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ARTICLE

Combined computational modeling and
experimental study of the biomechanical
mechanisms of platelet-driven contraction
of fibrin clots
Christian Michael1,2,3,9, Francesco Pancaldi1,2,9, Samuel Britton1,2, Oleg V. Kim 4,5, Alina D. Peshkova6,

Khoi Vo 1,2, Zhiliang Xu7, Rustem I. Litvinov4, John W. Weisel 4✉ & Mark Alber 1,2,8✉

While blood clot formation has been relatively well studied, little is known about the

mechanisms underlying the subsequent structural and mechanical clot remodeling called

contraction or retraction. Impairment of the clot contraction process is associated with both

life-threatening bleeding and thrombotic conditions, such as ischemic stroke, venous

thromboembolism, and others. Recently, blood clot contraction was observed to be hindered

in patients with COVID-19. A three-dimensional multiscale computational model is developed

and used to quantify biomechanical mechanisms of the kinetics of clot contraction driven by

platelet-fibrin pulling interactions. These results provide important biological insights into

contraction of platelet filopodia, the mechanically active thin protrusions of the plasma

membrane, described previously as performing mostly a sensory function. The biomechanical

mechanisms and modeling approach described can potentially apply to studying other sys-

tems in which cells are embedded in a filamentous network and exert forces on the extra-

cellular matrix modulated by the substrate stiffness.
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B lood clots are gel-like structures that are formed at the sites
of vessel injuries to stem the bleeding. Clots form as a result
of combined cellular and enzymatic reactions that involve

platelets and plasma components, including fibrinogen and other
clotting factors. The major components of a blood clot include a
3D polymeric fibrin network with platelets attached to fibrin
fibers and red blood cells embedded in the porous network. After
formation, blood clots undergo volumetric shrinkage through a
process called clot contraction or retraction, driven by activated
platelets1 (see Fig. 1 which demonstrates local platelet clustering
and a three-dimensional platelet displacement field of a con-
tracting clot).

Intravital contraction of blood clots or thrombi has several
important pathophysiological implications, such that it improves
the sealing properties of hemostatic clots2, reduces clot size and
improves blood flow past otherwise obstructive thrombi3, prevents
clot rupture or thrombotic embolization4, and alters the suscept-
ibility of blood clots to enzymatic lysis5. Accordingly, impairment
of the clot contraction process is associated with life-threatening
thrombotic conditions, such as ischemic stroke3, venous
thromboembolism4,6, and others7. Recently, blood clot contraction
was observed to be hindered in patients with COVID-19, especially
in severe and fatal cases8.

Despite their clinical importance, the biomechanical mechan-
isms of clot contraction are not well understood. It is known that
blood clot contraction is driven by traction forces generated by
the platelet cytoskeleton that are transmitted to fibrin fibers via
highly adhesive plasma membrane protrusions called filopodia9.
One of the least studied aspects of clot contraction is the for-
mation of platelet filopodia and their physical interaction with the
fibrin network. The biomechanics of platelet-induced blood
clot contraction is fundamental to understanding a multitude
of other somewhat similar biological processes related to bidir-
ectional cellular mechanotransduction, including cell motility,
tissue regeneration and differentiation10–14, phagocytosis9, and
cancer development15. Quantitative structural mechanobiology of
platelet-driven blood clot contraction has emerged recently as a
new avenue of biomechanics16 and can provide a foundation for
understanding the dynamic and complex biomechanical interplay
between non-muscle cells and the fibrous extracellular matrices of
various compositions.

The basic cellular biomechanical mechanisms of the contraction
process were not elucidated until our paper in 201716. In particular,
we are not aware of any paper(s) that have investigated the role of
extension and retraction of platelet filopodia in clot contraction
until we first described this mechanism16. Unlike in other cell-
mediated physiological processes9, the mechanism driving clot
contraction has not been well-known and commonly accepted—
neither the most relevant papers on platelet biomechanics17–22 nor
one of the latest and most comprehensive review articles on clot
contraction23 discuss the role of platelet filopodia in clot contrac-
tion. Therefore, the role of extending and contracting platelet
filopodia as the driving force of fibrin network densification is not
entirely clear, and worth further investigation, including the
modeling approach that enables us to glean mechanistic and
quantitative information about filopodia dynamics not available
experimentally.

In this paper, a combination of 3D computational model simu-
lations and experimental observations is used to provide important
mechanistic insights into different processes involved in the con-
traction of blood clots. Model simulation results quantify microscale
mechanisms of platelet–fibrin fiber interactions involved in platelet
clustering and macroscale clot contraction. While the model allows
for platelet–platelet interaction, these appear only once the network
has been sufficiently compacted and fibrin-attached platelets are
moved passively in proximity to each other. When this happens,
platelets start to adhere to each other and form secondary clusters.
Active platelet–platelet pulling interactions followed by their com-
pact packing may be essential during the contraction of fibrin-free
hemostatic platelet plugs formed in some experimental models of
intravital vessel wall injury24–26. Contraction of such fibrin-free
platelet aggregates is beyond the scope of this work, although ele-
ments of our model are potentially applicable to the mechanical
and structural rearrangement of aggregated platelets in the absence
of fibrin.

Many characteristic features of blood clots and their dynamic
properties cannot be measured experimentally at this time. For
example, platelet activation can involve the formation of filopodia in
each platelet, the attachment of individual filopodia to fibrin fibers,
generation of pulling forces and the retraction of filopodia, short-
ening of fibrin fibers and network densification, etc. Segregation and
quantification of each of these elementary steps of the clot

Fig. 1 Clustering of the fibrin-attached neighboring platelets and deformation of the platelet-fibrin meshwork during contraction. a Serial confocal
image showing the formation of secondary platelet clusters due to the approximation of platelet-bearing fibrin fibers during clot contraction. Platelets are
green and fibrin is red. Scale bar: 5 μm. b, c Representative images of a three-dimensional platelet displacement field of a contracting clot; b top view, fibrin
(red), platelet (green), and platelet displacement vectors are shown; c perspective view, platelets (green) with their displacement vectors are visualized
(figure is reprinted from Kim et al. 16 under the conditions of the Creative Commons CC BY license).
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contraction process are hardly feasible, but these features can be
studied independently, as well as in concert, using a multiscale
computational approach. Computational modeling offers the pos-
sibility to analyze quantitatively each structural and mechanical
component of a blood clot and integrate the resulting impact on the
contraction of a whole clot.

This work aims at producing an understanding of how activated
platelets drive clot contraction and influence the overall dynamics
of the process through alterations in the traction forces exerted by
their filopodia, which are the main structural and mechanically
active elements of a contracting platelet. A major concept under-
lying the model presented in this paper is the existence of bio-
mechanical feedback between the contractility of individual
platelets (or filopodia) and the strain-stiffening of the fibrin matrix
(or individual fibrin fibers)9,14,15. In particular, the model devel-
oped by our group employs a 3D computational modeling
approach, in which the extent of platelet activation can be repre-
sented by altering the number of filopodia per platelet and the
magnitude of the force exerted by each filopod. Importantly, the
filopodia-generated traction force is modulated by the mechanical
response to changing the stiffness of fibrin fibers under tension.
This methodology allows for the quantitative representation of
different platelet activation mechanisms at the microscopic scale
and prediction of the resulting bulk properties of the blood clot,
such as the extent and kinetics of clot contraction at the macro-
scopic level (see the section “Model description”).

Mechanical properties of blood clots have been extensively
studied and shown to depend on the viscoelasticity of their major
components, that is fibrin, platelets, and red blood cells, as well as
clot structural and mechanical interplay7,17,27–31. Fibrin plays a
key role in providing mechanical stability to a clot by forming a
network, a scaffold that propagates external stresses generated by
blood flow or extravascular forces, as well as by traction forces of
activated platelets during clot contraction29,32–34. Fibrin networks
reveal a remarkable stiffening behavior upon stretching and shear
and a softening–stiffening transition under compression29,32–34.
Individual fibrin fibers exhibit elastomeric behavior, indicating
low elastic modulus (~MPa) while being extremely extensible
(>300% strain)35. The propensity of fibrin clots to rupture has
been studied using thermodynamic and structural analysis36 and
quantified in terms of the critical energy release rate37,38.

Platelets play a key role in clot contraction or clot volume
shrinkage by exerting traction forces on surrounding fibers causing
compaction of fibrin in the vicinity of individual platelets, leading
to local densification of fibrin in a clot that dramatically increases
network density and clot stiffness16. The average maximum con-
tractile force generated by an individual platelet was measured to be
29 nN17. Clot contraction is accompanied by dramatic structural
rearrangements so that red blood cells are packed tightly in the
interior part, while a meshwork of fibrin and platelets accumulates
at the exterior of the clot2,39. These structural changes result from a
physical interplay between mechanically active contractile platelets
and passive viscoelastic elements (red blood cells, fibrin) of the
complex and dynamic biomechanical system16,40. Clot contraction
has several kinetic phases that depend on the molecular and cellular
composition of the blood in which a clot is formed41. The presence
of red blood cells (RBCs) alters clot contraction kinetics and results
in the formation of tightly packed polyhedral-like erythrocytes
(polyhedrocytes) forming an impermeable barrier in contracted
clots and thrombi42.

Previous theoretical and computational models of blood clot
contraction, while investigating the role of major components and
important mechanical aspects26,40,43–49, did not provide a
description of structural details, such as fibrin network organi-
zation and individual platelets embedded in the network50.
Despite important thermodynamic insights40, the driving forces

and mechanisms of structural rearrangement of the contracting
blood clots are not well understood. Several computational
models were used recently to study these processes18,51 especially
focusing on the asynchronous or asymmetric behavior of platelets
in a contracting clot. Also, previous work43 introduced an
important coarse-grained molecular dynamic particle-based
model for studying the formation of an individual filopod dur-
ing the early stages of platelet activation.

The main novelty of the three-dimensional (3D) multiscale
computational modeling approach described in this paper is in its
detailed representation of platelet functionality involving filopodia
at various degrees of activation, with corresponding local micro-
scale structural and mechanical alterations that have a cumulative
macroscale impact on the contraction of the whole blood clot. The
model combines a microscale sub-model of the “pulling hand-over-
hand on a rope” mechanism of a filopod pulling on a fibrin fiber
based on the fiber’s stiffness, with sub-models of an individual
fibrin fiber and whole fibrin network. Also, in this paper, we study
the contraction process with varying numbers of filopodia per
platelet, since filopodia have been previously thought of as mostly
performing a sensory function52,53, while lamellipodia are more
commonly involved in force generation.

