETTLIORS Range = 2, 12 Ramge = 2, 12 Range Rampge = 2, 12 Rarge = 2,12 Harge = 4, 11
B. ePortfolia: N=Z10 n=174 n=11 mEr no= EY n= 59 n=36 =gy REF
. P M =657 M= 64 M =126 M=-633 M = 669 M= 686 3190 =
Composing in M = 6.5 M= 645 A 26 M= 6 (3, 1
£l POSING 50213 S0- 136 S0~ 202 SD-227 50 =213 5D - 136 a2
SICITOmE: Range =2, 12 Range = 2,12 Range = 4, 12 Range = 2,12 Harge -2, 12 Harge =2, 12
Environmeents
chortiolo Tk vt -39 w220 a8 wonm - 806 e
Holistic Scare M = T8l M =746, ! 39, £ (20H) =220 ! M=71 A i3 F(3, 192) =
S0 =217 E0=1211 8D =17 d =050 ED =198 S0 =194 5D =227 1.81
Range =2, 12 Rampge =2, 11 Range = §, 12 Rampe = 2,12 Harge =2, 11 Harge = 2, 12
10. Writing N=2172 n=1727 =444 B o e 1= K56 n = 458 n =351 n= 159 Hiyee
, o M=30 M= 294, M=124, F(2169) =-5.24 M=311, M=31, M= 25T, M=275, d =032
Course Grade Sy = 1.0% S =111 S0 - U6 d=0219 ED= 102 Eo= 110 £ = 106 £0-1.14 H<p®#
Rarge =10, 4 Rang==0, 4 Range =0, 4 Rang==0, 4 Range = 0, 4 Kange = 0, 4 Range = [, 4 d=02
Bees
=032
BAtes
d=0133
F3, 1920} =
10.16
Predictive
College
IMeasures
11.Next N = 2147 n- 1678 - A6 o e n= K10 n=517 n = 403 n =201 Hyee
Writing M=3.11 M=104 M=33 r(2145) =-6.05 M=124 M=13113 M= 101 M=2H1 d=0.28
C Grade ED = 0§ D= 48 D= 43 d=031 ED= 8% ED =94 &0 =97 Eo=1.11 B es
ARirEe Laracc Harge = 0, & Range = 0, 4 Range =0, 4 Range = 0, 4 Range = 01, 4 Range = 1,4 Range = U, 4 =043
Begees
d=031
F(3,1927)=
13.17
12, Mext N - I560 = 2013 T =54 i =037 =20 PR n =243 How "
Semester GPA M=28 M =276, M=208, £(2169) =-5.41 M=20, M- 288, M=273, M-251, o =020
! Sr- B4 S0 = 4% 50 = K17 d=025 50 = RS Sl - =R S0 - 23 S = 24 HeA*
Rarge = 0, & Range = 0, 4 Range =0, 4 Range = 0, 4 Range = I, 4 Range = {1, 4 Range = 1, 4 R
Btirss
d =049
Hedses
d= 042
B<H**
d= 0236
F(3,2281) =
16.13

Note. Different subscripts ()} within a row represent means different by independent sample t-test (2-tatled) for gender and by Bonferroni carrection for
race/ethnicity. Sample sizes under 30, too small for inferential analvysis, are designated gus (quantity not sufficient). P-values not statistically significant at the
0,05 level are designated as nss.

*p< .05

50 (]

w2 5 (0]

Scores on standardized tests are higher for all sub-groups at the study site than national scores disaggregated by gender and
race/ethnicity (College Board, 2012, Table 9). Present and next semester writing course grades, as well as GPA, are at the level of
C+ or above for all sub-groups.

5.3. Sampling Plan

The portrait of admitted students shown in Table 1 excludes students who used ACT scores or others who were admitted under
special programs. Because the target population of the admitted class included approximately 1,000 first-time, full-time first years
students, a sampling plan was developed to obtain a representative sample allowing generalizability inferences from the sample to
the target population. Because it is time consuming to trait score, a sampling plan was implemented to identify the smallest possible
number of ePortfolios to be assessed (Bridgeman, Ramineni, Dean, & Li, 2014; White, Elliot, & Peckham, 2015). After the target
number of ePortfolios was identified for each year of the study, samples were randomly selected across sections of the first
semester writing course. With confidence intervals between 0.80 and 0.95 depending on year, the sampling plan resulted in sub-
group sizes reflective of the overall undergraduate population (see Table 2).

While 12 ePortfolios were collected for Black students (underrepresented by three percent less), that total fell below the minimum
number acceptable for inferential statistical analysis. Specifically, we follow the time-honored rule of thumb offered by Roscoe
(1969) in advising that sample sizes smaller than 30 are to be avoided because they cannot assure the benefits of the central limit
theorem (pp. 156-157).

Justification for combining the three years of the study is based on consistency of admitted students and absence of statistically
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significant differences on the majority of ePortfolio trait and holistic scores (see Table 1). The sample consisted of ePortfolios from
210 students (males: n = 179; females: n = 31; White: n = 89; Asian: n = 59; Hispanic: n = 36; Black: n = 26). The only statistically
significant difference that proved constant across the three years of the study was found in ePortfolio trait scores on composing in
electronic environments, discussed in 7.3. Because of score consistency over time, combining scores over a three-year period was
justified. The aggregated scores across three years allowed a larger sampling plan for the total group and yielded additional sub-
group analysis.

As noted in the three research questions, different sample sizes are used for different analyses. Available data is provided for a
given cohort or by combining cohorts. For instance, depending on measure, all admitted students do not have all information: some
high schools do not supply rank; and some students take the ACT test instead of the SAT. Because ePortfolios were required of all
undergraduate students by university policy during the time of the study, we have been careful to use all common available data and
can identify little or no overall participant attrition in the collection of ePortfolio scores during the study period—a reporting guideline
associated with transparency and supported by the Institute of Education Sciences (2014).

Afinal justification of the sampling plan is needed in terms of using larger student samples (e.g., SAT Writing = 2636) to determine
relationships with our ePortfolio scores (e.g., ePortfolio holistic score = 210). In Tables 1 and 2, for instance, readers may wonder
why SAT Critical Reading scores (N = 2636) was compared to ePortfolio holistic scores (n = 210). The following two analyses
provide justification for using both samples. Both analyses are based on information provided in Tables 1 and 2.

First, comparison between the overall sample and the ePortfolio sample revealed absence of statistical significance on five of the six
criterion measures: HS Rank ({(138) = .54, p = .59 ); SAT Critical Reading (#258) = 1.94, p = .06); SAT Writing ((135) = 1.88, p =
.06 ); writing course grade (£(232) = 1.53, p = .13 ); and next writing course grade ({(222) = 0, p = .10 ). Statistically significant
values were, however, observed regarding next semester GPA: ({(256) = 3.07, p < .001, d =.20). With only one statistically
significant difference at a small effect size, it was clear that there were advantages to using the larger comparative sample.

At the next stage of analysis, comparison of sub-group means was used to determine if statistically significant differences in the
larger overall sample were different from those in the smaller ePortfolio sample. In the case of the ePortfolios, only one statistically
significant difference was observed: SAT Writing (F(1, 200) = .39, p < .05). For each of the other criterion measures, there were no
statistically significant gender differences for students with ePortfolio scores: SAT Verbal (F(1, 200) = .39, p = .53); HS rank (F(1,
113) = 2.08, p = .15); writing course grade (F(1, 205) = .49, p = .49); next writing courses grade (F(1, 185) = 3.52, p = .06); and next
semester GPA (F(1, 201) = .01, p = .91). In an analysis of ethnicity, no statistically significant differences were reported for any sub-
groups of student with ePortfolio scores: SAT Verbal (F(7, 194) = 1.80, p = .09); SAT Writing (F(7, 194) = .97, p = .45); HS rank
(F(7, 107) = .48, p = .85); writing course grade (K7, 199) = 1.01, p = .43); next writing course grade (K7, 179) = .81, p = .58); and
next semester GPA (K(7, 195) = .47 p = .86). This lack of statistically significant difference conflicted with the many statistically
significant differences in criterion measures illustrated in Table 2 sub-group comparisons. Were we to have used only the smaller
sample, these important sub-group differences of the larger sample would have been masked. In order to preserve emphasis on
evidence related to fairness by emphasizing the need to record sub-group differences, we therefore decided to use the different
sample sizes shown in Tables 1 and 2 in the present study.

5.4. ePortfolio Program

Consisting of a two-course sequence, the curriculum is taught by a core cohort of full-time instructors who both teach and assess
students in the first-year curriculum. When adjuncts are employed, they are mentored by the director of composition. All instructors
involved in portfolio assessment have in-depth experience in both trait and holistic assessment and may be considered a community.

This study captures the ePortfolio scores of students in first-year writing during a period of instructional transition from print-based
writing to digitally-based writing. While the curriculum retained source-based writing, new interactive elements—blogs, podcasts,
and collaborative wikis—were introduced beginning in 2010. As well, ePortfolios were also introduced with the new digital genres,
and instructors were encouraged to work with students so their best work was presented for scoring. During the Fall 2010 stage of
the study, the assessment reflected national standards of best practice derived from the WPA Outcomes Statement—a US
consensus view intended to introduce first-year postsecondary students to writing expectations (Council of Writing Program
Administrators, 2000, 2008; Dryer, Bowden, Brunk-Chavez, Harrington, Halbritter, & Yancey, 2014). In practice, the five writing,
reading, and critical analysis experiences of the WPA Outcomes Statement became both course objectives and trait scoring criteria:
rhetorical knowledge; critical thinking, reading, and writing; processes; knowledge of conventions; and composing in electronic
environments. While paper portfolios had been scored according to traits of rhetorical knowledge, critical thinking, writing processes,
and knowledge of conventions associated with a holistic score, during the 2010 operational phase of ePortfolio implementation, a
fifth trait—composing in electronic environments—was added to capture experiences associated with digital forms of writing.

