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1.  Introduction
Tropical cyclones (TCs) and their associated heavy precipitation, high winds, and storm surges are both deadly and 
destructive, leading to losses in the United States that can often exceed $1 billion for an individual event (Cerveny 
et al., 2017; NOAA, 2021; Yue et al., 2012). The genesis of these extreme events hinges on the co-occurrence 
of multiple environmental factors, including warm sea surface temperatures (SSTs), a moist mid-troposphere, 
weak vertical wind shear, and an initial precursor or “seed” disturbance (Avila, 1991; Emanuel, 1988; Frank & 
Ritchie, 2001; Gray, 1968; Landsea, 1993). In the Atlantic basin, African easterly waves (AEWs) have been shown 
to serve as the seeds that can precede TC genesis (Avila & Pasch, 1992; Landsea, 1993). AEWs are synoptic-scale 
disturbances that propagate along the African easterly jet (AEJ) in two tracks north and south of ∼15°N and grow 
off of the baroclinic-barotropic instability of the AEJ (Burpee, 1972; Pytharoulis & Thorncroft, 1999). Recently, 
the relationship between AEWs and TCs has been called into question, with regional climate model data indicat-
ing that suppressed AEW activity did not affect basin-wide Atlantic TC frequency (Danso et al., 2022; Patricola 
et al., 2018). The AEW-TC relationship is further complicated by the potential effects of anthropogenic climate 
change, where studies have shown that climate change may double the economic damages of TCs by the year 2100 
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through increased TC intensity, precipitation, and storm surge (Knutson et al., 2020; Mendelsohn et al., 2012; 
Patricola & Wehner, 2018). It is therefore crucial to develop a better understanding of the AEW-TC relationship 
given the potentially devastating impacts of future climate change.

The relationship between AEWs and TCs has been examined in both observational and modeling studies (Avila 
& Pasch, 1992; Caron & Jones, 2012; Frank, 1970; Hopsch et al., 2009; Landsea, 1993; Patricola et al., 2018; 
Russell et al., 2017; Thorncroft & Hodges, 2001). Some studies have found a strong relationship between TC 
genesis and AEW activity. For example, observational and reanalysis data have been used to show that approx-
imately 60% of TCs and 85% of major hurricanes develop from AEWs (Frank, 1970; Landsea, 1993; Russell 
et al., 2017). Thorncroft and Hodges (2001) and Hopsch et al. (2007) used reanalysis data and an AEW tracking 
algorithm to examine the AEW-TC relationship. Thorncroft and Hodges (2001) found that tracked AEWs were 
positively correlated with Atlantic TC activity between 1985 and 1998 and that TC activity was mostly associated 
with the southern AEW track. Hopsch et al. (2007) found a significant positive correlation between the 2–6 day 
filtered meridional wind and Atlantic TC activity, although tracked AEWs and TC activity were not correlated 
between 1952 and 2002. As an alternative to tracking algorithms, Russell et al. (2017) used eddy kinetic energy 
(EKE) to estimate AEW activity. They found a correlation between seasonal mean EKE in the lower troposphere 
equatorward of the southern AEW track and TC genesis, suggesting that the low-level circulation associated with 
AEWs exerts more control over TC genesis than mid-tropospheric AEW activity (Russell et al., 2017).

Other studies have found that large-scale environmental conditions are a stronger control than TC seeds on TC 
genesis (Caron & Jones, 2012; Danso et al., 2022; Emanuel, 2022; Hoogewind et al., 2020; Patricola et al., 2018). 
Caron and Jones (2012) used a regional climate model to examine the effects of lateral boundary conditions and 
domain size on AEWs and TCs. Across all simulations, they concluded that the large-scale atmospheric environ-
ment was the primary control of simulated TC activity. AEW activity was not sufficient to predict Atlantic TC 
numbers (Caron & Jones, 2012). Similarly, Emanuel (2022) found that climatological TC frequency is controlled 
primarily by environmental conditions and Hoogewind et al. (2020) found that the spatiotemporal distribution 
of favorable environmental conditions strongly modulates the seasonal cycle of TCs. Patricola et al. (2018) and 
Danso et al. (2022) used a regional climate model to examine the AEW-TC relationship by comparing ensembles 
of simulations where AEWs were either prescribed or removed through the lateral boundary conditions. Both 
studies found that suppressed AEW activity did not affect basin-wide Atlantic TC frequency (Danso et al., 2022; 
Patricola et al., 2018).

The lack of agreement among research on the AEW-TC relationship may in part stem from the disproportion-
ate number of AEWs and TCs in the Atlantic basin each hurricane season. Studies have shown that only about 
15%–20% of AEWs develop into TCs (Dunkerton et al., 2009; Frank, 1970), and, as stated above, not every 
TC develops from an AEW. Previous research has aimed to better understand why some AEWs do or do not 
develop into TCs (Agudelo et al., 2011; Hopsch et al., 2009; Satoh et al., 2013), referred to as “developing” and 
“non-developing” AEWs, respectively. Hopsch et  al.  (2009) used reanalysis data to examine the characteris-
tics, lifecycles, and environments of developing and non-developing AEWs. They found that developing AEWs 
have larger amplitudes and that convection is maintained in the trough of developing waves as they move from 
Africa out into the Atlantic Ocean. Additionally, SSTs were warmer for the developing AEWs, suggesting that 
environmental conditions cannot be ruled out for TC genesis (Hopsch et al., 2009). Agudelo et al. (2011) devel-
oped a Bayesian diagnostic method to better understand the genesis of North Atlantic TCs spawned by AEWs. 
Similar to Hopsch et al. (2009), Agudelo et al. (2011) found that large amplitude AEWs as well as convectively 
coupled waves were more likely to spawn TCs. TC genesis also increased when the AEWs entered an envi-
ronment of pre-existing moist convection (Agudelo et al., 2011). Satoh et al. (2013) used a decade of reanaly-
sis data to examine the differences between developing and non-developing AEWs. They found that mid-level 
humidity associated with AEWs was related to TC genesis location and that developing AEWs had a more 
northern-oriented wave train than non-developing waves (Satoh et al., 2013). In all three of the aforementioned 
studies, dry mid-to-upper-level air ahead of an AEW is noted as a major limitation for wave development.

A complicating factor in understanding the AEW-TC relationship is the potential effect of climate change. Stud-
ies have examined how climate change will affect both AEWs (Bercos-Hickey & Patricola, 2021; Brannan & 
Martin, 2019; Hannah & Aiyyer, 2017; Kebe et al., 2020; Martin & Thorncroft, 2015; Skinner & Diffenbaugh, 2014) 
and TCs (Grossmann & Morgan, 2011; Knutson et al., 2010, 2020; Patricola & Wehner, 2018; Sobel et al., 2016; 
Walsh et al., 2016; Wehner et al., 2018). Of the studies that have examined AEWs, results are conflicting. Skinner 

 21698996, 2023, 7, D
ow

nloaded from
 https://agupubs.onlinelibrary.w

iley.com
/doi/10.1029/2022JD

037471, W
iley O

nline L
ibrary on [30/11/2023]. See the T

erm
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline L

ibrary for rules of use; O
A

 articles are governed by the applicable C
reative C

om
m

ons L
icense



Journal of Geophysical Research: Atmospheres

BERCOS-HICKEY ET AL.

