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Abstract

Teenage Employment and the Spatial Isolation

of Minority and Poverty Households

Using micro data from the US Census, this paper tests the
importance of the spatial isolation of minority and poverty househeolds
for youth employment in the largest US metropolitan areas. We first
estimate a model relating youth employment probabilities to individual
and family characteristics, race, and metropolitan location. We then
investigate the determinants of the systematic differences in
emplovment probabilities by race and metropolitan area. We find that a
substantial fraction of differences in youth employment can be
attributed to the isclation of minorities and poor households.
Minority youth residing in cities in which minorities are more
segregated or in which minorities have less contact with non-poor
households have lower employment probabilities than otherwise identical
youth 1living in similar but less segregated metropolitan areas.
Simulations suggest that the magnitude of these spatial effects is not
small. It may explain a substantial fraction of the existing
differences in youth employment rates for white, black, and hispanic

youth.

JEL Classification: J634, I30, R23



I. Introduction

Many have argued that the concentratien of poor and minority
households in central portions of metropolitan areas exacerbates a host
of urban problems -- ranging from the low quality of public services,
such as education, to the high level of antisocial activity, such as
violent crime. The hard evidence on the existence of concentration
effects upon social outcomes 1is somewhat ambiguous (see Jencks and
Mayers, 1890, for a review; Case and Katz, 1991, and Plotnick and
Hoffman, 1885, for recent developments), but the emergence of an urban
"underclass” has generated new debate about the implications of the
spatial isolation of poor and minority households upon their own well
being and that of others.

Regardless of the overall effects of concentrated poverty on
social outcomes, there is reason to anticipate specific impacts on the
operation of urban labor markets. The well-known "spatial mismatch
theory” suggests that minority workers concentrated in central cities
will experience lower employment rates than will similar workers who
are not spatially isclated from emerging job concentrations at suburban
sites. Again, empirical evidence on the magnitude of the mismatch in
jobs is not definitive (see Kain, 1992, and Holzer, 139981, for recent
reviews), but there can be little doubt that Jjob movement to the
suburbs reduces employment opportunities for those left behind.
Several recent studies have documented the relationship between the
lower employment levels of black and hispanic workers and measures of
travel times to jobs (Ihlanfeldt and Sjoquist, 19%0; Ihlanfeldt, 1993).

Regardless of the importance of the "mismatch” hypothesis, the

social isolation arising from concentrations of poverty households may



presume that the residence sites of youth are influenced less by the
accessibility demands of youth and determined more by those of the
family. Thus, youth primarily seek employment whose accessibility is
measured from their predetermined residential locations. In addition,
Census data on at-home youth include extensive data on the household in
which they reside, permitting us to contrel feor a variety of
frequently-omitted family characteristics.? This also helps to control
for the endogeneity of residential location. There are 55,383
observations on at-home youth in 1980 and 243,138 in 1990.

Racial and poverty concentrations in each MSA are measured by two
versions of a standard segregation index reflecting average level of
"exposure" between members of two groups.? We are specifically
interested in the extent to which minorities and the poor have social
access to whites and the non-poor. This specific dimension of
segregation is best captured by the "exposure index"™ measuring

interaction between groups.> It is calculated as follows:

(1) Eijy = I (nge/N;) (ny3e/Ne) .
t
Eyy is the exposure of the ith group to members of group j. ni: and
ny. are the number of group i and group j people in tract t, N; is the

total number of group i people in the MSA, and N; is the total number of

3 For reasons of confidentiality, the data do not include the census
tract of residence.

4 see White (1886) for a comparison of various measures.
5 See Massey and Denton (1988) for a discussion of five distinct

dimensions of segregation and an evaluation of the exposure index in
this context.



people in tract t. Group 1's exposure to group j is simply the tract
level expcsure to group j (the proportion of the tract which belongs to
group j) weighted by the fraction of the total population of group i in
each tract, and summed over all tracts. The index number, which ranges
from 0 to 1, measures the probability, for the average member of group
i, that a randomly picked resident of his or her census tract is a
member of group j.

Social isclation of minority households decreases their contact
with both non-minecrity (white) and non-poor households. The measue of
exposure to whites in 1680 is taken from Douglas Massey and Nancy
Denton (1987); we reproduced this measure for 1990 using the same
methodology. For each MSA, we calculated the exposure to whites of
three groups: the exposure to whites experienced by whites; exposure
to whites by blacks:; and exposure to whites by hispanics.® We presume
that exposure to whites, who have higher employment rates (and perhaps
greater influence in workplace decisicns), is a measure of access to
job contacts and, hence, to jobs.’