Specifically, the current work describes in detail the remodeling
of the fibrin network and the accumulation of fibrin near the
surface of each activated platelet during clot contraction. Also,
most previous models of mechanics of biogels were designed to
simulate the stretching and deformation of biogels by forces
applied externally on their surfaces. (For an example of a model
describing the stretching of a fibrin network by external forces see
ref. 30.) To the best of our knowledge, the model, described in the
current paper, is the first one to implement in detail internal
forces exerted individually by a large number of cells (activated
platelets) positioned inside of a network and pulling at individual
fibers and locally condensing fibrin and contracting the network.
This introduces complexity and biological relevance, makes it
possible to calibrate the model using specific experimental data,
and results in specific predictive model simulations.

Results
Model description. The diagram in Fig. 2 provides a description
of the coupling of all sub-models at specific scales into a three-
dimensional (3D) multiscale computational framework for
simulating clot contraction. Figure 2 also provides specific pre-
dictive results obtained by using a combination of biologically
calibrated model simulations and experiments. Specific ranges of
parameter values are provided in Supplementary Table 1. This
multiscale model combines a 3D model of a fibrin network with a
detailed sub-model representing a filopod of an individual platelet
pulling on a fibrin fiber and locally condensing it (Fig. 3a inset).
Individual fibrin fibers are described using a mass and spring
modeling approach, which includes fiber stretching, bending
(Fig. 3b), and fiber–fiber cohesive interactions (Fig. 3c) (see also
Supplementary Note 1 for additional model details and Table 1
for ranges of parameter values). The initial configuration of
model fibrin fibers and platelets are arranged to represent a
23.8 µm-radius spherical clot (see Supplementary Note 2). These
configurations are generated to preserve experimentally measur-
able properties such as fibrin and platelet density, and a portion
of platelet co-localized fibrin (see Supplementary Notes 2.1–2.3).

Fibrin network sub-model. Based on the previous model30 devel-
oped by our group, each fibrin fiber is represented as a segment
between two nodes (branching points in a 3D fibrin network) and is
divided by sub-nodes (virtual arbitrarily created points) into equally
spaced sub-segments of length 0.3 µm modeled as non-linear
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Worm-Like-Chain elastic springs (Fig. 3b). Consecutive sub-
segments also have bending forces modeled through linear bend-
ing springs. Finally, fiber segments can form cohesive bonds
(crisscrossing or oblique contacts) when two non-parallel fibers/
segments get in close proximity and touch each other (Fig. 3c, see
Supplementary Note 1.1 and previous work30 for more details).

The dynamics of fiber nodes and sub-nodes are described by a
Langevin equation in an overdamped regime:

ηf _xf ;j ¼ Ff ;j þ FB
f ;j ð1Þ

where xf ;j is the position vector of the jth fiber node, Ff ;j is the
deterministic force acting on the jth fiber node or sub-node
(fibrin elastic forces, bending forces, and fibrin–platelet interac-
tion forces, discussed below; see Supplementary Note 1.1 for
details), ηf represents the drag coefficient for a fiber node in liquid
serum, and FB

j is the Brownian force due to thermal fluctuations
(see Supplementary Notes 1.1 for more details). The formation of
cohesion bonds instead of the volume exclusion principle in our
model prevents fibrin fibers from crossing each other (see
Supplementary Note 1.1 and ref. 30 for more details).

The spring constant Bs of the bending springs is calculated using
the relation Bs= EI, where E is Young’s modulus, which was
determined by fitting the Worm-Like-Chain forces to AFM data
from literature54 (see Supplementary Fig. 1). Parameter I is the
moment of inertia of a circle. See Supplementary Note 3.1 for more
details of the calculation, which leads to Bs= 2.252 × 10−3 nN μm2.

The relatively small mass of the fibrin and platelets, and the
relatively viscous surrounding media (i.e. low Reynolds’ number
(<<1) environment) makes it reasonable to assume that the
dynamics of individual nodes are overdamped as in ref. 30, and so
the inertia term is omitted in the system (1). The system (1) is
then discretized and solved using a forward Euler scheme:

xnþ1
f ;j ¼ xnf ;j þ

dt
ηf

Fn
f ;j þ Fn;B

j

� �
: ð2Þ

A more detailed discussion of the model forces, coefficients,
and calibration is provided in Supplementary Notes 1.1 and 1.3.

Platelet and filopodia sub-models. Each platelet interacts with
fibrin fibers through adherent protrusions called filopodia, lead-
ing to clot contraction as filopodia pull fibrin fibers toward the
cell body. This, in turn, leads to remodeling of the fibrin network,
causing fibrin accumulation near the surface of platelets and
densification of the fibrin network, which are the most important
structural features of clot contraction. As a result of fibrin net-
work compaction, some fibrin-attached platelets are moved pas-
sively close enough to each other and form secondary clusters.

The dynamics of platelets are described in terms of the
following Langevin equations. Namely, the motion of the center
of mass of the ith platelet is described by the following ordinary
differential equations:

mp;i€xp;i ¼ Fp;i � ηp _xp;i þ FB
p;i ð3Þ

where Fp;i is the sum of the deterministic forces applied to the ith
platelet. These forces include fibrin-platelet or platelet–platelet
interactions (described below, and more details are in Supple-
mentary Notes 1.1–1.3). The viscous damping force, due to the
clot being filled with serum, is represented by ηp _xp;i and FB

i

denotes the Brownian force due to thermal fluctuations55 (see
also Supplementary Note 1.1 for details). The system is assumed
to be in an overdamped regime as in Britton et al. 30. The inertial
term is therefore neglected, and the system (3) is discretized in
time using a Forward Euler scheme:

xnþ1
p;i ¼ xnp;i þ

dt
ηp

Fn
p;i þ Fn;B

i

� �
ð4Þ

where the superscripts n and nþ 1 refer to the vector quantitates
at time steps n and nþ 1 for the ith platelet and dt is the time
step; ηp represents the drag coefficient for a platelet with fixed
volume in plasma.

Filopodia contractile forces. Filopodia of activated platelets are
cytoskeleton-driven cell membrane protrusions that can attach to
fibrin fibers and pull them toward the platelets16. The fibrin–platelet
binding and traction are the most important interactions in the

Fig. 2 Diagram of a 3D multiscale modeling framework and exchange of calibration and validation data leading to predictive simulations. Microscale
and mesoscale submodels of smaller-scale phenomena are assembled together as components and then calibrated to create a model capable of simulating
data at the micro, meso, and macro scales.
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model simulations and the main mechanism driving clot contrac-
tion. In the model, the body of each activated platelet is represented
as a sphere of radius rp (Fig. 4, regions 2 and 3). Additionally, the
platelet extends filopodia in the region between the surface of the
platelet body (sphere of radius rp) and the surface of a sphere of
radius rp þ rfil (Fig. 4, region 1, also known as the filopodia inter-
action zone), where rfil represents the maximum length of filopodia
in simulations. Filopodia can attach to fibrin fibers and other pla-
telets within the filopodia interaction zone. A spherical geometry is
used because platelets are non-polar cells, hence shape changes and
forces exerted by activated platelets on their nearby environment are
isotropic.

Each platelet in the model has several filopodia varying
between 2 and 13 (maximum number observed in experiments16,
see also Fig. 5). The number for every individual platelet is
determined by a discrete random variable generated from a
truncated log-normal distribution obtained through fitting with
experimental counts of filopodia per activated platelet (see Fig. 5).
Each filopod can only connect with one fibrin fiber, thus pulling
on a node or sub-node during contraction. This happens if a
fibrin node or sub-node enters the near-platelet region where
filopodia can extend (Fig. 4, region 1) and at least one filopod is

available but not yet attached. In the simulations, a node or sub-
node on a fibrin fiber is considered to enter this region if the
distance between the center of mass of the node or sub-node and
the platelet dfp satisfies rp < dfp < r

p
þ rfil þ rfib, where rfib ¼

0:05 μm is the radius of a fibrin fiber30,54,56. In the model
hundreds of fibers are simulated corresponding to hundreds of
segments, summing up to tens of thousands of fibrin nodes and
sub-nodes, while the platelet density used corresponds to 45
platelets in the simulations, making fibrin-platelet interactions
much more likely than platelet–platelet interactions for the clot
contraction simulated with the model.

When a filopod attaches to a fibrin node or sub-node forces are
applied along the direction connecting the centers of mass of the
platelet extending the filopod and the fibrin node or sub-node.
The force exerted by the filopod is applied to the center of mass of
the fibrin node or sub-node toward the center of mass of the
platelet extending the filopod (see arrows in Fig. 4). A
corresponding reaction force is also applied to the center of
mass of the platelet extending the filopod in the opposite
direction. Fiber nodes or sub-nodes are pulled by filopodia
towards the platelet with a force, Fp, when they are in the
filopodia interaction zone (Fig. 4, region 1). A constant adhesion

Fig. 3 Diagram of the components of the 3D model of clot contraction. a Snapshot of a model representation of a fibrin network (lines) and platelets
(spheres). (inset) Zones of influence include filopodia interaction zone (region 1), Adhesive Zone (region 2), and a platelet volume zone representing the
platelet body (region 3). Arrows indicate if the forces applied to the fibers act toward the center of the platelet or away from the center. b A single fibrin
fiber is modeled using several Worm-Like-Chain (WLC) sub-segment springs and bending springs. Segmentation of fiber into several springs is indicated
by sub-nodes. Here points i and j are the main nodes (e.g. branching points, bigger black nodes) for the fiber, while the points between i and j (e.g. p and n)
are computational sub-nodes, and the segments between sub-nodes are the WLC spring sub-segments (see example with orange halo). c Diagram of the
formation of a cohesive bond between sufficiently close fibers (b and c were modified from literature30 with permission from Elsevier to include images of
new model components).
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force (directed toward the platelet), F0, representing the adhesion
between fibers and platelet surface, is applied to fiber nodes or
sub-nodes when they enter the Adhesive Zone (region 2). A
Lennard–Jones repelling force, FLJ is applied to the fiber nodes
and sub-nodes, and platelets when they enter the Platelet Volume
(region 3) to enforce volume exclusion preventing platelets or
fibrin fibers from overlapping with the given platelet. When fibers
enter this region the Lennard–Jones force pushes them away from
the center of mass of the platelet.

Model simulations are performed under the assumption that
once a filopod attaches to a fibrin fiber, the pulling force of a
filopod, Fp, depends on the local stiffness of the fiber at each pulled
node or sub-node. Specifically, fibrin is a strain-stiffening material.
Therefore, in our model, the average local strain of the fiber at the
node or sub-node being pulled is used to calculate the local stiffness
(see Supplementary Note 3.1 and Supplementary Table 2 for single
fiber sub-model calibration).

For each node or sub-node of a fiber pulled by a filopod, the
local fiber strain, �γ, is calculated as the average strain of all sub-
segments that include that node or sub-node. Then �γ is the fiber
strain used by the filopod to produce a pulling force. The average
local stiffness of a fiber attached to a filopod (node or sub-node),
is calculated as follows: k ¼ dFWLCð�γÞ

�dγ
.