The origin, development, limits, and usefulness of the WPA Outcomes Statement are well established and widely recorded (Behm,
Glau, Holdstein, Roen, & White, 2013; Harrington, Rhodes, Fischer, & Malencyzk, 2005; Isaacs & Knight, 2013). Relevant to the
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present study are three advantages obtained when the WPA Outcomes Statement is used in writing program design and
assessment. First, when used as both course objectives and scoring rubric, instructors leverage the five outcomes to achieve
instructional consistency that, in turn, fosters inter-rater reliability during assessment episodes. When ePortfolios are assembled and
assessed according to well-articulated criteria, diverse forms of student work become scoreable in a more predictable fashion
because the circle of instruction and assessment is complete (Panadero & Jonsson, 2013). Indeed, the ePortfolio itself can be
considered as a form of constructed response task (Bennett, 1993; White, Elliot, & Peckham, 2015). Second, the five outcomes may
also be understood as variables of the writing construct. These variables allow instructors to model the writing construct and explore
how it shifts according to genre and audience; in turn, these instructional variables lend construct validity to the trait scores used in
the assessment (Kelly-Riley & Elliot, 2014). Third, the transparency and detail of the WPA Outcomes Statement provide affordances
for students that include access to resources and practices associated with fairness and opportunity to learn (Greeno & Gresalfi,
2008). The writing construct thus becomes situated, allowing students to participate in writing instruction in meaningful ways
because course outcomes, variable modeling, and scoring criteria are uniformly and consistently presented.

Regarding that which was scored, program administrators and instructors considered the ePortfolio a targeted representation of the
writing construct. That is, the ePortfolio was intended to capture student writing performance longitudinally over the period of a
semester. Students were asked to upload their best work as evidence of their proficiency with the five outcomes, along with a brief
reflective statement accompanying each outcome. A model ePortfolio is shown in Figure 1.

Figure 1: ePortfolio of Nilsa Lacunza, NJIT first-year student.
(Originally published in White, Peckham, & Elliot, 2015. Used by permission of Ms. Lacunza and Utah State University Press.)

My ePortfolio by Nilsa Lacunza

‘Welcome to my ePortfolio. I am currently finishing my first term as a Freshman here at NJIT. I am majoring in Biomedical Engineering with a minor in Mathematics. I hope to study abroad during my
four years and go to graduate school to follow my career in medicine. I hope you enjoy reading my gathered works and thank you for your time.

Profile Information Critical Thinking Knowledge of Conventions
s The ability to analyze diverse tpics and derive an It inchudes compositional skills like mechanics,
= First Name: opinion that allows you to summarize the major points usage and sentence formation. They are

= Last Name: Lacunza

« Ermail Address: nl29@njit edu
- Gity/Region: clfton

= Country: United States

Your Entire Resume’

that you have resd. Here are a few of my works where
critical thinking was exploitad

Contents:

Contact Information
Ciky/ Raglon Clifeon
Country United States
History
Employment History
Sgart Date  EndDate  Position
S?l;)"gm Paid Intermship at Libarty

Science Center

Education History

Start Date  End Date  Qualfication

Change ca...eted.doc

Talks about the reason why we as
individuals nnno( come tgether for a
cause

34K INo'ﬂah' 06 Decamber 2010

Gap year.doc

Entails my opinion of whether or not
taki off after high school i
e bl et

32KB | Monday, 06 December 2010

Reading and Writing

expressed in every written work as they make
up the fundamentzls of writing. Here's a few of
iy works that portray these skills,

Contents:

ProseAssig.doc
It describes my amival to the LS, and the struggles I faced,
34K8 | Mondsy, 06 Dacember 2010

technulogv doc

er technology provides an unfair advantage to a few.
31.5I(E | Morl.‘.a\f 06 December 2010

Composing in Electronic Environments

Both are applications of a previous skill ke

the ability to differentiate words and
compositional skills. It is also the ability

explain points to an audience. The fn\lmrﬂq
works entails a few ideas that I developed after
reading certain articles.

Contents:

Fall 2010  Spring Biomedical Engineer
2014 (Bachelor of Science) at
New Jersey Institute of
Technology

research paper.doc

My research paper on a few artices
discussing the need of Lsbor union in
the Wal-Mart corporation.

39KB | Wednesday, 08 December 2010

Opening up to a new environment such as the web and not just typing a document in
Mu:mm&mdh.‘amlalhl publishing it and allowing others to access it. Thess are a faw
of my published warks, through wikis and blogs.

Contents

2010F - H...barchive

Theqrmq“ﬁ i talks about Work and Social ldennryand Tinchuded how ones ethnicity
can be the reason for unfair reatment at the w

631.4KB | Wednesday, 08 Decemnber 2010

2010F - H...barchive
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controver...ssue.doc In this wiki, I discuss how superficiality has been escalated by technology and what the

Certificabions, and Accredidations, and Awards CONSEQUENCES are,
;";“fm‘z‘"a“;""’.“ Ed‘?g;h‘i;"“‘"f‘ 632.1KB | Wednesday, 08 December 2010
Date Tide 29.5KB | Monday, 06 December 2010
Spring, 2007 Cestified Drafter (C.D.) My blog's URL
Composing Process [T ——

Itis a more constructive way o write, sesing as

through the numbers of rough drafes, X
ammatical mistakes minimize and points are VoiceThread Presentation
rer. Here are 2 few drafts and one finel
paper, where the composing process came in
handy.

hitps/fvoicethread. com #u1482007.b1534450.18085763

Information Literacy

Contents: Irwolves the evaluation and search of sources as well as the understanding of what
type of sources can be used without citation and which are mandatory to cite, The
following are a few quizzes that T took, that came from the Forary, which questioned my
nlacunza.doc knowledge of what to dite and what not to cite.

Mu pasition paper first draft

28KE | Monday, D6 Decamber 2010

1st annot....ibil.doc

Contents:

My First annotated bibliography which i

craated a format for the following ones, 2010F - H...barchive

25K8 | Monday, 06 December 2010 Describes what citations are, what sources are open to the public and what you should
do o protect yourself from being accused of plagiarism.

Lacunza_p...er-1.doc 671.8KB | Wednesday, 08 December 2010

My position paper discussing the

8 Moy, b€ Becamber 2010 2010F - H...barchive

Through Ressarch Roadmap quizzes, 1 kamed how to identify the best sources
and how to cite them.
728.6KB | Wednesday, 08 December 2010

liberty
smenceacenter

As Figure 1 illustrates, students were invited to create five sections of the ePortfolio, each representing a distinct trait. Files and links
representing both traditional print-based and innovative digital assignments were then uploaded to each section, accompanied by a
brief reflective statement intended to promote metacognition associated with knowledge transfer (National Research Council, 2012;
Yancey, Robertson, & Taczak, 2014). The ePortfolio was thus intended to allow students an opportunity to demonstrate their
experiences with writing as a process, to acknowledge that audiences who view the digital artifact extend beyond the instructor, and
to reflect on their experiences with those varied assignments and multiple audiences.

5.5. Scoring Procedures

ePortfolios received scores on each of the five traits and a holistic score. Based on classifications by Stemler (2004), information is
presented on consensus estimates (based on the assumption that raters should be able to come to exact or adjacent agreement
about how to apply levels of a scoring rubric to the observed behaviors) and consistency estimates (based upon the assumption that
each judge is consistent in classifying the levels of the rubric). Consensus estimates are presented in percent-agreement
calculations of exact agreement (e.g., 6+6) and adjacent scores (e.g., 6+5). Scores differing by 2 (e.g., 6+4), 3 (e.g., 6+3), and 4
points (e.g., 6+2) are considered discrepant and adjudicated by a third rater. Hence, if rhetorical knowledge is awarded a trait score
of 6 + 4, that trait is scored by a third rater whose judgment determines the final score; if the third rater awards a score of 5, the total
final score is 11. Consistency estimates are presented using both Pearson correlations (r) and quadratic weighted kappa
correlations (K). Estimates in Table 3 are provided for all students, as well as for certain sub-groups—males, females, White
students, Asian students, and Hispanic students. Because of insufficient sample size, ePortfolio scores are not provided for Black
students.

Scores were recorded using a web-based portfolio assessment application (WebPAA) described by Collins, Elliot, Klobucar, & Deek
(2013). Relevant to the present study is that the scoring protocols allow accurate, real-time score recording and discrepancy
resolution. With 10 raters using the system, 50 ePortfolios can be awarded trait and holistic scores, with discrepancies resolved, in a
single day.

Uniform calibration sessions used by the university were used to score the 2010 ePortfolios in the study (Elliot, Briller, & Joshi,
2007). Program administrators selected ePortfolios evidencing ranges on the 6-point Likert scale for each trait and for the holistic
score. Following an orientation and training session, raters subsequently scored and discussed URLSs linked to ePortfolios and
raters synchronously scored student work using the WebPAA system. To accommodate increased sample size for 2012, ePortfolios
were scored asynchronously. ePortfolios were read immediately after final grades were due, thus preventing students from removing
their ePortfolios from the database. As well, the timing of the reading assured that writing course grades were operationally distinct
from ePortfolios trait and holistic scores, as discussed in 5.1.