The second index measures exposure to poor individuals. Using
data provided by Douglas Massey and the Census, we calculated indices
of exposure to poverty for whites, blacks, and hispanics, for each
MSA. 8 Poor individuals are presumed to provide 1less valuable

information about jobs.

6 Note that these measures are only available at the MSA level.

7  For the 1980 sample, the average index value of exposure to whites
is: 0.870 for whites, 0.385 for blacks, and 0.668 for hispanics. For
1960: 0.821 for whites, 0.383 for blacks, and 0.668 for hispanics.

8 For 1980, the average index value of exposure to poverty is: 0.063
for whites, 0.1%4 for blacks, and 0.114 for hispanics. For 1990:
0.084 for whites, 0.216 for blacks, and 0.148 for hispanics.



III. Empirical Models

The first stage of the analysis is based on a logit model,
relating youth employment probabilities to a vector of individual and
family characteristics. The model includes race and ethnicity-specific

effects which vary by MSA:

(2)  log [Pi/(1-Py)] = aXi + ZPyy wi My + EByy by My + IBsy hy My
J 3 3

My is a set of MSA dummy variables, having a value of one if
individual i resides in metropolitan area j and zero otherwise. This
vector is interacted with a series of race/ethnicity dummy variables: w;
is a dummy variable with a value of one for whites and zero otherwise,
b; is a dummy variable with a value of one for blacks and zero
otherwise, and h; is a dummy variable with a value of one for hispanics
and zero otherwise.

The set of parameters B, (for r = 1, 2, 3 races andm = 1, 2, ...,
47 or 73 metropolitan areas) represents the shift in the logit of
employment probability depending upon the race of the individual and
the metropelitan area in which that individual resides.

In the second stage we analyze the determinants of these

metropolitan wide differences:

(3) Bm = Yzm + 8Emi .



Znw 1 a wvector of MSA characteristics expected to influence local
labor market outcomes, and E, 1s the exposure index described in

equation (1). We estimate several different forms of equation (3).

IV Results

Table 1 presents a summary of the Jlogit models described in
equation (2). The basic model differs from 1980 to 1890 only in the
omission of the central city dummy variable, which is neot available in
the 1880 census. The coefficients on individual characteristics are
consistent across the years. There are twe exceptions. Surprisingly,
in 19880, ycuth in female-headed households appear more likely to be
employed (although the coefficient is only marginally significant).
This result obtains only after controlling for both race and the
presence of a working parent,9 and is not found in the 1990 results.

The second difference appears in the effect of other household
income (parents’ and siblings®)on youth employment. This result may
reflect differences in the effect of family socio-economic status on
youth by their schoel enrollment status. For 1980 the sample size is
adequate to estimate - the model separately for in-school and out-of-
school youth. While other family income significantly decreases the
likelihood of employment for in=-school vyouth, it significantly

increases employment probabilities for out-of-school youth. The head of

9 When the dummy variable indicating a working parent is omitted, the
coefficient on female-headship is negative and significant. We include
both wvariables in the results reported in the text, but have replicated
the analysis omitting this variable (with essentially the same results
throughout}) .



Table 1
Logit Models of Employment Probabilities
for at-Home Youth

1980 1880
Sex -0.102 -0.036
(l=female) (5.37) (3.99)
Central City -0.100 -
{l=yes) {(4.33)
Age 0.274 0.335
{years) (21.76) (64.53)
Education 0.267 0.189
(years) (27.03) {56.46)
In School -0.615 =0.504
{l=yes) {24.50) (49.89)
Female Headed 0.050 -0.109
Household (1.79) (8.51)
(1=yes)
Education of -0.010 =0.015%
Head (3.10) (8.43)
(years)
Other Household 1.320 -1.060
Income (1.89) (11.08)
{thousands)
Parent Working 0.537 0.666
(I=yes) (15.17) (41.77)
Sample Size 55,339 243,138
Chi-square 10,639.3 38,250.8
degrees of 145 208
freedom

Note: Models do not include an intercept term. t-ratios are
in parentheses.