The following formula has been fitted to experimental data to
approximate the contractile force exerted by an entire platelet:

Fplatelet ðt; kÞ ¼ f 0 þ ð1� de�t=τÞ ak
bkþ c

: ð5Þ

Here, t is the time evolved from the beginning of contraction
(i.e., the start of simulation) of the clot and f 0; a; b; c; d; τ are
parameter values determined by fitting experimental data17 (see
Supplementary Note 3.2, Supplementary Table 3, Supplementary
Fig. 3, and Table 1 for further details and parameter values used
in simulations). Formula (5) considers both previously observed
exponential loading time17 and the monotonic increase and
saturation of the contractile cellular force. This is similar to what
was observed in ref. 57, where stem cell forces were shown to have
a comparable dependence on the stiffness of their surrounding
extracellular matrix. However, the present model includes a sub-
model representing the pulling force of a single filopod, and no
experimental data characterizing such force is available at this
time. Instead, we tested several hypothesized expressions to derive
and calibrate the pulling force of a single filopod Ffilopod from

Table 1 Model simulation parameters.

Variable or parametera Value

Fibrin simulation parameters
Monomers per fiber, Nm 200–110054

Monomer persistence
length, Lp

0.005–1.074 nm54

Fibrin radius, rfib 0.05 μm30

Temperature, T 300 K
Normalized contour
length multiplier, C

2.3554

Fibrin volume fraction 0.3%65

Fibrin network radius 23.8 µm
Platelet simulation parameters
Platelet radius, rp 1.1 μm105

Adhesive zone fraction, fr 0.9
Platelet range, rfil 2.2 μm16

Adhesion zone force, F0 4 nN58–60

Average platelet density 8 × 105 platelets/mm3 64

Fibrin fraction initialized
near platelets, Pfnp

0.5 (see Supplementary Note 2.1)

Contraction time 30min
Number of filopodia per
platelet

Discretized truncated lognormal distribution
(see the section “Model validation” and
Fig. 4)106.

Platelet contractile force-fitted parameters17

f0, force of platelet for
zero stiffness

2.2 nN

a, fitting parameter 61
b, fitting parameter 3.6
c, fitting parameter 132
d, fitting parameter 1.4 nN
τ, force relaxation time 637 s

aThe mathematical symbol to represent the variable in equations is shown in italics.

Fig. 4 Platelet–fiber interaction schematic. Schematic of a model
representation of an individual platelet interacting with fibrin fibers (black
lines) in a clot. Different forces (arrows) are applied to fiber nodes or sub-
nodes (black dots) depending on the distance from the platelet center of
mass. The navy arrows represent the platelet’s filopodia pulling on
randomly selected fiber nodes within rfil of the platelet surface (i.e., within
the filopodia interaction zone, region 1). Here rp is the radius of the
(spherical) platelet and the fraction fr ¼ 0:9 is used to distinguish the
Adhesive Zone which pulls fibrin in (region 2) with adhesive forces (yellow
arrow pulling with force F0 from the platelet body (region 3) which volume-
excludes fibrin by pushing out via a Lennard Jones potential FLJ. Detailed
expressions for the forces are provided in Supplementary Note 1.1, Eqs.
(5)–(8).

Fig. 5 Probability distributions of active filopodia per platelet. The
probability density functions of numbers of filopodia per platelet in
10 simulated clots were validated using specific experimental data and in
four experimentally obtained platelet–fibrin meshworks.
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Fplatelet (see for details Supplementary Note 3.2; Comparison with
experimental data is provided in Supplementary Note 4.3).

The function of the filopod pulling force that produced the best
and very good agreement with experimental data is given by the
following formula:

Ffilopod ðkÞ ¼ f 0 þ
ak

bkþ c

� �
=2: ð6Þ

During filopodia contraction, the applied force acts on fibrin
nodes or sub-nodes on a fibrin fiber only while rp < dfp < r

p
þ

rfil þ rfib. When these conditions are not satisfied, the filopod
detaches from the fibrin fiber. For platelet–fibrin interactions, if
the distance between fibrin nodes, sub-nodes, and a platelet
instead satisfies dfp < r

p
, first an adhesive force and then a volume

exclusion force are applied (detailed in the next subsection).
Additionally, following the interaction between a filopod and a
fibrin fiber, once the filopod is detached it re-attaches and starts
pulling on the next node or sub-node on the fibrin fiber.
This modeling component reproduces previously observed the
“pulling hand-over-hand on a rope”mechanism16. If no such new
fibrin node or sub-node exists (e.g., terminal node of a fiber),
the filopodia are left free and fluctuate to connect with other
available fibers.

There is currently no experimental evidence to distinguish
between subsequent pulling on a fiber by different platelet
filopodia and repeated pulling on a fiber by the same filopod.
However, it is unlikely that this difference in filopodia pulling is
critically important for clot contraction from a biomechanical
viewpoint since platelets in both cases perform the same amount
of work to shorten and compact fibers, which therefore does not
affect the results of the model.

Platelet surface adhesion and platelet volume mechanics. During
clot contraction, each platelet pulls fibrin fibers toward its center of
mass. In the model, a fraction of the platelet radius, f r ¼ 0:9, is
used to denote the boundary of the Adhesive Zone. If the distance
between a platelet center and a fibrin node or sub-node satisfies
f r � rp þ rf < dfp < rp þ rf , then the fiber is within the Adhesive
Zone surrounding the platelet. When a fibrin fiber is within the
Adhesive Zone of an activated platelet, the model applies a fixed
constant force, F0, to the fibrin nodes’ or sub-nodes’ centers of mass
directed toward the center of mass of the platelet. The adhesion
zone force is a part of the platelet pulling generated by the platelet
actomyosin machinery, by which contractility is transmitted to
fibrin fibers via the platelet integrins. The contractile force has been
measured for individual platelets using different experimental
methods described in refs. 58–60.We estimated the minimal value of
F0 from Supplementary Fig. 2 to be 4 nN. The adhesive zone for the
platelets is shown in Figs. 3a and 4 (region 2). This force tends to
move fiber fibers in the Adhesive Zone closer to the center of mass
of the platelet. Once d < f r � rp þ rf , for fiber nodes and sub-nodes
3D mechanics needs to be considered. Specifically, to reflect the
role of a platelet body, a repulsive force is introduced that pushes
fibrin fibers away from the platelet. This type of force is
often referred to as a volume exclusion force61 and is applied to the
fibrin nodes and sub-nodes in the opposite direction, i.e. away
from the interacting platelet. This Platelet Volume zone is illu-
strated by region 3 in Figs. 3a and 4. The force magnitude is cal-
culated using a standard Lennard–Jones potential-based force
FLJ ¼ 12ϵðσ12=x13 � σ6=x7Þ, where σ ¼ 2f rrp=2

1=6, ϵ ¼ 16 nN �
μm and x ¼ dfp or dpp (see also Supplementary Note 1.1 for details
on the parameter). Since the model framework may potentially
leave some filopodia unengaged, and the number of filopodia per
platelet was calibrated to the number of actively pulling filopodia, it

is important to note that in our simulations all available filopodia
were actively engaged with pulling fibrin fibers.

Computational model implementation. Several computational
techniques were introduced to speed up and optimize a very large
number of model simulations. First, the simulation code was
implemented using CUDA for fully utilizing GPU parallelization.
All independent operations are performed in parallel using the
CUDA Thrust parallel algorithms library to optimize block and
thread counts. GPU threads synchronization is specifically
designed to avoid data racing. Since all filopodia and fibers must
interact in simulations, two 3-dimensional cell-grids of different
resolutions are utilized to build nearest-neighbor maps. This grid
method reduces the cost of element interaction from O(n2) to
O(n), resulting in scalability and a nearly linear runtime increase
with respect to element count. Additional comments on the
computational cost of the model and GPU parallelization are
available in Supplementary Note 1.4. Running sensitivity analysis
requires hundreds to tens of thousands of model simulations (e.g.,
variance-based methods like Sobol’ indices; PRCC or eFAST62,63),
which is currently computationally too expensive. Therefore, we
restricted our analyses to those free parameters that we have
identified as being most likely to have the largest biological
impact. The results presented in the figures in the “Results”
section were obtained by averaging measurements from
10 simulated clots. The figures plot both the mean and standard
deviation of each output metric calculated from these simulations.
We can see that the standard deviation is acceptable.

Comparison of our model with other models of clot contraction.
We note that both our model and the models described in
literature20,51 are developed for studying fibrin clot contraction
and may seem similar. E.g., both models employ coarse-grained
representation of fibrin fibers. However, the published models
were designed to deal primarily with special aspects of clot con-
traction, platelet heterogeneity, and the relationship between
forces generated by individual platelets and the bulk contractile
force. Moreover, despite some apparent similarities, the
models20,51 use dissipative particle dynamics to include the fluid
effect (viscosity), while our model accounts for fiber–fluid inter-
action by introducing a viscous damping force, and thermal
fluctuation of nodes by Brownian force. The models20,51 repre-
sent the elasticity of individual fibers as harmonic springs, while
our model uses a nonlinear Worm-Like-Chain approach. Para-
meter values of the Worm-Like-Chain are obtained by fitting with
measurements from atomic force microscopy experiments. Since
a fibrin fiber exhibits nonlinear force-strain profiles, the nonlinear
Worm-Like-Chain accurately represents the local strain–stress
relation, which in turn affects the amount of force that a platelet
can impose on a fiber. Models in literature20,51 apply volume
exclusion energies to individual fiber nodes to prevent them from
overlapping and do not form cohesion bonds between fibers after
initialization of simulations. Our model dynamically forms
cohesion bonds when two fibers are close to each other to prevent
them from crossing each other. These models20,51 give each
platelet exactly 12 filopodia, each pulling with a linear force on
nearby fibers (i.e., force proportional to the clot contraction). Our
model uses a probabilistic distribution for the number of filopodia
determined using experimental data.

The local fiber densification by platelet pulling is modeled
differently in these models. Our work captures densification by
two proxies. First, is the overall time evolution of the area of
platelet-colocalized fibrin, and second is the formation of platelet
clusters which are observed to coincide with the local densifica-
tion of fibrin. Other models20,51 measure the fiber network
densification by proxy of volume and cross-sectional area. In
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simulations, another difference between the work51 and this
paper is that we look at clot contraction and platelet clustering
and determine the shrinkage of a clot in quasi-steady states; the
iClot framework51 looks at the emergent macroscale force that
their clot applies to boundary walls and the clot volume impact of
temporal asynchrony of platelet contraction. The previous
paper20 also looks at the cross-sectional area of clots and cross-
link concentration (i.e., evolution of volumetric concentration of
a static number of fibrin–fiber junctions) as a measurement of
contraction. By contrast, we measure platelet clustering directly
from simulation via individual platelet locations. Both papers20,51

represent systems with clots affixed to two fixed boundaries,
whereas our simulations have free boundaries.