10.1029/2022JD037471

3 of 19

and Diffenbaugh  (2014), Martin and Thorncroft  (2015), and Brannan and Martin  (2019) used global climate 
model (GCM) data to show a future increase in AEW activity in the northern track, while changes in the south-
ern track remained inconclusive, largely owing to poor model resolution of the Guinea Highlands. Hannah and 
Aiyyer (2017) used a superparameterized GCM to examine the response of AEWs to quadrupled CO2 concen-
trations. They found increased AEW activity in the northern track due to enhanced baroclinicity, and decreased 
activity in the southern track, which was attributed to weak temperature gradient balance. Kebe et al. (2020) used 
a regional climate model to examine the response of the AEJ and AEWs to climate change. In contrast to the 
previous studies, Kebe et al. (2020) found a future decrease in AEW activity and an overall decrease in favora-
ble conditions for AEW growth due to a reduction in barotropic and baroclinic instability. Bercos-Hickey and 
Patricola (2021), however, also used a regional climate model to examine the effects of climate change on the AEJ 
and AEWs and they found a future increase in both the number and strength of AEWs. The disagreement between 
the above studies could be due, in part, to the differences in tracking methods, models, and model resolution. 
The conflicting results, however, highlight the uncertainty in how AEWs will respond to future climate change.

The response of TCs to climate change also remains uncertain, with no theory to explain global TC number 
(Sobel et al., 2021). In their summary paper, Knutson et al. (2020) reported that there is less agreement and lower 
confidence on the effects of climate change on TC frequency. Some studies have found a future decrease in TC 
frequency (Gualdi et al., 2008; Knutson et al., 2008, 2010; Tory et al., 2013; Wehner et al., 2015, 2018), while other 
studies have found a future increase (Bhatia et al., 2018; Emanuel, 2013). The proportion of category 4–5 TCs, 
however, is projected to increase with future climate change (Bender et al., 2010; Holland & Bruyère, 2014; 
Knutson et al., 2020). There is greater consensus and higher confidence on the effects of climate change on TC 
intensity, precipitation rates, and storm surge. Future climate change is projected to increase TC intensity, with 
a median increase in lifetime maximum surface wind speeds of 5% for a 2°C global warming (Emanuel, 1987; 
Hill & Lackmann, 2011; Knutson et al., 2020; Knutson & Tuleya, 2004; Patricola & Wehner, 2018). TC-related 
precipitation is also projected to increase, with increases in near-storm precipitation rates at least as large as the 
Clausius–Clapeyron limit of 7% increase given anthropogenic warming of 1°C (Knutson et al., 2020; Patricola 
& Wehner, 2018; Risser & Wehner, 2017; Scoccimarro et al., 2014; Villarini et al., 2014; Wright et al., 2015). 
Additionally, studies have shown that future sea level rise will, for the most part, lead to an increase in TC storm 
surge (Garner et al., 2017; Knutson et al., 2020; Little et al., 2015).

To better understand the future of TC genesis, recent studies have examined the response of TC seeds to climate 
change, where TC seeds are defined as pre-TC synoptic scale disturbances (Hsieh et  al.,  2020,  2022; Sugi 
et  al., 2020; Vecchi et  al., 2019; Yamada et  al., 2021). In these studies, the effects of climate change on TC 
seeds, which are not limited to AEWs, and the seed-TC relationship are unclear. Vecchi et al. (2019) used GCMs 
of varying horizontal resolutions to examine the response of TCs and TC seeds to CO2 doubling and surface 
warming. They found that seed disturbances were the main driver of TC frequency; changes in TC frequency 
were controlled by changes in the frequency of TC seeds and the probability that each seed developed. However, 
the response of TC seeds to climate change was inconsistent, with seeds increasing due to surface warming but 
decreasing due to higher CO2 (Vecchi et al., 2019). Hsieh et al. (2020) and Hsieh et al. (2022) also used model 
data to examine the response of TCs to increased CO2 and surface warming. Hsieh et al. (2020) found that with 
uniform surface warming and CO2 doubling, the response of TCs can be attributed to the response of TC seeds. 
In patterned warming experiments, the TC response did not always follow the seed response, which was likely 
due to changes in the ventilation index that affected seed development (Hsieh et al., 2020). Building on previous 
TC seed research (Hsieh et al., 2020; Yang et al., 2021), Hsieh et al. (2022) examined GCM experiments and 
found that seed frequency strongly influences TC frequency across climate perturbations. Similar to Vecchi 
et al. (2019), Hsieh et al. (2020) and Hsieh et al. (2022), Sugi et al. (2020) used high resolution GCM data to 
examine future changes in TC and TC seed frequency. They found a future decrease in the number of TC seeds 
and weak (category 2 or less) TCs, but they also found a future increase in the most intense (category 5) TCs. 
Yamada et al. (2021), however, used a multi-model ensemble mean from high resolution GCM data and found 
a significant future decrease in TC genesis frequency, which they attributed to changes in TC seeds. The lack of 
consensus on the future of TC seeds and their relationship with TC genesis in the aforementioned studies further 
demonstrates the diversity of TC and AEW projections across different models and future climate scenarios.

There has been an extensive amount of research on AEWs and TCs regarding their relationship and how they 
will respond to climate change. However, critical knowledge gaps and uncertainty remain. Studies have found 
conflicting results on the response of both AEWs (Bercos-Hickey & Patricola, 2021; Brannan & Martin, 2019; 
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Kebe et al., 2020) and TCs to climate change (Bhatia et al., 2018; Tory et al., 2013; Wehner et al., 2015, 2018). 
The relationship between AEWs and TCs is also not completely clear, with some studies finding a connection 
between the two (Hopsch et al., 2009; Landsea, 1993; Russell et al., 2017), but more recent work calling this 
relationship into question (Danso et al., 2022; Patricola et al., 2018). In this study, our objective is to better under-
stand the AEW-TC relationship and how it may be affected by future climate change. What are the characteristics 
and environments of developing AEWs and TCs that develop from AEWs? Do future changes in AEWs trans-
late to future changes in TCs? To address these questions, we use high resolution GCM data to examine AEWs 
and TCs in historical and future climate scenarios. The models and methods used in this study are presented in 
Section 2, while the results are presented in Sections 3–5. The conclusions are presented in Section 6.

2.  Models and Methods
The climate model simulations used in this study are from the High-Resolution Model Intercomparison Project 
(HighResMIP) (Haarsma et al., 2016), which is endorsed by the Coupled Model Intercomparison Projected Phase 
6 (CMIP6). Three HighResMIP PRIMAVERA models were used in the analysis, as shown in Table 1. The three 
models, EC-Earth3P (Haarsma et al., 2020), CMCC-CM2 (Cherchi et al., 2019), and HadGEM3-GC3.1 (Roberts 
et al., 2019), were chosen because of data availability in the archive. The multi-model ensemble used in this study 
was produced by the European Union Horizon 2020 project PRIMAVERA, which ran simulations following the 
HighResMIP protocol at high horizontal resolution (25–50 km) as well as at the standard CMIP6 horizontal reso-
lution (100 km) (Roberts et al., 2020a). Simulations were run for the three models from 1950 to 2050, where the 
years 1950–2014 are the historical period and the years 2015–2050 are the future period. Model frequency was 
6-hourly for EC-Earth3P and CMCC-CM2 and 3-hourly for HadGEM3-GC3.1. For the purpose of our analysis, 
and for the remainder of the paper (unless otherwise stated), we define the historical period as 1950–1980 and the 
future period as 2020–2050, as in Roberts et al. (2020b).