Model for 19880 also includes 136 dummy variables: race of
the individual interacted with dummy varibles for
metropolitan areas. Model for 1990 also includes 200 dummy
variables.



househcld's education level, also a measure of family socio-economic
status, follows a similar pattern.10

We also estimated these models with race/ethnicity dummies but no
MSA dummies, and found the set of MSA coefficients to be highly
significant in both years. The key finding is that, after controlling
for individual <characteristics, the employment probabilities of
Yotherwise identical” white, black, and hispanic at-home youth vary
substantially by MSA.

We now investigate the sources of these systematic differences in
employment probabilities. The ccefficients estimated from equation (2)
are the dependent variables, and we estimate models of the form of
(3).11 since the dependent variables in this analysis are regression
coefficients (observed with sampling error}, the models are estimated
by generalized least squares.l?

Table 2 presents two regressions relating the differences in
employment probabilities for otherwise identical youth to aggregate
economic conditions by metropolitan area, and to the level of racial

segregation by race.i3 We expect that differences in employment

10 Note that previous research reports similar effects of area
characteristics on youth regardless of school enrollment status.
Freeman {(1982) found similar effects of local economic conditions on
youth employment for enrolled and not-enrclled youth; Ihlanfeldt and
Sjogquist (1991) found that a measure of employment access had a similar
effect.

11 pue to the small sample size for minorities in some MSAs, in 1980 we
estimate 136 coefficients (3 coefficients for 47 MSA less §5 hispanic
effects) and in 19920 we estimate 200 (3 coefficients for 73 MSAs less 4
black effects and 15 hispanic effects).

iz The GLS procedure incorporates information about the estimated
variance and covariances of the dependent variable (see Hanushek,

1974). '
13 As noted in the text, there remains the possibility of simultaneity
between the measure of access and the outcome measure. Without

10



itself present a barrier to employment (Wilson, 1987; O0'Regan and
Quigley, 1981). Direct cobservation on job search strategies indicates
that a large fraction of job seekers obtain information on specific
jobs from friends and relatives (Holzer, 1987). The importance of
these informal networks in affecting access to employment suggests that
some networks are far more valuable than others in obtaining
employment, i.e., networks which include a larger fraction of employed
members, or members with "better™ 3jobs. Formal models of job search
suggest that those in networks with low employment rates may be further
disadvantaged in the labor market (Montgomery, 1991; O'Regan, 1993).

This paper provides an empirical test of the importance of these
phenomena. The empirical analysis is conducted in two steps. First,
we estimate a logit model relating youth employment probabilities to
individual and family characteristics, race and metropolitan region.
We then investigate the determinants of the systematic differences in
employment probabilities by race and metropolitan area (MsSR) .
Specifically, we relate these differences to aggregate economic
conditions in each MSA and to the spatial isolation of minority and
poor households in each metropolitan area.

We find that a substantial fraction of the variation in employment
probabilities for otherwise identical youth can be attributed to the
spatial isolation of poor and minerity households. Cities in which
minorities are more segregated from whites, or in which the poor are
more segregated from the non-poor, are cities in which minority youth
have lower employment rates than do identical youth in similar but less

segregated cities.



We use these results to estimate the employment effects that could
reasonably be attributed to an integrated pattern of residence by race
and poverty status, thereby reducing two barriers to the labor market

access of minority workers. These employment effects are quite large.

IT Data and Measurement

Our empirical work is based on 1880 and 1990 Census data for non-
hispanic white(white), non-hispanic black (black), and hispanic youth
living at home (with at least one parent) and aged 16 to 12. The 1980
sample covers 47 of the largest metropolitan statistical areas.! The
1890 sample includes these same 47 MSAs and all other MSAs of
equivalent size, 73 MSAs in total.?

We focus on the employment of yeouth to control for the endogeniety
of residential location. Several recent papers analyzing neighborhcod
and peer effects on behavior have highlighted the difficulty of
controlling adeqguately for family characteristics and choice in
identifying neighborhood and peer influence (Corcoran et al, 1892,
Evans et al, 1982, Plotnick and Hoffman, 1895}. We recognize that
these problems are not eliminated by focusing on youth employment.

Nevertheless, in contrast to the analysis of adult workers, we can

1 For these 47 metropolitan areas: (i} MSA sample sizes of youth
available through the public use micro sample (PUMS) are large enough
to estimate area-specific effects; (ii) residential segregation indices
have been calculated; and (iii) central city residence is distinguished
in the PUMS data.