Our methods therefore produced information on inter-rater reliability. Resource allocation did not allow us to produce information on
the reliability of the adjudicated scores that are actually used in the analysis, a process that would require correlation of scores from
two independent adjudications of a set of scores. Focus should therefore be on the correlations with external variables because
those correlations suggest some level of reliability in the adjudicated scores.

5.6. Measures
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To address Research Question 1, we used simple counts to establish consensus. To establish consistency estimates, we used both
Pearson product moment correlation coefficients and weighted Kappa coefficients. As Table 3 demonstrates, use of both measures
allows reporting transparency. Following White, Elliot, & Peckham (2015), interpretative ranges are provided in 7.1. To address
Research Question 2, we used Pearson product moment correlations coefficients. Tables 4, 5, 6, and 7 illustrate the usefulness of
this basic method for the overall group and sub-groups. Following Kelly-Riley & Elliot (2016), interpretive ranges are provided in 6.2.
As shown in Table 1, Study 3 used 2-tailed tests of significance to identify score differences in sub-groups. Sub-group differences
were further analyzed using the Bonferroni correction, as demonstrated in Table 2. Study 3 also employed linear regression
techniques to investigate relationships among predictor and outcome variables. Because data transparency was a goal of the study,
no attempt was made to correct for model over-fitting. When effect size is reported in Tables 1, 2, and 8, we have used Cohen’s d
(1992), as calculated by Ellis (2009). Interpretive ranges are provided in 5.2. For all studies, statistical significance is reported at
0.05, 0.01, and 0.001. Unless p < .05 the result is reported as not statistically significant (nss). Basic descriptive and inferential
measures are useful in demonstrating the power of quantitative analysis for complex assessments using ePortfolios. As well,
because the techniques are generally used, replicability of evidence can be gathered across settings, as discussed in 8.3.

5.7. Software

Information provided in Tables 1, 2, 4, 5, 6, 7, and 8 was analyzed in SPSS 20. Information provided in Table 3 was analyzed in R
3.2.3 using the Design package.

6.0 Results

Results are categorized in terms of evidence related to reliability, validity, and fairness. Based on the study design, we use a variety
of descriptive and inferential tables to present ePortfolio scores as they are related to each other and to other measures of the
writing construct. Because these results are first generation quantitative research involving ePortfolio trait scores, we have
disaggregated data to deepen analysis.

6.1 Reliability: Consensus and Consistency Evidence

In terms of inter-rater consensus and consistency estimates, Table 3 presents a detailed portrait of the challenges involved in
scoring ePortfolios for the overall sample and for sub-groups. Presented are consensus estimates of exact, adjacent, and discrepant
scores. Presented also are two types of consistency estimates: Pearson and weighted Kappa coefficients. Reporting practices
follow those recommended by Hallgren (2012) for observational ratings provided by multiple readers. The 0.7 coefficient is used as
the lowest acceptable correlation for consistency estimates; however, this standard gauge is problematized in 7.1.

Table 3: ePortfolio Consensus and Consistency Estimates, All Groups
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Consensus Estimates

Consistency Estimates

Exact Adjacent Scorcs Scores Scored Won- Adjudicated Won- Adjudicated
agrecment differ by 2 differby 3 differ by 4 Adjudicated Pearson Adjudicated Weighted
Pearson Weighted Kappa
Kappa

All Students (N = 210)
ePortfolio: T3 T 41 7 2 ApEe= HTEEE g]=== Nkt
Rhetorical (35%) {41%) {20%) (3%) {1%)
Enowledge
cPortfolio: =5 R 15 b ] S4qmem JlEss S3mam Al
Critical Thinking (42%) (43%) (13%) (3%]) (0]
cPortfolio: T L 40 B 2 g7ees Syre= Jyees ST
Writing Processcs (3E%) (3] {199 (4%) {1%)
cPortfolio: 71 B 47 fr ] AFEEE HTEEE 0 bl ShpEEs
Knowledge of (3d4%%) {41%:) {22%) (395 {H)
Conventions
ePortfolio: 1.9 77 1 12 2 Siees JgrE= Eriaid J5ees
Compasing in (42%) {275 (15%) 6% 1%
Electronic
Environments
cPortfolio: 3 o2 X7 7 1 Sives qiees S]eee qiees
Holistic Score [40%) {d4%) {13%) (3%) {0%%)

Male Students (n = 179)
cPortfolio: a3 Gl kr 7 2 AgEE Shgres 42wew Shgres
Rhetorical (36%) (3% {21%) (4%) (1%)
Enowledge
ePortfolio: 75 75 I 5 ¥ ST==® J]E== GEmmw J]E==
Critical Thinking [42%) 142%) (13%) (3%) ()
cPortfolio: GE 7o 11 7 1 AfreE G4rE= A== G4rE=
Writing Processes [38%) (3%%) (18%) (4%) (1%)
cPortfolio: 61 73 18 b ] A4EEE Alrsm K T Kb
Enowledge of (35%) {41%) {21%;) (3%) {0%)
Conventions
cPortfolio: 1 61 25 10 1 Eria SHres Aeaw Jgrz
Compasing in [45%) {35%:) (14%:) (5%) (1%
Electronic
Environments
cPortfolio: 0 T 12 7 1 Symes SlEes R TRrE
Holistic Score [39%) {44%) (12%) (4%:) {1%)

Female Students {n = 31}
cPortfolio: B 1] 4 ] ] e 5= 1y 5=
Rhetorical [26%) (61%) {13%) (09 {0%)
Enowledge
cPortfolio: 13 13 4 1 ] e Sqne el Sane
Critical Thinking [42%) (42%) (13%) (3%%) 0]
cPortfolio: 11 3] 7 1 1 04 = 2= 04 = 2=
Writing Processes (35%) {35%) (23%) (3%) (3%)
cPortfolio: w 13 L] ] ] dEm Sgu=x dEm SHeE
Knowledge of [2%%) (42%:) {29%) 10%) %)
Conventions
cPortfolio: 7 15 L1 2 1 ¥ AEee ¥ AEee
Composing in (23%) (48%:) [ 15%:) (L] {3%)
Electronic
Environments
cPortfolio: 13 13 5 ] ] g K g Jh2awew
Haolistic Score [42%) {42%) (16%%) (09%) (%)

White Students (n = 89)
cPortfolio: 12 39 15 3 ] Agrzm K T AqEes K T
Rhetorical [36%:) [44%:) (17%%:) 139%) %)
Enowledge
cPortfolio: 41 i3 12 3 ] S5ees Ik e Si=== Ik e
Critical Thinking (46%) (37%) (13%) (3%) (0]
cPortfolio: 35 s 14 5 ] Agr== == Agr== ==
Writing Processes (39%) (35%) (16%) (6% {0%%)
cPortfolio: 33 s 19 2 ] Agrzm K T AgrEm K T
Knowledge of (37%) [30%) (21%) (29 {0%)
Conventions
cPortfolio: 44 a0 13 2 ] SHiwes gimaw HlEes R b
Compesing in [49%) [34%5) (15%4) (29%) {0%)
Electronic
Environments
cPortfolio: 36 39 12 2 ] Syees Treas S3nes Tg==
Holistic Score [40%) (44%) (13%) (2%) {09%)
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Asian Students (n = 59)

cPortfolio: 20 25 12 1 1 J3ew K R J3ew SGfees
Rhetorical (34%:) (42%) (20%:) (2%) {2%:)

Knowledge

cPortfolio: 25 27 5 2 ] Loees 5]m=n gamee fovan
Critical Thinking [42%) (46%) (E%) (3%) {0%%)

cPortfolio: 0 25 12 2 ] as5es e T T
Writing Processes (34%2) (42%) (20%:) (39 (%)

cPortfolio: 17 23 13 1 i} Jdqes RELL AEEs GEEas
Enowledge of [19%:) (47%) (22%) (2%) (09%%)

Conventions

cPortfolio: i 29 [ 3 1 Ssus Agwws amew FELLE
Compasing in (3%} [#5%) [10%e) (5%) (2%)

Electronic

Environments

cPortfolio: 3 29 [ 1 ] ¥ Ll REELL Lt gawas
Haolistic Score (39%:) (49%:) (10%) (2%) (0]

Hispanic Students {n = 36)

cPortfolio: 10 15 ] | ] 16 SAEes 1 e
Rhetorical (28%) (42%) (25%) (6%) {0e)

Enowledge

cPortfolio: 1 17 8 ] ] 36" Gl .35% 5gus
Critical Thinking (31%:) (47%) (22%) (093) (%)

cPortfolio: 13 14 H 1 ] 30s K 36T GAweE
Writing Processes [36%:) [399%:) (22%) (3%) (0%)

cPortfolio: 1 14 10 1 ] AL G4 33
Knowledge of (319} [359%5) (289 (3%) (0%)

Conventions

cPortfolio: 12 10 & 4 ] el ShhEEs 24 KT
Compesing in (33%) [2B%) [25%%) (11%) {l¥%)

Electronic

Environments

cPortfolio: 12 15 ] 2 ] e R e K e
Haolistic Score (33%2) (42%) (17%) (6%) (%)

¥p< 05

=*pa 1

EE o 001
Mote: p-values not statistically significant at the 0.0% level are designated as nss.