Both atmosphere-only (uncoupled) and atmosphere-ocean coupled simulations were produced by the EC-Earth3P, 
CMCC-CM2, and HadGEM3-GC3.1 models. In the historical (1950–2014) atmosphere-only simulations, SSTs 
and sea ice were prescribed from the daily 0.25° × 0.25° resolution Hadley Centre Global Sea Ice and SST 
data set (Kennedy et al., 2017). In the future (2015–2050) atmosphere-only simulations, SST and sea ice forc-
ings were constructed by imposing future warming estimates from the CMIP5 Representative Concentration 
Pathway 8.5 (Meinshausen et  al., 2011) simulations on historical SST and sea ice (Haarsma et  al., 2016). In 
the atmosphere-ocean coupled simulations, model spin-up was produced using a 50-year integration starting at 
1950 and using 1950 forcings. The model integration was then continued for the period 1950–2050 with a fully 
coupled  atmosphere and ocean (Haarsma et al., 2016).

We tracked simulated AEWs in the EC-Earth3P, CMCC-CM2, and HadGEM3-GC3.1 models as in Bercos-Hickey 
and Patricola  (2021), who used a modified version of the objective tracking algorithm from Brammer and 
Thorncroft  (2015). Although tracking algorithms are inherently sensitive to parameter tuning, this algorithm 
has been used with both reanalysis and model data and produces AEW counts that are in good agreement with 
the observational record (Bercos-Hickey & Patricola, 2021; Brammer & Thorncroft, 2015, 2017; Brannan & 
Martin, 2019), lending confidence to its use in this study. The tracking algorithm utilizes curvature vorticity 
(CV) maxima at 700 hPa, which have been shown to distinguish the trough of a wave from the background shear 
vorticity and removes any bias associated with the strength of the AEJ (Bain et al., 2014; Berry et al., 2007). 

Table 1 
Three GCMs From the HighResMIP PRIMAVERA Simulations and Their Characteristics

Model EC-Earth3P CMCC-CM2 HadGEM3-GC3.1

High resolution name HR VHR4 HM

Atmospheric mesh spacing (km) at 0°N 39 28 39

Atmospheric mesh spacing (km) at 50°N 36 18 25

Atmospheric nominal resolution (km) in CMIP6 50 25 50

Atmospheric model levels 91 26 85

Ocean resolution (degrees) 0.25 0.25 0.08
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The locations of unique CV maxima are determined at each time step and relative vorticity maxima are used 
to fine tune these locations. The maxima are then advected using the stream function to find the next point 
in time, and the locations of the advected maxima are corrected through a comparison with the unique CV 
maxima at the next  time step. As in Brammer and Thorncroft (2015), a magnitude-weighted centroid is calcu-
lated to select the CV centroid if multiple weak CV maxima are present. Consistent with Bercos-Hickey and 
Patricola (2021),  the  algorithm considers CV maxima to have magnitudes greater than or equal to 0.2 × 10 −5 s −1. 
To ensure that only well-developed waves are retained by the algorithm and to be consistent with previous 
research, tracked AEWs are only kept if they last for more than 2 days, travel more than 15° of longitude, and 
exist east of 5°W and west of 20°W (Bercos-Hickey & Patricola, 2021; Brammer & Thorncroft, 2015; Brannan 
& Martin, 2019).

Simulated TCs were objectively tracked in the EC-Earth3P, CMCC-CM2, and HadGEM3-GC3.1 models. 
Objectively tracked TCs are sensitive to the choice of tracking algorithm, as well as the metrics used within the 
trackers (Bourdin et al., 2022; Zarzycki & Ullrich, 2017). Intensity thresholds in particular have been shown 
to drive differences in TC frequencies between trackers (Horn et al., 2014). Here we use the feature-tracking 
algorithm TRACK (Hodges et al., 2017) to remain consistent with previous HighResMIP TC research (Roberts 
et al., 2020a, 2020b). The TRACK algorithm uses 6-hourly relative vorticity at the levels 850, 700, and 600 hPa, 
vertically averaged, as its primary feature-tracking variable, but also uses warm-core and TC lifetime as criteria. 
The TRACK algorithm operates by transforming each model output to a common T63 spectral grid where spec-
tral filtering is used to remove noise from the smallest spatial scales in the vorticity. The algorithm then identifies 
vorticity maxima, defined by exceedances of 5 × 10 −6 s −1, at each time step and links the maxima together using a 
nearest neighbor approach (Hodges et al., 2017). Further refinement involves retaining only tracks that last at least 
2 days and isolating tracks that are warm-core TCs. The characteristics of the HighResMIP TC tracks from the 
TRACK algorithm have been summarized in previous research (Roberts et al., 2020a, 2020b). For the purposes of 
this research, we are only interested in North Atlantic TCs. Therefore only TCs in the North Atlantic are retained, 
which is defined as in Roberts et al. (2020a, 2020b), but with the eastern edge extended from 20°W to 15°W.

To determine if an AEW develops into a TC, we ran a program that connected AEW and TC tracks in time and 
space. To connect AEWs and TCs, we found points along the AEW and TC tracks that were within 1 day and 
1,000 km of each other. This buffer in time and space was chosen to account for the fact that the AEW and TC 
tracks are recorded as a connection of single latitude and longitude points in time, whereas in reality these distur-
bances are much larger than single points. Throughout the remainder of the paper, we consider AEW tracks that 
connect with TC tracks as developing waves, and AEWs that do not have a connecting TC as non-developing 
waves. Similarly, the corresponding TCs are considered as either developing from an AEW or not developing 
from an AEW.

AEW strength was assessed in the EC-Earth3P, CMCC-CM2, and HadGEM3-GC3.1 models using the EKE. 
To isolate the AEWs in the EKE calculations, the perturbations in the zonal and meridional wind were tempo-
rally filtered for 2–6 days using a bandpass filter, consistent with previous research (Bercos-Hickey et al., 2022; 
Hopsch et al., 2009). TC strength was assessed using the potential intensity (PI) (Emanuel, 1986, 1988), as PI 
provides an upper bound on the maximum intensity of TCs. To calculate PI, we utilized the Toolkit for Extreme 
Climate Analysis (Loring et al., 2016), which allowed for the computationally intensive calculations using paral-
lel processing across the time dimension at each grid point within the model domains. The surface temperature, 
which is needed for the PI calculations, was missing from the HadGEM3-GC3.1 model. To circumvent this issue, 
we derived the surface temperature from the longwave surface radiation using the Stefan-Boltzmann law. In the 
following sections, the EKE for developing (non-developing) waves is calculated using the time-averaged EKE 
that only includes all times of developing (non-developing) waves between May-November at each grid point. 
Similarly, the PI for TCs that develop (do not develop) from AEWs is calculated using the time-averaged PI that 
only includes all times of TCs that develop (do not develop) from AEWs between May-November at each grid 
point. We found that the developing and non-developing datasets were sufficiently independent that this averag-
ing method provided meaningful results.