2 The 1990 sample was selected to permit replication of the results
for 1980 for the same cities and also to increase sample sizes toc test
the model on the subsample of youth not enrolled in scheool. The 1990
sample was gathered internally at the Census and includes all records
on youth not enrolled in school.



populaticns and coefficients, the aggregate emplcyment rate changes by
less than two percentage points, and actually increases. The
simulation for 1990 shows a similar pattern of redistribution, with
barely any change in the aggregate employment rate.

The second simulation, Panel B, focuses on the segregation of
poverty. The actual level of exposure to poverty is replaced by that
which would be experienced if poverty were evenly dispersed across
census tracts within each MSA. Again, this reallocation of the poverty
population decreases minority exposure to poverty, and increases white
exposure to poverty. Minority youth employment rates would increase --
by 3 or 4 percentage points for hispanics, and by 5 to 13 percentage
points for blacks. White employment rates would decrease by 4 to 6
percentage points, and the aggregate employment rate for youth would
decline by something less than 2 percentage points.20

Although the numerical results of these simulations are subject to
uncertainty for the usual reasons, the results are consistent:
reductions in the spatial patterns of isolation of poor and minority
households would lead to large increases in the employment
probabilities for hispanic and for black youth. These changes would
lead to small reductions in the employment probabilities of white

youth.

Vv Implications and Conclusions
The results of this analysis provide empirical support for the

existence of concentration effects: The employment prospects of

20 We have conducted these simulations for Model I, with results
similar to those presented in Table 4.

14



otherwise identical at-home youth depend, not only on the general
economic conditions in the metropolitan areas in which they reside, but
also on the patterns of isolation and segregation by race and by
poverty status. Exposure to whites increases the employment
probabilities for youth, while residential exposure to the poor reduces
employment probabilities.

Given the high correlation between social and spatial access, our
empirical work cannot confirm that either is a more important mechanism
connecting youth to jobs. However, some aspects of our results suggest
that socizl access is important.

For example, we estimated similar regressions in which alternative
exposure measures were used: exposure to bklacks, and exposure to
hispanics. Exposure to blacks had the opposite effect of exposure to
whites -- it significantly decreased employment probabilities for all
youth. Exposure to hispanics, however, had an insignificant effect on
white and black youth employment, but significantly increased hispanic
youth employment. While it is difficult to explain this pattern
strictly on the basis of spatial access, it is consistent with an
explanation in terms -of social networks -- in which 1linguistically-
based networks among hispanics provide more effective job contacts than
networks among blacks.

We also note that while the “mismatch hypothesis” relates
principally to minority households, whose residential choices are
constrained by racial discrimination in the housing market, the “social
network hypothesis” applies to white workers as well. Our findings are

consistent with a spatial explanation that applies te all youth; all

15



Table 2
Racial Segregation and Yocuth Employment:
Exposure of Individuals, by Race, to White Individuals

1980 1990
Model I Model II Model I Model II
Unemployment Rate -0.111 =0.107 -0.128 -0.129
(percent) (12.64) {14.75) (7.79) (7.98)
Business Services =0.023 -0.038 0.012 0.014
Employment (percent) (2.34) (4.15) (0.62) (0.70)
Intercept for:
Whites =7.577 -7.105 -8.490 -8.523
{(27.05) (22.39) (46.38) (35.71)
Blacks -8.013 -7.850 -8.947 -9,014
(34.24) (34.92) {57.94) (55.26)
Hispanics -7.570 -7.333 =8.543 -8.463
{29.85) (29.24) (50.02) (46.60)
Exposure to Whites 1.064 1.105
(6.79) (10.15)
Exposure to Whites bys:
Whites C.688 1.140
(3.08) (5.72)
Blacks 1.410 1.279
(5.81) (6.73)
Hispanics 0.920 0.945%
(4.20) (5.69)
Sample Size 136 136 200 200
R? .565 .582 .820 .821
Note: RZ is from ordinary least squares regression. All
coefficients are estimated by generalized least squares. (See text

for details of estimation procedure.) t ratios are in parentheses.



probabilities for ycuth across metrocpolitan areas depend upon the
aggregate economic conditions in these MSAs. We use the unemployment
rate for white adults in each metropolitan area as a measure of general
economic conditions. Youth employment procbabilities are significantly
lower in MSAs with higher unemployment rates. This wvariable has a
highly significant and large coefficient in every version o¢f these
regressions we have explored.