Model validation. Simulations were performed for spherical clots
with a radius of 23.8 µm, chosen to be biologically relevant and as
large as practically possible to finish simulations in a reasonable
time. As described in the “Methods” section, several forms of a
filopod pulling forces were tested and the one best fitting
experimental data was selected (see Supplementary Notes 3.2 and
4.3 for details). For each form of the force, we ran 10 clot con-
traction simulations with fixed parameter values indicated in
Table 1 with independently generated initial structures of clots.
Average and standard deviations for each contraction metric are
provided in Fig. 6. These clot simulations involve 45 spherical
platelets embedded into fibrin networks and they are run for
30 min of real contraction time. Each clot was generated com-
putationally with an average platelet density of 800,000 platelets/
mm3 corresponding to a platelet concentration in platelet-rich
plasma (double the highest normal platelet count in whole blood
to account for the volume of erythrocytes)64, and 0.3% fibrin
volume fraction corresponding to a normal mass concentration of
fibrinogen in plasma 0.2–0.4%65.

The fraction of fibrin initialized near platelets, Pfnp, was fixed at
0.5 (see Supplementary Note 2.1), as this was the fraction
corresponding to simulated networks being more qualitatively like
the ones from experiments. Note that these fiber densities and

platelet densities, within the chosen clot volume, result in over
60,000 possible attachment points (nodes and sub-nodes) for
filopodia on fibrin fibers. The average initial inter-platelet distance
in our simulations is 25 microns. Hence, platelet-platelet interac-
tions are rare and only occur once two platelets are brought very
close to each other during the network densification during clot
contraction. The distribution of filopodia counts per platelet from
four independent experiments imaging and analyzing more than
400 platelets are shown in Fig. 5 as light gray rectangles. The fitted
lognormal distribution (μ ¼ 1:85,σ ¼ 0:27), used in the simula-
tions is displayed as dark gray rectangles. Simulated platelet
filopodia counts used in simulations were obtained by sampling
this lognormal distribution fitted using the experimentally observed
distributions (as described in the “Methods” section).

The number of filopodia depends on the extent of platelet
activation and cytoskeletal dynamics, irrespective of the amount
of surrounding fibrin. The platelet–fibrin binding is probabilistic:
the higher the fibrin density is and the more filopodia are formed,
the more likely it is that they interact. The model implies that all
filopodia are involved and this is a reasonable simplification.
Moreover, since there is not much available data in terms of the
precise distribution of which fibers platelets are attaching their
filopodia, we allow them to choose randomly among fibers within
their reach. Our model framework may be easily extended to
accommodate alternative hypotheses for how platelets might
choose which fibers to pull.

To validate the model, simulations of clot contraction were
compared to experimental data from Kim et al. 16 using several
appropriate metrics to quantify clot contraction over time (Fig. 6).
Metrics used in Fig. 6a–c include the relative area of platelet-
colocalized fibrin on the surface of the simulated platelets (i.e. the
fraction of fibrin that lies within zones 2 or 3 of any platelet as
described in Fig. 4) f p; fibrin fiber density, f d; and change in fibrin
density, Δf d. Figure 6 shows that simulated results are within a
single standard deviation region of the experimental measure-
ments. In particular, the model correctly predicts an increase in
the amount of fibrin accumulated by individual platelets because

Fig. 6 Platelet–fibrin co-localization and densification of fibrin networks during clot contraction. Simulation results are shown by blue dashed lines, while
black solid lines represent experimental data16. Shaded regions represent the interval between mean plus one standard deviation and mean minus one
standard deviation. a Normalized area of platelet-colocalized fibrin, fp=f

0
p , during clot contraction. b Normalized fibrin density, fd=f

0
d as a function of time.

c Changes in fibrin density, Δfd during clot contraction (the first derivative of fd=f
0
d ). Results are presented as M ± STD from 10 simulations (see also

Supplementary Note 4.1 and Supplementary Fig. 4 for details on contraction phase calculations.
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of their pulling on fibrin fibers and fiber compaction (Fig. 6a).
The calculated changes in fibrin density reveal a 1.4-fold increase
after 30 min of contraction, which agrees with the experimental
data (Fig. 6b).

These comparative results provide validation of the proposed
model of clot contraction. In previous experimental studies16, three
distinct kinetic phases were observed in clot contraction. These are
“pre-contraction” or lag period (phase P1), “active contraction”
(phase P2), and “final contraction” (phase P3). Changes in the first
derivative of fibrin density function with respect to time indicate
three kinetic phases in both in vitro and in silico contracting
platelet-fibrin clots (see Fig. 6c and Supplementary Note 4.1).

The times of changes from one phase to another are
identified by the two major peaks in the fibrin density changes
(maxima in Supplementary Fig. 4) implying three kinetic phases
of clot contraction, previously referred to as “pre-contraction”,
“active”, and “final” contraction stages16. Remarkably, the
kinetic phase borders for the model clot at t= 3.0 ± 1.0 min
and t= 33.0 ± 1.0 min are very close to the temporal borders for
experimental clots at t= 4.2 ± 1.2 min and t= 29.4 ± 1.2 min.
The kinetic rates (i.e., average fibrin density change during a
phase) of the three consequent contraction phases calculated in
the model: k1= 0.015/s, k2= 0.010/s, and k3= 0.011/s, are also
partially in agreement with the corresponding experimental
values k1= 0.024/s, k2= 0.011/s, k3= 0.0044/s. In particular,
the kinetic rate of the “active” phases for both experiments and
simulations are almost identical.

To further validate the model, we ran experiments of a
macroscopic platelet-rich-plasma clot contraction in the absence
and presence of blebbistatin, an inhibitor of myosin IIA (see the
“Methods” section), and compared them to the corresponding
simulations, in which the effect of blebbistatin was mimicked by a
10-fold reduction of platelet pulling force. The experimental and
simulated clot contraction kinetics curves are in quantitative and
qualitative agreement (Supplementary Fig. 11).

Lastly, we noticed that in model simulations, after platelet
clusters form, there is an emergence of high-strain fibrin bundles
that form between platelet clusters having the spatial scale of tens
of microns (Fig. 7, and Supplementary Movies 1–4) as observed
before66. Supplementary Movies 1–4, Supplementary Note 4.5
and Supplementary Fig. 10 also demonstrate the localization of
strain in bundles in model simulations.

Model predictions of the impact of the number of platelet
filopodia on the clot contraction kinetics. Under different
conditions, platelets have been shown to have various levels of
activation, resulting in more or fewer filopodia per platelet67,68.
The number of filopodia per platelet is one indicator of platelet
activation in our model that we can easily control. To assess and
quantify the impact of the number of individual filopodia, the clot
contraction rate in addition to the metrics presented in the
“Model validation” subsection, was calculated over 30 min of
contraction in clots generated with varying numbers of filopodia
per platelet. All other model parameters (Table 1) remained fixed.
Clot contraction was simulated with the number of filopodia
taken from the experimentally observed distribution (Fig. 5). The
distribution with a lower number of filopodia corresponds to a
lower degree of platelet activation. Conversely, the distribution
with a higher number of filopodia corresponds to a higher degree
of platelet activation67,68. Figure 8 shows the outcome values of
the metrics presented in the previous section calculated from
simulated clots for platelets with the experimentally observed
distributions of filopodia numbers, and compared to the com-
putationally derived filopodia numbers that are both lower and
higher than the experimental values (Fig. 8a–c).

The rates and extents of clot contraction based on fibrin
densification correlated with the degree of fibrin co-localization
with platelets. In simulations, the fiber density is increased by
approximately 10% in simulations with low filopodia numbers
(μ ¼ 0:9 and σ ¼ 0:19) and by more than 55% in simulations with
high filopodia numbers (μ ¼ 3:7 and σ ¼ 0:38), while platelets
with the experimentally observed intermediate numbers of
filopodia (μ ¼ 1:85,σ ¼ 0:27) cause ~30% densification (Fig. 8b).
Figure 8a shows that in the course of clot contraction, platelets with
the experimentally observed intermediate filopodia numbers
increase the amount of platelet-co-localized fibrin 8-fold, while
platelets with low and high filopodia counts achieve a 5- and 10-
fold increase in fibrin co-localization, respectively. Thus, the
simulation results (Fig. 8) revealed that an increase in the number
of filopodia per platelet resulted in faster clot contraction, more
platelet-associated fibrin, and higher fiber density.

Remarkably, the simulated clots containing platelets with the
experimentally observed filopodia counts had absolute contrac-
tion metrics values closer to the ones observed in experiments16

(see also Fig. 6), while the simulated clots with lower or higher
numbers of filopodia per platelet underwent reduced or enhanced
contraction, respectively, as can be seen in Fig. 8. This correlation
provides another argument for the experimental validation of the
model applied to simulate the kinetics of clot contraction.

Thus, model simulations suggest that the number of contracting
filopodia per platelet is an important characteristic that determines
the phase kinetics of clot contraction and its biomechanical
complexity. Platelets with a reduced number of contractile filopodia
yield impaired clot contraction with a single kinetic phase, while an
increase in the number of contractile filopodia per platelet leads to
clot contraction characterized by three or more kinetic phases,
reflecting a more complex biomechanical mechanism of blood clot
contraction when platelets are more activated.

Model prediction of platelet clustering during clot contraction.
It has been previously shown16 that the inter-platelet distances in
contracting clots progressively reduce throughout contraction,
which can result in the formation of secondary platelet clusters
that can potentially reinforce the contraction. Model simulations
also demonstrated the ability of platelets to clusterize during
fibrin clot contraction. Single platelets were initially uniformly
dispersed in a clot with an average inter-platelet distance of
25 μm. As a result of fibrin network densification during clot
contraction, platelets formed clusters consisting of two or more
cells (Fig. 9a). In 10 min of clot contraction, most platelets were
twinned and later the number of clusters, and their size pro-
gressively increased. Between 10 and 30 min, the average frac-
tion of two-platelet clusters decreased, while the fraction of
clusters containing three, four, five, and six platelets increased
by 30%, 160%, 250%, and 100%, respectively (Fig. 9b). Around
40 min after initiation of clot contraction, the number of clus-
tered platelets surpassed the fraction of single platelets in the
clot (Fig. 9a).

Figure 9c represents the frequency of platelet clusters with respect
to their distance from the clot center at times t= 10, 20, 30, and
40min from the beginning of clot contraction. Therefore, our
simulations predict that clusters first form closer to the edge of the
clot. In particular, platelet clusters are more frequent in domains
further from the center and closer to the boundary of the clot
(Supplementary Note 4.4 and Supplementary Figs. 7–9 for additional
details). As clot contraction progresses, the cluster positions shift
closer to the core of the clot (Fig. 9c), reflecting the macroscopic
shrinkage of the clot from the edge toward the center. This
simulation result agrees with the contraction front propagation from
the boundary to the center of the clot observed experimentally16,51.