3.  African Easterly Wave and Tropical Cyclone Tracks
We begin our analysis by examining the AEWs and North Atlantic TCs in the EC-Earth3P, CMCC-CM2, and 
HadGEM3-GC3.1 models. Table  2 shows the average number of AEW and TC tracks from May-November 
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between 1950–1980 and 2020–2050 for the coupled and uncoupled simulations of the three models. To demon-
strate the interannual spread of the track counts in the historical and future time periods, Figure 1 shows boxplots 
of the average May-November AEW and North Atlantic TC track counts between 1950–1980 and 2020–2050 
for all simulations of the three models. Previous studies have found that the observed number of AEWs per 
season can range from in the twenties to the fifties (Bain et al., 2014; Bercos-Hickey & Patricola, 2021; Brannan 
& Martin, 2019; Fink & Reiner, 2003; Hopsch et al., 2009; Thorncroft & Hodges, 2001). Table 2 and Figure 1 
indicate that the number of AEWs in the three HighResMIP models is mostly in good agreement with observed 
counts from previous research, although some simulations, such as the coupled CMCC-CM2, have counts in the 
sixties. This is not necessarily surprising given that in this study the season is from May–November, as in Roberts 
et al. (2020b), whereas previous AEW studies have typically used the season May–October (Bercos-Hickey & 
Patricola, 2021). In contrast, Table 2 and Figure 1 indicate that the number of simulated TCs is low, more so in 
the coupled simulations and in the EC-Earth3P and CMCC-CM2 models, when compared to the long-term mean 
of 9.2 North Atlantic TCs per season from the 1900–2006 record (Landsea, 2007). This lower frequency of North 
Atlantic TCs was also noted by Roberts et al. (2020a), and is likely due to ongoing challenges in simulating North 
Atlantic TCs, possibly due to low rates of intensification as well as sensitivity to model physics and SST biases 
in the coupled simulations (Camargo, 2013; Chauvin et al., 2020; Manganello et al., 2012; Roberts et al., 2020b). 

Figure 1.  Boxplots of African easterly wave (purples and reds) and tropical cyclone (greens and blues) track counts from the historical and future coupled and 
uncoupled simulations of the (a) EC-Earth3P-HR, (b) CMCC-CM2-VHR4, and (c) HadGEM3-GC3.1-HM models. Track counts are from May-November 1950–1980 
(historical) and 2020–2050 (future). Each box shows the interquartile range (IQR) from the first quartile (Q1) to the third quartile (Q3), where the horizontal line 
represents the median. The whiskers of the box extend from Q1+1.5*IQR to Q3-1.5*IQR.

Table 2 
Average Number of May-November African Easterly Waves and Tropical Cyclones From 1950–1980 (Historical) and 
2020–2050 (Future) and the Percent Change Between the Historical and Future Climates of the Coupled and Uncoupled 
Simulations of the Three HighResMIP Models

EC-Earth3p-HR CMCC-CM2-VHR4 HadGEM3-GC31-HM

AEWs TCs AEWs TCs AEWs TCs

Historical coupled 43 5 68 2 54 16

Future coupled 48 4 66 3 51 14

Percent change 12 −20 −3 50 −6 −13

p-value 0.001 0.01 0.3 0.2 0.1 0.07

Historical uncoupled 39 5 61 11 57 19

Future uncoupled 40 5 55 9 62 19

Percent change 3 0 −10 −18 9 0

p-value 0.6 0.5 0.004 0.02 0.02 0.9

Note. P-values correspond to t-tests for differences between the means of the historical and future simulations.
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Additionally, Roberts et  al.  (2020a) found that the models struggled to achieve storm intensities greater than 
category 2–3, which is not surprising given that high wind speeds are beyond the expected capabilities of models 
at 25–50 km horizontal resolution (Davis, 2018).

Figure 1 and Table 2 show a large disagreement among the three models on the sign of the change in the number 
of AEWs and TCs from present to future, with the future change in AEWs and TCs having opposite signs in 
some simulations. For example, the coupled EC-Earth3P model indicates a future increase in AEWs and a future 
decrease in TCs. In contrast, the coupled CMCC-CM2 model indicates a future decrease in AEWs and a future 
increase in TCs, while the coupled HadGEM3-GC3.1 model indicates a future decrease in both AEWs and 
TCs. The AEW and TC track counts also show disagreement in the coupled versus uncoupled simulations. For 
example, the uncoupled HadGEM3-GC3.1 model indicates a future increase in AEWs and no change in TCs, 
which contradicts the results from the coupled simulations. The disagreement on future changes in TC frequency 
between the coupled and uncoupled simulations likely stems from differences in the SST patterns rather than 
the ocean wake effect (Yoshida et al., 2017). Significance testing further underscores the uncertainty in future 
changes in AEW and TC track counts. There is a significant difference (p < 0.05) between the historical and 
future AEW and TC track counts in some, but not all of the simulations shown in Table 2, which adds to the 
uncertainty in how climate change will affect the frequency of AEWs and TCs. There is also a much larger spread 
in AEW track counts when compared with TC counts (Figure 1), which suggests that interannual variability may 
have a larger effect on interpreting future changes of AEW frequency. The contradictory nature of these results 
is not necessarily surprising, as previous research has shown that there is large disagreement about the future of 
AEWs and TCs (Bercos-Hickey & Patricola, 2021; Bhatia et al., 2018; Emanuel, 2013; Gualdi et al., 2008; Kebe 
et al., 2020; Knutson et al., 2008, 2010; Tory et al., 2013; Wehner et al., 2015, 2018).

To examine the relationship between the AEWs and TCs in the EC-Earth3P, CMCC-CM2, and HadGEM3-GC3.1 
models, we ran a program that found wave and TC tracks that were well-matched in both time and space (see 
Section 2). The results are presented in Table 3, which shows the average percent of AEWs that develop into TCs 
and the average percent of TCs that develop from AEWs for each model and experiment type. From Table 3, 
less than 10% of AEWs develop into TCs across all simulations, with the largest number of developing waves 
in the HadGEM3-GC3.1 model. Previous research has suggested that 15%–20% of AEWs develop into TCs 
(Dunkerton et al., 2009; Frank, 1970), which is notably higher than in this study. As discussed above, a low 
frequency of North Atlantic TCs was simulated by the models (Roberts et al., 2020a), leading to a low number of 
TC tracks. The low number of TC tracks limits the number of potential AEW-TC matches, and therefore results 
in a low percent of developing AEWs. Table 3 shows that about 20%–30% of TCs develop from AEWs across 
all simulations. Previous research has shown that approximately 60% of TCs develop from AEWs (Frank, 1970; 
Landsea, 1993), however this number is from observational data. The data used in this study are at a coarser 
resolution than observational data. Research has shown that intense TCs are more likely to have developed from 
AEWs (Avila & Pasch, 1992; Landsea, 1993), but the models used in this study are not high enough resolution 
to capture the most intense TCs (Roberts et al., 2020a). We would therefore expect a lower percent of TCs that 
develop from AEWs due to the reduction or lack of intense TCs in the model simulations. The low frequency of 

Table 3 
Percent of African Easterly Waves (AEWs) That Develop Into Tropical Cyclones (TCs) and the Percent of TCs That 
Develop From AEWs Averaged From 1950–1980 (Historical) or 2020–2050 (Future) for the Coupled and Uncoupled 
Simulations of the Three HighResMIP Models

EC-Earth3p-HR CMCC-CM2-VHR4 HadGEM3-GC31-HM

AEW % TC % AEWs % TCs % AEWs % TCs %

Historical coupled 3 27 1 30 8 28

Future coupled 2 29 1 23 6 20

p-value 0.2 0.6 0.9 0.2 0.002 0.03

Historical uncoupled 2 17 6 30 8 25

Future uncoupled 3 20 3 19 9 30

p-value 0.4 0.3 0.002 0.01 0.7 0.1

Note. P-values correspond to t-tests for differences between the means of the historical and future simulations.
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North Atlantic TCs in the EC-Earth3P and CMCC-CM2 models also reduces the number of potential AEW-TC 
matches.