Other aspects of the local ecconomy differentially affect youth
employment. We included a wvariety of measures of industry mix and
found the fraction of MSA employment in the business service sector to
be the best summary measure.l? We tested several other categories of

variables in these regressions, all which proved to be insignificant.l®

improved data, we are limited to controlling for this by using at-home
youth {whose residence choice is exogenous), extensive family
background variables (thus, fewer unobservables), and information on
parent employment status.

14 In similar regressions, we included other measures of industrial
structure -- the fraction of employment in manufacturing, retail and
wholesale trade, etc. None of the other results are affected by these
more extensive measures of industrial structure.

15 First, we included several MSA-level variables describing the human
capital characteristics of the population (median age, percent of the
population with a high school diploma, etc.). These measures vwere
insignificant; after controlling for individual  human capital
characteristics, aggregate measures provided no additional information.
Second, we attempted to contrel for transport access in a variety of

ways. From the Census, we used the average one-way commuting time and
the share of total MSA employment in the central city as two measures
of access. We also used an index designed to measure the access

provided by local transit systems (see Linneman and Summers, 1883).

inally, using data from the Department of Transportation on public
transportation systems, we created a variety of transit indices. None
of these measures adequately captures physical proximity between
workers and jobs, and none of these measures were significant in our
regressions.

11



Throughout, we permit intercepts to vary for the three groups, 1% to
capture any systematic differences in youth employment probabilities by
race and ethnicity.

Finally, after controlling for these other effects, we investigate
the importance of exposure to whites. In Model I, the coefficient for
the race-specific exposure index is constant across groups, and it is
significantly positive in both 1880 and 1880. In Model II, we
estimate separate coefficients for exposure to whites, by race.l’” For
all three groups, in both years, exposure to whites significantly
increases a youth's probability of being employed.l8

Table 3 presents analogous results using the poverty exposure
index to measure social access. The results are quite similar to those
reported in Table 2. In each of the models, in both years, exposure to
poverty has a negative effect upon the employment probabilities for
otherwise identical at-home youth.

Because exposure to whites and exposure to poverty are highly
correlated (between -0.822 and -0.878), inclusion of beoth indices in a

single regression yields ambiguous results.1? Exposure to whites

16  specifically, we estimate Bpm = I;w + Ib + I;h + yZ, + OE.,, where
w,b,h are race/ethnicity dummies. I;, I,, and I; are the intercepts for
whites, blacks, and hispanics, respectively.

17 specifically, we estimate Pgp = Iiw + Ib + Ish + y2n, + 8,;WEjn + 8:bEj,
+ Sﬁmhm' where w,b,h are race/ethnicity dummies. E, refers to whites,
E, refers to blacks, and E; refers to hispanics.

18 We have estimated the 1990 models using only youth who were not
enrclled in school, with the same results.

19 For 1990, each measure is significant, and the OLS and GLS results
are consistent with each other. For 1980, however, the OLS and GLS
results differ greatly, and we cannot confidently distinguish effects
of the two measures.

12



Table 3
Poverty Segregation and Youth Employment:
Exposure of Individuals, by Race, to Poor Individuals

1880 1880
Model I Model II Model I Model II
Unemployment Rate -0.08¢6 =0.083 -0.103 ~0.082
(percent) (8.74) {8.17) (5.62) {4.96)
Business Services -0.043 -0.040 -0.075 ~0.076
Employment (percent) (4.66) (4.22) {(3.69) (3.82)
Intercept for:
Whites -6.261 ~-6.162 -7.085 ~-7.006
(29.18) (27.72) (48.99) (46.35)
Blacks -6.515 -6.616 -7.655 ~7.866
{27.86) (24.61) (47.82) (45.45)
Hispanics -6.234 -6.345 -7.213 -7.127
(27.72) (26.24) (45.94) (42.00)
Exposure to Poor -5.489%9 -2.9356
{(10.56) {8.34)
Exposure to Poor by:
Whites -7.836 ~4.526
{(5.74) (5.28)
Blacks -5.218 ~-2.181
(6.86) (4.83)
Hispanics -5,013 -3.783
{6.13) (6.66)
Sample Size 136 136 200 200
R2 .556 .558 .799 .808
Note: R? is from crdinary least sqguares regression. All
cocefficients are estimated by generalized least squares. (See text

for details of estimation procedure.} t ratiocs are in parentheses.