As Table 3 shows, only adjudicated scores for critical thinking, composing in electronic environments, and the holistic score from the
overall group would be admissible for further interpretation and use. No inferences whatsoever could be made for any of the scores
for female students, and only the holistic scores could be used for Hispanic students. Put another way, few of the correlations
reported in Table 3 would be seen as acceptable for further study. Furthermore, if we recall the observation of Haertel (2006) that
adjudication violates statistical assumptions, then only a single non-adjudicated weighted kappa score from Table 3 (K= 0.80, p <
.001, for male students on composing in electronic environments) met the 0.7 standard. Were the 0.7 coefficient used, only a single
score on a single trait for a single sub-group could be used for further interpretation and use.

6.2. Validity: Convergent Evidence

Tables 4 to 7 present correlations relating to pre-admission measures, ePortfolio traits, academic measures, and predictive
measures for the overall population and for all sub-groups. The correlation ranges used in analyses and discussions are as follows:
high positive correlations = 1.0 to 0.70; medium positive correlations = 0.69 to 0.30; and low positive correlations = 0.29 to 0.00.

Table 4: Correlation of Measures: All Students
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Measures 1. 2. 3. ER 5. B, 7. E. @, 1. 11 12.

1. HS Rank — 21+ 0= 12 A4 2Tes 23w 15 20+ A3es 31w Ane=
(N = 14200

2. 3AT Critical — Ty 1 Rk} 07 g -0 4= Ges daws 26
Reading

(N =2636)

3. 8AT Writing — d6* 13 13 20w RE] d6* 2= 2T 3=
(N =2636)

4. ePortfolio: — By G T*= it By 1 1E* A7
Rhetorical

Knowledge

(N =210}

5. ePortfolio: — G2 Tl 5T _B1ss 4= 26 A7+
Critical Thinking

(N =210}

6. ePortfolio: — K R Shee I 4= daws 20%=
Writing Processes

(N =210}

7. ePortfolio: — g T3se s 2] A7+
Knowledge of

Conventions

(N =210}

8. ePortfolio: — g Rk} 12 1E*
Composing in

Electronic

Environments

(N =210}

9. ePortfolio: — LR 20%= 25w
Haolistic Score

(N =210}

10. Writing — 0= Jos=
Course (Grade

N=217T1)

11, Mext Writing — A5es
Course (Grade

(N=114T)

12. Mext —

Semester GPA

(N = 2560)

*p <= 05
wen < ]|

Table 5: Correlation of Measures: Male and Female Students
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Measures 1. 2. 3 4. 5. £, 7. H. 9. 10, 11. 11
1. HS Rank Men— Jg** 25 0% ki e . | 1% 4 il Ry L
(Men = 1155) Women|
(Women = 265)

2. 3AT Catical Reading e Ment ) b A0 A5 06 19 01 A4 o FrkL] Fh kL]
(Men = 2086)

iWomen = 550) Women|

I SAT Wnhing ) b TR Ment A3 A1 07 e .01 A2 29 24 g1
iMen= 20846)

(W omer. = 550) Womer|

4. ePortiolo: S0 6 .24 Ment B5ee S e L Sgve H5 10 1g== il -
Rbetorical Krowledge

(Men= 179) Wamen|

(Womer = 31}

5. ePortiolo: 51 M & ) Ment 52w 12w 5Jwe A1 14 2gee il -
Crtical Thinking

(Men = 174) Women|

(Womer = 31}

6. ePortiolio: JT 04 3B A5 G4 Ment A= AB** = 15" 24== kL]
Wrnting Processes

(Men = 179) Women|

(Women = 31}

7. ePortiolie: Sge A2 il SgEs S5 Sqre Ment A6 Tg Pl kL] 19
Knowledge of Conventions

(Men = 179) Wamen]

(Women = 31}

%, ePortiolo: S Ao A3 S g3 o 21 Ment = L 1g=* 18"
Compasing in Electronic

Environments Women|

(Men = 174)

(Women = 31)

9. ePortiolie: T4 a7 25 s e g5 a1 51 L Ment Al L il et 26**
Halstic Score

(Men = 179) Women)

(Womer =11

10. Course Grade AT b 2EE .20 23 23 19 14 19 Ment e Sk
iMen = 1717)

iWomen = 444) Waomen]

11. Mext Writing Course Grade 32 - ) b 11 7 .02 A5 ATEE 0z g Ment A4rE
(Men = 167E)

(Women = 469) Women]

12. Next Semester GPA S 33 a5 A5 20 i} 1 2 23 K Aqes Ment
iMen = 2013) Women
(Women = 547 )

*p< 05

wape il

Table 6: Correlation of Measures: White and Asian Students

Measures 1 2 3. 4. 5. . T. =, 9. 10, 11. 12
1. HS Rank White—s -AgE g 04 i AT e Bl il SpEE =+ Asee
(W hite = 502) Astan]

[ Asian = 300}

2. SAT Cratical Reading ) bl Whitet .To== o7 A2 0w 18 Ll A7 g e i b
(W kite = 974)

{Asan = 616) Asian|

I SAT Wrnling g7 e Whtet i I .0z 5w .03 A2 L L -gee
(W kite = 974)

{Asan = 616) Asian]

4. ePortfolio: Rhetarical 19 x| Als Whitet Ll Sqne 7 Squ= .B5um 24 A2 17
Knowledge

(W hite = 89) Asian]

{Asian = 59)

5 ePortfolio: 23 L 32w EqEs White S G5 AgEE - Qs 5% .19
Crtical Thicking

(W kite = B9) Asian]

{Asian = 59)

6_ePortfolio: 31 08 A5 Epws A1nE White S5k A5es G oy Ll 23+ 2y
Wnting Processes

(W hite = E9) Asian]

{Asian = 59)

7. ePortiolo: 31 23 Al LT 11 L2 Whtet L ) L g =l .20
Knowledge of Canventions

(W kite = 89) Asian]

{Asian = 507

2. ePortiolo: .07 Lir] A Sqww e Sy g Whtet .5 18 bl .14
Compasing i Electronic

Environments Asian]

(W hite = 89

{Asian = 59)

9. ePortiolo: 33 RE 37 TaE HpeE Th*E SGEEE T3 Whatet SpEE 1B g
Halstie Score

(W kite = 29 Asian]

{Asian = 507

10. Writing Course lrade Al B i i .03 .7 01 .03 12 Whatet A3 S5
(W kite = B56)

[Asian = 408) Asian|

11. Next Writimg Course 33 el 2ee g AL a0 el b 14 30 il White? A3
Grade

(W hite = 2100 Asian]

[ Asian = 51T}

12 Next Semester GPA AGEE g 33em B A6 15 A% Bl 18 GERE A5e Whitet
(W kite = 937) *—Asun
iAsian = 6201
“p< 05
*ep < 01

Table 7: Correlation of Measures: Hispanic and Black Students
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¥easures 1 2. i 4. 5. fi. 7. . 9. 0. 1. 12
1. HS Rank Hispanic— 09 2] BE 07 Y 31 42 =k g =khL 30
(Hispanic = 344) Hlack]

(Black = 154)

2. SAT Crtical Reading 17 Haspanict i 13 10 Lk} 20 04 20 1= kL oL L
{Hispanic = 510)

(Black = 243) Black]

I SAT Wnling 25* BT Hispanict 11 A Aa 23 12 L} il L LS g
(Hispanic = 510

(Black = 243) Black]

4. EPortfolio: Rhetorical qrs gns gus Hispanict A3ne b1** 57 H1** Aane 01 26 19
Knowledge

(Hispanic = 16) Black]

(Black = grs)

5. EPortfolio: L gz gaus gus Hispamict i A Hare -Bog=e 10 A5% 34
Crtical Thickimng

(Hispanic = 36} Black]

RS gns qng gns gz Hispanie{ SR S5He. .T0* 13 3o 32

Black]

(Black = grs)
7. EPortfolia: gns gns gns gns gns gns Hispanict Azee Baee 08 A2e Agee

Knowledge of Conventions

(Hispanic = 16) Black]

(Black = grs)

& EPortfolio: RS gns qng gns gns gns gns Hispanic} T 02 A1 Ages
Composing in Electronic

Environments Black]

(Hispanic = 36}

(Black = grs)

9. EPortiolia: s gns gns gns gns gns gns gns Hispamict 08 31 41
Haolistic Score

(Hispanic = 16) Black]

(Black = grs)

10, Writing Course Grade ages i 13 gns gns gns gns gns gns Hispamict ESL ]
{Hispanic = 191}

(Black = 15%) Black]

11. Next Wniting Course 0 3% 7. 30 3ane Hisparic] Adqee

Cirade

P
5}

3
i
&1
(5]
o
o
w

(Hispanic = 403) Black)
(Black = 201)
11. Mext Semester GPA Ages 27 7% gns gns qus gns gns gns Ba%e 4ges Hispanict
{Hispanic = 455) r
(Black = 243) —Black
*n < 05
sep < 01
Note: Sample sizes under 30, too small for inferential analysis, are designated gas (quantity not sufficient)

In both the overall sample shown in Table 1 and all sub-groups shown in Tables 4 through 7, ePortfolio scores reached medium-to-
high statistically significant correlations with each other. This important finding provides perspective of the relationship of ePortfolio
scores to pre-college measures, enrolled college measures, and predictive college measures.