The results presented in Table 3 also demonstrate a large amount of variability across the three models, similar 
to Table 2. For example, the coupled CMCC-CM2 and HadGEM3-GC3.1 models both show a future decrease 
in the percent of TCs that develop from AEWs, whereas the EC-Earth3P model shows a future increase. There 
is also disagreement across the models on the effects of coupling, with coupling resulting in both increases and 
decreases in the percent of developing AEWs and developed TCs when compared to the uncoupled simulations. 
Significance testing further underscores the uncertainty in future changes to developing AEWs and developed 
TCs. There is a significant difference (p < 0.05) between the historical and future development percents in some, 
but not all of the simulations shown in Table 3, indicating that future changes in the percent of developing AEWs 
and developed TCs are unclear. A comparison of Tables 2 and 3 reveals that the sign of the change in the total 
number of AEWs and TCs from the historical to the future climate in the coupled and uncoupled simulations 
does not necessarily align with the change in the percent of developing waves or developed storms. For example, 
Table 2 indicates a future increase in AEWs for the coupled EC-Earth3P model. However, Table 3 indicates a 
future decrease in the percent of developing AEWs from the same model simulation. These results indicate that 
future changes in the frequency of AEWs and TCs do not necessarily dictate future changes in AEWs that develop 
into TCs. Additionally, there is a large amount of disagreement among the models on how future climate change 
will affect the percent of developing AEWs and TCs that develop from AEWs. This suggests a high amount of 
uncertainty in how future changes in the frequency of AEWs may affect future changes in TCs.

4.  African Easterly Waves
In this section, we examine the May-November characteristics of the AEWs in the three HighResMIP models. We 
then specifically look at the differences between the developing and non-developing AEWs.

4.1.  AEW Characteristics

Figure 2 shows the latitudinal locations of the AEWs in the EC-Earth3P, CMCC-CM2, and HadGEM3-GC3.1 
models for the historical and future scenarios in the coupled and uncoupled simulations. The latitudinal locations 
shown in Figure 2 are determined by calculating the track count per 1° of longitude. Figure 2 indicates that 
the region between 5° and 15°N has the highest concentration of AEWs in the present and future climates and 
both model coupling configurations of all three models. This latitudinal band corresponds to the location of the 
southern AEW track and the high concentration of AEW tracks found there is consistent with previous research 
(Brammer & Thorncroft, 2015). Figure 2 also shows that there is little change in the latitudinal location of the 
AEWs between the different models and scenarios. There is, however, a clear difference in the total number of 
AEW tracks between the three models. The EC-Earth3P (Figure 2a) and CMCC-CM2 (Figure 2b) models have a 
similar number of AEW tracks across all scenarios, whereas the HadGEM3-GC3.1 model (Figure 2c) has fewer 
AEW tracks in all scenarios compared with the other two models and the tracks counts across all scenarios are 

Figure 2.  African easterly wave track count per 1 degree of longitude in the (a) EC-Earth3P-HR, (b) CMCC-CM2-VHR4, and (c) HadGEM3-GC3.1-HM models. 
Track counts are from the entire May-November 1950–1980 (historical) or 2020–2050 (future) time periods. The track counts were normalized by the number of years 
in each simulation.
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closer than in the other two models. Additionally, there are some notable differences between the coupled and 
uncoupled simulations. The EC-Earth3P and CMCC-CM2 models have more AEWs in the coupled simulations, 
while the differences between the AEW track counts in the coupled and uncoupled simulations are less clear in 
the HadGEM3-GC3.1 model. The results from Figure 2 highlight the dominance of the southern AEW track in 
all three models, but also reveal that the HadGEM3-GC3.1 model has some noteworthy differences compared to 
the other two models.

EKE is used to examine the strength of the AEWs in the EC-Earth3P, CMCC-CM2, and HadGEM3-GC3.1 
models. As in previous research, we calculate the EKE in the latitude-pressure plane using 𝐴𝐴

𝑢𝑢
′2+𝑣𝑣′2

2
 (Bercos-Hickey 

et al., 2017, 2022; Hsieh & Cook, 2007), where 𝐴𝐴 𝐴𝐴
′ and 𝐴𝐴 𝐴𝐴

′ are the filtered zonal and meridional winds, respec-
tively, as described in Section 2. Latitude-pressure cross-sections of EKE not only provide an indicator of AEW 
strength, but also allow for visualization of the north and south AEW tracks. To better understand how climate 
change may affect the strength of the AEWs in the three models, we compare the EKE in the historical and 
future simulations. Figure 3 shows the EKE, zonally-averaged between 20°W–20°E and time-averaged for times 
only when waves occurred between May-November, for the coupled future minus historical simulations from 
the (a) EC-Earth3P, (b) CMCC-CM2, and (c) HadGEM3-GC3.1 models. The black contour lines in Figure 3 
show the EKE in the historical simulations. Figure 3 shows positive anomalies in the regions of the AEW tracks 
for all three models, indicating larger EKE in the future simulations when compared with the historical. The 
EC-Earth3P (Figure 3a) and CMCC-CM2 (Figure 3b) models most clearly show a future increase in EKE in 
both the north and south AEW tracks, whereas the HadGEM3-GC3.1 model (Figure 3c) only shows a prominent 
future increase in EKE in the region of the south AEW track. A comparison of the difference (shading) and the 
historical (solid black lines) in Figure 3 indicates that the EKE field experiences latitudinal shifts in the future 
climate. In the EC-Earth3P (Figure 3a) and CMCC-CM2 (Figure 3b) models, the positive anomalies are shifted 
north compared to the historical field, in agreement with Bercos-Hickey and Patricola (2021), while there is a 
slight southern shift in the HadGEM3-GC3.1 model (Figure 3c). For the uncoupled simulations (not shown), 
there is also a clear future increase in EKE in the north and south AEW tracks for all three models. The results 
shown in Figure 3 suggest a future strengthening of the AEWs in all three models, which is in agreement with 
previous research (Bercos-Hickey & Patricola, 2021).