"matters®™ in explaining inter urban variation 1in the employment
propensities of minority teenagers. Exposure to the poor also
"matters."” Whether these are separate and distinct effects cannot be
clearly determined.

The nonlinearity of the logit relationship makes it difficult to
interpret the magnitude of these coefficients. The importance of these
effects can be assessed more easily by simulation. We use the results
described above to conduct several simulations of the impact of reduced
segregation on the employment probabilities of youth. The results of a
representative set of these simulations are presented in Table 4.

The first row presents the base case, the average employment level
predicted by youth characteristics and the regression coefficients in
Table 1. Next, we simulate the effect of racial integration on youth
employment probabilities. For each MSA, we calculate the exposure to
whites under complete integration and compute the implied employment
probability for each individual. Panel A presents the average
probabilities, separately by race and ethnicity, aggregated across
these large MSAs.

Our simulation takes a limited resource (the "social access"
provided by white youth}) and redistributes it equally among all youth.
This integration would increase the exposure of minority youth to
whites, but would also decrease fhe exposure of white youth to other
whites. In 1880, this spatial reallocation would lead to a 14
percentage peoint increase in black yocuth employment, a 5 percentage
point increase in hispanic youth employment, and a 1 percentage point
decline in white youth employment. While this simulation reveals a

substantial reallocation of employment, given the relative sizes of the

13



Estimated Change in Youth Employment Rates

Whites Blacks Hispanics
A. Integration by Race *
1980
Employment:
Estimated Base Rate (%) 49.33 25.22 38.27
Prcjected Rate (%) 48.19 39.58 43.95
Change (percentage pts.) ~1.44 +14.35 +4.,68
1990
Employment:
Estimated Base Rate (%) 54.65 28.91 41.82
Projected Rate (%) 51.49 3%.51 44.08
Change (percentage pts.) ~-3.16 +10.60 +2.27
B. Integration by Poverty Status **
1980
Employment:
Estimated Base Rate (%) 45.17 24 .37 38.00
Projected Rate (%) 43.67 36.06 42.30
Change (percentage pts.} -5.50 +12.58 +4.29
1980
Employment:
Estimated Base Rate (%) 54.52 29.89% 40.50
Projected Rate (%) 50.96 34.85 43.25
Change (percentage pts.) -3.57 +4.96 +2.76
Notes:
* Based on coefficients reported in Table 2, Model II.

** Based on coefficients reported in Table 3, Model II.

Table 4

from Spatial Integration

Average

44.36
46.27

+1.92

49.58
49.02

-0.56

44.36
42.36

-1.38

48.54
47.81

-1.73



youth are affected in their labor market prospects by increased contact
with white and poor individuals.

Regardless of the specific mechanism which relates youth
employment outcomes to the spatial configuration of labor markets,
these results document an important connection. In addition to human
capital and general economic conditions, youth emplcyment probabilities
also depend on spatial isoclation, and these latter factors work to the
disadvantage of minority ycuth.

Oour findings are consistent with those recent studies based on
neighborhoods or single metropolitan areas which have found evidence of
spatial effects. For example, using geographic units approximately
equivalent to census tracts, Crane (1991) found significant
neighborhood composition effects on teenage pregnancy and school
dropout rates. Case and Katz (1991) focussed on distinct neighborhoods
within one metropolitan area and found that neighborhood peers
substantially influence a variety of youth behavior, including youth
propensity to work. Our results are also consistent with recent work
by Ihlanfeldt and Sjoquist (1990) which focussed specifically on the
effects of nearness. to Jjobs upen youth employment in a single
metropolitan area. Using census-tract-based measures of job proximity,
they found that between 33 to 54 percent of the gap between black and
white youth employment rates is explained by differential accessibility
-- numbers which are similar in magnitude to our results.

Our simulations suggest that the quantitative effect of isolation
on youth employment is gquite large. For the simulations presented,
approximately 21 to 25 percent of the existing employment gap between

white and Hispanic youth is attributable to the spatial isolation of
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hispanics. Approximately 30 to 35 percent of the employment gap
between white and black youth arises from the spatial isolation of
blacks. Moreover, there 1is good reason to believe that these
simulations underestimate the effects of concentrations on emplcoyment.?2l

Thus, in cities with particularly isolated minority and poor
populations, even modest changes in spatial isolation of these

populations would dramatically impreove their employment prospects.