Regarding criterion evidence related to pre-college measures in the overall sample, high school rank demonstrates low statistically
significant correlations with all ePortfolio scores except critical thinking. With the exception of female students whose ePortfolio
scores correlate at medium-to-high statistically significant levels with high school rank, statistically significant correlations are largely
absent in white, Asian, and Hispanic students. In terms of SAT Critical Reading relationships with ePortfolio scores, statistically
significant correlations remain low in the overall sample, and only a single trait (knowledge of conventions) achieves statistical
significance for men in analysis of gender. Correlations are absent in White, Asian, and Hispanic students. In terms of SAT Writing,
these patterns of low correlation and absence of statistical significance continue with ePortfolio scores in the overall sample, with no
statistically significant relationships present for Hispanic students.

Regarding criterion evidence related to the concurrent academic measure of course grades in the overall sample, low statistically
significant correlations are present with ePortfolio scores in critical thinking, writing process, knowledge of conventions, and holistic
score. For white students, low-to-medium statistically significant correlations are present for all scores except composing in
electronic environments. For male students, low correlations are recorded only for writing processes and knowledge of conventions.
No statistically significant relationships are present for female, Asian, or Hispanic students.

Regarding criterion evidence related to next writing course grade in the overall sample, presence of statistically significant
correlations is somewhat improved from course grades. With the exception of composing in electronic environments, ePortfolio
scores are correlated at low levels with next course grade. For male students, all ePortfolio scores correlate at low levels with next
writing course grade. For female students, no positive statistically significant correlations are recorded. For White students,
statistically significant correlations are low or absent. For Asian students, the presence of correlations are stronger, with all
ePortfolio scores correlating with next course grade at low-to-medium levels, with the exception of composing in electronic
environments. Similar patterns of medium statistically significant correlations are present with Hispanic students, with the exception
of rhetorical knowledge and holistic score.

Regarding criterion evidence related to next semester GPA in the overall sample, low correlations are present with all ePortfolio
scores. This pattern continues with male students. No statistically significant correlations appear for female students between next
semester GPA and ePortfolio scores. For White students, low statistically significant correlations are present only for writing
processes and holistic score. No statistically significant correlations are present for Asian students between ePortfolio scores and
subsequent course grades. For Hispanic students, medium statistically significant correlations are present for knowledge of
conventions, composting in electronic environments, and holistic score.
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6.3. Fairness: Group Difference and Differential Validity

As prelude to an analysis of fairness, it is important to recall the gender and race/ethnicity differences shown in Table 2. As
demonstrated, there are no statistically significant differences on ePortfolio scores of White, Asian, and Hispanic students. The only
criterion measure that yields no statistically significant differences among race/ethnicity groups is high school rank. Absence of
statistically significant differences among race/ethnicity groups is an important indicator of fairness and provides an important
background to analysis concerning differential validity.

Table 8 provides regression models on pre-college, enrolled, and predictive measures. Models are coded according to measures in
Table 1. So, for example, Model 1A includes measures 1 (HS Rank) +2 (SAT Ciritical Reading) +3 (SAT Writing) — 9 (Writing
Course Grade). While predictive patterns are shown for pre-college measures to facilitate comparison (Models 1A through 1D), four
analyses are of special significance to the present study: ePortfolio trait scores as predictive of holistic score (Model 2A); ePortfolio
trait and holistic scores as predictive of course grade (Model 2B); ePortfolio trait and holistic scores as predictors of subsequent
course grade (Model 3A); and ePortfolio trait and holistic scores as predictors of next semester GPA (Model 3B).

Table 8: Regression Models: Pre-College, Enrolled, and Predictive Measures Predicting ePortfolio Holistic Score, Writing
Course Grade, Next Writing Course Grade, and Next Semester GPA

All Male Female White Asian Hispanic Black
B F B F B F B F B F B F B F
Pre-College
Measures
Model 14 Ofimes (3, 108 =211 0 5mes (3, 8%)= 103 g Ofmzs (3,47 = 0% gn1 irer (5, 47)=1.09 gn1
PRl
Model 1B e 31076 = 55,70 i (3, 880) = 29.79 25k 0 192)=12121 16%** (3, 303) = 2450 lgeee (3, 215) = 14.08 1res (3 243) = 1038 16 (3, 106) = 6.7%
63— 10 (58] 103y {82y (1] (86) {39) [{R14]
Model I W, 1083) = 6055 1344+ LATT) - 4d00 Qe (D, 202)- 1504 ATt (D 387)- 2387 e (L 2R)- B4 UM (3,280)- 0236 03t (3, 102)- 553
+2ed—11 (81) (4% {1y (&0) (.19) (800 (1.1%)
Model 1D Tivew 1M 19T 1gees (3, 1058y = B1.6E Jiwes 3 210)= 4250 qrew 1, 34R) = 46.90 q (3, 282)= 2030 15%4 (1, 315)=17.77 Zeee 3,137 =17.17
+red—el2 ] ) 0 ] ) 3 1
Enrolled College qns
Measures
Model 2A Ryess (8 D0d) - 19906 Eqees (8, 173) = 179.55 77k (5 28)- 1634 glaee (FEN-TIT1 gaies {3, 33)= 4790 E0eee (8 30y - 2420 qns
dt54 6 THE—0 (1) (1N {5) (&%) (58] (1.05)
Model 2B a6* (5, 200)= 2.1 g* 6, 170) = 244 Ofmes (6, 2= 37 g 6, 81y = 520 4 g (6, §1)= 33 12 (6, 2E)= 6] gns
4454647484010 [£.21] {.78) (.£1)
Predictive
College
Measures
Model 14 figee s, ED) =282 g (6, 154) = 2.4 qns ase (670 |46 22 nsx (6, 6= 2.1% FLI gns
Lapia Grhs ol | (91) ()
are
(.69) (6, 196) = 138 L (6, 167) = 134 G ldmrs (6, 7= 194 Ofms (6, 32)= 42 gy gns
Model 1B [E-21]
A5 TR g 1}
*p< 05
sape ]
*adp < 001

Note: p-values not statistically significant at the 0.05 level are designated as nss. For statistically significant measures, standard errors are reported in parenthesis under R,

Sample sizes under 30 are designated as grs. Model designations follow Tables 1 and 2: 1 = HS Rank; 2 = SAT Critical Reading; 3 = 8AT Writing; 4 = cPortfolio Rhetorical Knowledge;
§ = ePortfolio Critical Thinking; 6 = cPortfolio Writing Processes; 7 = ePortfolio Knowledge of Conventions; 8 = ePortfolio Composing in Electronic Environments; 9 = ePortfolio
Holistic Score; 10 = Writing Course Grade; 11 = Next Writing Course Grade; and 12 = Next Semester GPA.

Consistent with evidence in Tables 4 through 7 that ePortfolio scores reached medium-to-high statistically significant correlations
with each other, Table 8 shows that there is a statistically significant, high coefficient of determination for all gender and
race/ethnicity groups. At its lowest, Model 2A accounts for 77% of the variance for female students. However, no such predictive
power is found in the ability of ePortfolio trait and holistic scores as predictive of course grade in Model 2B. At its best, 19% of the
variance is account for by Model 2A for white students; at its worst, the model fails to meet the test of statistical significance for
Asian and Hispanic students. For these two student groups, evidence of differential validity is therefore absent, and no claims for
such evidence can be made for these students of the ability of ePortfolio scores to predict concurrent course grades.

Regarding evidence related to the ability of ePortfolio scores to predict subsequent writing course grade, statistically significant
coefficients of determination are low for the total population and for male students. Model 3A fails to meet the test of statistical
significance for White and Asian students. Evidence of differential validity is again absent, and no claims for such evidence can be
made for these students of the ability of ePortfolio scores to predict next writing course grades.

Regarding evidence related to the ability of ePortfolio scores to predict next semester GPA, a similar pattern emerges. Statistically
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significant coefficients of determination account for only eight percent of the variance for the total population and for male students,
and Model 3B fails to meet the test of statistical significance for White and Asian students. Again, evidence of differential validity is
absent, and no claims for such evidence can be made for these students of the ability of ePortfolio scores to predict next semester
GPA.

7.0 Discussion

Quantitative analysis of ePortfolio scores raises unique complexities. As these are identified, it becomes increasingly important to
design research according to evidential categories of reliability/precision, validity, and fairness. When program assessment was at
its zenith in US post-secondary institutions, Messick (1995) argued that no form of assessment could claim exceptionalism from
evidential categories intended to support score interpretation and use. His observations about performance assessment, then as
now viewed as a vehicle for robust construct representation, are worth remembering:

The principles of validity apply to all assessments, whether based on tests, questionnaires, behavioral observations, work
samples, or whatever. These include performance assessments which, because of their promise of positive
consequences for teaching and learning, are becoming increasingly popular as purported instruments of standards-based
education reform. Indeed, it is precisely because of these politically salient potential consequences that the validity of
performance assessment needs to be systematically addressed, as do other basic measurement issues such as reliability,
comparability, and fairness. (Messick, 1995, p. 5)

As the present study demonstrates, the same argument may be usefully made for ePortfolio-based assessments. In the case of
writing assessment, special advantages are apparent in terms of using known sources of validity such as the WPA Outcomes
Statement. An established way to frame instruction and assessment, the WPA Outcomes Statement is a valuable curricular strategy
that can be used in assembling evidence related to reliability, validity, and fairness. In the present study, ePortfolios similar to that
shown in Figure 1 form the center of the assessment, and Tables 1 through 8 illustrate that valuable evidence may be gathered
regarding student learning when instruction and assessment are conceptualized as a single phenomenon. In program assessment, it
is not top scores or high correlations that matter as much as the ability to engage in fine-grained analysis of student work that, in
turn, leads to identification of additional opportunities to learn—the politically salient potential consequences about which Messick
wrote two decades ago.