In addition to examining the effects of climate change on the EKE, we also consider the differences between 
the EKE in the coupled and uncoupled simulations. Figure 4 shows the EKE, zonally-averaged between 20°W–
20°E and time-averaged for times only when waves occurred between May-November, for the coupled minus 
uncoupled historical simulations from the (a) EC-Earth3P, (b) CMCC-CM2, and (c) HadGEM3-GC3.1 models. 
From Figure 4, all three models indicate less EKE in the general region of the north AEW track in the coupled 

Figure 3.  Eddy kinetic energy (EKE) (m 2 s −2) zonally averaged between 20°W and 20°E from the time-averaged coupled May-November 2020–2050 (future) minus 
the 1950–1980 (historical) for the (a) EC-Earth3P-HR, (b) CMCC-CM2-VHR4, and (c) HadGEM3-GC3.1-HM models. Black contour lines show the historical EKE. 
Time averages only include times where waves occur. Stippling refers to a significant difference in EKE between the future and historical coupled simulations using a 
grid-cell specific two sample t-test with the p-values adjusted by controlling the false discovery rate at 0.05.
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simulations when compared with the uncoupled simulations. In the region of the south AEW track, only the 
CMCC-CM2 (Figure 4b) and HadGEM3-GC3.1 (Figure 4c) models indicate less EKE in the coupled simulations, 
whereas there is an increase in EKE in the coupled compared to the uncoupled simulations in the EC-Earth3P 
model (Figure 4a). The difference between the future coupled and uncoupled simulations (not shown) is similar 
to the historical climate, with all three models indicating less EKE in the general region of the north AEW track 
in the coupled simulations. One possible explanation for the difference between the coupled and uncoupled 
EKE is  the  precipitation field. There is a precipitation increase near the coast of Africa between 5 and 15°N and 
decrease between 15 and 25°N in the coupled simulations when compared with the uncoupled simulations. The 
decrease in precipitation between 15 and 25°N is likely a contributing factor to the northern track decrease in 
EKE in the coupled simulations, as stronger AEWs are convectively more active (Hopsch et al., 2009). It is also 
likely that there are differences in the large-scale circulation in the coupled versus uncoupled simulations which 
would in turn affect the AEJ and the energy exchange between the waves and the mean flow.

4.2.  Developing and Non-Developing Waves

The EKE was used to examine the strength of the developing and non-developing AEWs. Figure 5 shows the 
EKE from developing minus non-developing AEWs, averaged between 20°W–20°E and May–November, for the 
coupled historical and future simulations from the three models. There are positive anomalies in all panels of 
Figure 5 that coincide with the locations of the north and south AEW tracks. These positive anomalies clearly 
indicate that the EKE is larger for the developing waves than the non-developing waves in the historical and future 
coupled simulations of all three models. It is possible that the differences in Figure 5 are influenced by the annual 
cycle of EKE given that developing AEWs are more likely to occur during August and September. However, the 
annual cycle of EKE may also be driven by AEW activity. Although beyond the scope of this work, determining 
the relative contribution of the annual cycle to Figure 5 is an important area for future research. We see similar 
results for the uncoupled simulations (not shown), where the EKE is larger in both tracks for the developing 
waves than the non-developing waves in the historical and future simulations of all models. The results shown 
in Figure 5 suggest that AEWs that develop into TCs are stronger than their non-developing counterparts in the 
historical and future climates of the coupled and uncoupled simulations. These results are in agreement with 
previous research that found stronger developing AEWs using reanalysis data (Hopsch et al., 2009). However, 
here we additionally find that developing AEWs are stronger in the future climate.

The CV is used to specifically examine the strength of the AEWs along their tracks, as opposed to the EKE, 
which is representative of the whole region. Figure 6 shows probability density function (PDF) curves of the 
CV for developing and non-developing AEWs, from May-November 1950–1980 (historical) and 2020–2050 

Figure 4.  Eddy kinetic energy (EKE) (m 2 s −2) zonally averaged between 20°W and 20°E from the May-November 1950–1980 average coupled minus uncoupled 
simulations for the (a) EC-Earth3P-HR, (b) CMCC-CM2-VHR4, and (c) HadGEM3-GC3.1-HM models. Time averages only include times where waves occur. 
Stippling refers to a significant difference in EKE between the historical coupled and uncoupled simulations using a grid-cell specific two sample t-test with the 
p-values adjusted by controlling the false discovery rate at 0.05.
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Figure 5.  Eddy kinetic energy (EKE) (m 2 s −2) from developing minus non-developing African easterly waves (AEWs), zonally averaged between 20°W and 20°E from 
the average coupled May–November (a–c) historical (1950–1980) and (d–f) future (2020–2050) simulations for the (a) (d) EC-Earth3P-HR, (b) (e) CMCC-CM2-VHR4, 
and (c) (f) HadGEM3-GC3.1-HM models. Time averages only include times where developing or non-developing waves occur. Stippling refers to a significant 
difference in EKE between developing and non-developing AEWs using a grid-cell specific two sample t-test with the p-values adjusted by controlling the false 
discovery rate at 0.05.

Figure 6.  Probability density functions of the curvature vorticity in developing (dashed) and non-developing (solid) African easterly waves, from the May–November 
1950–1980 (historical) and 2020–2050 (future) coupled and uncoupled simulations of the (a) EC-Earth3P-HR, (b) CMCC-CM2-VHR4, and (c) HadGEM3-GC3.1-HM 
models.
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(future) from the coupled and uncoupled simulations of the three models. There is a clear right shift of the PDF 
curves of the developing AEWs (Figure 6), indicating larger CV for developing waves in all simulations of the 
three models. Larger CV along AEW tracks is an indicator of stronger AEWs (Bercos-Hickey & Patricola, 2021; 
Brannan & Martin, 2019). The results therefore suggest that, based on the individual AEW tracks, developing 
waves are stronger than non-developing waves in the historical and future and coupled and uncoupled simulations 
of the three models. These results are in agreement with the EKE shown in Figure 5 and provide robust evidence 
that, regardless of coupled or uncoupled simulations, developing AEWs are stronger than non-developing AEWs 
in the historical and future climate.

5.  Tropical Cyclones
In this section, we examine the May-November strength and PI of the TCs in the three HighResMIP models. We 
then specifically look at the differences between the TCs that do and do not develop from AEWs.

5.1.  TC Characteristics

The intensity of the TCs during the May–November season is examined using the maximum 10 m windspeed 
over the lifetime of each TC. Figure 7 shows a scatterplot relating the (a) historical and future, and (b) coupled and 
uncoupled lifetime maximum 10 m windspeed of the TCs averaged from May-November and between 1950–1980 
(historical) and 2020–2050 (future) for the three HighResMIP models. The solid black lines in Figure 7 repre-
sent where values on the x- and y-axes are equal. With the exception of the CMCC-CM2 and HadGEM3-GC3.1 
uncoupled simulations, the remaining points in Figure 7a are above the solid black line. This indicates that TC 
intensity is stronger in the future climate in all of the coupled simulations as well as the uncoupled simulations 
for the EC-Earth3P model. For the CMCC-CM2 and HadGEM3-GC3.1 uncoupled simulations, Figure 7a indi-
cates that there is little change in TC intensity between the historical and future climates. In contrast, all points in 
Figure 7b are clearly above the solid black line, indicating that TC intensity is larger in the uncoupled simulations 
than in the coupled simulations for all models in the historical and future climates. This result is in agreement 
with previous research on the effects of ocean coupling on TCs (Li & Sriver, 2018; Zarzycki, 2016). In both 
Figures 7a and 7b, the largest intensities occur in the CMCC-CM2 model, which is not surprising given that it 
has the finest resolution of the three models under consideration.