COMMUNICATIONS BIOLOGY | https://doi.org/10.1038/s42003-023-05240-z ARTICLE

COMMUNICATIONS BIOLOGY |           (2023) 6:869 | https://doi.org/10.1038/s42003-023-05240-z |www.nature.com/commsbio 9

www.nature.com/commsbio
www.nature.com/commsbio


Discussion
Multiscale computational models describing interactions
between cells and extracellular matrices and calibrated using
specific experimental data play an important role in studying the
biomechanics of cells and tissues, as well as embryo development
and cancer invasion69–72. In particular, several theoretical and
computational models have been developed to simulate the
properties of fibrin and the structural mechanics of fibrin net-
works at different spatial scales28,30,73–85. Detailed computa-
tional mechanical models of platelets and red blood cells were
described in refs. 86,87. Also, the stability of a clot under different
flow conditions using multi-phase models was previously studied
in refs. 84,88–90.

While blood clot formation has been relatively well studied, little
is known about the mechanisms underlying the subsequent com-
plex processes of structural and mechanical clot remodeling called
contraction or retraction which are of high pathophysiological sig-
nificance. Clot contraction is driven by activated platelets that pull
on fibrin fibers, causing a reduction in clot volume. The results
obtained by Kim et al. 16 established a quantitative structural basis
for the mechanobiology of blood clot contraction. Human platelet-
rich plasma clots were experimentally examined at a variety of
spatial scales, with a particular focus on single platelet–single fibrin
fiber interactions, and their effects on the kinetics of clot contraction
at the macroscopic level. In this paper, experimental observations
were complemented and advanced by multiscale computational

Fig. 7 Images of simulated clots at different spatial scales. Simulated clot configuration at t ¼ 0 minutes (a) and t= 45min (b), and a close-up of small-
scale model elements (c). Each large sphere represents the body of a platelet inside a spherical clot of initial radius 25 μm, comprising fibrin fibers (lines,
and small white sub-nodes in (c)). The small green lines represent the filopodia, and the small green spheres show the point of active connection between
filopodia and fibrin. Warmer-colored platelets are exerting more total jFfilopodj on their surrounding network. For better visibility, the individual fibrin fiber
sub-nodes are not shown in (a) and (b), but lines drawn between them are colored by fiber strain from low strain (cooler colors) to higher strain (warmer
colors). Moreover, to aid in viewing the platelet distribution, opacity of low-strain fibers has been reduced in (a–d). b shows the emergence of high-strain
fiber bundles. Panel c is a close-up of several platelets within the simulated clot and depicts individual fibrin sub-nodes in white. This panel demonstrates
fibrin accumulation on the body of the platelets. Panel d shows a 2D projected of a side-view of a clot that is digitally cut in half, showing the interior strain
distribution as being primarily localized into bundles between platelet clusters, and compressed fibrin adherent to platelet walls.
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modeling to provide important mechanistic insights into the con-
traction and structural remodeling of blood clots.

The multiscale modeling framework for simulating clot con-
traction, described in Fig. 2, combines a microscale sub-model of
the “pulling hand-over-hand on a rope” mechanism of a filopod
pulling on a fibrin fiber based on the fiber’s stiffness with a
mesoscale sub-model of the fibrin network. The model was
validated using specific experimental data by demonstrating
similar kinetic rates of the “active” phases of contraction for both
experiments and simulations. Then, model simulations success-
fully quantified the fibrin compaction/accumulation near indivi-
dual platelets and platelet aggregates. Also, in this paper, we
varied the number of filopodia per platelet and predicted how an
increased or decreased number of filopodia per platelet could
influence the contraction process. Moreover, model simulations
showed that most of the mechanical strain within a contracting
clot was experienced by bundles of fibrin fibers spanning between
individual platelets and/or their clusters.

To correctly account for the rate of a single filopod retraction,
we note that the intra-platelet actomyosin machinery generating
the traction forces is energy-demanding and is strongly ATP-
dependent. With the consumption of the intracellular pool of
ATP, the ability of the platelet to contract decreases over time.
Natural platelet exhaustion results in a gradual decrease and
abolition of platelet contractility7. Another mechanism that
restricts clot contraction is gradual stiffening of the deformed
fibrin which makes contracting fibrin progressively resistant to
platelet-induced deformations91. Both energetic exhaustion and
fibrin stiffening explain the plateau in the fibrin network densi-
fication. The model implicitly accounts for the rate of filopodia
retraction by considering the force generated by platelet filopodia,
which in turn depends on fibrin stiffness.

The reason for impaired clot contraction in (pro)thrombotic
conditions is platelet dysfunction and exhaustion, which is sec-
ondary to continuous platelet activation3,4. One of the main
consequences of such exhaustion is platelet refractoriness, i.e., the
reduced ability to respond to an activating stimulus. The model
captures this situation by studying platelets with various degrees
of activation, including the reduced ability to form filopodia,
which corresponds to partial platelet refractoriness.

Because the degree of platelet activation correlates directly
with the number of platelet filopodia, our findings suggest that
weak platelet activation results in impaired clot contraction.
This is consistent with previous in vitro data showing that the
decrease in thrombin concentration from 1 to 0.5 U/ml, and
hence the extent of platelet activation, reduces the degree and
rate of clot contraction41. The dynamic relation between agonist
concentration in a clot and the number of filopodia generated
by a single platelet is currently not known. Perhaps if such a
relation is developed in the future, our model can be extended
accordingly.

Model simulations with an average number of 6–7 filopodia
per platelet reproduced the three contraction phases observed in
Kim et al. 16 with similar duration and fibrin densification rates.
Additionally, model simulations predict that an increase in the
number of filopodia to 12 results in 4 phases, with higher fibrin
densification rates. On the other hand, a decrease in the number
of filopodia to 2–3 produced only a single phase, with a lower
fibrin densification rate. Change in the number of phases means a
change in contraction kinetic rates. As impaired clot contraction
has been associated with postoperative deep vein thrombosis4,
our results complement these findings suggesting that fibrin
densification in clots of these DVT patients could be significantly
reduced. Meanwhile, the number of kinetic phases in DVT

Fig. 8 Simulated kinetics of clot contraction driven by platelets with different numbers of filopodia per 1 platelet. Simulations with experimentally
observed intermediate filopodia numbers are shown by blue solid lines, while green dashed lines and red dotted lines represent simulations of clot contraction
kinetics with the lower and higher filopodia numbers, respectively. Shaded regions represent the interval between mean plus one standard deviation and
mean minus one standard deviation taken from N= 10 simulated clots. a Area of platelet-colocalized fibrin, b fiber density, and c changes in fiber density
over time (see also Supplementary Note 4.2 and Supplementary Fig. 5 for details on contraction phases calculations).
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Fig. 9 Platelet clusterization during clot contraction. a Ratios of the numbers of single platelets (dashed blue line) and platelets in clusters (2 or more
platelets, black solid line) during clot contraction. Solid lines represent mean values, shaded areas indicate standard deviation from the mean, N= 10
simulations. b Histograms of the number of platelets per cluster, containing 2–6 platelets formed in simulated clots over the course of contraction. Time
points: 10 (blue), 20 (orange), 30 (gray), and 40 (yellow) minutes. c Histogram of the distribution of platelet clusters at various normalized distances from
the center (normalized with respect to the radius of clot before contraction) observed in the simulation. Time points: 10 (blue), 20 (orange), 30 (gray), and
40 (yellow) minutes.
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patients was unaltered in comparison to healthy control, pointing
out the role of platelet exhaustion in impaired clot contraction.

Model simulations also quantified the potential impacts of
different levels of dependence of filopodia pulling forces on the
stiffness of the fibers, the loading time of these forces, as well as
competition for actomyosin between filopodia of the same platelet
(see Fig. 2, Supplementary Note 4.3, Supplementary Table 1, and
Supplementary Fig. 6), on the rate of change of fibrin density of a
clot during contraction. It was also demonstrated by tracking
platelet clusterization in simulations that the formation of platelet
clusters was more prominent at the edges at the beginning of the
contraction and subsequently, these clusters moved toward the
center. Mechanistically, platelets at the edge of a clot experience
larger net radial force, than platelets located closer to the clot
center. As a result, the radial velocity of platelets at the edge of the
clot is higher than that of platelets closer to the clot center. This
radial velocity gradient for platelets leads to their clustering at the
clot edge, as platelets from the edge overtake platelets located
closer to the clot center over the course of contraction.

In this study, 50 μl of human plasma was used to generate anmm-
size clot to study its contraction in vitro. 120 × 120 × 35 μm confocal
microscopy z-stack images of clots were acquired during clot con-
traction and used for structural analysis. By running simulations for
incrementally increasing initial clot size, and calculating the final
extent of contraction, we found that the results did not significantly
change as the initial clot radius reached ~20 μm, suggesting that the
model is rather scalable, and results are applicable to macro-scale
clots. Since the model’s complexity scales linearly with the volume of
the simulated clot, simulations of larger clots are possible once the
architecture for multi-GPU simulations has been built. This simu-
lation framework is under development and may be used in the
future to perform in-silico studies on much larger-order clots.

The multiscale modeling approach described in this paper can be
used to further explore properties of the contraction process that
could not be easily measured in experiments (see Fig. 2). Some of
these properties are known to either be dependent on the location
where the clots formed (e.g. different fiber orientations in different
types of blood vessels, depending on flow rates) or alterations in
patients with blood pathologies, such as Bernard–Soulier syndrome,
characterized by mutations in the GPIb-IX-V complex, accom-
panied by unusually large platelets, low platelet counts and pro-
longed bleeding time, or some congenital dysfibrinogenemias
characterized by fibrinogen mutations that result in alterations in
fibrin structure and properties. Provided the right data to estimate
the parameter values, the multiscale model can reproduce clots
formed in any of these alternative scenarios and the results of
simulations can be used to predict clot contraction. This could be
especially useful to devise possible drug treatment strategies for some
of the bleeding or thrombotic disorders that affect clot contraction.

We note that the current model does not include RBCs which are
known to play an important role in blood clot formation and
contraction7,42. Clot contraction results in the deformation of RBCs
into tightly packed polyhedral-shaped cells, polyhedrocytes or pie-
zocytes, forming an impermeable barrier important for hemostasis.
Since the goal of this paper is to evaluate the mechanism of platelets
pulling on the fiber network, we excluded RBCs from our experi-
ments and simulations to be able to clearly test platelet–fibrin
adhesion and mechanical interactions. The interaction between
RBCs and fibrin fibers is passive in the sense that there is no
measurable inherent contractile force exerted by RBCs on fibrin.
We plan to extend our multiscale model in the future to include
RBC representation, like the ones from literature92–95, as well as our
extended multiphase submodel96 to study the contraction of blood
clots with multiple types of cells.