As we turn to discussion of the study findings presented in terms of the three research questions, it may be useful to consider the
foundational measurement categories used in the present study function as threshold concepts—categories of key evidential forms
that allow what Yancey (2015) has termed a “portal for planning” (p. xix). Rather than view study findings as interpretation and use
arguments aimed towards justification, the six-year instructional and assessment history records what occurs when instruction and
assessment work together to structure principled analysis. We find that flexibility, comparison, and purpose are usefully associated
with reliability, validity, and fairness in presenting the following generalization inferences regarding the writing ability of the students
assessed in the present study.

7.1. Inter-rater Reliability/Precision: Interpretative Flexibility

Levels of inter-rater consensus and consistency evidence presented in Table 3 reveal that standard gauge reliability guidelines are
of little use in interpreting ePortfolio scores. If scores from complex writing assessments are to be interpreted and information from
them used, then researchers are best served by calling into question the 0.7 correlation coefficient established by writing tasks
associated with standardized testing. These limits are recognized in the Standards (AERA, APA, NCME, 2014) and deserve
emphasis in their application to the present study:

Each step toward greater flexibility in the assessment procedures enlarges the scope of the variations allowed in
replications of the testing procedure and therefore tends to increase the measurement error. However, some of these
sacrifices in reliability/precision may reduce construct irrelevant variance or construct underrepresentation and thereby
improve the validity of the intended interpretations of the scores. (p. 36)

While it is generally recognized that all educational assessment is a series of trade-offs between validity and reliability, the special
case of consensus and consistency estimates regarding ePortfolio score reliability lends specificity to the discussion. High rates of
inter-rater reliability are of little value if the construct representation is, as Kane (2006) has written, a “very narrow slice of the target
domain of literacy” (p. 31).

Because studies of ePortfolio scoring results are very recent, levels of consistency such as those proposed by White, Elliot, and
Peckham (2015, Table 4.3, p. 123) are an evidence-based, flexible approach to score interpretation. Establishing high, middle, and
low levels of reliability strength for specific measures such as Pearson and quadratic weighted kappa correlations allows inferences
to be made and qualifications to be articulated about overall and sub-group performance. In reference to Table 3, for example,
rhetorical knowledge scores reveal medium levels of non-adjudicated reliability and high levels of adjudicated reliability for the
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overall student sample; hence, while raters did have a moderate degree of difficulty scoring the variable, a high degree of reliability
underlies rhetorical knowledge scores from 2010 to 2012.

Based on the literature review and the results of the present study, the following ranges of Pearson correlation coefficients may
serve as a useful guide for score interpretation and use related to rater-to-rater reliability evidence when six-point scales are used.
Each level assumes at least p < .05: Non-adjudicated low = 0.1 to 0.22, medium = 0.23 to 0.47, and high = 0.48 to 1.00; adjudicated
low 0.1 to 0.26, adjudicated medium = 0.27 to 0.56, adjudicated high = 0.57 to 1.00. In terms of weighted Kappa coefficients, the
following ranges may serve as guides: Non-adjudicated low = 0.1 to 0.22, medium = 0.23 to 0.45, and high = 0.46 to 1.00;
adjudicated low 0.1 to 0.27, adjudicated medium = 0.28 to 0.56, adjudicated high = 0.57 to 1.00.

While these interpretations may prove useful, they may also serve as a guide for score use. In the present study, ePortfolio scores
for female students on writing processes should not be used for any purposes aimed at drawing inferences about this sub-group
because statistical significance was not met. Operationally, this conclusion means this variable was therefore withdrawn from further
analysis, as shown in Table 5. In similar fashion, scores for Hispanic students shown in Table 3 on rhetorical knowledge, knowledge
of conventions, composing in electronic environments, and the holistic score itself met the test of statistical significance only after
adjudication. The level of difficulty reading these ePortfolios suggests that caution should be expressed in making claims about the
writing ability of Hispanic students on these variables and that further study is required to investigate the problem associated with
scoring those variables with this particular sub-group of students.

Examples such as these shed new light on the broad, provocative question by Moss (1994, 2004), “Can there be validity without
reliability?” The correct answer, as given by Mislevy (2004), is that reliability/precision must not be sold short based on surface
familiarity with techniques of standard practice and lack of specificity regarding assessment aim and subsequent score use. In terms
of the present study, Moss’s question, reframed under Mislevy’s call for specificity, may be more precisely framed as an integrative
opportunity: “How can evidence associated with reliability/precision help us support and qualify the inferences we make about
students so stakeholders receive information that will, in turn, form valid views about student performance?”

7.2. Validity: Convergent Evidence and Comparative Analysis

Without the twelve writing construct measures identified in Table 1 and used throughout the study, meaningful discussion of
quantitative information in this first-generation study would be difficult. As such, the patterns observed in Tables 4 to 7 are best
interpreted in terms of other performance-based writing studies using criterion information at United States institutions. When first
generation assessments are brought forward, comparative information provides directions for score inferences associated with
validity evidence.

In a study of post-secondary first-year student writing, Klobucar, Elliot, Deess, Rudniy, and Joshi (2013, Table 4) found low-to-
moderate statistically significant correlations on traditional print portfolios—scored with consensus and consistency estimates similar
to those reported in Table 2—between all trait scores and holistic scores in a two-year study (2009, n = 151; 2010, n = 135). In 2009
(n = 151) low-to-moderate statistically significant correlations were observed between course grade and each of five trait scores (0.3
to 0.4, p < .01) and between course grade and the holistic score (0.43, p < .01). In 2010 (n = 135) low-to-moderate statistically
significant correlations were again observed between course grade on each of five somewhat different trait scores (0.35t0 0.5, p <
.01) and the holistic score (0.43, p < .01). In a related postsecondary study (n = 135), Klobucar, Deane, Elliot, Ramineni, Dees, and
Rudniy (2011) established a correlation of 0.6 (p < .01) between a print portfolio holistic score and course grades (Table 2, p. 111).

As Tables 4 to 7 reveal, these levels of correlations are not established in the present study, with the exception of female students
shown in Table 5. A reason for the difference may be found in the statistically significant lower trait and holistic scores on the
ePortfolio. While there was no statistically significant difference between 2010 scores and 2012 scores on rhetorical knowledge,
critical thinking, and knowledge of conventions, lower 2012 scores of statistical significance were demonstrated on writing
processes (£(251) = 4.18, p < .001) and the holistic score ({(240) = 2.44, p < .01). As well, a new variable, composing in electronic
environments, demonstrated a score lower (M = 6.34, SD = 2.11) than any recorded in 2010. While identical constructs were
present, different score patterns appeared when print portfolios were replaced by ePortfolios.

Results suggest that statistically significant correlations between pre-admission measures (high school rank and standardized test
scores) and ePortfolio scores will be medium (0.69 to 0.30) to low (0.29 to 0.00). Significant correlations between ePortfolio scores
and admitted measures (writing course grade, subsequent writing course grade, and next semester GPA) will also be medium to low.
However, if ePortfolio scores are used to determine final course grade—that is, if the ePortfolio score is given a point value used in
grade calculation—the correlation coefficient will increase. In a study of 1,208 ePortfolio holistic scores of first-year college students,
Kelly-Riley, Elliot, and Rudniy (2016) reported a high r value of 0.82 (p < .01) between ePortfolio holistic scores and writing course
grades (Table 5, p. 105). The contrast in findings in terms of the present study may serve as a useful guide for score interpretation
and use related to concurrent evidence.
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Three benefits may be identified in establishing convergent evidence. First, when related performance measures are analyzed in
their relationship to ePortfolio scores, study-site ecologies, especially information gained from response process studies, may be
more fully understood. Pre-admission, criterion, and predictive measures are essential to understanding ePortfolio trait and holistic
scores, interpreting their meaning, and justifying their use. Second, although the traits may be identical, even at a single institution
the use of digital techniques mediates the construct. As Katz & Elliot (2016) have hypothesized, measured constructs are mediated
by the way the assessment designers sample the construct; depending on how the assessment designers envision the digital scene
of action, there may be differences in what is being measured. Indeed, broadly conceived, ePortfolios might be helpfully understood
as blurred genres that, as Cumming (2013) noted in the case of integrated writing tasks, have both benefits of robust construct
representation and risks of invoking forms of writing that are emerging and therefore difficult to score. Third, while robust construct
measures such as ePortfolio scores admirably capture the writing construct, construct under-representation is nevertheless present,
as suggested by the moderate-to-low correlations between ePortfolio scores and course grades. While many variables of the writing
construct may be captured in ePortfolio-based assessments, the assessment occasion is highly restricted to the reading period—a
narrow view of the student ability that does not compare to the course-long observations made by an instructor. One plausible
hypothesis of the present study is that disjuncture between ePortfolio scores and writing course grades is evidence of an instructor’s
longitudinal view of the writing construct and the limited view provided by episodic assessment.

7.3. Fairness: Purpose, Group Difference, and Differential Validity

As is the case with evidence related to reliability/precision and validity, patterns of evidence are clear but interpretation is complex.
Table 2 illustrates an important indicator of fairness: There are no statistically significant differences on ePortfolio scores of White,
Asian, and Hispanic students. It is important to note that this absence of score difference is not present for any of the other criterion
measures in terms of sub-group comparison. Based on present findings, we hypothesize that increased representation of the writing
construct results in increased fairness for all student groups.

