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Machine Learning for Ecology: Automated Invertebrate Monitoring on Large Rivers

Liam Zarrit2, Nick Macias'?, Eric Orenstein3, Eric Danner?, Eric Palkovacs!

g : , 2: National Marine Fisheries Service, 3: Scripps Institute of Oceanography Results
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Figure 3. Flowchart of machine learning script, developed in python 2.7 with OpenCV 2