It is well known that fibrin fiber networks formed under flow
conditions97 have a structure different from that of ones formed

under static conditions. However, fiber networks formed under
static conditions in vitro and flow conditions in vivo have similar
mechanisms and comparable extents of clot contraction98,99. Since
the experiments that we used in this work are performed under
static conditions (the Reynolds number is �1), we, therefore, do
not explicitly include fluid flow equations in our model. Never-
theless, we account for fibrin fluid interaction within the clot by
introducing a viscous damping force, and thermal fluctuation of
nodes by Brownian force. We also note that the values of para-
meters in the current model are independent of blood flow. Moving
forward, further model developments will involve the placement
and stiffness of RBCs localized in different regions of the clot before
contraction to see its impact on clot shape and size; such impacts are
evidently shown by works such as100 to be important. Such simu-
lations may provide insights into the impact of pathological stiffness
of RBCs on blood clot contraction101, which would be difficult to
study in vivo or to design costly experiments more efficiently.
Alternatively, we will extend our fibrin-blood flow interaction
equations to include a biased drift force proportional to the fibrin’s
proximity to the clot surface, as observed in literature39,96. Studies
on the impacts of blood flow on contraction are difficult and costly
in animals, and not possible in human subjects.

Finally, the mechanisms and computational modeling
approach described in this paper could also apply to other sys-
tems in which cells or particles are embedded in a fiber network
and exert forces on their surroundings based on substrate stiffness
or other mechanical properties. For instance, fibroblasts reorga-
nize the fiber networks composed of collagen and elastin in
asthmatic and healthy airways (i.e., organs of the respiratory tract
that allow airflow during ventilation). Another example is bac-
teria interacting with a mycotic network, hence acting similarly to
platelets in the fibrin network.

Methods
Formation and contraction of platelet-rich plasma clots.
Human blood was drawn by venipuncture from healthy volunteers
not taking aspirin or other medications affecting platelet function
for at least 14 days. Informed consent was obtained following a
protocol approved by the University of Pennsylvania Institutional
Review Board. Platelet-rich plasma (PRP) was prepared fromwhole
blood drawn into 3.8% trisodium citrate (9:1 v/v) by centrifugation
at 210×g at 25 °C for 15min. To label fibrin and platelets, the PRP
samples were pre-incubated with Alexa-594-labeled human fibri-
nogen (9 µg/ml) and calcein (10 µg/ml), respectively, for 10min at
37 °C. To induce clotting and clot contraction, PRP samples were
re-calcified with CaCl2 (29 mM) and mixed with human α-
thrombin (1 U/ml, all final concentrations). An activated plasma
sample was immediately transferred onto a microscope glass sur-
face of a PELCO cell culture dish inside the environmental
chamber of a confocal microscope. The glass surface was pre-
coated with 4% (v/v) Triton X-100 to prevent attachment of fibrin
to glass and allow for unconstrained clot contraction.

Confocal microscopy and image analysis of contracting clots.
PRP clots were imaged using a Zeiss LSM710 laser scanning
confocal microscope with Plan Apo ×40 (NA1.2) water immer-
sion lens to acquire serial 35 μm-thick z-stack images of the clots
during contraction (40 min, at time intervals of 75 s). The dis-
tance between slices of the z-stack images was 0.8 μm; each image
was taken at a 1024 × 1024 pixels resolution. Fluorescently labeled
fibrin and platelets were excited using 594-nm helium–neon
(fibrin) and 488-nm argon (platelets) laser beams and visualized
at 620 nm (red) and 515 nm (green) emission wavelengths,
respectively. 3D reconstruction of the fibrin-platelet mesh was
done using Imaris software. The number of filopodia formed by
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individual platelets was measured manually in the acquired
confocal microscopy z-stacks of contracting PRP clots using the
open-source Fiji software. To calculate the number of filopodia,
each image was divided into 50 square domains of 10-µm-thick z-
stacks, and the number of filopodia for each individual platelet
was counted. To track changes in fibrin fluorescence intensity,
density of the fibrin network, and colocalization of platelets with
fibrin, serial confocal microscopy z-stack images collected during
clot contraction were post-processed using Fiji software and
quantified using standard Fiji image analysis tools16,102,103.

Clot contraction assay. Platelet-rich plasma (PRP) was obtained
by centrifugation of citrated whole blood at 200 g for 10 min at
room temperature. PRP samples were preincubated without and
with blebbistatin (200 µM final concentration) for 3 min at 37 °C.
Clot size changes were tracked optically over time as described
previously41. Plasma clots were formed in plastic cuvettes whose
walls were pre-lubricated with 1% pluronic F-127 (Sigma-
Aldrich) to prevent fibrin from sticking. To initiate clot forma-
tion, in a separate plastic tube citrated PRP was recalcified with
2 mM CaCl2 followed by the addition of 1 U/mL thrombin (both
final concentrations). For clot formation and contraction, 80-μL
samples were transferred to transparent plastic cuvettes that were
imaged using an optical instrument equipped with a CCD cam-
era. Changes in clot size during contraction were followed by
acquiring images every 30 s for 30 min. Image sequences were
analyzed computationally to plot contraction kinetic curves and
measure the final extent of contraction.

Generation algorithm of the initial fibrin network and platelet
structures: input parameter values used for simulation. The values
of the parameters used in the model are given in Table 1. To
obtain a virtual fibrin network with properties both quantitatively
and qualitatively similar to those observed in the experimental
platelet-rich plasma clots, we developed an algorithm to generate
a computational three-dimensional clot consisting of both pla-
telets and fibrin fibers. This routine uses quantitative measures
extracted from confocal microscopy imaging of pure fibrin27,29 or
plasma clots27,29, such as fiber length distribution, fiber orienta-
tion, and fiber densities. These quantities and the structures of the
clots are fundamental for the proper biologically relevant con-
traction dynamics in blood clots. (The algorithm and details of its
application are described in Supplementary Note 2.1.)

Statistics and reproducibility. Simulations of 10 independently
generated in silico clots composed of fibrin and activated platelets
were performed and statistically analyzed. This was done for model
validation and model prediction verification. We utilized 3-degree
polynomial curves for fitting different data sets in Supplementary
Note 3 by performing a non-linear least-squares optimization
routine from the SciPy Python library104. The errors (indicated by
shaded segments, see Figs. 7 and 8 in the main text and Supple-
mentary Figs. 4–6) were calculated using standard deviations in
each fitting polynomial coefficient given by σ i ¼

ffiffiffiffiffiffiffiffiffi
covii

p
where

covii is the diagonal element of the calculated covariance matrix of
the optimized values of the estimated coefficients.

Reporting summary. Further information on research design is
available in the Nature Portfolio Reporting Summary linked to
this article.

Data availability
All relevant supporting data are available in the following CodeOcean repository: https://
codeocean.com/capsule/4c7bb411-62de-47de-93b4-2c03441d6338/. The data for this

study was generated with the simulation algorithms described in the paper and source
code deposited in the CodeOcean capsule. Instructions for compiling the source code,
running simulations to reproduce the results presented in the paper are in the
README file.

Code availability
Source code, input scripts, post-processing python files, and README files are available
in the CodeOcean capsule: https://codeocean.com/capsule/4c7bb411-62de-47de-93b4-
2c03441d6338/.

Received: 14 June 2023; Accepted: 10 August 2023;

References
1. Carr, M. E. Development of platelet contractile force as a research and clinical

measure of platelet function. Cell Biochem. Biophys. 38, 55–78 (2003).
2. Leong, L. et al. Clot stability as a determinant of effective factor VIII replacement

in hemophilia A. Res. Pract. Thromb. Haemost. 1, 231–241 (2017).
3. Tutwiler, V. et al. Contraction of blood clots is impaired in acute ischemic

stroke. Arterioscler. Thromb. Vasc. Biol. 37, 271–279 (2017).
4. Peshkova, A. et al. Reduced contraction of blood clots in venous

thromboembolism is a potential thrombogenic and embologenic mechanism.
TH Open 02, e104–e115 (2018).

5. Tutwiler, V. et al. Blood clot contraction differentially modulates internal and
external fibrinolysis. J. Thromb. Haemost. 17, 361–370 (2019).

6. Evtugina, N. G., Peshkova, A. D., Pichugin, A. A., Weisel, J. W. & Litvinov, R.
I. Impaired contraction of blood clots precedes and predicts postoperative
venous thromboembolism. Sci. Rep. 10, 18261 (2020).

7. Litvinov, R. I. & Weisel, J. W. Blood clot contraction: mechanisms,
pathophysiology, and disease. Res. Pract. Thromb. Haemost. 7, 100023 (2023).

8. Litvinov, R. I. et al. Altered platelet and coagulation function in moderate-to-
severe COVID-19. Sci. Rep. 11, 16290 (2021).

9. Kress, H. et al. Filopodia act as phagocytic tentacles and pull with discrete
steps and a load-dependent velocity. Proc. Natl. Acad. Sci. USA 104,
11633–11638 (2007).

10. Wood, W. et al. Wound healing recapitulates morphogenesis in Drosophila
embryos. Nat. Cell Biol. 4, 907–912 (2002).

11. Woolner, S., Jacinto, A. & Martin, P. The small GTPase Rac plays multiple
roles in epithelial sheet fusion-dynamic studies of Drosophila dorsal closure.
Dev. Biol. 282, 163–173 (2005).

12. Solon, J., Kaya-Çopur, A., Colombelli, J. & Brunner, D. Pulsed forces timed by
a ratchet-like mechanism drive directed tissue movement during dorsal
closure. Cell 137, 1331–1342 (2009).

13. Zanet, J. et al. Fascin is required for blood cell migration during Drosophila
embryogenesis. Development 136, 2557–2565 (2009).

14. Zanet, J. et al. Fascin promotes filopodia formation independent of its role in
actin bundling. J. Cell Biol. 197, 477–486 (2012).

15. Shibue, T., Brooks, M. W., Inan, M. F., Reinhardt, F. & Weinberg, R. A. The
outgrowth of micrometastases is enabled by the formation of filopodium-like
protrusions. Cancer Discov. 2, 706–721 (2012).

16. Kim, O. V., Litvinov, R. I., Alber, M. S. & Weisel, J. W. Quantitative structural
mechanobiology of platelet-driven blood clot contraction. Nat. Commun. 8,
1274 (2017).

17. Lam, W. A. et al. Mechanics and contraction dynamics of single platelets and
implications for clot stiffening. Nat. Mater. 10, 61–66 (2011).

18. Kovalenko, T. A. et al. Asymmetrical forces dictate the distribution and
morphology of platelets in blood clots. Cells 10, 584 (2021).

19. Zaninetti, C., Sachs, L. & Palankar, R. Role of platelet cytoskeleton in platelet
biomechanics: current and emerging methodologies and their potential
relevance for the investigation of inherited platelet disorders. Hämostaseologie
40, 337–347 (2020).

20. Sun, Y., Oshinowo, O., Myers, D. R., Lam, W. A. & Alexeev, A. Resolving the
missing link between single platelet force and clot contractile force. iScience
25, 103690 (2022).

21. Tran, R. et al. Biomechanics of haemostasis and thrombosis in health and
disease: from the macro‐ to molecular scale. J. Cell. Mol. Med. 17, 579–596
(2013).