In terms of predictive validity, the interpretation is more complex. In Model 3A shown in Table 8, statistical significance was not

reached for White or Asian students, and the statistically significant coefficients of determination (R2) for the overall group and
White students were demonstrably lower than those obtained by using high school rank and standardized tests. While logic would
argue that the entire GPA in a technological university may not necessarily be highly related to writing ability, that interpretation is
belied by the high, statistically significant correlations in Tables 4 to 7 for the overall group and all sub-groups between writing
course grade and next semester GPA. And, when the ability of ePortfolio scores to predict present and next course grades is

examined, the significant R2 coefficients shown in Table 8 are either low or fail to achieve statistical significance. Only Model 2B for

white students (R2 = 0.19)—the predictive relationship between ePortfolio scores and writing course grade—approaches the levels
reported by Zwick (2013). Hence, while there are no statistically significant differences on ePortfolio scores of White, Asian, and

Hispanic students shown in Table 2, it does not necessarily follow that R2 coefficients will be at medium or high levels.

Based on the literature and the results of the present study, the predictive value between ePortfolio scores and course grades—as
well as values between ePortfolio scores, present and next writing course grades, and next semester GPA—will be low and will

probably not exceed statistically significant R2 coefficients of .3. However, as noted above, if ePortfolio scores are used to
determine final course grade, the R2 coefficient will increase (Kelly-Riley, Elliot, & Rudniy, 2016). In fact a notably strong coefficient

of determination (F\’2 =0.67, (F (1,2015)) = 2415.52, p < .001) was demonstrated in that study, one in which the assessment
purpose was distinct from the one presented here. These findings serve as a useful guide for score interpretation and use related to
predictive evidence.

While the predictive measures involving ePortfolio scores and other criterion measures are difficult to interpret due to low R2
coefficients, an unwarranted conclusion would be to argue against the use of ePortfolios in program assessment because of their
low predictive powers. As Zwick (2013) observed in the case of high school performance, college admissions decisions need not be
based on predicted first year grade point average. The aim of admission is not statistical prediction but, rather, student success. By

extension, the purpose of the ePortfolios used in the present study is not to obtain statistically significant R2 coefficients of
comparative value to other measures; rather the aim of the ePortfolios is identification of opportunity to learn for students through
program assessment.

In fact, it is quantitative assessment pursued in the interest of fairness that led administrators, based on the information reported in
this study, to suspend assessment in 2013 and to concentrate on curricular developments, thereby postponing program assessment
until 2014. Specifically, the three-year trends raised concerns that the ePortfolios were not performing as well as the print portfolios.
While it was difficult to retrieve ePortfolios (students removed them; software settings prevented access beyond a determined date),
informal review revealed that the design shown in Figure 1 had been abandoned. Instead of designing according to the WPA
Outcomes Statement, students had begun using the ePortfolios as digital filing cabinets with little categorization of work, little
experimentation with new digital forms of writing, or little use of reflective statements. Specific concern centered on 2012 trait scores
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on writing processes shown in Table 1 in which scores demonstrated a statistically significant decline from 2011 of medium effect
size (d = 0.63). Of greater importance were trait scores for composing in electronic environments that similarly demonstrated a
decline of medium effect size (d = 0.64). Based on these score patterns and other sources of information, both administrators and
instructors were unsure the digital initiatives were represented with equal commitment across sections. Despite the intentions
described in 5.4, fears arose that opportunities to learn about writing in digital environments—and the use of ePortfolios to record
that effort—were absent. During 2013, additional attention was therefore given to integrating both print and digital forms of writing
into the ePortfolios.

Following these efforts, administrators resumed the first-year assessment in the fall of 2014. Scores in 2014 (n = 99) declined at
statistically significant levels from 2012 in rhetorical knowledge (M = 7.56, SD = 1.67; #(215) = 2.84, p < .001; d = .38). No
statistically significant difference was observed for scores on critical thinking (M = 7.68, SD = 1.69; {(215) = 1.50, p = .13), writing
processes (M= 6.71, SD = 1.98; ; {(203) = -1.19, p = .23), knowledge of conventions (M = 7.64, SD = 1.52; {(208) = 1.02, p = .31),
and holistic score (M = 7.4, SD = 2.08; ; {(209) = .39, p = .70). Most importantly, scores were raised by statistically significant levels,
with an accompanying medium effect size, for composing in electronic environments (M = 7.43, SD = 1.70; {(215) = -4.15, p < .001;
d = .56). Scores suggested that the curricular effort appeared to be on track, and attention at the present writing has turned to
continued investigation of score interpretation and use. In comparison to standardized tests used to conduct outcomes-related work
similar to our own, it is difficult to imagine ACT’s Collegiate Assessment of Academic Proficiency, the Council for Aid to Education’s
Collegiate Learning, or the Educational Testing Service’s Proficiency Profile producing detailed information that would allow
curricular investigation of the kind demonstrated in the present study. As Krzykowski and Kinser (2014) have demonstrated, when
these standardized tests are in place, we still know little about results, score use, or consequences. In other words, the transparency
demonstrated in locally-developed assessments is absent from standardized tests. Perhaps this transparency is what Condon
(2013) alluded to in his challenge to large-scale test designers: “Let the low-yield tests match the richer data set these newer tests
provide, and let them address the key aspect of test validity that they so often ignore: the consequences of using their tests” (p.
107).

In terms of research design issues and their relationship to fairness, Mislevy (2004) has observed that the challenge to
measurement specialists is “to continually broaden their methodology, to extend the toolkit of data-gathering and interpretation
methods available to deal with increasingly richer sources of evidence, and more complex arguments for making sense of that
evidence” (p. 243). Returning to the use of threshold concepts, we want to close by reminding readers that ePortfolio-based
assessment is an activity and a subject of study unified by purpose. Whether used to assess general achievement or proficiency—or
to determine specific course alignment, certification of academic ability, formative review of individual student ability, program
review, or research—ePortfolio-based assessments vary in purpose. As the comparative evidence from ePortfolios used for
certification demonstrates, evidence related to reliability, validity, and fairness will vary. There is no standard gauge, but there are
foundations of principled measurement design leading to transparent reporting. The more such principles are followed and refined,
the better we will be able to interpret and use scores for the benefit of students. While the challenges are substantial, opportunities
to advance knowledge based on foundational measurement principles, with special attention to score disaggregation and reporting
transparency, are apparent.

8.0 Lessons Learned

Used for program assessment purposes, our analysis of fundamental issues in ePortfolio assessment raises issues specific to our
institution that are, in turn, instrumental of larger post-secondary concerns about longitudinal score interpretation. In terms of
research, ePortfolio-based assessments pose new assessment challenges and opportunities. Substantial challenges remain for
research involving ePortfolio assessment regarding limits of inferences that can be drawn from reliability, validity, and fairness
evidence. Notably, the present study illustrates challenges associated with sample size, design standards, replication issues,
measurement of fairness, and reporting transparency. Potential directions for resolution of these challenges are also noted.

8.1. Sample Size

While the sampling plan identified in 5.3 provides a general ability to analyze ePortfolio trait and holistic scores for an overall group,
as shown in Table 1, the design is insufficient for performing sub-group analysis. Even over a three-year time span, as Table 3
reveals, an insufficient sample size prevented inferential analysis for scores of Black students. As Table 8 demonstrates, insufficient
sample size also prevented predictive analysis for female and Hispanic students. This absence poses a serious limit to the present
study, frustrating efforts of the community to learn from the performance of these students whose high school rank and standardized
test scores, as Table 8 demonstrates, are the second highest predictor of second semester GPA. A similar problem exists for women
students whose small sample size prevented any predictive analysis. In that the ePortfolio scores of women were higher at
statistically significant levels than were the scores of male students, as Table 3 shows, further examination of these scores would
have benefitted the entire community.

As related to power analysis—the probability that a test will identify a genuine effect—sample size poses a substantial barrier to
score interpretation and use. Ellis (2010) has shown that if an effect size of d = .50 is sought and studies were run with 60
22/30



participants, statistical significance would be achieved less than half the time. As the 2010 and 2011 ePortfolio scores in Table 1
illustrate, the samples in the present study do not reach that sample size for the entire population, let alone for sub-groups. As Ellis
further demonstrates, a sample of 100 would be needed to identify an effect size of d = .50 (Table 3.2, p. 64). In the case of the
present study, detection of such an effect size would mean that 100 randomly sampled students would have to be identified for each
sub-group shown in Table 3 for a total of 600 students. Such a sample size would be well beyond the resources of the host
institution and, in reality, would demand prohibitive resource allocation for many post-secondary institutions. Even if the sample size
(n = 64) specified by Cohen (1992) as necessary for a = .05 were to be used—a method not recommended by Ellis—a sample of
384 would still pose a substantial challenge (Table 2, p. 158). Under such power requirements, the effect size reported for ePortfolio
trait scores reported in 7.1 are necessarily qualified.

Sampling plan design is a critical consideration to the future of ePortfolio measurement. If power analysis is not possible for annual
readings, at least one other alternative is possible. Power analysis could be used to designate a specified confidence interval that
could then be accompanied by purposive samples to include at least 30 ePortfolios for each sub-group. For the case at hand, that
improved design would have required that 180 ePortfolios be read over a four day period; and, over a three year period, the sample
would reach that identified by Ellis. While additional resources would be needed for such a reading, the analytic gains related to
power and effect size would be substantial. Indeed, if another day of research could be devoted to analysis of reliability through
qualitative techniques, important gains could be made regarding the reasons why some ePortfolios are difficult to score. This
extended assessment period would allow use of multi-method design techniques long held by Haswell (1998) to be profitable in
assessment validation.