To evaluate possible factors that explain the TC intensity response to climate change, we next examined PI 
(Emanuel, 1986), which provides a measure of the theoretical maximum of the strength of TCs based on the 
thermodynamic environment that the storm moves through together with the underlying SST (Emanuel, 1986; 

Figure 7.  Scatterplot relating the intensity of tropical cyclones (TCs) in the (a) historical and future, and (b) coupled and 
uncoupled simulations. Intensity was calculated by averaging the lifetime maximum 10 m windspeed (m s −1) of the TCs 
from May-November and averaged between 1950–1980 (historical) and 2020–2050 (future) for the coupled and uncoupled 
simulations of the three HighResMIP models.
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Holland, 1997). To understand how the PI responds to future climate change, we compare the coupled historical 
and future simulations from the three models. Due to data availability, we were not able to examine the PI in the 
uncoupled simulations. Figure 8 shows the time-averaged PI (m s −1) for times only when TCs occurred between 
May-November for the coupled future minus historical simulations from the three models. From Figure 8, we see 
mostly a future increase in PI during times when TCs are present in the three models. In the EC-Earth3P model 
(Figure 8a), there is a future increase in PI in the middle and western edge of the North Atlantic and a future 
decrease off of the coast of Africa, notably between 5 and 15°N. The PI in the CMCC-CM2 model (Figure 8b) 
experiences a future increase across the Atlantic basin, with only a slight decrease near the Gulf of Guinea. Lastly, 
the PI in the HadGEM3-GC3.1 model (Figure 8c) experiences a future increase in the western part of the North 
Atlantic and a decrease off of the coast of Africa, similar to the EC-Earth3P model. The results shown in Figure 8 
can be used to interpret the TC intensity changes shown in Figure 7. Figure 7 indicates that actual TC intensity 
will be stronger in the future, coupled simulations. From Figure 8, the future increase in PI in large regions of the 
North Atlantic suggests that the future TC intensity changes in the models are driven by SST and thermodynamic 
factors. Additionally, analysis of the 250–850 hPa vertical wind shear (not shown) indicates regions of increased 
shear in the future climate, most notably in the EC-Earth3P and HadGEM3-GC3.1 models, suggesting that future 
TC intensity changes are less driven by the vertical wind shear.

5.2.  Developed and Non-Developed Tropical Cyclones

We begin our analysis of TCs that do and do not develop from AEWs by examining their genesis locations. Figure 9 
shows PDF curves of the genesis (a)–(c) latitudes and (d)–(f) longitudes of developed (dashed) and non-developed 
(solid) TCs in the (a) (d) EC-Earth3P-HR, (b) (e) CMCC-CM2-VHR4, and (c) (f) HadGEM3-GC3.1-HM models. 
In all panels of Figure 9, there is little difference in the main latitude and longitude genesis locations between the 
coupled and uncoupled models as well as the historical and future simulations. From Figures 9a–9c, it is clear that 
the dominant latitude for TC genesis in all simulations is between 10 and 15°N for developed and non-developed 
TCs. There is a secondary peak between 25 and 30°N that is more pronounced for the non-developed TCs. 
Figures 9d–9f show that the dominant longitude for TC genesis is near 70–80°W for non-developed TCs in all 
simulations. In contrast, the PDF curves for the developed TCs indicate TC genesis occurs near 70–80°W and 
20–30°W in all simulations. The results presented in Figure 9 are perhaps not surprising, but rather they confirm 
what we would anticipate regarding the genesis of TCs that do and do not develop from AEWs. Non-developed 
TCs primarily form near the Caribbean Sea and off of the coast of Florida, whereas developed TCs primarily 
form in the region of the southern AEW track near the Caribbean Sea and the coast of Africa.

The intensity of the TCs that do and do not develop from AEWs is also examined using the maximum 10 m 
windspeed over the TC lifetime. Figure 10 shows a scatterplot relating the lifetime maximum 10 m windspeed of 
the TCs that do and do not develop from AEWs averaged from May-November and between 1950–1980 (histor-
ical) and 2020–2050 (future) for the coupled and uncoupled simulations of the three HighResMIP models. The 
solid black line in Figure 10 represents where values on the x- and y-axes are equal. From Figure 10, almost all 
simulations of the CMCC-CM2 and HadGEM3-GC3.1 models are below the solid black line, indicating that TC 

Figure 8.  Potential intensity (PI) (m s −1) from the coupled May-November 2020–2050 (future) average minus the 1950–1980 (historical) average for the (a) 
EC-Earth3P-HR, (b) CMCC-CM2-VHR4, and (c) HadGEM3-GC3.1-HM models. Time averages only include times when tropical cyclones occur. Stippling refers to a 
significant difference in PI between the future and historical coupled simulations using a grid-cell specific two sample t-test with the p-values adjusted by controlling 
the false discovery rate at 0.05.
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intensity is stronger for TCs that develop from AEWs than TCs that do not develop from AEWs. In contrast, all 
simulations from the EC-Earth3P model are above the black line, indicating that TC intensity is weaker for TCs 
that develop from AEWs. Similar to Figure 7, the largest intensity is seen in the CMCC-CM2 model in Figure 10, 
which is likely a function of the higher model resolution. The results presented in Figure 10 demonstrate some 
uncertainty in how AEWs may affect the intensity of TCs. Two of the three models suggest that TCs that develop 
from AEWs will be more intense in the historical and future climate, but one model contradicts this finding.

The difference in intensity between TCs that do and do not develop from AEWs is further examined using PI. 
Figure 11 shows the PI from TCs that developed minus TCs that did not develop from AEWs from the average 
coupled May-November (a)–(c) 1950–1980 and (d)–(f) 2020–2050 simulations for the (a) (d) EC-Earth3P-HR, 
(b) (e) CMCC-CM2-VHR4, and (c) (f) HadGEM3-GC3.1-HM models. We were not able to examine the PI in the 
uncoupled simulations due to data availability. Figure 11 clearly shows positive anomalies in the middle of the Atlan-
tic basin for the historical and future simulations of the three models. Additionally, positive anomalies can be seen 
in all panels of Figure 11 along the coast of Africa and extending into the Atlantic Ocean near 15°N. From Figure 9, 
TC genesis occurs in the western Atlantic and, for developed TCs, off of the coast of Africa. The positive anomalies 
in Figure 11 indicate larger PI, and therefore more environmental favorability, near the regions of TC genesis for 
developed TCs when compared with non-developed TCs. As discussed in Section 4, it is possible that the differences 
in Figure 11 are influenced by the annual cycle of TCs, but determining the relative contribution of the annual cycle 
is beyond the scope of this work. Recall that the EKE in Figure 5 showed that developing AEWs are stronger than 
non-developing AEWs. Figures 5 and 11 therefore lead us to consider whether the driving force behind TC genesis 
from AEWs is the presence of stronger AEWs or environmental favorability, or a combination of the two factors.

The results shown in Figure 11 can be used to interpret the TC intensity changes shown in Figure 10. From 
Figure 10, the intensity of historical and future TCs that develop from AEWs is stronger in the CMCC-CM2 

Figure 9.  Probability density function curves of genesis (a–c) latitude and (d–f) longitude for tropical cyclones that developed (dashed) and did not develop (solid) 
from African easterly waves in the May-November historical (1950–1980) and future (2020–2050) climate of the coupled and uncoupled simulations of the (a) (d) 
EC-Earth3P-HR, (b) (e) CMCC-CM2-VHR4, and (c) (f) HadGEM3-GC3.1-HM models.
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and HadGEM3-GC3.1 models and weaker in the EC-Earth3P model. The 
PI anomalies shown in Figure  11 indicate that historical and future TCs 
that develop from AEWs have larger PI, specifically where AEWs exit the 
coast of Africa, in all three of the coupled models. This suggests that the 
increased intensity of the TCs that develop from AEWs in the CMCC-CM2 
and HadGEM3-GC3.1 models is largely driven by SST and thermodynamic 
factors, whereas the decreased intensity in the EC-Earth3P model may be due 
to additional factors, such as vertical wind shear.