22. Williams, E., Oshinowo, O., Ravindran, A., Lam, W. & Myers, D. Feeling the
force: measurements of platelet contraction and their diagnostic implications.
Semin. Thromb. Hemost. 45, 285–296 (2019).

23. Jansen, E. E. & Hartmann, M. Clot retraction: cellular mechanisms and
inhibitors, measuring methods, and clinical implications. Biomedicines 9, 1064
(2021).

ARTICLE COMMUNICATIONS BIOLOGY | https://doi.org/10.1038/s42003-023-05240-z

14 COMMUNICATIONS BIOLOGY |           (2023) 6:869 | https://doi.org/10.1038/s42003-023-05240-z | www.nature.com/commsbio

https://codeocean.com/capsule/4c7bb411-62de-47de-93b4-2c03441d6338/
https://codeocean.com/capsule/4c7bb411-62de-47de-93b4-2c03441d6338/
https://codeocean.com/capsule/4c7bb411-62de-47de-93b4-2c03441d6338/
https://codeocean.com/capsule/4c7bb411-62de-47de-93b4-2c03441d6338/
www.nature.com/commsbio


24. Ono, A. et al. Identification of a fibrin-independent platelet contractile
mechanism regulating primary hemostasis and thrombus growth. Blood 112,
90–99 (2008).

25. Mirramezani, M. et al. Platelet packing density is an independent regulator of
the hemostatic response to injury. J.Thromb. Haemost. 16, 973–983 (2018).

26. Nechipurenko, D. Y. et al. Clot contraction drives the translocation of
procoagulant platelets to thrombus surface. Arterioscler. Thromb. Vasc. Biol.
39, 37–47 (2019).

27. Brown, A. E., Litvinov, R. I., Discher, D. E., Purohit, P. K. & Weisel, J. W.
Multiscale mechanics of fibrin polymer: gel stretching with protein unfolding
and loss of water. Science 325, 741–744 (2009).

28. Piechocka, I. K., Bacabac, R. G., Potters, M., Mackintosh, F. C. & Koenderink,
G. H. Structural hierarchy governs fibrin gel mechanics. Biophys. J. 98,
2281–2289 (2010).

29. Kim, O. V., Litvinov, R. I., Weisel, J. W. & Alber, M. S. Structural basis for the
nonlinear mechanics of fibrin networks under compression. Biomaterials 35,
6739–6749 (2014).

30. Britton, S. et al. Contribution of nascent cohesive fiber-fiber interactions to the
non-linear elasticity of fibrin networks under tensile load. Acta Biomater. 94,
514–523 (2019).

31. Qiu, Y., Myers, D. R. & Lam, W. A. The biophysics and mechanics of blood
from a materials perspective. Nat. Rev. Mater. 4, 294–311 (2019).

32. Kang, H. et al. Nonlinear elasticity of stiff filament networks: strain stiffening,
negative normal stress, and filament alignment in fibrin gels. J. Phys. Chem. B
113, 3799–3805 (2009).

33. Wen, Q., Basu, A., Winer, J. P., Yodh, A. & Janmey, P. A. Local and global
deformations in a strain-stiffening fibrin gel. N. J. Phys. 9, 428–428 (2007).

34. Hudson, N. E. et al. Stiffening of individual fibrin fibers equitably distributes
strain and strengthens networks. Biophys. J. 98, 1632–1640 (2010).

35. Liu, W. et al. Fibrin fibers have extraordinary extensibility and elasticity.
Science 313, 634–634 (2006).

36. Tutwiler, V., Maksudov, F., Litvinov, R. I., Weisel, J. W. & Barsegov, V.
Strength and deformability of fibrin clots: biomechanics, thermodynamics,
and mechanisms of rupture. Acta Biomater. 131, 355–369 (2021).

37. Tutwiler, V. et al. Rupture of blood clots: mechanics and pathophysiology. Sci.
Adv. 6, eabc0496 (2020).

38. Garyfallogiannis, K. et al. Fracture toughness of fibrin gels as a function of
protein volume fraction: mechanical origins. Acta Biomater. 159, 49–62 (2023).

39. Cines, D. B. et al. Clot contraction: compression of erythrocytes into tightly
packed polyhedra and redistribution of platelets and fibrin. Blood 123,
1596–1603 (2014).

40. Tutwiler, V., Wang, H., Litvinov, R. I., Weisel, J. W. & Shenoy, V. B. Interplay
of platelet contractility and elasticity of fibrin/erythrocytes in blood clot
retraction. Biophys. J. 112, 714–723 (2017).

41. Tutwiler, V. et al. Kinetics and mechanics of clot contraction are governed by the
molecular and cellular composition of the blood. Blood 127, 149–159 (2016).

42. Litvinov, R. I. & Weisel, J. W. Role of red blood cells in haemostasis and
thrombosis. ISBT Sci. Ser. 12, 176–183 (2017).

43. Pothapragada, S. et al. A phenomenological particle-based platelet model for
simulating filopodia formation during early activation. Int. J. Numer. Methods
Biomed. Eng. 31, e02702 (2015).

44. Yano, K. et al. Simulation of platelet adhesion and aggregation regulated by
fibrinogen and von Willebrand factor. Thromb. Haemost. 99, 108–115 (2008).

45. Mody, N. A. & King, M. R. Platelet adhesive dynamics. Part I:
Characterization of platelet hydrodynamic collisions and wall effects. Biophys.
J. 95, 2539–2555 (2008).

46. Mody, N. A. & King, M. R. Platelet adhesive dynamics. Part II: high shear-
induced transient aggregation via GPIbα–vWF–GPIbα bridging. Biophys. J.
95, 2556–2574 (2008).

47. Lobanov, A. I. & Starozhilova, T. K. The effect of convective flows on blood
coagulation processes. Pathophysiol. Haemost. Thromb. 34, 121–134 (2005).

48. Anand, M., Rajagopal, K. & Rajagopal, K. R. A model for the formation and
lysis of blood clots. Pathophysiol. Haemost. Thromb. 34, 109–120 (2005).

49. Pivkin, I., Richardson, P. & Karniadakis, G. Effect of red blood cells on platelet
aggregation. IEEE Eng. Med. Biol. Mag. 28, 32–37 (2009).

50. Malandrino, A., Trepat, X., Kamm, R. D. & Mak, M. Dynamic filopodial forces
induce accumulation, damage, and plastic remodeling of 3D extracellular
matrices. PLoS Comput. Biol. 15, e1006684 (2019).

51. Sun, Y. et al. Platelet heterogeneity enhances blood clot volumetric
contraction: An example of asynchrono-mechanical amplification.
Biomaterials 274, 120828 (2021).

52. Faix, J. & Rottner, K. The making of filopodia. Curr. Opin. Cell Biol. 18, 18–25
(2006).

53. Bender, M. & Palankar, R. Platelet shape changes during thrombus formation:
role of actin-based protrusions. Hämostaseologie 41, 014–021 (2021).

54. Houser, J. R. et al. Evidence that αC region is origin of low modulus, high
extensibility, and strain stiffening in fibrin fibers. Biophys. J. 99, 3038–3047
(2010).

55. Kubo, R. The fluctuation-dissipation theorem. Rep. Prog. Phys. 29, 255–284
(1966).

56. Weisel, J. W., Nagaswami, C. & Makowski, L. Twisting of fibrin fibers limits
their radial growth. Proc. Natl. Acad. Sci. USA 84, 8991–8995 (1987).

57. Zemel, A., Rehfeldt, F., Brown, A. E. X., Discher, D. E. & Safran, S. A. Optimal
matrix rigidity for stress-fibre polarization in stem cells. Nat. Phys. 6, 468–473
(2010).

58. Liang, X. M., Han, S. J., Reems, J.-A., Gao, D. & Sniadecki, N. J. Platelet
retraction force measurements using flexible post force sensors. Lab Chip 10,
991 (2010).

59. Jen, C. J. & McIntire, L. V. The structural properties and contractile force of a
clot. Cell Motil. 2, 445–455 (1982).

60. Carr, M. E. Jr & Zekert, S. L. Measurement of platelet-mediated force
development during plasma clot formation. Am. J. Med. Sci. 302, 13–18
(1991).

61. Zhou, H.-X., Rivas, G. & Minton, A. P. Macromolecular crowding and
confinement: biochemical, biophysical, and potential physiological
consequences. Annu. Rev. Biophys. 37, 375–397 (2008).

62. Dela, A., Shtylla, B. & de Pillis, L. Multi-method global sensitivity analysis of
mathematical models. J. Theor. Biol. 546, 111159 (2022).

63. Marino, S., Hogue, I. B., Ray, C. J. & Kirschner, D. E. A methodology for
performing global uncertainty and sensitivity analysis in systems biology. J.
Theor. Biol. 254, 178–196 (2008).

64. Biino, G. et al. Age- and sex-related variations in platelet count in Italy: a
proposal of reference ranges based on 40987 subjects’ data. PLoS ONE 8,
e54289 (2013).

65. Litvinov, R. & Weisel, J. What is the biological and clinical relevance of fibrin?
Semin. Thromb. Hemost. 42, 333–343 (2016).

66. Litvinov, R. I. & Weisel, J. W. Fibrin mechanical properties and their
structural origins. Matrix Biol. 60-61, 110–123 (2017).

67. Senini, V., Amara, U., Paul, M. & Kim, H. Porphyromonas gingivalis
lipopolysaccharide activates platelet Cdc42 and promotes platelet spreading
and thrombosis. J. Periodontol. 90, 1336–1345 (2019).

68. Andrianova, I. A. et al. In systemic lupus erythematosus anti-dsDNA
antibodies can promote thrombosis through direct platelet activation. J.
Autoimmun. 107, 102355 (2020).

69. Metzcar, J., Wang, Y., Heiland, R. & Macklin, P. A review of cell-based
computational modeling in cancer biology. JCO Clin. Cancer Inf.3, 1–13 (2019).

70. Nematbakhsh, A. et al. Epithelial organ shape is generated by patterned
actomyosin contractility and maintained by the extracellular matrix. PLoS
Comput. Biol. 16, e1008105 (2020).

71. Del Sol, A. & Jung, S. The importance of computational modeling in stem cell
research. Trends Biotechnol. 39, 126–136 (2021).

72. Stepanova, D., Byrne, H. M., Maini, P. K. & Alarcón, T. A multiscale model of
complex endothelial cell dynamics in early angiogenesis. PLoS Comput. Biol.
17, e1008055 (2021).

73. Averett, R. D. et al. A modular fibrinogen model that captures the stress–strain
behavior of fibrin fibers. Biophys. J. 103, 1537–1544 (2012).

74. Lake, S. P., Hadi, M. F., Lai, V. K. & Barocas, V. H. Mechanics of a fiber
network within a non-fibrillar matrix: model and comparison with collagen-
agarose co-gels. Ann. Biomed. Eng. 40, 2111–2121 (2012).