Although shortcomings of the present sampling plan defined in 5.3 are clear, the design nevertheless allows the generalization
inferences made in 7.1, 7.2, and 7.3 to be made from ePortfolio scores to the larger sample. While these generalization inferences
are limited, they can nevertheless be used to increase the body of knowledge on ePortfolio-based assessment and to allow
individual institutions to advance opportunity to learn for all students.

8.2. Design Standards

In the United States, an initiative of the U.S. Department of Education’s National Center for Education Evaluation and Regional
Assistance produced a procedures and standards handbook aimed at establishing “rigorous and relevant research, evaluation, and
statistics” to improve the nation’s education system (Institute of Education Sciences, 2014, p. 1). To meet the design standards
without reservation, an intervention study must employ a randomized control design, avoid both overall attrition (i.e., the rate of
attrition for the entire sample) and differential attrition (i.e., the difference in the rates of attrition for the intervention and comparison
groups), establish baseline equivalence for all groups, demonstrate that reliability and validity evidence be collected for both
intervention and comparison groups, and account for confounding factors that limit the study (i.e., all of the intervention group
classes are from a single institution). Regarding single case studies that do not employ a randomized control design, such as the
present study, an independent variable must be systematically manipulated, inter-assessor agreement must be demonstrated on
20% of the data collected, and attempts must be made to demonstrate effect over time for the study to meet the design standards.

As the present study demonstrates, it is difficult, if not impossible, for any institution to meet the intervention design standards; and,
while the single case study design standards are addressed in the present study, there is no deliberate manipulation of the
ePortfolio traits and holistic score. As Weiss (1998) has noted in the criticism of such designs, the experiment demands that the
program remain constant as the predictor variable is manipulated—a situation that constrains instructors, ever desirous of change
for the good of their students, to the extent that the meaning of the results is unclear. While the effort of the Institution of Education
Sciences may be seen as an extreme case of misplaced rigor, it is important to recognize that such standards reflect known
methodological challenges and, in many cases, would prohibit the peer review that is necessary for publication of ePortfolio
research and subsequent classroom impact.

8.3. Replication Issues

As Brennan (2001) has noted, the concept of replication is central to an understanding of reliability. Of course, reliability is a
property of scores. It is not a property of assessments, nor is it a property of statistics. Since many kinds of reliability evidence are
needed to determine score consistency, replication is needed. Once the need for replication is established, we can better
understand the standards set by the Institute of Education Sciences (2014) in terms of emphasis on demonstrated effect over time. If
our colleagues are indeed misplacing their notion of rigor, that misdirection is likely due to underestimating the complexities of
performance assessments of complex constructs such as writing. As Brennan (2001) recognized, “From a methodological
perspective, | believe that performance assessments have had at least one very positive impact—they have forced investigators to
recognize the role of multiple facets in characterizing measurement procedures” (p. 307). Among those facets are the very issues of
reliability, validity, and fairness raised in the present study, especially as they are related to sampling plan design. While item
response theory, for example, may more readily address issues of replication with multiple-choice formats, performance
assessments do not readily yield to such methods because of the limited number of scores available. As Brennan noted, sample

sizes are also a “part of the story” (p. 308). If this story is to have a happier ending in terms of replication, then smaller, more
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compartmentalized constructed response tasks might be used. Exemplary here is CBAL™ initiative in its use of classical test theory,
generalizability theory, and item response theory to evaluate parallel test forms (van Rijn, Chen, & Yan-Koo, 2016).

In terms of replications using complex assessment methods, Kelly-Riley and Elliot (2016) have demonstrated that emphasis on
foundational measurement categories of reliability, fairness, and validity allows ePortfolio techniques to be used across different
institutional settings. Analysis of scores can then provide institution-specific evidence that can be used to support student learning.
These techniques, alert to campus ecologies, are aligned with the central point made by Brennan (2001) regarding quantitative
assessment, one that is worth quoting in full:

Mathematics and statistics provide powerful tools for examining the syntactical elements of measurement issues,
especially reliability, but mathematics and statistics per se cannot answer semantic questions about measurement. In
particular, in my opinion, there are no meaningful answers to reliability questions without explicit consideration of the
nature of replications (intended and actual) of a measurement procedure. It follows that a coherent framework for
conceptualizing, interpreting, and estimating reliability requires answering the question, "What constitutes a replication of a
measurement procedure?" In answering this question, there is no more important consideration than specifying what is
fixed and what is not. (p. 313)

If the present study and the study reported by Kelly-Riley and Elliot (2016) are understood to be replications, then replication must
be understood both in terms of effect over time and planned use of foundational categories of evidence. What is fixed, then, must be
these categories. Without them, replication will be of little meaning.

8.4. Measurement of Fairness

While the classical model established by Cleary (1968) and focusing on differential validity informs our study, there are readily
identifiable limits to that method in terms of evidence related to fairness. As Table 8 suggests, “a test may be fair in predicting
performance, but nevertheless predict performance rather poorly” (Hartigan & Wigdor, 1989, p. 255). An alternative to emphasis on
prediction equations is an emphasis on realized performance. As opposed to test fair, discussed in 2.2.3, Hartigan & Wigdor (1989)
termed these assessments as performance fair (p. 255). Analyses such as that offered by Peterson and Novick (1976), noting the
advantages of the Threshold Utility Model, offer decision systems that account for values in which the use of cut scores are
established as the value providing the greatest benefit across groups.

Yet even these models overemphasize test design rather than test use, as Cole and Zieky (2001) suggested. In the present, as they
correctly predicted, fairness must address both issues of design and issues of score use. In terms of design, discussion must
revolve around the capability of the assessment to allow individual test-takers the opportunity to demonstrate their abilities on the
construct at hand. As Willingham & Cole (1997) wrote, “fair test design should provide examinees comparable opportunity, insofar
as possible, to demonstrate knowledge and skills they have acquired that are relevant to the purpose of the test” (p. 11). In terms of
use, Willingham and Cole (1997) are insightful: “Fair test use should result in comparable treatment of examinees by avoiding
adverse impact due to incorrect inferences or inappropriate actions based on scores or other information normally used with scores”
(p. 11). Based on a unified vision, Cole and Zieky (2001) raised four issues that constitute what they term the “essential future facts
of fairness”: ameliorating group differences, providing opportunity to perform, deterring misuse, and accommodating individual
differences. The prescience of this direction can be demonstrated in Fairness in educational assessment and measurement, a
collection edited by Dorans and Cook (2016).

Recent research has demonstrated the significance of associating writing assessment with fairness and justice (Kelly-Riley &
Whithaus, 2016; Poe & Inoue, 2016). Empirically based, these new theoretical conceptualizations extend the vision of Cole and
Zieky (2001) to advance fluid conceptualizations of the least advantaged, structure opportunity to learn for increasingly diverse
student populations, define the complex nature of consequence, and understand relationships between group and individual
differences and writing construct representation. The challenges to adopting fairness as the first virtue of writing assessment are
substantial (Elliot, 2016). Gains related to such theory-building are nevertheless to be realized: designing writing assessment
episodes in terms of categories of evidence; reconceptualizing standards to prevent their reduction to technical discussions of
methodology; and leveraging the beneficial framework of score interpretation and use as related to the advancement of opportunity
to learn.

8.5. Reporting Transparency

The present study identifies both the benefits and challenges involved in ePortfolio research as related to program assessment. A
major finding of this study is that are no statistically significant differences on ePortfolio scores of White, Asian, and Hispanic
students. In terms of construct validity, this finding supports the inference that increased representation of the writing construct may
result in increased fairness for all student groups. When we consider the history of standardized testing and its relationship to
disparate impact (Kidder & Rosner, 2002), we realize the significance of our finding.
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The study also demonstrates that the presence of rich construct representation such as that demonstrated by ePortfolios is, taken
by itself, insufficient for meaningful score interpretation and use. When information related to reliability and fairness is also gathered,
the narrative becomes complicated—a complexity that is as nuanced as the students themselves. We must nevertheless continue—
indeed, desire—to deal with multiple sources of criterion-related evidence and make sense of that evidence based on score
disaggregation. In US postsecondary education, researchers must be able to engage with referential frames valued by the Institute
of Education Sciences and other federal and regional agencies to shape research that will be needed to advance equity for the
rapidly shifting demographic student populations (Hussar & Bailey, 2013).

None of these demands means that the promises of portfolio-based assessment identified by Hamp-Lyons and Condon (1993) are
lost in terms of classroom pedagogy. In fact, just the opposite is true. As our study demonstrates, it is clear that students and
instructors were having difficulties adapting to digital writing demands. When administrators decided to pause the assessment and
focus on pedagogy, that strategic move was an important decision based on planned evidential categories. Without the information
reported in Tables 1 through 8, it would have been difficult to identify the need for proficiency in a specific trait—composing in
electronic environments—that held the key to student success in the classroom.

While this study emphasizes the measurement aspects of what we hope will become next generation ePortfolio assessments, our
focus is intended to illustrate the important role that quantitative analysis must play. The more we are able to gather evidence
related to reliability, validity, and fairness, the more we will be able to remain alert to measurement demands, acknowledge limits
associated with our research, establish exemplar reporting standards, and posit new arguments for making sense of complex
assessments. In finding our way, we will advance opportunity to learn for all students. Although the language used and methods
reported here are limited, they provide an important step for new language and innovative techniques that must be created if we are
to structure opportunities for diverse groups of students as they engage the complexities of academic and workplace writing.
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