21 Note, for example, that the simulations assume that changing poverty
and/or racial concentrations will not lead tc any endogenous changes in
youths’ education attainments, or fertility behavior, or in the
employment status cf their parents.

17



REFERENCES

Case, Anne and Lawrence Katz, 1991, "The Company You Keep: The Effects
of Family and Neighborhood on Disadvantaged Youths,"” NBER Working Paper
#3705.

Corcoran, Mary, et al, 1992 "The Association between Men's Economic
Status and their Family and Community Origins" Journal of Human
Resources 27(4):575-601.

Crane, Jonathan, 1981, "The Epidemic Theory of Ghettos and Neighborhood
Effects on Dropping Out and Teenage Childbearing,” American Journal of

Socielegy.

Evans, William, et al, 1832 "Measuring Peer group Effects: A study of
Teenage Behavior” Journal of Political Econemy 100(5):966-991.

Freeman, Richard, 1982, %"The Economic Determinants of Geographic and
Individual Variation in the Labor Market Position of Young Persons,” in
Richard B. Freeman and David A. Wise (eds.) The Youth Labor Market
Problem: Its Nature, Causes, and Consequences, Chicago, University of
Chicago Press.

Hanushek, Eric A., 1974, *Efficient Estimators for Regressing
Regression Coefficients,” American Statistician, 28: 66-67.

Holzer, Harry J., 1981, "The Spatial Mismatch Hypothesis: What Has the
Evidence Shown?" Urban Studies 28(1l): 105-122.

Heolzer, Harry J.; 1987, “Informal Job Search and Black Youth
Unemployment, " American Ecconemic Review, 77: 446-452.

Thlanfeldt, Keith R., and David L. Sjoquist, 1990, "Job Accessibility
and Racial Differences in Youth Unemployment Rates," American Economic
Review 80: 267-276.

Thlanfeldt, Keith R., 1893, "Intra-Urban Job Accessibility and Hispanic
Youth Unemployment Rates,” Journal of Urban Economica, 33: 254-271.

Jencks, Christopher and Susan Mayers, 1980, "The Social Consequences of
Growing Up in a Poor Neighberhood,”" in Laurence E. Lynn, Jr. and
Michael McGeary, eds., Inner City Poverty in the United States,
Washington, DC. National Academy Press.

Kain, John F., 19292, "The Spatial Mismatch Hypothesis: Three Decades
Later, " Housing Peclicy Debats, 3(2): 371-462.

Linneman, Peter D. and Anita A. Summers, 1293, "Patterns and Processes
of Employment and Population Decentralization in the United States,
1970-87, " in Anita A. Summers, et al, eds. Urban Change in the United
States and Western Europe, Washington DC. The Urban Institute Press.



Massey, Douglas S. and Nancy A. Denton, 1887, "Trends in the
Residential Segregaticn of Blacks and Asians: 1970-1980," American
Socciclogical Review, 52: 802-825. -

Massey, Douglas S. and Nancy A. Denton, 1988, "The Dimensions of
Residential Segregation,” Secial Forces, 67: 2.

Montgomery, James D., 1981, "Social Networks and Labor Market Outcomes:
Toward an Economic Analysis," American Economic Review, 81: 1408-1418.

Of*Regan, Katherine M. and John M. Quigley ,1991, "Labor Market Access
and Labor Market Outcomes for Urban Youth," Regienal Science and Urban

Economicg 21: 277-293.

O'Regan, Katherine M., 1983, ®"“The Effects o¢f Social Networks and
Concentrated Poverty on Black Youth Employment,"” Annals of Regional
Science, 27 (4): 327-342.

Plotnick, Robert and Saul Hoffman, 1995, "Fixed Effect Estimates of
Neighborhood Effects,” University of Washington, processed.

White, Michael J., 1986, "Segregation and Diversity Measures in
Population Distributiens,” Population Index 52: 198-221.

Wilson, William J. ,1987, The Truly Disadvantaged: The Inner City, The
Underclass, and Public BPolicy, Chicagoe, Illinois. University of
Chicago Press.

19