6.  Conclusions
Tropical cyclones can be both deadly and destructive, and it is therefore 
crucial to understand how TCs will respond to future climate change. Afri-
can easterly waves (AEWs), which propagate westward across North Africa 
to the Atlantic Ocean, have been shown to serve as seedling disturbances for 
TCs (Avila & Pasch, 1992; Landsea, 1993). The objective of this study is to 
develop a better understanding of the relationship between AEWs and TCs 
and how this relationship may be affected by climate change. To address 
this objective, we examined data from the EC-Earth3P, CMCC-CM2, and 
HadGEM3-GC3.1 models from the HighResMIP PRIMAVERA simulations. 
The model simulations were run in the historical and future climate, allowing 
us to address the response of the AEW-TC relationship to climate change. 
Additionally, simulations were performed with atmosphere-ocean coupling 
as well as prescribed SSTs. The AEWs and TCs were tracked in the simu-
lations using objective tracking algorithms and tracks were matched in time 
and space to determine AEWs that develop into TCs. Our main findings are 
as follows: Future changes in AEW frequency are not a clear indicator of 

future changes in TC frequency. Developing AEWs are stronger than non-developing AEWs in the historical and 
future climates, and therefore strong AEWs may suggest future TC development. TCs that develop from AEWs, 
however, have more favorable environmental conditions directly off of the coast of Africa and in the Atlantic 
basin in the historical and future climates, providing ideal conditions for cyclogenesis.

We found large disagreement among the three models on the future change in frequency of AEWs and TCs in 
the North Atlantic. Additionally, the effects of atmosphere-ocean coupling on AEW and TC frequency are not 
consistent across the three models. The model disagreement indicates that there is still uncertainty in how climate 
change will affect the seasonal number of AEWs and TCs. We also found that the signs of the future change of 
AEW and TC frequency (i.e., future increase or decrease) are not always in agreement. By specifically exam-
ining developing and non-developing AEWs, we found that even if the total number of AEWs increases in the 
future climate, the percent of developing AEWs can decrease. These results suggest that future changes in AEW 
frequency may not necessarily correspond to future changes in TC frequency, and that AEW frequency is not a 
limiting factor for future tropical cyclogenesis.

In contrast, there was better model agreement regarding the strength of the AEWs. All three models showed a 
future increase in EKE in the regions of the north and south AEW tracks, indicating stronger future AEWs which 
is consistent with Bercos-Hickey and Patricola (2021). However, the effects of atmosphere-ocean coupling versus 
prescribed SSTs on the EKE indicated weaker AEWs in the north AEW track in the coupled simulations, possi-
bly due to a decrease in precipitation. There was strong agreement between the models when we compared the 
EKE of developing and non-developing AEWs. Developing AEWs had larger EKE than non-developing AEWs 
in the regions of the north and south AEW tracks in the historical and future simulations of the three models. 
We also examined the CV of the individual AEW tracks and found, consistent with the EKE analysis, that the 
CV is larger for developing AEWs in all simulations of the three models. These results indicate that develop-
ing AEWs are stronger than non-developing AEWs, which is in agreement with previous research that looked 
at historical reanalysis data (Hopsch et al., 2009). In this study, however, we not only see stronger developing 
AEWs in the historical climate, but we also found stronger developing AEWs in the future climate, regardless of 
atmosphere-ocean coupling or prescribed SSTs.

Figure 10.  Scatterplot relating the intensity of tropical cyclones (TCs) that 
developed and TCs that did not develop from African easterly waves. Intensity 
was calculated by averaging the lifetime maximum 10 m windspeed (m s −1) of 
the TCs from May-November and averaging between 1950–1980 (historical) 
and 2020–2050 (future) for the coupled and uncoupled simulations of the three 
HighResMIP models.
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With respect to the TCs, we found a slight future increase in TC intensity (based on maximum 10 m windspeed 
over the TC lifetime) for all models. Future increases in PI in all models suggest that the future increase in TC 
intensity is largely driven by SST and thermodynamic factors. It is also possible that there is a stochastic compo-
nent in TC intensity that may not be captured by environmental factors. Additionally, there is a clear increase 
in TC intensity in the uncoupled simulations when compared with the atmosphere-ocean coupled simulations. 
When looking specifically at TCs that do and do not develop from AEWs, we found that TCs that develop from 
AEWs are more intense in two of the three models. Comparison of the PI from TCs that do and do not develop 
from AEWs shows good agreement across the three models. For the TCs that develop from AEWs, the PI is 
larger in the middle of the North Atlantic and off of the coast of Africa near 15°N in the historical and future 
climates. This suggests that, in two of the three models, the increase in intensity for TCs that develop from AEWs 
is likely driven by SST and thermodynamic factors. Additionally, the regions of larger PI, and therefore increased 
environmental favorability, for developed TCs coincide with the regions of TC genesis off of the coast of Africa. 
These results bring into consideration whether the driving force behind TC genesis from AEWs is the presence 
of stronger AEWs or the favorable environment that these waves enter into, or a combination of the two factors.

Our results show that AEW frequency is not a good indicator of TC activity, but that AEW strength as well as envi-
ronmental conditions conducive to strong TCs are good indicators of AEWs that develop into TCs in the historical 
and future climates. The results presented in this study are, of course, limited by the datasets. Here we examined 
three models from the HighResMIP PRIMAVERA simulations. Analysis of additional models outside of the High-
ResMIP PRIMAVERA simulations, particularly high-resolution models, would contribute to the robustness of the 
results. As noted by Roberts et al. (2020a), the models used in this study produced a lower frequency of North Atlan-
tic TCs, which limits the sample size of TCs that develop from AEWs. Additional research with a larger sample 
size of TCs is needed to further establish the characteristics of the AEW-TC relationship and how this relationship 
may respond to future climate change. The results in this study, however, indicate the importance of examining both 
the AEWs and the environment when assessing how future climate change will affect the AEW-TC relationship.

Figure 11.  Potential intensity (PI) (m s −1) from tropical cyclones (TCs) that developed minus TCs that did not develop from African easterly waves (AEWs) from 
the average coupled May-November (a–c) 1950–1980 and (d–f) 2020–2050 simulations for the (a) (d) EC-Earth3P-HR, (b) (e) CMCC-CM2-VHR4, and (c) (f) 
HadGEM3-GC3.1-HM models. Time averages only include times where TCs that develop or do not develop from AEWs occur. Stippling refers to a significant 
difference in PI between TC that developed and TCs that did not develop from AEWs using a grid-cell specific two sample t-test with the p-values adjusted by 
controlling the false discovery rate at 0.05.
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Data Availability Statement
The HighResMIP-PRIMAVERA climate model outputs are available on the Earth System Grid Federation nodes 
(https://esgf-index1.ceda.ac.uk/search/cmip6-ceda). The model data can also be accessed at the UK Centre for 
Environmental Data Analysis's JASMIN platform (https://www.ceda.ac.uk/services/jasmin/). The AEW tracking 
code is located on Zenodo (https://zenodo.org/badge/latestdoi/290061935) and the TC tracks can be accessed 
through the UK Centre for Environmental Data Analysis under reference Roberts (2019).
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