75. Stein, A. M., Vader, D. A., Weitz, D. A. & Sander, L. M. The micromechanics
of three-dimensional collagen-I gels. Complexity 16, 22–28 (2011).

76. Lee, B. et al. A three-dimensional computational model of collagen network
mechanics. PLoS ONE 9, e111896 (2014).

77. Rens, R., Villarroel, C., Düring, G. & Lerner, E. Micromechanical theory of
strain stiffening of biopolymer networks. Phys. Rev. E 98, https://doi.org/10.
1103/physreve.98.062411 (2018).

78. Yesudasan, S. & Averett, R. D. Multiscale network modeling of fibrin fibers
and fibrin clots with protofibril binding mechanics. Polymers 12, 1223 (2020).

79. Lai, V. K., Lake, S. P., Frey, C. R., Tranquillo, R. T. & Barocas, V. H.
Mechanical behavior of collagen-fibrin co-gels reflects transition from series to
parallel interactions with increasing collagen content. J. Biomech. Eng. 134,
011004 (2012).

80. Das, M., Quint, D. A. & Schwarz, J. M. Redundancy and cooperativity in the
mechanics of compositely crosslinked filamentous networks. PLoS ONE 7,
e35939 (2012).

81. Cioroianu, A. R. & Storm, C. Normal stresses in elastic networks. Phys. Rev. E
88, 052601 (2013).

82. Piechocka, I. K. et al. Multi-scale strain-stiffening of semiflexible bundle
networks. Soft Matter 12, 2145–2156 (2016).

83. Kim, O. V. et al. Foam-like compression behavior of fibrin networks. Biomech.
Model. Mechanobiol. 15, 213–228 (2016).

84. Xu, S. et al. Model predictions of deformation, embolization and permeability
of partially obstructive blood clots under variable shear flow. J. R. Soc.
Interface 14, 20170441 (2017).

85. Storm, C., Pastore, J. J., Mackintosh, F. C., Lubensky, T. C. & Janmey, P. A.
Nonlinear elasticity in biological gels. Nature 435, 191–194 (2005).

COMMUNICATIONS BIOLOGY | https://doi.org/10.1038/s42003-023-05240-z ARTICLE

COMMUNICATIONS BIOLOGY |           (2023) 6:869 | https://doi.org/10.1038/s42003-023-05240-z |www.nature.com/commsbio 15

https://doi.org/10.1103/physreve.98.062411
https://doi.org/10.1103/physreve.98.062411
www.nature.com/commsbio
www.nature.com/commsbio


86. Wu, Z., Xu, Z., Kim, O. & Alber, M. Three-dimensional multi-scale model of
deformable platelets adhesion to vessel wall in blood flow. Philos. Trans. R.
Soc. A: Math. Phys. Eng. Sci. 372, 20130380 (2014).

87. Pivkin, I. V. et al. Biomechanics of red blood cells in human spleen and
consequences for physiology and disease. Proc. Natl. Acad. Sci. USA113,
7804–7809 (2016).

88. Du, J. & Fogelson, A. L. A two-phase mixture model of platelet aggregation.
Math. Med. Biol. 35, 225–256 (2018).

89. Zheng, X., Yazdani, A., Li, H., Humphrey, J. D. & Karniadakis, G. E. A three-
dimensional phase-field model for multiscale modeling of thrombus
biomechanics in blood vessels. PLoS Comput. Biol. 16, e1007709 (2020).

90. Du, J., Aspray, E. & Fogelson, A. Computational investigation of platelet
thrombus mechanics and stability in stenotic channels. J. Biomech. 122,
110398 (2021).

91. Pathare, S. J., Eng, W., Lee, S. J. & Ramasubramanian, A. K. Fibrin prestress
due to platelet aggregation and contraction increases clot stiffness. Biophys.
Rep. (N. Y.) 1, 100022 (2021).

92. Fedosov, D. A., Caswell, B. & Karniadakis, G. E. A multiscale red blood cell
model with accurate mechanics, rheology, and dynamics. Biophys. J. 98,
2215–2225 (2010).

93. Pivkin, I. V. & Karniadakis, G. E. Accurate coarse-grained modeling of red
blood cells. Phys. Rev. Lett. 101, 118105 (2008).

94. Li, X., Peng, Z., Lei, H., Dao, M. & Karniadakis, G. E. Probing red blood cell
mechanics, rheology and dynamics with a two-component multi-scale model.
Philos. Trans. R. Soc. A: Math. Phys. Eng. Sci. 372, 20130389 (2014).

95. Blumers, A. L., Tang, Y. H., Li, Z., Li, X. & Karniadakis, G. E. GPU-accelerated
red blood cells simulations with transport dissipative particle dynamics.
Comput. Phys. Commun. 217, 171–179 (2017).

96. Xu, S., Alber, M. & Xu, Z. Three-phase model of visco-elastic incompressible
fluid flow and its computational implementation. Commun. Comput. Phys. 25,
586–624 (2019).

97. Weisel, J. W. & Litvinov, R. I. Mechanisms of fibrin polymerization and
clinical implications. Blood 121, 1712–1719 (2013).

98. Weisel, J. W. & Litvinov, R. I. Visualizing thrombosis to improve thrombus
resolution. Res. Pract. Thromb. Haemost. 5, 38–50 (2021).

99. Khismatullin, R. R. et al. Extent of intravital contraction of arterial and venous
thrombi and pulmonary emboli. Blood Adv. 6, 1708–1718 (2022).

100. Weisel, J. W. & Litvinov, R. I. Red blood cells: the forgotten player in
hemostasis and thrombosis. J. Thromb. Haemost. 17, 271–282 (2019).

101. Tutwiler, V. et al. Pathologically stiff erythrocytes impede contraction of blood
clots. J. Thromb. Haemost. 19, 1990–2001 (2021).

102. Schindelin, J. et al. Fiji: an open-source platform for biological-image analysis.
Nat. Methods 9, 676–682 (2012).

103. Schneider, C. A., Rasband, W. S. & Eliceiri, K. W. NIH Image to ImageJ: 25
years of image analysis. Nat. Methods 9, 671–675 (2012).

104. Virtanen, P. et al. SciPy 1.0: fundamental algorithms for scientific computing
in Python. Nat. Methods 17, 261–272 (2020).

105. Paulus, J. M. Platelet size in man. Blood 46, 321–336 (1975).
106. Limpert, E., Stahel, W. A. & Abbt, M. Log-normal distributions across the

sciences: keys and clues. BioScience 51, https://doi.org/10.1641/0006-
3568(2001)051[0341:Lndats]2.0.Co;2 (2001).

Acknowledgements
This work was partially supported by NIH grant no. UO1 HL116330 (S.X., Z.X., O.V.K.,
R.I.L., J.W.W., M.A.), R01 HL146373, HL148227 (J.W.W., R.I.L.), University of

Pennsylvania Research Foundation Grant (J.W.W.), NSF grants DMS-2029814 (M.A.,
S.B.) and DMS-1517293 and NSF-CDS&E-203451 (Z.X.), American Heart Association
grant 17SDG33680177 and NIH grant R21DE030294 (O.V.K.). M.A. was also partially
supported by NSF grant DMS 2029814. This work was also supported in part by the NSF
awards CNS-1730158, ACI-1540112, ACI-1541349, OAC-1826967, the University of
California Office of the President, and the University of California San Diego’s California
Institute for Telecommunications and Information Technology/Qualcomm Institute. We
also want to acknowledge support from CENIC for access to the 100 Gbps networks.
Computations were performed using the computer clusters and data storage resources of
the UC Riverside HPCC, which were partially funded by NSF grant MRI-2215705.

Author contributions
M.A., F.P., C.M., O.V.K., R.I.L., and J.W.W. conceptualized the work. S.B., Z.X., F.P.,
C.M., O.V.K., and M.A. developed the computational model. Experimental data acqui-
sition was done by O.V.K. and A.D.P. Formal analysis was performed by O.V.K., A.P.,
C.M., F.P., K.V., and R.I.L. Model simulations were run and interpreted by C.M., F.P.,
O.V.K., Z.X., R.I.L., J.W.W. and M.A. Resources were provided by M.A. and J.W.W. All
authors contributed to writing original and revised drafts. Project administration was
overseen by M.A., O.V.K., and J.W.W.

Competing interests
The authors declare no competing interests.

Additional information
Supplementary information The online version contains supplementary material
available at https://doi.org/10.1038/s42003-023-05240-z.

Correspondence and requests for materials should be addressed to John W. Weisel or
Mark Alber.

Peer review information This manuscript has been previously reviewed at another
Nature Portfolio journal. The manuscript was considered suitable for publication without
further review at Communications Biology. Primary Handling Editor: Gene Chong.

Reprints and permission information is available at http://www.nature.com/reprints

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in
published maps and institutional affiliations.

Open Access This article is licensed under a Creative Commons
Attribution 4.0 International License, which permits use, sharing,

adaptation, distribution and reproduction in any medium or format, as long as you give
appropriate credit to the original author(s) and the source, provide a link to the Creative
Commons licence, and indicate if changes were made. The images or other third party
material in this article are included in the article’s Creative Commons licence, unless
indicated otherwise in a credit line to the material. If material is not included in the
article’s Creative Commons licence and your intended use is not permitted by statutory
regulation or exceeds the permitted use, you will need to obtain permission directly from
the copyright holder. To view a copy of this licence, visit http://creativecommons.org/
licenses/by/4.0/.

© The Author(s) 2023

ARTICLE COMMUNICATIONS BIOLOGY | https://doi.org/10.1038/s42003-023-05240-z

16 COMMUNICATIONS BIOLOGY |           (2023) 6:869 | https://doi.org/10.1038/s42003-023-05240-z | www.nature.com/commsbio

https://doi.org/10.1641/0006-3568(2001)051[0341:Lndats]2.0.Co;2
https://doi.org/10.1641/0006-3568(2001)051[0341:Lndats]2.0.Co;2
https://doi.org/10.1038/s42003-023-05240-z
http://www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
www.nature.com/commsbio

	Combined computational modeling and experimental study of the biomechanical mechanisms of platelet-driven contraction of�fibrin�clots
	Results
	Model description
	Fibrin network sub-model
	Platelet and filopodia sub-models
	Filopodia contractile forces
	Platelet surface adhesion and platelet volume mechanics
	Computational model implementation
	Comparison of our model with other models of clot contraction
	Model validation
	Model predictions of the impact of the number of platelet filopodia on the clot contraction kinetics
	Model prediction of platelet clustering during clot contraction

	Discussion
	Methods
	Formation and contraction of platelet-rich plasma clots
	Confocal microscopy and image analysis of contracting clots
	Clot contraction assay
	Generation algorithm of the initial fibrin network and platelet structures: input parameter values used for simulation
	Statistics and reproducibility
	Reporting summary

	Data availability
	References
	Code availability
	References
	References
	Acknowledgements
	Author contributions
	Competing interests
	Additional information




